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fly. Volume 2. pp 17-25. 2002. University of Hoboken.

Harvey Wallingford, John Smith. Fruit fly oncology.
Journal of fruit fly. Volume 1. pp 99-101. 1999.
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SYSTEM AND METHOD FOR MATCHING
AND ASSEMBLING RECORDS

FIELD OF THE INVENTION

The present invention generally relates to data integration
systems. More particularly, the imnvention concerns a system
and method for identifying similarities and differences
between different data.

BACKGROUND OF THE INVENTION

The Information Age brings with it new terms, such as
“information overload” and “data overload.” The Internet,
and other sources, now provides an almost endless amount of
text, or data on virtually any subject. The problem then
becomes one of data management: how to organize the data in
a meaningiul way. Depending upon the requirement, the data
may be organized based on any number of different critena,
with the number of different organizational criteria only lim-
ited by the number of different requirements.

Conventional methods for organizing data in the form of
references usually match the references from multiple
sources and then combine them. However, this method results
in a data itegration problem. This 1s because conventional
matching techniques depend on the existence of a common
referenced identifier, such as the name of a person, in the
records being matched before using various techmiques to
determine whether the two records refer to the same entity.

Generally, record linkage techniques assume the existence
of common explicit identifiers, particularly names, and the
techniques then focus on trying to match one named record in
one database to another similarly named record in another
database. However, 11 the different records refer to an implicit
entity, these techniques are not effective. For example, refer-
ences citing the same publication in different records do not
have an explicit identifier. Additionally, conventional record
linkage techniques are poorly suited for matching records that
are dertved from conventional information extraction meth-

ods.

Therelore, there exists a need for a system and method for
organizing data in a reliable and effective manner.

SUMMARY OF INVENTION

In order to overcome the deficiencies with known data
organization systems, a method and system for matching and
assembling data 1s provided. Brietly, the present invention
can organize data even when the data 1s not structured, or
when parts of the data are unidentified, or when there 1s no
common 1dentifier between different pieces of data. One
embodiment of the present invention can overcome missing
or 1naccurate information in the original data sources, and can
even handle optical character recognition errors resulting
from 1naccurate document scanning.

Briefly, one embodiment of the present mvention com-
prises a method for organizing data that 1s comprised of a
plurality of records that contain at least one field. Similar
records are matched, and a new record 1s assembled, with the
new record including parts of the matched records. The new
records are then matched. This process may be repeated sev-
cral times.

One feature of the present mnvention 1s that the new record
may contain data that 1s a combination of various elements of
the different fields of the matched records. Another feature of
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2

the present invention is that inferred data may be added to the
new records, where the inferred data 1s obtained during the
matching process.

These and other features and advantages of the present
invention will be appreciated from review of the following
detailed description of the mnvention, along with the accom-

panying figures 1n which like reference numerals refer to like
parts throughout.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 11salistof citation records to be assembled according
to the methods of the present invention;

FIG. 2 1s an assembled citation of the list provided 1n FIG.
1

FIG. 3 1s a flow diagram of a system for assembling records
constructed 1n accordance with one embodiment of the
present invention;

FIG. 4 15 a tlow diagram of a data preprocessing method
constructed 1n accordance with one embodiment of the
present invention;

FIG. 5 1s a flow diagram of a match scorer method con-
structed 1n accordance with one embodiment of the present
imnvention;

FIG. 6 1s a flow diagram of a matching method constructed
in accordance with one embodiment of the present invention;

FIG. 7 1s a flow diagram of a grouping method constructed
in accordance with one embodiment of the present invention;

FIG. 8 15 a flow diagram of a set of heuristic rules con-
structed 1n accordance with one embodiment of the present
invention;

FIG. 9 1s a flow diagram of an assembly method con-
structed 1n accordance with one embodiment of the present
invention;

FIG. 10 1s a tflow diagram of an affiliation profiling method
constructed 1 accordance with one embodiment of the
present invention;

FIG. 11 1s a list of citation records to be assembled accord-
ing to another method of the present invention; and

FIG. 12 1s a complete “expert profile” of an author using the
list provided 1n FIG. 11.

It will be recogmized that some or all of the Figures are
schematic representations for purposes of 1llustration and do
not necessarily depict the actual relative sizes or locations of
the elements shown.

DETAILED DESCRIPTION OF THE INVENTION

In the following paragraphs, the present invention will be
described 1n detail by way of example with reference to the
attached drawings. Throughout this description, the preferred
embodiment and examples shown should be considered as
exemplars, rather than as limitations on the present invention.
As used herein, the “present invention” refers to any one of
the embodiments of the mvention described herein, and any
equivalents. Furthermore, reference to various feature(s) of
the “present invention” throughout this document does not
mean that all claimed embodiments or methods must include
the referenced feature(s).

Briefly, one embodiment of the present invention com-
prises a method for assembling data that 1s comprised of a
plurality of records that contain at least one field. Similar
records are matched, and a new record 1s assembled, with the
new record including parts of the matched and assembled
records. The new records are then matched. This process may
be repeated several times. One feature of the present invention
it that 1t can organize data even when the data 1s not structured,
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or when parts of the data are unidentified, or when there 1s no
common 1dentifier between different pieces of data.

To aid 1n the description of the present mnvention, a set of
definitions 1s now provided. Unless defined otherwise, all
technical and scientific terms used herein have the same
meaning as 1s commonly understood by one of skill 1n the art
to which this invention belongs. In event the definition 1n this
section 1s not consistent with definitions elsewhere, the defi-
nitions set forth 1n this section will control.

As used herein, “data” refers to information in any form.
For example, data may be factual information, or a general
expression of information, or a gathered body of facts (such as
a publication), or information that has been translated into a
form that 1s more convenient to move or process (such as
information obtained or inferred after one or more method
steps of the present invention).

As used herein, “record(s)” refers to a data type containing
one or more fields. For example, a record might be a publi-
cation relference, where the fields might be author name,
publication title, journal name, and year of publication.

As used herein, “field(s)” refers to a component of a record
that refers to a particular type of data. For example, an author
name, a publication title, a journal name, a year of publication
are all fields.

As used herein, “multidimensional record(s)” refers to a
record with more than one field.

As used herein, “heterogencous record(s)” refers to a
record that has different structure or content format. For
example, publication data obtained from a publication
describing an mvention would have different structure and/or
content from patent data obtained from a patent for the mnven-
tion 1ssued to the author of the publication.

As used herein, “like field(s)” refers to a field found 1n
different records that contains the same type of information.
For example, the mnventor name field of a patent record and
the author name field of a publication record are like fields,
when the author 1s also the inventor.

As used herein, “matching” refers to a technique of the
present invention that determines whether two records refer
to the same entity. For example, whether two references in
two different publications are the same. One method of
matching of the present invention may create a match by
analyzing a set of fields in a group of records, and infer a
match even when there 1s no explicit common i1dentifier
between the fields or records.

As used herein, “assembly” refers to a technique of the
present invention where matched records are combined to
create a new record with additional inferred data. For
example, one method of “assembly” of the present invention
may comprise generating a new record, one type of which 1s
called an expert profile, of an individual. Data on the indi-
vidual may be obtained from a number of publications
authored by the individual, and the expert profile would be
created by sometimes adding additional inferred data, such as
the affiliation history of the individual.

As used herein, “inferred” data 1s data that 1s generated by
deriving conclusions that are not explicit in the analyzed data.

As used herein, “classification” and “categorization” refer
to a method of assigning entities mto two or more classes or
categories.

As used herein, “clustering” refers to a method of parti-
tioming a set of entities into different groups.

As used herein, “metadata’ refers to new data that 1s about
old data. The new data contains new meaning, information or
other knowledge about the old data.

As used herein, “heuristic” pertains to the process of gain-
ing knowledge or some desired result by intelligent guess-
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4

work rather than by following some pre-established formula
(1n this case, heuristic can be contrasted with algorithmic).
For example, “heuristic”” describes an approach to learning
without having a hypothesis or way of proving that the results
proved or disproved the hypothesis. That 1s, “seat-of-the-
pants” or “trial-by-error” learning. As used herein, “heuris-
t1c” pertains to the use of knowledge gained by experience
(1.e., “using a rule-of-thumb™). As a noun, “a heuristic” 1s a
specific rule-of-thumb derived from experience.

As used herein, “heuristic rules” refers to specific rules-oi-
thumb derived from experience and empirical data.

As used herein, “canonical form™ refers to the most
descriptive and complete description of an entity that may
have many different ways of being described. For example,
John Walter Smith 1s the canonical form of the name variants:
J. W. Smith; John W. Smith; John Smith; or J. Smaith.

As used herein, “cascade” refers to a repetition of one or
more steps.

As used herein, “common 1dentifier” refers to the existence
of a common element between two or more records. For
example, citations obtained from different sources may all
have the name of the primary author.

As used herein, “parsing’” or “rule-based parsing” refers to
the process of separating a record, or multi-component field
down 1nto 1ts component parts. For example, a “parsed”
multi-component name field 1s comprised of sub-fields that
include a first name, a middle name, and a last name.

One problem associated with modern-day data manage-
ment 1s one of data integration. That 1s, how to integrate,
organize and represent data in a new and meaningtul way.
Generally, conventional data integration techniques use
record linkage methods that focus on a narrow range of spe-
cific and well-defined types of record fields, particularly stan-
dard names, addresses and generic strings and numbers.
These record linkage methods generally use field-to-field
matching techniques. However, most records are not orga-
nized ito well-defined record fields, and different publica-
tions, or other forms of data, are not organized consistently.
Conventional data integration methods fail in the face of this
imperfect or imprecise data. Moreover, true data assembly 1s
missing from conventional record linkage methods.

For example, some requirements for modem-day data inte-
gration are: profiling entities such as people, institutions and
products; reference resolving; record matching; database
cleansing (such as duplicate removal); and integrating dis-
tinct data sources. Profiling 1s the process of assembling and
creating detailed profiles of key entities such as people, 1nsti-
tutions, and products. Reference resolving 1s the process
where bibliographic references obtained from different
sources are matched to references citing the same material
and then assembled to create the most complete reference
citation. Record matching 1s the process where two or more
records obtained from different data sources are matched 1t
they refer to the same item. Duplicate removal 1s the process
of identifying whether a data source contains more than one
clement of the same entity and then removing the duplicates
once 1dentified.

Therefore, a need exists for a method for assembling mul-
tidimensional and/or heterogeneous records that can be
applied to records even when the records are not necessarily
structured, or when fields are unidentified or unaligned, or
when there 1s incomplete or inaccurate data, or when there 1s
no common 1dentifier between the records being matched.

The present invention provides a general-purpose data
organization and/or integration method that transcends
simple field to field matching and which provides a frame-
work for applying other domain-specific techmiques that go
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beyond the treatment of standards fields. One feature of the
present invention uses iformation inferred from the actual
assembly of the matched records 1n order to refine the match-
ing process. The present invention provides a general frame-
work for matching records and then provides true assembly of
matched records that may also infer new data from the match-
Ing Process.

One embodiment of the present invention matches records
that may refer to the same entity (such as an individual) and
then assembles a new record that 1s a combination of some or
all the elements of the different fields of the matched records,
as well as new inferred data.

Another embodiment of the present invention comprises a
method that matches, groups and assembles records 1n a
series or group of steps (a cascade), where 1n each cascade
step the process of matching and assembly 1s turther refined
as a consequence of information inferred from earlier steps.

A preferred embodiment of the present mvention com-
prises a system for matching and assembling two or more
multidimensional records that may represent the same entity
or may refer to a specific entity of interest, even in the face of
errors 1n the data.

Referring to FIG. 1, a group of records in the form of
publication citations 1s listed, and 1s provided as an illustra-
tion of one type of problem solved by the present invention. In
this example, the goal 1s to match the records and assemble a
new canonical citation that incorporates the relevant sections
of the provided records.

Each of the five records includes a number of different
fields 10. For example, record (1) includes a field 10 that has
a typographical error, “C Runciman & amp” and a field 10 of
“D Wakeling.” Record (4) includes a field 10 comprising
“Heap profiling of lazy functional programs.” Record (5)
includes a field 10 of “Aprl 1993 As can be seen from the
five different records, the authors’ names are presented 1n
different formats and locations. In addition, the publication
(Journal of Functional Programming) 1s spelled out 1n 1its
entirety 1n some of the records, but 1n record (3), the publica-
tion 1s abbreviated. Moreover, the title of the publication
article (Heap profiling of lazy functional programs) 1s posi-
tioned 1n different locations within each record and 1n record
(5) the title 1s listed 1ncorrectly.

Conventional record matching methods that simply per-
form field to field matching would not be able to provide an
accurate canonical citation because of the errors presented 1n
the different records as well as the different locations of
corresponding fields 10.

However, as illustrated 1n FIG. 2, one embodiment of the
present invention assembles a canonical citation that provides
complete author names, as well as the article title, publication
name, location of the article within the publication and the
publication date.

Referring to F1G. 3, a flow diagram of a preferred embodi-
ment of the present invention 1s provided. This embodiment
ol the present mvention can assemble multidimensional and
heterogeneous records through a repeating set of any one of,
or a combination of, matching, grouping and assembly steps.

A preferred embodiment of the present invention 1s soft-
ware that comprises machine-readable code for a general-
purpose digital computer. One embodiment of the present
invention may be constructed to operate on a “personal”
computer, and other embodiments of the present invention
may be constructed to operate on a computer server that
would provide access to the invention soitware from multiple
computers, or the Internet. The present mvention may be
implemented 1n various forms of computer hardware, sofit-
ware or combinations thereof.
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As shown 1n FIG. 3, the flow diagram depicts several
software modules shown as individual blocks. Each module
comprises on or more machine-readable mstruction sets. It
will be appreciated that the function performed by the indi-
vidual modules may be combined into a single module, or
into other combinations of modules.

As discussed above, the soitware comprising the invention
may be stored on a computer 15 that may be accessible over
a network 20, or may be stored on one or more servers 25 that
also are accessible over the network 20. As defined herein, a
network 20 1s a group of points or nodes connected by com-
munication paths. The communication paths may be con-
nected by wires, or they may be wirelessly connected. A
network 20 as defined herein can interconnect with other
networks and may contain subnetworks. A network 20 as
defined herein can be characterized 1n terms of a spatial
distance, for example, such as a local area network (LAN), a
personal area network (PAN), a metropolitan area network
(MAN), and a wide area network (WAN), among others.

To provide an overview, a preferred embodiment of the
present invention will be described with reference to FIG. 3.
First, a plurality of records 30 are provided, with each record
30 containing at least one field 10. Next, a preprocessing
module 35 processes the records 30. The various preprocess-
ing steps may include parsing the records 30 into fields 10,
and labeling unlabeled fields 10.

Once that 1s done, this specific embodiment of the inven-
tion then creates candidate sets 75 by way of the candidate set
module 70. Generally, candidate set 75 creation saves time.
This feature of the mvention does not compare every record
30, thereby saving processing time. The candidate set module
70 creates candidate sets 75 that are comprised of groups of
records 30. The records 30 in these candidate sets 75 are
compared to each other within these sets. For example, one
rule used by the candidate set module 70 uses an author’s last
name and first 1imitial to place records 30 into a candidate set
75.

Next, the match scorer module 80 compares the records 30
within a candidate set 75 to determine if the records 30 match.
In a preferred embodiment match scorer module 80, field
matching 1s used to compare individual fields 10 of two
records 30. Match scores 95 are generated during the field
matching process. One feature of the present invention 1s that
co-author names are used to match records 30.

Once match scores 95 have been generated, the grouper
module 130 continues the processing. In a preferred embodi-
ment of the present mvention, heuristic rules are used to
determine from the individual field match scores 95 whether
two records 30 being compared are a match. One example of
a heuristic rule used by the present invention 1s to add all the
individual match scores 95. More complex heuristic rules will
be described 1n detail below. One feature of the present inven-
tion 1s that these heuristic rules may be changed based on
what type of records 30 are being compared and at what stage
of the processing cascade. The output from the grouper mod-
ule 130 are groups of records 30 that are ready for assembly
by the assembler module 150.

The assembler module 150 takes each group of records 30
and outputs new assembled records 165. For example,
“expert profiles” may be created, containing a variety of
information relating to a single author. Another type of new
record created by the assembler module 150 may be the
creation ol a complete citation record. In addition, the assem-
bler module 150 may infer new data, known as metadata. For
example, an affiliation history profile may be created, or a
canonical authors name may be created, or a canonical 1nsti-
tutional name may be created using metadata.
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The assembled records 165 may be output, or they may be
processed again, returning to the match scorer module 80, or
the grouper module 130. The process of analyzing records 30
through the match scorer module 80, the grouper module 130
and the assembler module 150 1s called a Cascade, or cascade
stage 170. One feature of the present invention 1s that the new
assembled records 165 may be processed through repeated
cascade stages 170. One factor that determines the number of
cascades 170 1s the type of data that 1s being analyzed. One
teature of the present invention is that the number of cascades
170 can be set in advance, or the cascade 170 may be stopped
1if no more new assembled records 165 are being created.

Again referring to FIG. 3, one or more records 30 are
collected and forwarded to the preprocessing module 35. As
defined above, the records 30 may be comprised of any type
of data that contain a specific number of fields 10. For
example, a record 30 might be a publication reference, where
the fields 10 might be author name, publication title, journal
name, and year of publication. Other examples of records 30
include patents, articles and any other collection of data that
includes fields 10 as defined above.

The preprocessing module 35 analyzes the records 30 to
determine 11 the fields 10 within each record 30 are 1n a form
suitable for subsequent processing by the succeeding steps of
the present invention.

Referring to FIG. 4, the preprocessing module 35 com-
prises several steps. First, 1n step 40, a determination 1s made
regarding whether the fields 10 have been extracted from a
record 30 of interest, known as a “source” record. In many
instances, fields 10 are embedded and are difficult to identity,
requiring extraction. For example, the records 30 may consist
of citations that are embedded 1n a publication document. The
present invention identifies these citations, extracts them and
then creates citation records. A rule-based parser may be
employed to perform this function 1n field extraction step 45.

In other instances, the existing fields 10 in the source
record may not have been completely parsed, or broken down
into their component parts and labeled. For example, a field
10 may be labeled “name” but the sub-fields comprising the
individual name components such as first name, middle
name, and last name have not been parsed out. In that
instance, the fields 10 are processed by using a rule-based
parser to extract the component sub-fields 1n step 65.

For example, a record 30 may just identily the author name
as Albert E. Einstein. The present invention breaks down this
record 30 into sub-fields such as first name, middle name and
last name.

And 1n other 1nstances, not all the fields 10 1n the source
record have been labeled. For example, the “journal name”
ficld 10 may be labeled, but other fields 10 such as author
name and co-author names may not be labeled. For example,
consider the author name Taylor D. W. Wilson. Is this the case
where the author 1s “Taylor D. W. Wilson”, or are there really
two authors, a “Taylor, D.” and a “Wilson, W.” Perhaps,
during the OCR process the initial of the author was missed.
One embodiment of the present invention may postulate both
scenarios as plausible, and then identily another citation
record that matches this citation and if the name fields 1n that
citation are properly labeled, use those labels to infer which
scenario 1s correct.

In this case, the field alignment step 55 1s employed to label
unlabeled fields. This process comprises finding a “matching,
target” record that has been labeled 1n its entirety. A matching,
target record 1s one that has a high score when compared to the
source record. When evaluating matches, the present inven-
tion generates a numerical score normalized between zero (0)
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and one (1). The value of the score obtained determines
whether the match 1s valid or not.

What determines a high score 1s derived from empirical
analysis of the data being organized.

Once a matching target record has been found, the field
alignment step 535 then pairs off labeled fields 10, 1f any,
between the matching target record and the source record.
The field alignment step 55 then compares pair-wise the
unlabeled fields 10 of the source record with the unpaired
ficlds 10 of the matching target record. The field label 1n the
matching target record for which the match score 1s the high-
est 15 used to label the unlabeled field 10 of the source record.

When the field alignment step 55 1s complete all the fields 10
in the source record are labeled.

Reterring to FIG. 3, the next step of the present invention 1s
illustrated. The candidate set creator 70 partitions the records
30 mnto groups, known as candidate sets 73, for subsequent
processing according the method of the present invention.
The goal of this step 1s to reduce the computer computation
requirements used during subsequent steps. The candidate set
creator 70 employs rules that are dependent on the nature of
the records 30 being grouped. What types of records 30 are
being organized determines what rules for candidate set 75
creation to apply. For example, when creating an “expert
profile” from publication citations, the field 10 being used to
group records 30 are the primary author names. In that
instance the present invention may employ a rule that uses the
author’s last name and the first letter of the author’s given
name to group possible records 30 for assembly. In another
example, such as when creating candidate sets 75 for institu-
tional profiles, the present invention may use the proper noun
within the institution name to group possible records 30 for
assembly. In this example, “Parity Computing,” “Parity Solu-
tion” and “The Parity Enterprise” will be in one candidate set
75 while “Varity Computing” and “Varity Solution” would be
in another candidate set 75.

To further explain, if the records 30 are citations then the
candidate set creator 70 groups all the authors with the same
last name and first in1tial 1nto their own discrete candidate set
75 for subsequent processing. It will be appreciated that other
rules used to group the records 30 may be employed. For
example, a candidate set 75 may contain only records 30 that
have the same last name and the same first 1mitial. Or, a
candidate set 75 may contain only records 30 that contain
similar journal names. Another embodiment of the present
invention may use additional fields 10 to further refine the
candidate set 75 creation process.

The candidate sets 75 comprising groups ol records 30 are
then individually processed according to the subsequent steps
of the present invention. As shown 1n FIG. 3, each candidate
set 75 1s processed by the match scorer module 80.

Referring now to FIG. 5, the match scorer module 80
compares corresponding fields 10 of all the records 30 1n the
candidate set 75. The comparison of the corresponding fields
10 1s performed “pair-wise.” That 1s, two corresponding fields
10 are compared to each other. Put differently, pair-wise
comparisons are performed between all the records 30 1n the
candidate sets 75. Other comparison groupings may also be
employed, such as a comparison of three, or more corre-
sponding fields 10, or records 30.

The first step of the match scorer module 80 1s field 1den-
tification 85. The field identification step 83 1dentifies the type
of field 10. For example, ficld 10 types may be publication,
article title, author, and date of publication. It will be appre-
ciated that other field 10 types exist, and the foregoing list 1s
meant to be exemplary, and not exclusive.
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The match scorer module 80 then employs a matching
method 90 to the paired fields 10. One aspect of the present
invention 1s that different matching methods 90 are used
based on the field 10 type. In addition, one embodiment of the
present invention also uses specific types of matching meth-
ods 90 depending on the cascade 170 stage. This aspect of the

matching method 90 will be discussed 1n turther detail below,
in connection with FIG. 6.

The matching method 90 determines a match score 93.
Match scores 95 may be numeric or Boolean. For fields 10
that contain general-purpose strings such as an article
abstract, the match scorer 90 may employ a vector space
matching method. This method determines the similarity
between two text strings by first representing the text strings
in a vector space model and then comparing the spatial prox-
imity of the vectors representing each text string in the model.
The present invention may use several methods for comput-
ing the spatial proximity of the vectors, such as the Cosine,
Dice and Jacquard similarity models. The nature of the data
being evaluated dictates which vector space matching method
should be employed. Generally, a vector space model 1s a text
string representational model where a text string 1s repre-
sented 1n a high-dimensional space, in which each dimension
of the space corresponds to a word 1n the text string. There-
fore, a vector 1n this space can represent each text string.

For non-numeric fields 10, combinations of distance met-
rics such as edit distance methods are used to obtain a match
score 95. Distance metrics are a class of rules and methods
that are used to determine the similarity between two entities.
The vector space matching method and edit distance match-
ing method are examples of distance metrics.

The present mvention also employs other methods to
obtain a match score 95 of numeric fields 10. For example,
match scores 95 may be obtained through comparing either
absolute or relative differences between two numeric entities.

As an example, 1if 160 1s being compared to 200, the absolute
difference 1s (200-160)=40, and the relative difference 1is

(200-60)/200=0.7

For non-numeric fields 10, such as journal name, publisher
name, co-authors, etc., specialized match scoring rules have
been devised. It will be appreciated that the list of non-nu-
meric fields 10 1s extensive, and the above-listed non-numeric
fields 10 are meant to be exemplary, and not exclusive.

One embodiment of the matching method 90 to obtain
match scores 95 of the present invention 1s 1llustrated 1n FIG.
6. In this example, the matching method 90 1s preformed to
determine a co-author name. In step 100, the citation records
30 containing author and co-author names are obtained. In
step 103, the co-author names are determined. To perform this
step the present invention obtains the fields 10 containing the
co-author names and they are “paired oil”” 1n order to perform
a pair-wise comparison.

The number of matches obtained during the pair-wise com-
parison 1s determined in step 110. A match 1s found when two
names are compatible. A compatible name 1s where one name
1s can be considered to be a variant of another. For example,
John W. Smith 1s compatible with J. Smith but not compatible
with John T. Smith. That 1s, J. Smith 1s a variant of John W.
Smith, but John T. Smith 1s not a variant of John W. Smith.

In step 115, the match percentage 1s determined. The match
percentage 1s determined by calculating what percentage of
co-authors 1s common to the two records 30 being compared.

After the match percentage 1s determined, 1t 1s compared to
a threshold value 1n step 120. One aspect of the present
invention 1s that the threshold value 1s changed, depending on
what stage the overall data assembly method 1s 1n. That 1s, the
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present invention repeats some steps and at a first pass, the
threshold value may be lower, but as steps are repeated, the
threshold value will increase.

I1 the match percentage exceeds the currently set threshold
value, then the record 30 containing the field 10 that met the
threshold value 1s given a match score 95, and 1s passed
onward for further processing. However, 11 the match percent-
age does not meet the currently set threshold value, then the
record 30 containing the specific field 10 that failed to meet
the threshold value 1s discarded.

Referring to FIG. 7, once the matching method 90 has been
completed, the remaining matched pairs 125 of records 30,
that consist of pairs of either fields 10 or records 30, are then
grouped using a grouping method 130. The grouping method
130 of the present invention employs a set of heuristic rules
200 that depend on the cascade stage 135 and record type 140.
This will be explained below with reference to FIG. 8. Once
the heuristic rules 200 have been applied, an evaluation step
145 determines 11 the pair of records 30 are candidates for
grouping. The output of grouping method 130 1s a set of
groups that contain records 30 that will be subsequently
assembled. It will be appreciated that other heuristic rules 200
may be applied at other times during the data assembly
method described herein.

The grouping method 130 of the present invention groups
the records 30 together for assembly 1nto a more complete
record 30. For example, during the creation of an “expert
profile” of an author, 11 two authors were 1dentified by their
match scores 95 during the matching method 90, the grouping
method 130 may create a new target expert that combines and
assembles the fields 10 of the two author’s records 30. One
teature of the grouping method 130 of the present invention 1s
that 1t takes into account the match scores 95 generated 1n the
matching method 90 and postulates candidate groups by a set
of rules that make use of the match scores 95. In a preferred
embodiment of the present invention, the rules are modified at
cach cascade 170 and take into account new information
obtained by prior cascades 170. Cascading 170 will be dis-
cussed 1n detail below.

Referring now to FIG. 8, a flow diagram 1s presented,
illustrating one type of grouping method employing one set of
heuristic rules 200 of the present invention. One feature of the
computer software constructed according to present mven-
tion 1s that 1t uses heuristic rules 200 that employ specific
rules-of-thumb dertved from experience and empirical data.
That 1s, the software constructed according to the present
invention achieves a desired result (1n this case, grouping data
relating to an author) by intelligent guesswork rather than by
following some pre-established formula.

For example, the flow diagram of FI1G. 8 1llustrates that the
heuristic rules 200 used to group the data of interest evaluates
“strong” lists and “weak” affiliations. However, the definition
of “strong’” and “weak’ change with each stage of data analy-
s1s. That 1s, one feature of the present invention 1s that as the
data analysis 1s repeated, 1n successive cascades 170, the
definition of “strong” and “weak’ changes, thereby changing
the ultimate data output.

The terms “strong” and “weak”™ are used to evaluate the
match scores 95 when two fields 10 are compared. When the
match score 95 of two fields 10 being compared 1s high, the
fields 10 are considered to be “strongly” compatible and 11 the
score 15 low, the fields 10 are considered to be. “weakly
compatible. What 1s a high match score and what 1s a low
match score changes with the cascade 170. The actual values
are determined a prior1 from empirical analysis of the data
being organized. Generally, match scores 95 are normalized
between O and 1. Thus, a value closer to 1 1s “strong” and a
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value closer to 0 1s “weak.” For example, in the case of
compatibility of two co-author fields 10, the present invention
determines that 0.8 1s a “strong” compatibility and 0.2 1s a
“weak” compatibility. However, these numbers may be
changed during subsequent cascades 170.

It will be appreciated that other heuristic rules 200 con-
structed according to the present mmvention exist, and the

sample illustrated in FIG. 8 1s exemplary, and not exclusive.

FI1G. 8 describes a set of heuristic rules 200 for that may be
used to determine whether data 1n the form of two records 30
can be grouped for assembly into an “expert profile.” In this
case, the “expert profile” contains information relating to an
author, such as his/her full name, where he/she currently
works (primary affiliation), where he/she has worked in the
past (entire affiliation), the names of any co-authors, the
names of the journals that the author has been published 1n,
and the titles of any papers published by the author. An
example of an expert profile 1s illustrated 1n FIG. 12. Other
types ol profiles may be assembled, containing other types of
information. For example, other profiles may comprise 1nsti-
tution profiles, drug profiles, product profiles, and imnvention
profiles.

The first step 205 of the heuristic rules 200 determines
whether the names present 1n the two records 30 are compat-
ible. As discussed above, a compatible name 1s where one
name 1s can be considered to be a variant of another. For
example, John W. Smith 1s compatible with J. Smith but not
compatible with John T. Smith. If the names 1n the two
records 30 are compatible, the two records 30 are grouped and
processing terminates. If the names in the two records 30 are
not compatible, the two records 30 cannot be grouped and
processing continues.

In step 210, the software checks to see 11 the co-author list
contained in the two records 30 1s “strongly” compatible. If
yes, the two records 30 can be grouped and processing termi-
nates. If no, the two records 30 cannot be grouped and pro-
cessing continues.

In step 213, the software checks to see whether the primary
affiliation histories are “strongly” compatible. I the primary
aifiliation histories of the two records 30 are “strongly” com-
patible, the two records are grouped. If no, the two records 30
cannot be grouped and processing continues.

In step 220, the software checks to see if the entire affilia-
tion history 1s “weakly” compatible. If the entire affiliation
histories of the two records 30 are “weakly” compatible, the
two records 30 are grouped, IF ANY ONE OF steps 225, 230
or 235 1s true. Therefore, the software determines: 1) 1f the
co-author list of the two records 30 1s “weakly” compatible
(step 225); or 2) i the author names of the two records 30
match “strongly” (step 230); or 3) if the entire afliliation
profile matches “strongly” (step 235).

If any one of steps 2235, 230 or 235 1s met, or held to be true,
then the two records 30 can be grouped and processing ter-
minates.

However, 11 none of steps 225, 230 or 235 are true, then in
step 240 the software checks to see 1f the keywords associated
with each author exceeds a certain threshold value. In a pre-
terred embodiment of the present invention, threshold values
are determined empirically, but alternative embodiments may
use specifically defined threshold values. Keywords are
words and phrases that aid in describing what the entity 1s. For
example, 1n the case of a medical “expert profile,” keywords
may be medical words and phrases.

In step 240, 11 the keywords associated with each author do
exceed the set value, then the two records 30 are grouped, IF
ANY ONE of the following rules holds: 1) the author names

match “strongly” (step 230); or 2) the co-author list matches
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“weakly” (step 225). The analysis performed in these two
steps 1s the same as described above.

However, 11 none of steps 230 or 225 are true, then 1n step
245 the software checks to see 1f there 1s a match of journal
names associated with each author. If no journal names
match, the two records 30 cannot be grouped and the process-
ing terminates.

I1 the journal names do match, then the two records 30 will

be grouped, IF BOTH of the following rules holds: 1) 11 the

author names are “strongly” compatible (step 230); and 2) 1f
the article titles of all articles authored by the author exceeds
a defined threshold (step 250).

I1 BOTH steps 230 and 250 are met, then the two records 30
are grouped and the processing of the data continues on to the
next stage. In all other cases, the two records 30 cannot be
grouped and processing terminates for those two records 30.

In addition to the above-described grouping method 130,
the present invention may use additional evidence for plau-
sible groups by classitying the records 30 into a pre-existing,
ontology that has been defined to reflect the nature of the
records 30 being assembled. As used herein, “ontology™ 1s a
set of concepts-such as things, events, and relations—that are
specified 1n some way (such as specific natural language) 1n
order to create an agreed-upon vocabulary for exchanging
information.

Grouping suggested by the ontological classification 1s
used to modity the grouping method 130 for more accurate
determination of the groups. For example, a pre-existing
ontological classification may be the MesH ontology created
by the National Library of Medicine or the UNSPSC (United
Nations Standard Products and Services Code) ontology that
1s used to categorize and 1dentily products and services.

In a preferred embodiment of the present invention, the
ontological classification stage 1s repeated at each cascade
170.

Referring to FI1G. 9, the input to the assembler module 150
are the groups as produced by the grouper module 130. Once
matched groups have been created, the assembler module 150
then assembles the individual records 1n a group and creates
new records. One feature of the present invention is that
during this process, additional inferences are drawn a conse-
quence of the assembly. For example, the assembler module
150 may create a more complete atfiliation history profile by
combining the individual affiliation records in a publication
record. The present mnvention may also infer metadata relat-
ing to a particular author by combining the keywords from the
individual publication records.

A preferred embodiment of the assembler module 150
constructed according to the present invention posits canoni-
cal forms of fields 10 being merged. For example, 1f two
authors being assembled had the names J. W. Smith, and John
Smith, then the canonical name of the assembled author
would become: John W. Smith. It will be appreciated that
different field 10 combining techniques are also used to
merge specific fields 10. For example, 1n the case of generat-
ing canonical institutional names, a rule might be to expand
abbreviations. In this case, IBM 1s expanded to International
Business Machines and that 1s determined to be the canonical
form.

In step 155, the records 30 1n each group are assembled 1nto
a composite record. A composite record includes components
from one or more records 30. For example, the canonical
citation illustrated in FIG. 2 1s one type of composite record.
It will be appreciated that composite records may take other
forms, and include other types of data, depending on the type
of data being assembled.
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In step 160, the software constructed according to the
present invention infers additional metadata obtained from
the assembly step 155. As defined above, metadata 1s new data
that 1s about old data. The new data contains new meaning,
information or other knowledge about the old data. For
example, all the publications by the same author may be
assembled 1n order to create an expert profile. New metadata
inferred might be the canonical name of the author, the affili-
ation history of the author, any publications written by the
author, etc.

In step 165, after any additional metadata 1s inferred, the
assembled records 30 are either output for actual end use, or
the records 30 may go through another series of processing
steps, or cascades 170. As shown 1n FIG. 3, one feature of the
present invention 1s that the assembled records 165 may be
re-processed several times 1n a cascade 170. One embodiment
of a cascade 170 constructed according to the present mven-
tion comprises the match scorer module 80, the grouper mod-
ule 130, and the assembler module 150.

Generally, the cascade 170 15 used to increase the quality of
the data assembly process. After a group of records 30 has
made a “first pass” through the modules 1llustrated 1n FIG. 3,
there may not have been enough information to group and
assemble all the records 30 that actually should have been
assembled. As a consequence of assembly, more information
may have been obtained to infer better matches.

For example, during the process of creating expert profiles,
if there are two expert profiles bearing the same name, the
question as to whether these two experts are one-and-the-
same 1s better answered when other data 1s analyzed. The
analysis may ask: which journals have these experts been
published in; and what are the subject areas of their publica-
tions. Therefore, 11 the two assembled profiles have signifi-
cant assembled data in common, subsequent cascades 170
can create an assembled record 165 that will contain more
information than obtained with only one “pass™ through the
modules.

In a preferred embodiment of the present invention, at each
succeeding cascade 170 step, the heuristics previously
applied for matching fields 10 are modified. Some heuristics
are tightened while some heuristics are relaxed. This 1s
because as more and more records 30 have been assembled,
there 1s more information that allows the software of the
present invention to determine which heuristics to apply and
how to apply them.

For example, at each succeeding cascade 170, inferred data
may suggest additional matches between records 30 or fields
10. For example, 1 an author affiliation history has been
created, whether two authors are candidates for assembly can
be determined from 1nspecting the compatibility 1n time and
aifiliations of the individual author’s affiliation history.

In addition, during one embodiment of a cascade 170, the
various value thresholds as discussed above may be adjusted.
By adjusting these value thresholds, the quality of the data
assembly 1s 1improved. Other values or thresholds may be
adjusted, for example, the definition of “strong™ or “weak”™
may be adjusted, which may result 1n higher quality data
assembly.

In addition, one embodiment of cascading 170 may include
the candidate set creator 70, as shown 1n FIG. 3. Generally, the
number of cascades 170, or cascade stages 1s dictated by the
nature of the records 30 being assembled. In some cases only
one cascade 170 1s suificient and 1n other cases more than one
cascade 170 1s needed to properly assemble the records 30.
One feature of the present invention 1s that during the cascad-
ing process, the present invention may modify both the match
scorer module 80 and the grouping method 130. This 1s
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because as the cascades 170 progress, more information 1s
obtained. The match scorer module 80 and the grouping
method 130 may be modified by introducing new matching
methods, new matching score evaluations, and new grouping
rules.

For example, when an “expert profile’” 1s being generated,
a cascade 170 may use different methods to score co-author
matches and affiliation matches. This 1s because the prior
cascade 170 may have created a new set of co-author names,
and the cascade 170 may need to evaluate the match scores 95
by looking at the new set of co-authors. The same situation
may occur with affiliation history profiles.

For example, when the present invention 1s constructing an
“expert profile,” the following may be considered at cascade
170 stage 1: (1) Are the author names compatible? The last
names must be the same, and the first names must be com-
patible (J 1s compatible with John, but Jim 1s not compatible
with John). (2) Do the co-authors match? A match 1s ascer-
tained 1f the score exceeds a certain value, as described above.
(3) Do the afliliation profiles match? In cascade 170 stage 1,
the present invention would only determine whether the
authors in question had the same affiliation. At a later stage 1n
the cascade 170, the present mnvention may look at the entire
chronological history to determine where the two atfiliation
histories are compatible with respect to afliliations and time.
One feature of the present invention 1s that 1t analyzes fields
10 1n records 30 with respect to the date(s) that an author may
be associated with a specific entity.

In a preferred embodiment of the present invention, the
data 1in the records 30 may be cascaded 170 about four or five
times, to achieve the highest-quality data assembly. Gener-
ally, the number of cascades 170 to apply 1s empirically
determined. Usually, the present invention may have
achieved a very high quality data assembly after about four or
five cascades. The number of cascades 170 to apply can also
be specifically defined so as to stop cascading 170 when no
new assembled records 165 are being generated.

One feature ol the present invention 1s that during a cascade
170, additional field 10 matching steps may be employed, or
existing field 10 matching scores 95 may be modified (match
scores are discussed above 1n connection with FIG. 6).

An example of using additional match scores 935 would be
when a set of keywords are compiled for an author’s expert
proflle 1n order to determine matches between different
authors. The set of keywords may not have been usable at a
first or second cascade 170. However, 1f the authors 1n con-
sideration now have a number of publication records, then the
aggregate of all the keywords from the individual publica-
tions can be used to determine a plausible match among the
authors. In addition, different grouping rules may be used 1n
succeeding cascade 170 stages. The rules might include the
new field 10 match scores 935 introduced at this cascade 170
stage or might use different threshold values to compute
match plausibility.

For example, different grouping rules employed in the
grouping method 130 during a cascade 170 may include: If
the author names are compatible but the co-author and atfili-
ation history do not indicate a strong match (and do not
indicate a mismatch), then if the keyword match scores
exceed a specified value (only 11 the names are strictly com-
patible), then these two records 30 should be grouped. One
rule for determining name compatibility 1s that the first names
must be equal and not just compatible and middle names must
be compatible.

One embodiment of the present mvention may perform
additional field 10 analyses in the match score module 80
during succeeding cascades 170. For example, the field 10
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analysis may include the following: 1) If other components of
names are compatible, are middle names/initials compatible?
2) What 1s the match score 95 of the affiliation profile where
the expert was a first author? 3) What 1s the match score 95 of
the affiliation profile where the expert was not a first author?
4) What 1s the match score 95 of the journals the experts write
in? 5) What 1s the match score 95 of abstracts of papers
published by this expert? 6) What 1s the match score 95 of
titles of papers published by this expert?

In addition, one embodiment of the present invention may
perform additional field 10 analysis 1n the grouping method
130 during succeeding cascades 170. For example, the field
10 analysis may include the following: If the names are com-
patible 1 all respects, then: 1) If the affiliation profiles are
compatible, and there are no gaps larger than a specified
number of years, indicate a match. 2) If the composite title
match score exceeds a specified value, and the composite
journal match scores exceed a specified value, then indicate a
match. 3) If the composite journal match scores exceed a
different (higher) specified value, then indicate a match. The
values of the gaps are usually empirically determined, and the
same holds for the title and journal match values.

Referring now to FIG. 10, another feature of the present
invention 1s illustrated. The illustrated embodiment com-
prises an aililiation profile software module 300. The affilia-
tion profile module 300 generates an afliliation history of an
author. In a preferred embodiment, the affiliation profile mod-
ule 300 uses data from citation records. Examples of citation
records areillustrated 1n FIG. 11. In this example, each record
30 represents a citation. Each record 30 may or may not be
broken down into fields 10 such as author names, article title,
publication name, page numbers, year, author afliliations,
keywords etc. There may also exist a related collection of
records 30 such as the referenced publications themselves
that have further information such as the article abstract and
the text of the article itself. Citation records may take other
forms than those illustrated 1n FIG. 11, and other types of data
may be employed, such as patents, biographies and resumes.

This embodiment of the present invention assembles an
expert profile that 1s created by identiiying which papers were
authored by the same unique author, while inferring new
information about this particular expert, such as the chrono-
logical affiliation history of the expert, the area of expertise of
the expert, the kind of organization the expert 1s currently 1n,
the current location of the expert, etc. This type of “expert
profile” 1s 1llustrated in FIG. 12. The present mnvention may
also extract data from patent records and incorporate patent
data in the expert profile.

A preferred embodiment of an author’s affiliation history
consists of the organization name, address, and the year(s)
that the author was at the organization. Other embodiments of
the present invention assembles profiles such as institutional
and product profiles.

As shown 1n FIG. 10, affiliation data comprising a number
of citation records are provided. In step 303, the records 30

are “pair-wise” compared to determine 11 an affiliation match
exists. An atfiliation match 1s found 1f the addresses of both
affiliations 1n the two records 30 are compatible and the
organization names are compatible. If the two “pair-wise”
compared affiliations are a match, then they are grouped into
matched sets 310.

Organization name “compatibility” 1s determined in orga-
nization match module 315. Organization match module 315
comprises a set of rules and uses a database of known varia-
tions of organization names 320. For example, IBM 1s com-
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patible with International Business Machines and UC San
Diego, UCSD and University of California at San Diego are
also compatible.

One rule employed by the organization match module 315
holds that 1f atfiliation names are of sub-organizations, but the
parent organizations are compatible then consider the affili-
ation names to be a match. For example, IBM TJ] Watson
Research Center at Yorktown Heights in NY and IBM
Almaden Research Center at Almaden, Calif. are compatible
because both are sub-organizations within IBM.

In step 325, an afliliation profile entry 1s created for each
matched set 310. Preferably, an atfiliation profile entry con-
tains: 1) the starting year and ending year of the author’s
employment with the organization; 2) the canonical affilia-
tion name; and 3) the actual affiliation entry data. For
example, an article written by an author 1n 1990 while at IBM
would result 1n an atfiliation entry with 1990 as the value of
the year field 10 and IBM as the value of the affiliation field

10. The corresponding value of the atfiliation profile entry
will have 1990 as the value of both the start and end vear,
International Business Machines as the value of the canonical
affiliation name, and IBM as the value of the actual affiliation
entry data field 10. It will be appreciated that affiliation profile
entries may include other types of data, such as the current
location of the expert, the type of industry the expert is
employed 1n, other experts with similar skill sets, etc.

In step 330, the afliliation profile entries 325 are sorted by
their start year. That 1s, the affiliation profile entries 325 are
sorted by the starting year of the author’s employment with
the organization.

In merge step 335, the affiliation profile entries 325 thatare
chronologically adjacent 1n time, and do not have a time gap
greater than a predetermined threshold, are merged. For
example, an affiliation profile entry 325 having an author
starting year at IBM of 1990 1s merged with an affiliation
profile entry 325 having an author starting year at IBM of
1992 to create a new affiliation profile entry 3235 with start
year of 1990 and an end year of 1992.

In step 340, the canonical form of the two affiliations being,
merged 1s created. Other embodiments of the present inven-
tion may not always include this step.

In step 345, the software queries 11 all possible merge steps
335 are complete. That 1s, merge step 335 1s repeated for all
the afliliation profile entries 325 until no more merges can
OCCUL.

In step 350 the afliliation profile entries 325 are compared
to determine 11 any contlicts exist. In step 355, any afliliation
profile entries 325 that contlict are suppressed. An example of
a conflict 1s when an affiliation profile entry 325 overlaps with
another atfiliation profile entry 325. An “overlapping” aifili-
ation profile entry 325 occurs when during the generation of
affiliation profiles, the system generates profiles that indicate
that an expert was at two or more 1nstitutions during the same
period of time.

One suppression rule employed by the present invention 1s
to suppress the atliliation profile entry 323 if the number of
articles associated with an afliliation profile entry 325 1s less
than a predetermined threshold. Generally, the threshold val-
ues used 1n the present invention are determined empirically.
In this specific example, generally, 11 the number of articles 1n
profiles exceeds the number of another profile by a factor of 2
or more, the present mnvention would suppress the latter pro-
file.

Another suppression rule employed by the present mnven-
tion 1s to determine whether the author was a non-primary
author during the suspect period. If there are no mentions of
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the author 1n other publications during the period in question,
that atfiliation profile 1s suppressed.

What remains at the end of the affiliation profile module
300 1s a complete affiliation history of an author. An example
of a group of citation records 30 used to generate affiliation
profile entries 325 are 1llustrated in FIG. 11, and a resulting
complete affiliation history of the author 1s 1llustrated in FIG.
12.

Thus, 1t 1s seen that a system and method for assembling
records 1s provided. One skilled 1n the art will appreciate that
the present invention can be practiced by other than the
above-described embodiments, which are presented 1n this
description for purposes of illustration and not of limitation.
The description and examples set forth 1n this specification
and associated drawings only set forth preferred embodiment
(s) of the present invention. The specification and drawings
are not intended to limit the exclusionary scope of this patent
document. Many designs other than the above-described
embodiments will fall within the literal and/or legal scope of
the following claims, and the present invention 1s limited only
by the claims that follow. It 1s noted that various equivalents
for the particular embodiments discussed 1n this description
may practice the imnvention as well.

What 1s claimed 1s:

1. A non-transitory computer readable medium having
computer executable program code embodied thereon, the
computer executable program code configured to cause a
computer device to 1dentity an unlabeled field within a record
by:

obtaining a target record that 1s similar to the record;

automatically pairing a labeled field from the target record

with the unlabeled field;

comparing the labeled field with the unlabeled field; and

assigning a same field label from the labeled field to the

unlabeled field.

2. The computer readable medium of claim 1, wherein the
step of obtaining the target record comprises obtaining a
substantially complete record.

3. The computer readable medium of claim 1, wherein the
step of comparing the labeled field with the unlabeled field
comprises determiming whether the labeled field 1s an
approximate substring of the unlabeled field.

4. The computer readable medium of claim 1, wherein the
step of comparing the labeled field with the unlabeled field

comprises generating a match score that represents an amount
of stmilarity between the labeled field and the unlabeled field.
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5. The computer readable medium of claim 4, wherein the
step ol generating the match score that represents an amount
of similarity between the labeled field and the unlabeled field
comprises generating a numerical value for each of the
labeled field and the unlabeled field.

6. The computer readable medium of claim 5, wherein the
field 1s selected from a keyword comprising words that relate
to a specific subject.

7. The computer readable medium of claim 1, wherein the
unlabeled field 1s selected from a group consisting of: an
author name, a publication title, a journal name, a date of
publication, a patent name, an inventor name, a patent publi-
cation date, an affiliation, a biography, a resume, a page
number, a publication volume, a publication 1ssue, a book
title, a publisher name, a geographical location, and a key-
word.

8. A non-transitory computer readable medium having
computer executable program code embodied thereon, the
computer executable program code configured to cause a
computing device to label a field within a record by:

providing an unlabeled field;

comparing the unlabeled field with a labeled field;

identitying the labeled field within the unlabeled field; and

assigning a same field label from the labeled field to the
unlabeled field.

9. The computer readable medium of claim 8, wherein the
step of comparing the unlabeled field with the labeled field
comprises generating a match score that represents an amount
of sitmilarity between the unlabeled field and the labeled field.

10. The computer readable medium of claim 9, wherein the
step of generating the match score that represents an amount
of similarity between the unlabeled field and the labeled field
comprises generating a numerical value for each of the unla-
beled field and the labeled field.

11. The computer readable medium of claim 8, wherein the
step of comparing the labeled field with the unlabeled field
comprises determining whether the labeled field 1s an
approximate substring of the unlabeled field.

12. The computer readable medium of claim 8, wherein the
field 1s selected from a group consisting of: an author name, a
publication title, a journal name, a date of publication, a
patent name, an inventor name, a patent publication date, an
aifiliation, a biography, a resume, a page number, a publica-
tion volume, a publication 1ssue, a book ftitle, a publisher
name, a geographical location, and a keyword.
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