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SYSTEM AND METHOD FOR RANKING A
POSTING

BACKGROUND

Finances can be complicated. Specifically, finances
include managing various financial accounts (e.g., credit card
accounts, checking accounts, savings accounts), managing
different sources of income, having various financial obliga-
tions (e.g., obligations derived from healthcare and repay-
ment of loans), planning for future events, preparing reports
(e.g., tax return and other filings), etc. In efforts to simplily
finances, users may use a financial application. The financial
application organizes and simplifies the financial landscape
of an 1individual or an organization.

On occasion, a user of a financial application requires
assistance to use the financial application. For example, the
user may require technical assistance regarding how to use
the financial application or financial assistance regarding how
to classily or input financial data. When a user requires assis-
tance, the user may contact support personnel (e.g., by tele-
phone, email, or chat) and/or may use documents, such as
help files and tutonials, generated by the vendor of the finan-
cial application or professional tutors of the financial appli-
cation.

In addition to documents, the user may access a community
help forum for the financial application. A community help
forum 1s a virtual location that allows diflerent users to com-
municate about a topic. Users may review existing postings in
the community help forum and transmit new postings con-
taining questions, comments, or answers to the community
help forum. Thus, the community help forum provides a
communication link between users. Using the community
help forum, users may share experiences with the financial
application and assist each other.

When postings are displayed in the community help forum,
the postings are ranked. An optimal ranking of postings lists
postings 1n order of relevance. Specifically, the optimal rank-
ing of the postings allows users to view the most relevant
postings first without having to view postings that are not
relevant. Many algorithms exist that provide a heuristic to the
optimal ranking. Specifically, each algorithm attempts to
achieve the optimal ranking so that users may quickly find the
posting that answers the users” questions.

SUMMARY

In general, 1n one aspect, the invention relates to a method
for training a ranking application to rank a plurality of help
postings for display in a forum. The method includes ranking,
the plurality of help postings to create an initial ranking using,
initial parameter values, and storing user interactions with the
plurality of help postings presented according to the initial
ranking to obtain stored interactions. The method further
includes performing simulations using the stored interactions
to generate revised parameter values for the ranking applica-
tion. Performing the simulations includes calculating a plu-
rality of relevance values from the stored interactions, creat-
ing a test posting, assigning, to the test posting, an imitial score
and a relevance value randomly selected from the plurality of
relevance values to generate a test ranking, and simulating,
user interactions with the plurality of help postings and the
test posting 1n the test ranking to generate simulated rankings
of the plurality of help postings and the test posting. The
simulated rankings are analyzed based on the relevance value
to obtain revised parameter values. The method further
includes ranking, by the ranking application using the revised
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parameter values, the plurality of help postings to generate a
revised ranking, and displaying the plurality of help postings
in the forum according to the revised ranking.

In general, 1n one aspect, the invention relates to a system
for training a ranking application to rank a plurality of help
postings for display 1n a forum. The system includes a hard-
ware processor, a ranking application executing on the hard-
ware processor, and a simulation application executing on the
hardware processor. The ranking application 1s configured to
rank the plurality of help postings to create an 1nitial ranking,
using 1nitial parameter values, store user interactions with the
plurality of help postings presented according to the initial
ranking to obtain stored interactions, and rank, using revised
parameter values, the plurality of help postings to generate a
revised ranking. The simulation application 1s configured to
perform simulations using the stored interactions to generate
revised parameter values for the ranking application. Per-
forming the simulations includes calculating a plurality of
relevance values from the stored interactions, creating a test
posting, assigning, to the test posting, an initial score and a
relevance value randomly selected from the plurality of rel-
evance values to generate a test ranking, and simulating user
interactions with the plurality of help postings and the test
posting 1n the test ranking to generate simulated rankings of
the plurality of help postings and the test posting. The simu-
lated rankings are analyzed based on the relevance value to
obtain revised parameter values. The simulation application
1s Turther configured to provide the revised parameter values
to the ranking application.

In general, 1n one aspect, the invention relates to a com-
puter readable medium comprising computer readable pro-
gram code embodied therein. The computer readable pro-
gram code causes a computer system to rank a plurality of
help postings to create an initial ranking using initial param-
eter values, and store user interactions with the plurality of
help postings presented according to the inmitial ranking to
obtain stored interactions. The computer readable program
code further causes the computer system to perform simula-
tions using the stored interactions to generate revised param-
cter values for the ranking application. Performing the simu-
lations includes calculating a plurality of relevance values
from the stored interactions, creating a test posting, assigning,
to the test posting, an 1nitial score and a relevance value
randomly selected from the plurality of relevance values to
generate a test ranking, and simulating user interactions with
the plurality of help postings and the test posting in the test
ranking to generate simulated rankings of the plurality of help
postings and the test posting. The simulated rankings are
analyzed based on the relevance value to obtain revised
parameter values. The computer readable program code fur-
ther causes the computer system to rank, using the revised
parameter values, the plurality of help postings to generate a
revised ranking.

Other aspects of the mvention will be apparent from the
following description and the appended claims.

BRIEF DESCRIPTION OF DRAWINGS

FIG. 1 shows a schematic diagram of a system 1n accor-
dance with one or more embodiments of the invention.

FIGS. 2-5 show flowcharts 1n accordance with one or more
embodiments of the invention.

FIGS. 6 A-6C show an example in accordance with one or
more embodiments of the invention
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FIG. 7 shows a computer system 1n accordance with one or
more embodiments of the invention.

DETAILED DESCRIPTION

Specific embodiments of the invention will now be
described 1n detail with reference to the accompanying fig-
ures. Like elements 1n the various figures are denoted by like
reference numerals for consistency.

In the following detailed description of embodiments ofthe
invention, numerous specific details are set forth in order to
provide a more thorough understanding of the invention.
However, 1t will be apparent to one of ordinary skill in the art
that the mvention may be practiced without these specific
details. In other instances, well-known features have not been
described 1n detail to avoid unnecessarily complicating the
description.

In general, embodiments of the invention provide a method
and system for training a ranking application to rank postings
in a forum. In one or more embodiments of the invention, a
posting 1s a document that includes immformation to assist
users. For example, a posting may correspond to a textual or
multimedia based document that 1s capable of being dis-
played within a webpage, a tutorial, a frequently asked ques-
tions (FAQ) page, or other such document. The posting may
be provided, for example, by a user 1 a predefined class of
users, by a general user, by the vendor or a tutor of the
financial application, or another provider. In one or more
embodiments of the invention, the class of users providing the
documents may be expert users (e.g., users deemed to have
financial expertise, such as professional accountants).

In one or more embodiments of the mnvention, postings are
grouped 1n the forum. Specifically, postings may be grouped
based on the topic of the posting, the origin of the posting
(e.g., who provided the posting), whether the posting 1s a
question or an answer to a question, whether the posting
achieved a threshold popularity level, age of the posting, type
of posting, and/or other such grouping. For example, FAQs
and tutorials may be grouped separately in the community
help forum from postings provided by general users.

In one or more embodiments of the invention, a ranking,
application (discussed below) ranks postings 1n a group for
display to the user. Specifically, postings are displayed 1n the
order defined by the ranking. In one or more embodiments of
the invention, the ranking 1s based on a function that uses
attributes of the posting and one or more parameter values.
The parameter values are constant values when applied to
cach of the postings’ attributes during a specific ranking.
Adjusting the parameter values changes the manner in which
the postings are ranked. Specifically, adjusting the parameter
values affects how much weight 1s given to each of the
attributes of each of the postings. Therefore, adjusting the
parameter values may result 1n a ranking that 1s closer to an
optimal ranking 1n which postings are ordered based on rel-
evance or closer to a random ranking.

Embodiments of the invention train the ranking application
by simulating users’ interactions with the ranking applica-
tion. Specifically, initial parameter values are used to rank the
postings 1n 1nitial rankings. As users interact with the nitial
rankings 1n the community help forum, embodiments of the
invention store users’ interactions with the 1nitial ranking.

In one or more embodiments of the invention, the stored
interactions are used to train the ranking application using a
series of simulations. In a simulation, a test document 1s
assigned a randomly selected relevance value that 1s gener-
ated from the stored interactions. The simulations simulate
user interactions with the test document to determine how the
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test document 1s ranked with different parameter values. By
analyzing how the different parameter values rank the test
document and comparing the rank with the relevance value,
revised parameter values may be generated. In one or more
embodiments of the invention, the revised parameter values
are used by ranking application to rank the help postings.

FIG. 1 shows a schematic diagram of a system 1n accor-
dance with one or more embodiments of the invention. In one
or more embodiments of the invention, the system shown 1n
FIG. 1 1s executed by a computer system (discussed below
and 1n FI1G. 7). In one or more embodiments of the invention,
the computer system 1s configured to recerve and process
requests recetved from users via a network.

As shown 1n FIG. 1, the system includes a ranking appli-
cation (102), a data repository (104), and a simulation appli-
cation (106) 1n accordance with one or more embodiments of
the invention. Each of these components 1s described below.

In one or more embodiments of the invention, the ranking
application (102) 1s an executable application that interacts
with users. The ranking application (102) includes an imple-
mentation of a ranking algorithm (116). Specifically, the
ranking application (102) 1s configured to rank postings based
on the ranking algorithm (116) to generate a ranking. The
ranking algorithm (116) 1s discussed 1n more detail below.

The ranking application (102) may be connected to a user
interface (not shown). The user interface 1s the interface by
which users interact with the community help forum. Specifi-
cally, the user interface may be configured to display a rank-
ing to users. The displayed ranking may correspond to an
ordered listing of postings. Each posting may be presented 1n
the ordered listing with a title and sample contents or sum-
mary 1n accordance with or more embodiments of the inven-
tion. As used herein, a user examines a posting when the user
reviews the title, subject, snippet, sample contents, and/or the
summary or combination thereof within the ranking. For
example, a user may examine the posting by reviewing the
title and determining whether the posting 1s sulliciently rel-
evant to view the entire posting. Further, as used herein, a user
views a posting when a user selects a posting from the rank-
ing, and additional contents of the posting are presented to the
user. In one or more embodiments of the invention, the user
interface 1s configured to obtain and store new postings,
retrieve and display a ranking, and retrieve and present indi-
vidual help postings to users.

Continuing with FIG. 1, the ranking application (102) 1s
connected to a data repository (104). In one or more embodi-
ments of the imnvention, the data repository (104)1s any type of
storage unit and/or device (e.g., a file system, database, col-
lection of tables, or any other storage mechanism) for storing
data. For example, the data repository (104) may correspond
to physical memory and/or a physical storage device or may
be stored in physical memory and/or a physical storage
device. Further, the data repository (104) may include mul-
tiple different storage units and/or devices. The multiple dii-
ferent storage units and/or devices may or may not be of the
same type or located at the same physical site.

In one or more embodiments of the invention, the data
repository (104) stores an application repository (110) and a
log file (108). In one or more embodiments of the invention,
the application repository (110) includes production database
and data from other data collection systems, such as web
beacons and JavaScript tags. In one or more embodiments of
the invention, the application repository (110) 1s a storage unit
for help postings and user feedback. Specifically, each help
posting 1s associated with user feedback regarding the help
posting in the repository 11 such user feedback exists. The user
teedback may include structured and unstructured feedback.
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The structured feedback includes feedback from users that
has a definitive value. For example, the structured feedback
may 1nclude a selection of a feedback button, whether the user
tracking the help posting to view response help postings, the
amount of time that the user viewed the help posting, whether
the user included the words, “thank you™ 1n the comments,
etc. As an example of the selection of a feedback button, when
a help posting 1s displayed to the user to view, the help posting
may be displayed with a rating button that allows a user to rate
the posting from a predefined range (e.g., select 1 star 11 the
posting 1s not relevant, or 5 stars 11 the posting 1s relevant). As
another example of the feedback button, the help posting may
be displayed with one or more of the following questions
from which the user may select a yes or a no button: *“Is this
posting relevant?”, “Is your question solved?”, “Is the answer
provided by the posting helptul?”

In addition to structured feedback, the user feedback may
include unstructured feedback. In one or more embodiments
ol the invention, unstructured feedback can only be converted
to a value by analysis. For example, unstructured feedback
may 1include comments from users. By analyzing the words of
the comments, such as whether the user uses generally posi-
tive words or generally negative words, embodiments of the
invention may associate a numerical value with the feedback.
In one or more embodiments of the invention, the user feed-
back 1s aggregated 1n the application repository (110). For
example, rather than storing the rating that each user pro-
vides, the application repository (110) may include an aver-
age of the ratings.

In addition to user feedback, each help posting may also be
associated with a score 1n accordance with one or more
embodiments of the invention. In one or more embodiments
of the ivention, the score 1s provided by the ranking appli-
cation (102) to rank the posting. Specifically, the score defines
the placement of the particular posting within a ranking. The
score 1s discussed 1n more detail below with reference to the
ranking algorithm (116). In one or more embodiments of the
invention, the score 1s continually updated in the application
repository (110).

Continuing with the datarepository (104), the log file (108)
in the data repository (104) includes one or more logs of
users’ interactions with the ranking application (102). Spe-
cifically, each log may include how the user interacts with the
rankings and multiple postings. For example, the log file
(108) may include information about whether, how, and when
a user 1inds a help posting (e.g. the number of help postings
that the user viewed and/or examined before abandoning the
search, the amount of time the user spent reading the posting,
whether the user found the final posting that the user viewed
relevant, whether the user abandoned the search without find-
ing a relevant help posting, and other such information about
the user accessing the commumnity help forum). The informa-
tion may be based on the user feedback that the user provides.

For example, consider the scenario 1n which a user views
five postings 1n an 1nitial ranking. The user views the first four
postings for fifteen seconds each and then views the fifth
posting for three minutes. At the end of three minutes, the user
submits, “thank you” in a comments input box displayed at
the end of the fifth posting. In the example, an indication that
the user submitted a “thank you™” i1s stored with the fifth
posting in the application repository (110) 1n accordance with
one or more embodiments of the invention. Further, in the
example, the log file may include a list that indicates that the
user viewed the first four postings for fifteen seconds each and
the fifth posting, which the user found relevant, for three
minutes.
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Continuing with FIG. 1, a stmulation application (106) 1s
connected to the ranking application (102) and the data
repository (104) in accordance with one or more embodi-
ments of the invention. The simulation application (106) 1s
configured to simulate users’ interactions with the ranking
application (102) to identily optimal parameters to use by the
ranking application (102). In one or more embodiments of the
invention, the simulation application (106) includes a queu-
ing model (112), a user implicit feedback model (114), a
ranking algorithm (116), and a Monte Carlo model (118).
Each of these components 1s discussed below.

In one or more embodiments of the invention, the queuing,
model (112) 1s a stochastic model configured to approximate
a real queuing situation, such as the occurrence of discrete
events. For example, the discrete events may correspond to
the viewing of a posting, the posting of a new help posting, the
removal of a help posting, and other events affecting the
community help forum. The queuing model (112) may
approximate the posting interval, the viewing interval, how
users interact with the ranking and the help postings, and
other such queuing situations. In one or more embodiments of
the invention, the posting interval 1s the frequency at which
new postings are posted. In one or more embodiments of the
invention, the viewing interval 1s the frequency at which
postings are viewed. The queuing model (112) may be built
by processing records in the application repository (110)
and/or processing log files (108). For example, the queuing
model (112) may be built by creating histograms that shows
the number of postings versus time.

In one or more embodiments of the invention, the queuing
model (112) 1s approximated using a Poisson Process. Using
the Poisson Process, the queuing model (112) may be repre-
sentedasP,__(t),e"", where P, __(t) is the waiting time to the
next event (e.g., the next viewing of a posting, the next posting
ol a new posting, etc.), and where A 1s the expected frequency
at which the event occurs. Specifically, A describes the
expected number of events per unit of time. The expected
values of 1/A corresponds the average interval of time
between events. For example, 11 A corresponds to the expected
number of new postings per unit of time, 1/A, ort__ . 1s the
posting interval. Similarly, 1 A corresponds to the expected
number of views of a posting per unit of time, 1/A, ort . . 1s
the viewing interval. In one or more embodiments of the
invention, the aforementioned intervals may vary with time,
and may exhibit, for example, diurnal or seasonal cycles.

In one or more embodiments of the invention, the user
implicit feedback model (114) 1s a stochastic model used to
approximate user interaction with a ranking and a help post-
ing. Specifically, a user may be biased when determining
whether to examines and view a help posting. The bias may be
based onthe placement of the help posting within the ranking.
For example, a user may be more likely to examine and
subsequently view help postings at the beginning of the rank-
ing rather than at the end of the ranking regardless of the
relevance of the help posting.

In one or more embodiments of the invention, the user
implicit feedback model (114) models the probability that a
user examines and views a help posting. Different user
implicit feedback models (114) exists that may be used. For
example, the user implicit feedback model (114) may be a
click model, a cascade click model, a browsing model, or any
other model of user implicit feedbacks. In one or more
embodiments of the invention, each of the user implicit feed-
back models define the relevance as the conditional probabil-
ity that a user will view a help posting given that the user
examined the help posting. Below 1s a description of each of
the aforementioned models.
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A click model 1s based on an assumption that the probabil-
ity that a user examines and/or views a help posting 1s 1nde-
pendent of whether the user examined and/or viewed any
other help posting in the ranking. Thus, the probabilities
between help postings are independent and may be defined as
P(help posting 1s viewed)=relevance of the help posting.

A cascade click model 1s based on assumptions that a user
examines help postings 1n a strict linear order, a user views
only one help posting, and that the probabaility that a user will
examine a help posting 1s directly dependent on whether the
user examined the immediately preceding help posting. For
example, 1f the probability that the user examines an 1mme-
diately preceding help posting 1s zero, the probability that the
user will examine a subsequent help posting 1s also zero 1n the
cascade click model. The probability that a help posting 1s
examined 1s conditioned on the probability that the previous
help posting 1s determined as not relevant. The probability
that a help posting 1s examined may be defined as P down.

The cascade click model may be used to find performance
and depth. Performance 1s a probability that the user finds any
help posting in the ranking relevant. Depth 1s the average
maximum rank of the help postings that the users viewed
during content examination process. For each of the follow-
ing, the variable T refers to the i help posting in the initial
ranking. Further, the probability that event X occurs 1s
denoted by P(X). The following equations may be used to
determine performance and depth.

Pr . G+llj/)=(1-Relevance(;))P ..., eq. 1

As shown 1n eq. 1, the probability that a help posting 1s
examined given that the immediately preceding help posting
was examined 1s the probability that the immediately preced-
ing help posting 1s determined to not be relevant multiplied by
the probability that the user will continue the search to the
next help posting. Therefore, the probability that a help post-
ing may be examined 1s shown 1n eq. 2.

n eq. 2
PExam(n'l' 1) — l_[ PEx&m(j'l' 1 | .)J)
=0

As shown 1n eq. 2, by multiplying the conditional prob-
abilities that each of the preceding help postings are being
examined, the probability that the n” help posting is exam-
ined can be calculated. Accordingly, because the performance
1s defined as the probability that a user determines that any
help posting 1s relevant, performance may be calculated using
eq. 3.

Performance = Z Relevance( /) PExam (J)
=0

As shown 1n eq. 3, performance 1s the sum over all help
postings of probability that a user examines a help posting
multiplied by the probability that the help posting is relevant.
The probability that the help posting 1s examined 1s described
ineq. 2. If P, 1s assumed to be independent of the rank,
removing the indices, and substituting eg. 2 mto eq. 3 pro-
duces eq. 4 (below).
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2 | eq. 4
Performance = Relevance » ({1 — Relevance)P,,,,)’ =
=0

Relevance

1 — (1 — Relevance)P 4,,,»,

Further, depth may be calculated as the number of help
postings that a user examines before viewing a help posting.
The depth may be calculated using eq. 3.

Depth= > (j+ 1)Pram())

7=0

As shown 1n eqg. 5, depth 1s the summation over all help
postings of the rank of the help posting multiplied by the
probability that the help posting 1s examined.

The probability that the help posting 1s examined 1s
describedineq. 2. 11 P, 1sassumedto beindependent of the
rank, removing the indices, and substituting eq. 2 into eq. 5
produces eq. 6 (below).

Depth = eq. 6

1
1 — (1 — Relevance)P  5,0m

Z (j + D((1 — Relevance)Pypm ¥ =

J=0

Solving eq. 4 and eq. 6 for P and Relevance creates the

eq. 7 and eq. 8, respectively.

dOWHT

Depth — 1 eq. 7
Piown =
Depth — Performance
Performance eq. &
Relevance =
Depth

As shown above, both equations use only the variables for
performance and depth. In one or more embodiments of the
invention, both performance and depth may be estimated by
analyzing the log file (108). Further, both eq. 7 and eq. 8
account for a user bias towards help postings at the top of the
ranking.

The cascade click model 1s only an example of a type of
user 1mplicit feedback model (114) that may be used. Alter-
natively, the user implicit feedback model may be a browsing
model. The browsing model assumes that users may view
multiple help postings and may not examine help postings
linearly. In the browsing model, the probability that a particu-
lar help posting 1s examined 1s dependent on the rank of the
previously viewed help posting and the number of help post-
ings between the particular help posting and the previously
viewed help posting. Similar to the cascade click model, the
browsing model may be solved to model a user’s interactions
with a ranking.

Continuing with FIG. 1, the simulation application (106)
includes a ranking algorithm (116) in accordance with one or
more embodiments of the invention. In one or more embodi-
ments of the invention, the ranking algorithm (116) 1s con-
figured to assign a score (discussed above) to each help post-
ing. The score of the help posting determines the rank of the
help posting in the rankings. The score may be a function of
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the quality of the help posting, the popularity of the help
posting, and a seed. For example, as shown below 1n eq. 9, the
score may be calculated as a summation of the quality, the
popularity, and the seed of the help posting at time t 1n accor-
dance with one or more embodiments of the invention.

SCOr Epas Feds) g( I) :qualityFas Feds) g( I) +pD pUIH.I'ltyp oSiIng (I) +

Seadpasﬁng(r)

eq. 9

In one or more embodiments of the invention, the quality of
the help posting relates to the intrinsic properties of the help
posting, such as whether proper English 1s used, the skill or
experience of the user, and other intrinsic characteristics
about the help posting. In alternative embodiments of the
invention, the quality of each help posting 1s not considered or
set at a value of zero.

In one or more embodiments of the mnvention, the popular-
ity of the help posting relates to how users interact with the
help posting. For example, popularity may be based on how
many users viewed the ranking, also viewed the help posting.
Popularity may also be increased when positive feedback
about the help posting 1s received and decreased when nega-
tive feedback about the help posting 1s received.

The popularity may also be deflated or reduced over time.
For example, the popularity may be detlated to account for
inter-annual and intra-seasonal content changes to the topic
of the help posting. By deflating the popularity of the help
posting over time, help postings are not artificially assigned a
high score merely because of the user bias toward viewing
help postings at the top of the rankings. In one or more
embodiments of the invention, the popularity of the help
posting may be deflated over time using eq. 10.

_ popularity (z) (ﬁewsn ] eq. 10
d{popularit . (1) = — dr + d ,
(p p ypﬂjﬁﬂg( )) rdgﬂgﬁgﬂ Pgﬂwﬂ
n=0 .. N-=-1
Ineq. 10, N 1s the total number of help postings. P, 1s the

probability that the user views the next help posting. In one or
more embodiments of the invention, (P, )* 1s included to
remove the bias due to the rank of the posting. As discussed
above, P, may be calculated using a user implicit feedback
model (114).

In one or more embodiments of the mvention, t, 4., 1S a
deflation parameter to remove older help postings from the
top 1n order to allow for more recent help postings to be given
a higher score. Specifically, 1n one or more embodiments of
the invention, the “~(popularity,,(t)/t ; 7...,)dt” part ofeq. 10
provides exponential detlation of the popularity score (e.g.,
popularity, (t)). When users stop viewing the posting because,
for example, the help posting 1s obsolete, the deflation of the
popularity score may be proportional to e=7“¥"#) Thys,
the popularity score may gradually approach zero after users
stop viewing a posting.

In one or more embodiments of the invention, the seed 1s a
parameter that ensures each new posting 1s assigned to an
initial rank. Specifically, the seed corresponding to the mitial
rank allows for an initial score to be assigned to the help
posting so that the help posting does not start at the bottom of
the ranking. In particular, 1f a help posting starts at the bottom
of the ranking, then the help posting may remain at the bottom
merely because few 1f any users will examine the help post-
ing. The seed may bereduced over time to allow help postings
to move to the bottom of the rankings naturally, unless they
receive sulficient amount of user implicit feedback to stay
close to the top. Eqg. 11 provides an example seed equation for
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deflating the seed value over time 1n accordance with one or
more embodiments of the invention.

d (seed ppsring (1)) seed posring () eq. 11

dt B

{ posting

As shown 1n eq. 11, the mitial score of a posting may be
deflated according to the expected number of postings enter-
ing the system in accordance with one or more embodiments
of the invention. Because a view of the posting can increase
the popularity, deflating the seed by the viewing interval
accounts for the expected increase of the popularity. Thus, the
posting does not remain at an artificial rank.

For example, the mmitial rank may be five. In such an
example, each new help posting 1s assigned a seed value that
places the help posting 1n the fifth position of the rankings.
Over time, the seed may be reduced so that the posting moves
to the end of the rankings 11 the posting 1s not popular and to
the beginning of the rankings 11 the posting 1s popular. Other
initial ranks may be used without departing from the scope of
the invention. Further, the imitial rank may be one of the
parameter values that are identified during Monte Carlo simu-
lations.

Continuing with the simulation application (106) in F1G. 1,
the Monte Carlo model (118) 1s a simulation method that uses
a random sampling of events having pre-defined statistical
properties. In one or more embodiments of the invention, the
Monte Carlo model (118) performs multi-dimensional opti-
mization, where the number of dimensions 1s the number of
parameters to optimize 1n the ranking algorithm (116). For
example, the Monte Carlo model (118) may be used to 1den-
tify an optimal value for t, 4, ., and an optimal initial rank
value. As another example, the Monte Carlo model (118) may
be used to 1dentily an optimal contribution to popularity from

different user feedbacks (e.g., votes, dwell times, and other
user feedbacks). Monte Carlo simulation 1s discussed below
and 1n FIG. 4.

Although shown as separate applications 1n FIG. 1, the
simulation application (106), ranking application (102), and
user interface (not shown) may correspond to sub-applica-
tions of the community help forum. Specifically, the afore-
mentioned application may be sub-programs of a single
larger program.

FIGS. 2-5 show tflowcharts 1n accordance with one or more
embodiments of the invention. While the various steps 1n
these flowcharts are presented and described sequentially,
one of ordinary skill will appreciate that some or all of the
steps may be executed 1n different orders, may be combined
or omitted, and some or all of the steps may be executed 1n
parallel.

FIG. 2 shows an overview tlowchart 1in accordance with
one or more embodiments of the invention. In Step 201, help
postings are ranked using 1nitial parameter values to create an
initial ranking. Specifically, as each user requests help post-
ings, the ranking application ranks and may re-rank the help
postings according to the 1nitial parameter values and users’
interactions with help postings. Multiple initial rankings may
be created over time. For example, 1f multiple users select the
same help posting, then over time the help posting may move
to the beginning of the initial rankings because the help post-
ing 1s determined to be popular. Similarly, outdated help
postings may be moved to the end of the initial rankings as the
popularity 1s reduced by deflation. Ranking help postings to
create an 1nitial ranking 1s discussed below and 1n FIG. 3.
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In Step 203, while users are interacting with the initial
rankings, the users’ interactions are stored with the help post-
ings to obtain stored interactions 1n accordance with one or
more embodiments of the invention. Specifically, information
about the users’ 1teractions with the help postings can be
recorded 1n log file, application depository or in both. For
example, every user click may be recorded 1n the production
database. Storing the users’ interactions 1s discussed below
and in FIG. 3.

In Step 205, Monte Carlo simulations are performed used
the stored 1nteractions to generate revised parameter values.
Performing Monte Carlo simulations 1s discussed below and
in FIG. 4. In one or more embodiments of the invention, the
performance of the Monte Carlo simulations are independent
ol the ranking of the help postings by the ranking application,
and independent of users’ interactions with the help postings.
Specifically, the ranking application may continue to rank and
re-rank the help postings using imitial parameter values while
the Monte Carlo simulations are performed until the Monte
Carlo simulations create revised parameter values. Thus,
users may continue to interact with the help postings while the
Monte Carlo simulations are performed to create revised
parameter values.

In Step 207, the help postings are ranked using revised
parameter values to generate a revised ran{mg Speciﬁcally,,
the ranking application ranks new and existing postings using,
the revised parameter values to generate a revised ranking.
According to the revised ranking, the help postings are dis-
played 1n the community help forum 1n Step 209. In one or
more embodiments of the mnvention, the ranking of help post-
ings using the revised parameter values and the display of the
help postings are discussed below and 1n FIG. 5.

In one or more embodiments of the mvention, the Steps
performed 1n FIG. 2 may be repeated starting with Step 201.
Specifically, the revised parameter values may be treated as
initial parameter values for the next iteration of storing users’
interactions with the initial parameter values and performing
Monte Carlo simulations. Thus, 1n one or more embodiments
of the invention, the parameter values may change over time
to account for changes 1n users’ behavior. For example, the
parameter values may change based on seasonal variation
between users and help postings.

FIG. 3 shows a tlowchart for allowing a user to access the
help posting in an 1nitial ranking in accordance with one or
more embodiments of the invention. In Step 211, the ranking
application calculates the scores of the help postings using
initial parameter values to create an initial ranking. In one or
more embodiments of the invention, a score 1s calculated for
cach posting using eq. 9 (discussed above).

The following 1s an example of how each of the compo-
nents of eq. 9 may be calculated for a posting. In one or more
embodiments of the invention, the quality may be calculated
using posting characteristics and user characteristics. The
posting characteristics are the internal characteristics about
the posting, such as the existence or non existence of spelling
and/or grammatical errors. To 1dentily the posting character-
1stics, a grammar and spelling check may be performed on the
posting to 1dentify the number of grammatical and spelling
errors that are contained in the posting.

The user characteristics correspond to information about
the user that posted the posting. To 1dentily the user charac-
teristics, the user 1s 1dentified and information about the user
1s extracted. For example, the user characteristics may be
whether the user 1s a professional 1n the field to which the
community help forum relates, the number of positive ratings
that the user has recetved, and other characteristics about the
user. The ranking application may assign a value to each of
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the characteristics based on a mapping function. In one or
more embodiments of the invention, the ranking application
may generate a single quality value from the value of each of
the characteristics. An example of how to generate a single

quality value from the value of each of the characteristics 1s
shown 1n eq. 12.

eq. 12

2,

characteristic

Quality = weight characteristic value naracteristic

As shown 1n eq. 12, the quality value may be calculated as
the sum over all characteristics of the weight of the charac-
teristic multiplied by the value. Eq. 12 1s only one example of
an equation that may be used to generate a quality value.
Other equations may be used without departing from the
scope of the mvention. As an alternative to using a quality
value, the quality of the posting may be excluded from the
score.

Continuing with the example, the ranking application may
calculate the popularity for the posting by analyzing the num-
ber of views and user feedback about the posting. Different
popularity functions may be used without departing from the
scope of the mvention. Further, 1n one or more embodiments
of the mvention, the popularity may be adjusted so as to be
deflated over time using eq. 10. For example, the rate of
change of the popularity function may correspond to a linear
function of user feedbacks, or may depend on some 1mplicit
user feedbacks non-linearly. For example, effects of dwell
time may be accounted for using a step-function or a sigmoid
function.

Continuing with the example of calculating a score for a
posting, the ranking application identifies a seed value for the
posting. For existing postings, the seed value 1s the previous
seed value after detlation, which may be calculated, using eq.
11. For new postings, the seed value 1s based on an 1nitial
rank. As discussed above, the mitial rank may be set based on
administrator experience with community forums. Specifi-
cally, an administrator may realize over time that help post-
ings initially ranked in the third position propagate through
the rankings according to relevance rather than user bias.
Accordingly, the administrator may 1nitially set the initial
rank at the third position. As discussed above, the 1nitial rank
may be one of the parameters that are revised using Monte
Carlo simulations.

In one or more embodiments of the invention, the ranking
application uses the 1mitial rank to calculate a seed value for
new postings. Specifically, after scores for existing postings
are 1dentified, the seed value for new postings may be calcu-
lated based on the scores. In one or more embodiments of the
invention, the score of an existing posting currently in the
initial rank position 1s 1dentified. Further, the score of the
immediately preceding existing posting in the initial rank 1s
identified. The mitial seed 1s selected such that the initial
score of the new posting 1s between the scores of the two
existing postings. The 1nitial seed may be selected to account
for the quality value of the new posting 1f a quality value
exists.

The above 1s only one example for calculating a score for
cach of the postings. Diflerent equations may be used without
departing from the scope of the invention. In one or more
embodiments of the invention, the ranking application incre-
mentally updates the score for each of the help postings 1n the
application repository. Specifically, rather than updating the
score each time a user wants to access the ranking, the score
may be updated at a pre-defined interval. The pre-defined
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interval may be based on the amount of traffic to the commu-
nity help forum and/or may be based on time. Thus, when a
user accesses the community help forum, scores are pre-
assigned to each of the help postings 1n accordance with one
or more embodiments of the mvention. Alternatively, scores
may be re-calculated for each user’s request to view the
rankings.

Continuing with FIG. 3, 1n Step 213, the help postings are
presented to a user according to the mnitial ranking. A user
using the user interface of the community help forum may
trigger the presentation of the help postings according to the
initial ranking. For example, the user may select a topic from
a list of topics 1n the user interface of the community help
forum. In response, the community help forum may display
the rankings. For example, the user may select the topic,
“401K” to view all help postings related to 401Ks. The user
interface of the community help forum may access the mitial
ranking of help postings related to 401Ks and display the
initial ranking to the user. Alternatively, the user may submut
a search query which results 1n the community help forum
displaying the rankings. The above are only a few examples of
how a user may trigger the presentation of the 1nitial ranking,
in accordance with one or more embodiments of the mven-
tion.

In Step 215, in one or more embodiments of the mnvention,
while a user 1s interacting with the help postings, the ranking,
application stores the user’s interactions with the help post-
ing. For example, the ranking application may identify the
help posting(s) viewed by the user and store mmformation
(rank, popularity, etc.) about the help posting(s). The ranking
application may also store iformation about the length of
time that the user viewed the ranking before viewing a help
posting, the length of time that the user viewed a help posting,
the user feedback for the help posting, the order in which the
user viewed help postings 1f the user viewed multiple help
postings, and other such information. The stored interactions
may also include information about whether the user aban-
doned the search without finding a relevant help posting.

After a statistically significant number of users access the
rankings, a Monte Carlo analysis can be performed on the
stored interactions. FI1G. 4 shows a flow diagram for perform-
ing Monte Carlo analysis to identify revised parameter values
in accordance with one or more embodiments of the mnven-
tion.

In Step 221, the simulation application generates a sample
set of relevance values from the stored interactions 1n accor-
dance with one or more embodiments of the invention. As
discussed above, relevance of the highest ranking posts esti-
mated as the probability that a user selects a help posting,
given that the user examined the help posting. The simulation
application may generate a sample set of relevancies based on
the user 1mplicit feedback model. For example, 11 the user
implicit feedback model 1s a cascade click model, then the
simulation application may calculate relevance using eq. 8
(above). As shown 1n eq. 8, the relevance may be calculated
using the equation relevance=pertformance/depth. In one or
more embodiments of the invention, performance may be
estimated based on experience with community help forums.
For example, the performance may be set at 0.25. Alterna-
tively, performance may be estimated by calculating, from the
stored interactions, one minus the percentage of users, view-
ing a posting listing, that does not select a help posting or only
leaves negative feedback. Depth may be calculated as the
number of help postings that the user examined to arrive at the
final help posting. Generating a sample set of relevancies may
be performed by calculating repetitively calculating eq. 8 for
different depths.
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As discussed above, use of eq. 8 to build a sample set of
relevancies 1s only an example. Other semi-analytical expres-
sions may be dertved for other types of models and used to
estimate user implicit feedback model parameters from the
application database and the log files.

In Step 223, the average waiting time between new post-
ings 1s calculated to obtain a posting interval. Specifically, the
simulation application may access the stored interactions to
identily the frequency in which new postings are posted to the
community help forum. In one or more embodiments of the
invention, the posting interval i1s calculated as a running aver-
age. For example, the simulation application may calculate
the posting interval based on the rate that new postings were
posted 1n the previous days. Thus, the simulation application
accounts for variations 1n the frequency based on time of year.

In Step 225, the average waiting time between views 1s
calculated using the stored interactions in accordance with
one or more embodiments of the mvention. The viewing
interval may be calculated similar to calculating the posting
interval 1n accordance with one or more embodiments of the
invention.

In Step 227, the simulation application creates a test post-
ing. In one or more embodiments of the invention, the test
posting 1s a posting that 1s used to track how postings may
move through the rankings. For example, the test posting may
be a blank posting, such as without textual or multimedia
content.

In Step 229, the simulation application selects, for the test
posting, a relevance value at random from the sample set of
relevance values. Specifically, the simulation application may
use any random selection algorithm to randomly select the
relevance value from the sample set of relevance values cal-
culated in Step 221. The relevance value 1s assigned to the test
posting. In one or more embodiments of the invention, the
relevance value remains assigned to the test posting through-
out the simulation.

In Step 231, an 1n1tial score for the test posting 1s identified
based on scores for each of the existing help postings and a
seed value 1n accordance with one or more embodiments of
the invention. As discussed above, the seed value 1s based on
an 1nitial rank value. The 1nitial rank value may be a pre-
defined value or a value that 1s being optimized 1n accordance
with one or more embodiments of the invention. If the mnitial
rank value 1s value being optimized, than an 1nitial rank value
may change as the simulations are performed. For example,
consider the scenario 1 which simulation application 1s
determining which initial rank value between one to twenty-
five 1s optimal. In such a scenario, the simulation application
may select a number from one to twenty-five as the nitial
rank value and determine whether the resulting rankings are
more optimal than existing rankings. If the resulting rankings
are more optimal than the existing rankings, then the selected
number 1s deemed successtul as an 1nitial rank value.

In one or more embodiments of the invention, 1n order to
use the nitial rank value, the simulation application identifies
the score of the help posting currently 1n the 1nitial rank and
the help posting 1n the preceding rank. Based on the scores,
the simulation application assigns the help posting an 1nitial
seed value so that the test posting 1s in the 1nitial rank. For
example, consider the scenario 1n which the desired initial
rank 1s three. Further, four existing help postings have scores
of: eighteen, six, two, and one, respectively. In such a sce-
nario, because the help posting currently 1n the third rank has
a score of two and the preceding help posting has a score of
s1X, the test posting may be assigned an initial seed value of
four so that the test posting has the desired rank of three. Thus,
the 1n1tial score of the test posting 1s four 1n accordance with
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one or more embodiments of the invention. Therefore, the
in1ti1al scores of the test posting with the current help postings
1s: eighteen, six, four, two, and one.

In Step 233, the 1n1tial score 1s assigned to the test posting,
to generate a test ranking 1n accordance with one or more
embodiments of the invention. In one or more embodiments
ol the mnvention, test rankings are only used by the simulation
application. Specifically, scores are not adjusted 1n the data
repository for existing help postings.

In Step 235, the simulation application simulates, accord-
ing to the viewing interval, user interactions with the help
postings and the test posting 1n the test ranking to generate
simulated rankings in accordance with one or more embodi-
ments of the invention. In particular, during each viewing
interval, a simulation 1s performed by applving the user
implicit feedback model to determine the probability that a
user views each posting and how the users view each posting.
Based on the model probabilities, user’s interaction with the
help posts, and, hence, with the rankings, 1s simulated by
repeated random sampling.

The simulations result in a change 1n the popularity score of
one or more postings according to the simulated viewings of
the postings. The scores may be adjusted through the simu-
lations using test parameter values. In particular, based on the
change 1n popularity and detflation of the seed and popularity,
new scores are generated for each viewing interval 1n accor-
dance with one or more embodiments of the invention.

In Step 237, a determination 1s made whether to continue
simulation 1n accordance with one or more embodiments of
the invention. Specifically, the stmulation application contin-
ues simulating to allow for postings to propagate through the
test rankings.

If a determination 1s made to continue simulations 1 Step
237, a determination 1s made whether the posting interval
clapsed 1 Step 239 in accordance with one or more embodi-
ments of the invention. As discussed above, the posting inter-
val 1s the average interval at which new postings are added to
the rankings. Accordingly, when the posting interval elapses,
a new test posting 1s created and propagated through the
rankings 1n Step 227.

Alternatively, 1f the posting interval has not elapsed, then
the simulation continues with current postings in the rankings
as discussed above 1n Step 225. Although not shown in FIG.
4, the stimulations may also include removing postings from
the rankings according to queuing models 1n accordance with
one or more embodiments of the invention. When the simu-
lations are complete, the simulated rankings are analyzed
based on the relevance value to obtain revised parameter
values 1n Step 241. Specifically, the simulation application
analyzes the simulated rankings to determine how close post-
ings are ordered according to relevance values. Specifically,
the simulation application determines whether posting are
more closely ordered with the test parameter values than
previous rankings with other parameter values.

When revised parameter values that create optimal rank-
ings are identified, the ranking application may use the
revised parameter values to rank help postings i the appli-
cationrepository. FIG. 5 shows a flow diagram for the ranking
application to rank postings using the revised parameter val-
ues when the revised parameter values include a revised 1ni-
tial rank value and a revised detlation value in accordance
with one or more embodiments of the invention. In step 243,
the revised parameter values are obtained from the simula-
tions in accordance with one or more embodiments of the
invention. Specifically, the simulation application provides
the revised parameter values to the ranking application in
accordance with one or more embodiments of the invention.
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In Step 245, a determination 1s made whether a new help
posting 1s received 1n accordance with one or more embodi-
ments of the invention. When the ranking application receives
anew help posting, the ranking application ranks the new help
posting based on the mitial rank value 1n the revised param-
cter values 1in Step 247. Ranking the new help posting may be
performed as discussed above with reference to Step 211 1n
FIG. 3.

Regardless of whether a new help posting 1s recerved, 1n
Step 249, existing help postings are re-ranked over time using,
the deflation value in the revised parameter values. Because
revised parameter values are used, the help postings are more
likely to be ordered according to relevancy i accordance with
one or more embodiments of the invention. Accordingly,
users may be more likely to identity a help posting that solves
any questions that the user has.

The following example 1s for illustration purposes only.
Numbers, characteristics, and tests presented below may or
may not correspond to or be representative of any actual tests
performed. For the following example, consider the scenario
in which a tax preparation application 1s used by thousands of
users to prepare annual tax returns. The users may have vary-
ing degrees of skills 1n using the tax preparation application.
For example, some users may be particularly computer savvy
and understand how to use the tax preparation application.
Similarly, some users, such as accountants, may have a par-
ticular understanding of government rules and regulations
that need to be complied with when filing a tax return. Other
users may not have any experience whatsoever.

To assist all users, the vendor of the tax preparation appli-
cation has a community help forum that allows users to com-
municate their questions with each other. The community
help forum may have a variety of types of postings. For
example, the community help forum may have tutorials cre-
ated by the vender of the tax preparation application, postings
marked as originating from accountants, documents describ-
ing different functions of the tax preparation application, and
general postings having questions and responses generated
by users. Accordingly, when a user has a question, the user of
the tax preparation application searches the community help
forum for the tax preparation application.

In the example, because personal income taxes are due for
individual users every year on April 135, and new regulations
are passed by Congress on an annual basis, the community
help forum may exhibit the following characteristics. The
community help forum may receirve and process requests
from most of the meticulous users between January and
March. Toward the end of March and until early April, the
community help forum receives and processes more requests
from procrastinating users. Because the meticulous users
start early and devote time to filing the tax return, the meticu-
lous users may exhibit a higher probability of examiming and
viewing more help postings than the procrastinating users.
For example, the average meticulous user may examine fifty
help postings starting from the top of the rankings and view
ten relevant help postings. In contrast, the average procrasti-
nating user may only have time to examine ten help postings
and view a single help posting. If the single help posting 1s not
relevant, then the procrastinating user may be more likely to
abandon further search. Because of these characteristics, the
simulation application connected to the ranking application
may adjust the mitial rank value and the deflation parameter
depending on the time of year.

Continuing with the example, in February, the stmulation
application executes the following simulations using a cas-
cade click model as the user implicit feedback model.
Because the majority of users in February are meticulous
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users, the users in February are more likely to identity an
answer to their question. Thus, the performance of the com-
munity help forum may be 90%. Similarly, as discussed 1n the
example, meticulous users may also examine more help post-
ings. Specifically, the depth at which meticulous users exam-
ine help postings may correspond to a binomial distribution 1n
which 95% of the users in February examine between 25 and
75 help postings 1n a linear order starting with the first help
posting 1n the rankings. Accordingly, the sample set of rel-
evancies may be calculated using equation 8.

Next, in the example, the stmulation application simulates
how test postings are propagated through the rankings using,
different 1mitial rank values and detlation parameters. For
example, the simulation application may test to determine
whether an 1n1tial rank value of four changes the rankings. To
perform the test, the simulation application add multiple test
postings to the rankings according to the posting interval and
simulates, based on the viewing interval, how postings are
examined and viewed. Through the simulations, the simula-
tion application may learn that because many meticulous
users are likely to examine each posting, with an 1nitial rank
of four and a low detlation parameter, there 1s a large bias to
help postings 1n the itial portion of the rankings. Specifi-
cally, test postings may remain close to the top of the rankings
regardless of whether the test posting 1s relevant. Further, the
simulation application may learn that with an 1nitial rank
value of fifteen and a high detlation parameter, the test post-
ings propagate to the appropriate position in the rankings
according to the relevance. Accordingly, the simulation appli-
cation provides the high deflation parameter and fifteen as the
initial rank value to the ranking application 1n February.

As discussed above, the community help forum may
exhibit different characteristics in early April than in Febru-
ary. Specifically, in the example, 1n early April, procrastinat-
ing users access the community help forum. Accordingly, 1n
carly April, the simulation application executes the following
simulations using a cascade click model as the user implicit
teedback model. Because the majority of users 1n early April
are procrastinating users, the users early April are less likely
to identity an answer to their question. Thus, the performance
of the community help forum may be 40%. Similarly, as
discussed 1n the example, procrastinating users may also
examine fewer help postings. Specifically, the depth at which
procrastinating users examine help postings may correspond
to a binomial distribution 1n which 95% of the users in early
Aprl examine between 5 and 15 help postings in a linear
order starting with the first help posting in the rankings.
Accordingly, the sample set of relevancies may be calculated
using equation 8.

Next, in the example, the stmulation application simulates
how test postings are propagated through the rankings 1n early
April using different initial rank values and deflation param-
cters. For example, the simulation application may test to
determine whether an initial rank value of fourteen changes
the rankings. To perform the test, the simulation application
add multiple test postings to the rankings according to the
posting interval and simulates, based on the viewing interval,
how postings are examined and viewed. Through the simula-
tions, the simulation application may learn that because many
procrastinating users are less likely to examine each posting,
with an 1mitial rank of fourteen and a high deflation parameter,
new test postings are rarely viewed and are propagated to the
end of the ranking despite the relevance of the new test post-
ings. Further, the simulation application may learn that with
an 1nitial rank value of three and a lower detlation parameter,
the test postings propagate to the appropriate position 1n the
rankings according to the relevance. Specifically, the procras-
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tinating users are more likely to select a help posting closer to
the top of the rankings. Accordingly, the simulation applica-
tion provides the lower deflation parameter and three as the
initial rank value to the ranking application 1n early April.

As shown 1n the example, embodiments of the ivention
can adjust the parameters used to rank help postings to
accommodate time based variations in user accesses to the
community help forum. Accordingly, both meticulous users
who access the community help forum 1n February and pro-
crastinating users who access the community help forum in
carly April are more likely to view help postings that answer
their questions.

FIGS. 6 A-6C show an example of how simulation to obtain

revised parameter values may create a ranking that closer
corresponds to an optimal ranking. Specifically, FIGS.
6A-6C show three rankings: an optimal ranking (300 in FIG.
6A), a ranking using random parameters without stmulation
(302 1n FIG. 6B) (hereimnafter “random parameter ranking’™),
and a ranking using simulation application parameters (304 1n
FIG. 6C) (“simulation parameter ranking™). In each of the
rankings, each bar represents a posting. The length of the bar
represents an estimated relevancy. Thus, postings with
greater length are more relevant than postings with a shorter
length. Further, the bars are ordered according to how the
postings are ranked. Specifically, postings at the top of FIGS.
6 A-C are ranked higher than postings at the bottom of FIGS.
6A-6C. Therefore, the order of postings presented to the users
has the postings at the top of the ranking before the postings
at the bottom.
The optimal ranking (300 1n FIG. 6A) 1s an 1deal ranking of
postings according to relevancy. Specifically, the optimal
ranking (300 1 FIG. 6A) 1s one in which 11 the relevancy
could beidentified, then the posting would be directly ordered
byrelevancy. The random parameter ranking (302 1n FIG. 6B)
1s a ranking in which there i1s no user interaction with help
postings, so that each new post 1s added at the top and then
simply moves down as the new posts arrive. As shown 1n
example FIGS. 6 A-6C, the help postings are not well ordered
according to relevancy. For example, even though posting Y
has a high relevancy as denoted by the long relevancy bar,
posting Y 1s still at the bottom of the random parameter
rankings (302 in FIG. 6B).

The simulation parameter ranking (304 1n FIG. 6C) shows
how postings may be ranked after performing several simu-
lations to identily revised parameter values. As shown 1n
FIGS. 6 A-6C, even though the simulation parameter rankings
are not pertectly ordered according to relevancy, the simula-
tion parameter rankings (304 1n FIG. 6C) are closer to optimal
than the random parameter rankings (302 1n FIG. 6B).

Embodiments of the invention may be implemented on
virtually any type ol computer regardless of the platform
being used. For example, as shown 1n FIG. 7, a computer
system (400) includes one or more processor(s) (402), asso-
ciated memory (404) (e.g., random access memory (RAM),
cache memory, tlash memory, etc.), a storage device (406)
(e.g., ahard disk, an optical drive such as a compact disk drive
or digital video disk (DVD) drive, a flash memory stick, etc.),
and numerous other elements and functionalities typical of
today’s computers (not shown). In one or more embodiments
of the mvention, the processor (402) 1s a hardware compo-
nent, such as an integrated circuit. The computer (400) may
also include iput means, such as a keyboard (408), a mouse
(410), or a microphone (not shown). Further, the computer
(400) may include output means, such as a monitor (412)
(e.g., a liquid crystal display (LCD), a plasma display, or
cathode ray tube (CRT) monitor). The computer system (400)
may be connected to a network (414) (e.g., a local area net-
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work (LAN), a wide area network (WAN) such as the Inter-
net, or any other type of network) via a network interface
connection (not shown). Those skilled 1n the art will appre-
ciate that many different types of computer systems exist, and
the atorementioned mnput and output means may take other
forms. Generally speaking, the computer system (400)
includes at least the minimal processing, input, and/or output
means necessary to practice embodiments of the mvention.

Further, those skilled 1n the art will appreciate that one or
more elements of the atorementioned computer system (400)
may be located at a remote location and connected to the other
elements over a network. Further, embodiments of the inven-
tion may be implemented on a distributed system having a
plurality of nodes, where each portion of the invention (e.g.,
simulation application, ranking application implementing
ranking algorithms, data repository, etc., and components
thereol) may be located on a different node within the dis-
tributed system. In one embodiment of the invention, the node
corresponds to a computer system. Alternatively, the node
may correspond to a processor with associated physical
memory. The node may alternatively correspond to a proces-
sor or micro-core of a processor with shared memory and/or
resources. Further, software instructions to perform embodi-
ments of the invention may be stored, temporarily or perma-
nently, on a computer readable medium, such as a compact
disc (CD), a diskette, a tape, memory, or any other computer
readable storage device.

While the invention has been described with respect to a
limited number of embodiments, those skilled 1n the art,
having benefit of this disclosure, will appreciate that other
embodiments can be devised which do not depart from the
scope of the invention as disclosed herein. Accordingly, the
scope of the imnvention should be limited only by the attached
claims.

What is claimed 1s:
1. A method for traiming a ranking application to rank a
plurality of help postings for display in a forum, comprising;:
ranking the plurality of help postings to create an initial
ranking, wherein the plurality of help postings 1n the
initial ranking are ranked by the ranking application
using 1nitial parameter values;
storing user interactions with the plurality of help postings
presented according to the initial ranking to obtain
stored interactions:
performing simulations using the stored interactions to
generate revised parameter values for the ranking appli-
cation, wherein performing the simulations comprises:
calculating a plurality of relevance values from the
stored 1nteractions;
creating a test posting;
assigning, to the test posting, an 1nitial score and a rel-
evance value randomly selected from the plurality of
relevance values to generate a test ranking;
simulating user interactions with the plurality of help
postings and the test posting in the test ranking to
generate simulated rankings of the plurality of help
postings and the test posting; and
analyzing the simulated rankings based on the relevance
value to obtain revised parameter values;
ranking, by the ranking application using the revised
parameter values, the plurality of help postings to gen-
crate a revised ranking;
displaying the plurality of help postings in the forum
according to the revised ranking; and
calculating, from the stored interactions, an average wait-
ing time between postings to obtain a posting interval,
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wherein, during simulations, a new test posting 1s added
to the simulated rankings at each posting interval.

2. The method of claim 1, further comprising:

calculating, from the stored interactions, an average wait-

ing time between views to obtain a viewing interval,
wherein simulating user interactions 1s performed during
the viewing interval.

3. The method of claim 1, wherein the simulating the user
interactions 1s performed according to a cascade click model.

4. The method of claim 1, wherein analyzing the simulated
rankings comprises determining whether the simulated rank-
ings with the revised parameter values are ordered closer to
relevancy than the 1nitial rankings.

5. The method of claim 1, wherein the revised parameter
values comprises an mnitial rank value, and wherein the 1nitial
score calculated based on the 1nitial rank value.

6. The method of claim 1, wherein the ranking the plurality
of help postings and simulating user interactions uses the
same ranking algorithm, wherein the ranking algorithm
assigns a score to each of the plurality of help postings and
test posting, and wherein the score 1s based on a popularity
value and a seed value.

7. The method of claim 6, wherein the popularity value 1s
reduced over time using a detlation parameter value specily-
ing a rate of reduction over time, and wherein the revised
parameter values comprise the deflation parameter value.

8. A system for training a ranking application to rank a
plurality of help postings for display 1n a forum, the system
comprising:

a hardware processor;

a ranking application, executing on the hardware processor

and configured to:

rank the plurality of help postings to create an 1nitial
ranking, wherein the plurality of help postings 1n the
imitial ranking 1s ranked by the ranking application
using 1nitial parameter values;

store user interactions with the plurality of help postings
presented according to the mnitial ranking to obtain
stored interactions; and

rank, using revised parameter values, the plurality of
help postings to generate a revised ranking; and

a simulation application, executing on the hardware pro-

cessor and configured to:
perform simulations using the stored interactions to gen-

erate revised parameter values for the ranking appli-

cation, wherein performing the simulations com-

Prises:

calculating a plurality of relevance values from the
stored interactions;

creating a test posting;

assigning, to the test posting, an 1mitial score and a
relevance value randomly selected from the plural-
ity of relevance values to generate a test ranking;

simulating user mteractions with the plurality of help
postings and the test posting in the test ranking to
generate simulated rankings of the plurality of help
postings and the test posting;

analyzing the simulated rankings based on the rel-
evance value to obtain the revised parameter val-
ues; and

provide the revised parameter values to the ranking
application; and

calculate, from the stored interactions, an average
wailting time between postings to obtain a posting
interval, wherein, during simulations, a new test
posting 1s added to the simulated rankings at each
posting interval.
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9. The system of claim 8, wherein the simulation applica-
tion 1s further configured to:

calculate, from the stored interactions, an average waiting,

time between views to obtain a viewing interval,
wherein simulating user interactions is performed during
the viewing interval.

10. The system of claim 8, wherein the simulating the user
interactions 1s performed according to a cascade click model.

11. The system of claim 8, wherein analyzing the simulated
rankings comprises determining whether the simulated rank-
ings with the revised parameter values are ordered closer to
relevancy than the 1mitial rankings.

12. The system of claim 8, wherein the revised parameter
values comprises an 1nitial rank value, and wherein the nitial
score calculated based on the 1nitial rank value.

13. The system of claim 8, wherein the ranking the plurality
of help postings and simulating user interactions uses the
same ranking algorithm, wherein the ranking algorithm
assigns a score to each of the plurality of help postings and
test posting, and wherein the score 1s based on a popularity
value and a seed value.

14. The system of claim 13, wherein the popularity value 1s
reduced over time using a deflation parameter value specily-
ing a rate of reduction over time, and wherein the revised
parameter values comprise the deflation parameter value.

15. A computer readable medium comprising computer
readable program code embodied therein for causing a com-
puter system to:

rank a plurality of help postings to create an 1initial ranking,

wherein the plurality of help postings 1n the 1nitial rank-
ing 1s ranked using 1nitial parameter values;

store user interactions with the plurality of help postings

presented according to the initial ranking to obtain
stored 1nteractions;
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perform simulations using the stored interactions to gen-
erate revised parameter values, wherein performing the
simulations comprises:
calculating a plurality of relevance values from the
stored interactions;
creating a test posting;
assigning, to the test posting, an 1nitial score and a rel-
evance value randomly selected from the plurality of
relevance values to generate a test ranking;
simulating user interactions with the plurality of help
postings and the test posting in the test ranking to
generate simulated rankings of the plurality of help
postings and the test posting; and
analyzing the simulated rankings based on the relevance
value to obtain revised parameter values;
rank, using the revised parameter values, the plurality of
help postings to generate a revised ranking; and

calculate, from the stored interactions, an average waiting
time between postings to obtain a posting interval,
wherein, during simulations, a new test posting 1s added
to the simulated rankings at each posting interval.

16. The computer readable medium of claim 15, wherein
the ranking the plurality of help postings and simulating user
interactions uses the same ranking algorithm, wherein the
ranking algorithm assigns a score to each of the plurality of
help postings and test posting, and wherein the score 1s based
on a popularty value and a seed value.

17. The computer readable medium of claim 16, wherein
the populanty value 1s detlated reduced over time using a
deflation parameter value speciiying a rate of reduction over
time, and wherein the revised parameter values comprise the
deflation parameter value.
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