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quality of speech that 1s acquired by a microphone by
reducing reverberation. The system utilizes, at least in part,
the principle that certain characteristics of reverberated
speech are measurably different from corresponding char-
acteristics of clean speech. The system can employ a filter
technology (e.g. reverberation reducing) based on a non-
linear function, for example, the kurtosis metric.
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MICROPHONE ARRAY SIGNAL
ENHANCEMENT

TECHNICAL FIELD

The present invention relates generally to acoustic signal
enhancement, and more particularly to a system and method

facilitating signal enhancement utilizing an adaptive filter.

BACKGROUND OF THE INVENTION

The quality of speech captured by personal computers can
be degraded by environmental noise and/or by reverberation
(e.g., caused by the sound waves reflecting off walls and
other surfaces). Quasi-stationary noise produced by com-
puter fans and air conditioning can be significantly reduced
by spectral subtraction or similar techniques. In contrast,
removing non-stationary noise and/or reducing the distor-
tion caused by reverberation are much harder problems.
De-reverberation 1s a diflicult blind deconvolution problem
due to the broadband nature of speech and the high order of
the equivalent impulse response from the speaker’s mouth to
the microphone. The problem 1s, of course, alleviated by the
use of microphone headsets, but those are usually inconve-
nient to the user.

Using signal processing to improve the quality of speech
acquired by microphone(s) has been a long-standing 1nterest
in the Digital Signal Processing community, with some of
the most promising technologies being based on microphone
arrays. The microphone array literature 1s particularly popu-
lated with algorithms based on the Generalized Sidelobe
Canceller (GSC), but performance degrades quickly with
reverberation. Other algorithms are based on optimum {il-
tering concepts, or signal subspace projection. A different
approach comes from Blind Source Separation (BSS). Curi-
ously, while BSS techniques perform extremely well 1n
some environments, they tend to be overly sensitive to
ambient conditions (e.g., room reverberation), and perform
poorly 1n most real-world scenarios.

SUMMARY OF THE INVENTION

The following presents a simplified summary of the
invention 1n order to provide a basic understanding of some
aspects of the invention. This summary 1s not an extensive
overview ol the invention. It 1s not intended to identily
key/critical elements of the invention or to delineate the
scope of the mvention. Its sole purpose i1s to present some
concepts of the invention 1n a simplified form as a prelude
to the more detailed description that 1s presented later.

The present invention provides for a signal enhancement
system reducing reverberation and/or noise 1n an input
signal. According to an aspect of the present invention, an
audio enhancement system (e.g., acoustic reverberation
reduction) having an adaptive filter and a feedback compo-
nent 1s provided. Optionally, the system can further include
a linear prediction (LP) analyzer and/or a LP synthesis filter.

The system can enhance signal(s), for example, to
improve the quality of speech that 1s acquired by a micro-
phone by reducing reverberation. The system utilizes, at
least 1n part, the principle that certain characteristics of
reverberated speech are measurably different from corre-
sponding characteristics of clean speech. The system can
employ a filter technology (e.g., reverberation reducing)
based on a non-linear function, for example, the kurtosis
metric.
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2

The adaptive filter filters an iput signal based, at least 1n
part, upon a plurality of adaptive coeflicients. The adaptive
filter modifies at least one of the plurality of adaptive
coellicients based, at least 1n part, upon a feedback output of
the feedback component. The adaptive filter provides a
quality enhanced (e.g., acoustic reverberation reduced) out-
put.
The adaptive filter employs a filter technology (e.g.,
reverberation measuring) based on a non-linear function, for
example, the kurtosis metric. The feedback component
provides the feedback output which 1s used by the adaptive
filter to control filter updates. The feedback output can be
based, at least in part, upon a non-linear function of the
quality enhanced (e.g., acoustic reverberation reduced) out-
put of the adaptive filter.

The LP analyzer analyzes the input signal and provides
the LP residual output. The LP analyzer can be a filter
constrained to be an all-pole linear filter that performs a
linear prediction of the next sample as a weighted sum of
past samples.

The LP synthesis filter filters the acoustic reverberation
output from the adaptive filter and provides a processed
output signal. The LP synthesis filter can perform the inverse
function of the LP analyzer.

Another aspect of the present mvention provides for an
audio enhancement system (e.g., acoustic reverberation
reduction) system having a {first adaptive filter, an LP ana-
lyzer, a second adaptive filter and a feedback component.

The first adaptive filter filters an input signal based, at
least 1n part, upon a plurality of adaptive coeflicients. The
first adaptive filter provides a quality enhanced (e.g., acous-
tic reverberation reduced) output. This filter 1s adaptive, but
in the sense that the coethicients will vary with the signal. In
fact, the coethicients of this first adaptive filter are copied
(e.g., periodically) from the second adaptive filter. The
second {filter 1s the one that actually drives the adaptation
Process.

The LP analyzer analyzes the mput signal and provides a
linear prediction residual output. The LP analyzer can be a
filter constrained to be an all-pole linear filter that performs
a linear prediction of the next sample as a weighted sum of
past samples.

The second adaptive filter filters the linear prediction
output recerved from the LP analyzer based, at least 1n part,
upon the plurality of adaptive coethicients. The second
adaptive filter 1s adapted to modily at least one of the
plurality of adaptive coeflicients based, at least 1n part, upon
a feedback output from the feedback component.

The second adaptive filter employs a filter technology
(e.g., reverberation measuring) based on a non-linear func-
tion, for example, the kurtosis metric. The second adaptive
filter further provides an output to the feedback component.

The feedback component provides the feedback output
which 1s used by the second adaptive filter to control filter
updates. The feedback output can be based, at least 1n part,
upon a non-linear function of the output of the second
adaptive filter.

An aspect of the present invention provides for the audio
enhancement system to be extended to a multi-channel
implementation.

Yet another aspect of the present invention provides for a
frequency domain audio enhancement (e.g., reverberation
reduction) system having a first adaptive filter, an LP ana-
lyzer, a second adaptive filter and a feedback component.

The system uses a subband adaptive filtering structure
based, for example, on the modulated complex lapped
transform (MCLT). Since the subband signal has an approxi-
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mately flat spectrum, faster convergence and/or reduced
sensitivity to noise, for example, can be achieved.

The first adaptive filter includes a frequency transform, a
plurality of adaptive coellicients and an inverse frequency
transform. The frequency transform performs a frequency
domain transform of an mnput signal. In one example, the
frequency transform employs an MCLT that decomposes the
input signal into M complex subbands. However, it 1s to be
appreciated that any suitable frequency domain transform

can be employed by the frequency transform in accordance
with the present mvention.

The plurality of adaptive coeflicients are used by the first
adaptive filter to filter the iput signal. The nverse fre-
quency transform performs an inverse frequency domain
transform of the filtered frequency transtormed mput signal.

For example, the inverse frequency transform can perform
an mverse MCLT.

The LP analyzer analyzes the iput signal and provides a
linear prediction residual output. The LP analyzer can be a
filter constrained to be an all-pole linear filter that performs
a linear prediction of the next sample as a weighted sum of
past samples.

The second adaptive filter includes a frequency transform,
a plurality of adaptive coetl

icients and an mverse Irequency
transform. The frequency transform performs a frequency
domain transform of the linear prediction output. The second
adaptive filter filters the frequency domain transformed
linear prediction output based, at least in part, upon the
plurality of adaptive coell

icients. The second adaptive filter
modifies at least one of the plurality of adaptive coeflicients
based, at least in part, upon a feedback output from the
teedback component. The second adaptive filter further
provides an output.

The feedback component provides the feedback output
based, at least 1 part, upon a non-linear function of the
output of the second adaptive filter. Also provided 1s a
multi-channel audio enhancement (e.g., acoustic reverbera-
tion reduction) system in accordance with an aspect of the
present invention.

Another aspect of the present mvention provides for a
noise reduction system having a first statistics component, a
second statistics component and a spatial filter. Optionally,
the system can include a voice activity detector.

The first (e.g., noise) statistics component stores statistics
associated with a first portion or type of an input signal (e.g.,
noise statistics associated with a noise portion of an input
signal). The second (e.g., signal+noise) statistics component
stores statistics associated with a second portion or type of
an 1mput signal (e.g., signal+noise statistics associated with
a signal and noise portion of the mput signal). The spatial
filter provides an output signal, the output signal being
based, at least in part, upon a filtered input signal, the
filtering being based, at least 1n part, upon a weighted error
calculation of the first statistics (e.g., noise statistics) and the
second statistics (e.g., signal+noise statistics). The spatial
filter can be a fixed filter or an adaptive filter.

The voice activity detector provides information to the
first statistic component and/or the second statistics compo-
nent based, at least in part, upon the output signal of the
spatial filter. The voice activity detector detects when sub-
stantially only noise 1s present (e.g., silent period(s)) and
provides the input signal, for example, to the first statistics
component. When speech 1s present, possibly with noise, the
input signal can be provided to the second statistics com-
ponent by the voice activity detector.
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4

The spatial filter can utilize an 1mproved Wiener filter
based, at least 1n part, upon a weighted error calculation of
the first statistics (e.g., noise) and the second statistics (e.g.,
signal+noise).

Yet another aspect of the present invention provides for a
Least Means Squared (LMS)-based noise reduction system
having a signal+noise builer, a noise buller, a signal com-

poser, a filter, an LMS filter and differential component.

A synthetic mput signal and 1ts associated desired signal
are generated by the signal composer by adding data from
the signal+noise buil it

er and/or the noise builer to the input
data. This synthetic signal 1s used to adapt the LMS filter.
The filter coetflicients are copied (e.g., continuously) to the
filter, which directly processes the mput signal.

Another aspect of the present invention provides for a
51gnal enhancement system havmg a frequency transform, a
voICe actlw‘[y detector, a noise builer, a signal+noise builer,
a filter, a noise adaptive filter, a reverberation adaptive filter,
an nverse frequency transform, a noise feedback component
and a reverberation feedback component.

—

The voice activity detector provides mnformation to the
noise buller and/or the signal+noise builer based, at least in
part, upon the input signal. The voice activity detector
detects when substantially only noise 1s present (e g.. silent
period(s)) and provides the mput signal to the noise butler.
When speech 1s present, possibly with noise, the mnput Slgnal
can be provided to the noise+signal bufler by the voice
activity detector. In one example, the voice activity discards
sample(s) of the mnput signal which 1t 1s unable to classily as
noise or “signal+noise”.

The signals stored 1n the noise buller are used to train the
noise adaptive filter while the signal stored in the noise+
signal buller are used train the reverberation adaptive filter.

The filter filters the frequency transform input signal
received from the frequency transform based, at least 1n part,
upon a plurality of adaptive coetlicients. The filter provides
a filtered output to the inverse frequency transform that
performs an 1nverse Irequency transform (e.g., 1verse
MCLT) and provides an acoustic enhancement signal output.
The plurality of adaptive coeflicients utilized by the filter are
modified by the noise adaptive filter and/or the reverberation
adaptive filter.

The noise adaptive filter filters the signals stored in the
noise bufler based, at least in part, upon the plurality of
adaptive coeflicients. The noise adaptive filter 1s adapted to
modily at least one of the plurality of adaptive coeflicients
based, at least 1n part, upon a feedback output from the noise
teedback component.

The noise adaptive filter can employ the improved Wiener
filter technique(s) described herein. The noise adaptive filter
turther provides an output to the noise feedback component.

The noise feedback component provides the noise reduc-
tion feedback output based, at least 1n part, upon a weighted
error calculation of the output of the noise reduction adap-
tive filter.

The reverberation adaptive filter filters the signals stored
in the noise+signal builer based, at least in part, upon the
plurality of adaptive coetlicients. The reverberation adaptive
filter 1s adapted to modity at least one of the plurality of
adaptive coellicients based, at least in part, upon a feedback
output from the reverberation feedback component.

The reverberation adaptive filter employs a reverberation
measuring {ilter technology based on a non-linear function,
for example, the kurtosis metric. The reverberation adaptive
filter further provides an output to the reverberation feed-
back component.
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The reverberation feedback component provides the feed-
back output which 1s used by the reverberation adaptive
filter to control filter updates. The feedback output can be
based, at least in part, upon a non-linear function of the
output of the reverberation adaptive filter.

Other aspects of the present invention provide methods
tor reducing acoustic reverberation, reducing acoustic noise,
and enhancing an acoustic signal. Further provided are a
computer readable medium having computer usable mstruc-
tions for a system for facilitating acoustic reverberation
reduction and a computer readable medium having computer
usable 1nstructions for a system for acoustic noise reduction.
A data packet adapted to be transmitted between two or more
computer components that facilitates acoustic reverberation
reduction, the data packet comprising a data field compris-
ing a plurality of adaptive coeflicients, at least one of the
plurality of adaptive coeflicients having been modified
based, at least 1n part, upon a feedback output based, at least
in part, upon a non-linear function of an acoustic reverbera-
tion reduced output 1s provided. Also provided 1s a data
packet adapted to be transmitted between two or more
computer components that facilitates acoustic noise reduc-
tion, the data packet comprising a data field comprising a
plurality of adaptive coeflicients, at least one of the plurality
of adaptive coellicients having been modified based, at least
in part, upon a feedback output based, at least 1in part, upon
a weighted error calculation of noise statistics and signal+
noise statistics.

To the accomplishment of the foregoing and related ends,
certain 1llustrative aspects of the invention are described
herein 1n connection with the following description and the
annexed drawings. These aspects are indicative, however, of
but a few of the various ways 1n which the principles of the
invention may be employed and the present mvention is
intended to include all such aspects and their equivalents.
Other advantages and novel features of the mvention may
become apparent from the following detailed description of
the 1nvention when considered i conjunction with the
drawings.

BRIEF DESCRIPTION OF TH.

L1

DRAWINGS

FIG. 1 1s a block diagram of an audio enhancement
system 1n accordance with an aspect of the present inven-
tion.

FIG. 2 1s a block diagram of an audio enhancement
system 1n accordance with an aspect of the present mnven-
tion.

FIG. 3 1s a block diagram of a frequency domain audio
enhancement system in accordance with an aspect of the
present mvention.

FIG. 4 1s a block diagram of a multi-channel audio
enhancement system in accordance with an aspect of the
present mvention.

FIG. 5 1s a block diagram of an acoustic noise reduction
system 1n accordance with an aspect of the present mnven-
tion.

FIG. 6 1s a block diagram of a frequency domain acoustic
noise reduction system 1n accordance with an aspect of the
present mvention.

FIG. 7 1s a block diagram of an acoustic noise reduction
system 1n accordance with an aspect of the present imven-
tion.

FIG. 8 1s a block diagram of a signal enhancement system
in accordance with an aspect of the present invention.
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FIG. 9 1s a flow chart illustrating a methodology for
reducing acoustic reverberation 1n accordance with an aspect
of the present invention.

FIG. 10 1s a flow chart illustrating a methodology for
reducing acoustic reverberation 1n accordance with an aspect
of the present invention.

FIG. 11 1s a flow chart illustrating a methodology for
reducing acoustic noise in accordance with an aspect of the
present invention.

FIG. 12 1s a flow chart illustrating a methodology for
reducing acoustic noise in accordance with an aspect of the
present 1nvention.

FIG. 13 1s a flow chart illustrating a methodology for
enhancing an acoustic signal 1n accordance with an aspect of
the present mnvention.

FIG. 14 1s a flow chart further illustrating the method of
FIG. 13 1n accordance with an aspect of the present inven-
tion.

FIG. 15 illustrates an example operating environment 1n
which the present invention may function.

DETAILED DESCRIPTION OF TH.
INVENTION

L1

The present invention 1s now described with reference to
the drawings, wherein like reference numerals are used to
refer to like elements throughout. In the following descrip-
tion, for purposes of explanation, numerous specific details
are set forth 1n order to provide a thorough understanding of
the present mnvention. It may be evident, however, that the
present invention may be practiced without these specific
details. In other instances, well-known structures and
devices are shown in block diagram form in order to
facilitate describing the present invention.

As used 1 this application, the term “computer compo-
nent” 1s intended to refer to a computer-related entity, either
hardware, a combination of hardware and software, soft-
ware, or soltware 1 execution. For example, a computer
component may be, but 1s not limited to being, a process
running on a processor, a processor, an object, an executable,
a thread of execution, a program, and/or a computer. By way
of 1llustration, both an application running on a server and
the server can be a computer component. One or more
computer components may reside within a process and/or
thread of execution and a component may be localized on
one computer and/or distributed between two or more com-
puters.

Referring to FIG. 1, an audio enhancement system 100 1n
accordance with an aspect of the present invention 1s 1llus-
trated. The system 100 includes an adaptive filter 110 and a
teedback component 120. Optionally, the system 100 can
turther include a linear prediction analyzer 130 (LP predic-
tion analyzer 130) and/or a linear prediction synthesis filter
140 (LP synthesis filter 140).

The system 100 can enhance signal(s), for example to
improve the quality of speech that 1s acquired by a micro-

phone (not shown) by reducing reverberation. The system
100 utilizes, at least in part, the principle that certain

characteristics of reverberated speech are different from
those of clean speech. The system 100 can employ a filter
technology (e.g., reverberation measuring) based on a non-
linear function, for example, the kurtosis metric. In one
example, the non-linear function 1s based on increasing a
non-linear measure of speechness (e.g., based on maximiz-
ing kurtosis of an LPC residual of an output signal).

It has been observed that the kurtosis of the linear
prediction (LP) analysis residual of speech reduces with
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reverberation. In one example, the system 100 utilizes a
reverberation-reducing algorithm facilitating an adaptive
gradient-descent algorithm that maximizes LP residual kur-
tosis. In other words, the system 100 facilitates 1dentifying
blind deconvolution filter(s) that make the LP residuals
non-Gaussian. The received noisy reverberated speech sig-
nal 1s x(n) and its corresponding LP residual output (e.g.,
received from the optional LP analyzer 130) 1s X(n). The
adaptive filter 110 (h(n)) 1s an L-tap adaptive filter at time n.
The output of the adaptive filter 110 is ¥(n)=h’(n)
X(n), Where X(n)=[X(n-L+1) ... X(n-1) X(n)]"’. The optional
LP synthesis filter 140 yields y(n), the final processed signal.
Adaptation of the adaptive filter 110 (h(n)) 1s stmilar to the
traditional least means squared (LMS) adaptive filter, except
that 1nstead of a desired signal a feedback output from the
teedback component 120, 1(n) 1s used.

The adaptive filter 110 filters the LP residual output based,
at least 1n part, upon a plurality of adaptive coeflicients. The
adaptive filter 110 modifies at least one of the plurality of
adaptive coellicients based, at least 1n part, upon the feed-
back output of the feedback component 120. The adaptive
filter 110 provides a quality enhanced (e.g., acoustic rever-
beration reduced) output.

The adaptive filter 110 employs a reverberation measuring,
filter technology based on a non-linear function, {for
example, the kurtosis metric. In the instance 1n which the
adaptive filter 110 1s adapted to maximize the kurtosis of an
input signal X(n), for example, based, at least 1n part, upon
the following equation:

T y=E{5 () JEZ{ (1)} -3

(1)

where the expectations E{ } can be estimated from sample

averages. The gradient of J(n) with respect to the current
filter 1s:

(2)

where the dependence on the time n 1s not written for
simplicity. The gradient can be approximated by:

(3)

¢

aJ [4((5{3&2}59 - E{5")y)

¥ = f(n)&n)
E3 {35} /

where 1(n) 1s the feedback output (e.g., function) received
from the feedback component 120. For continuous adapta-
tion, E{¥°(n)} and E{§*(n)} are estimated recursively. The
final structure of the update equations for a filter that
maximizes the kurtosis of the LP residual of the input
wavelorm 1s then given by:

h(n+1)=h(n)+uf(rn)x(n)

(4)

where u controls the speed of adaptation of the adaptive filter
110.

In one example, the non-linear function 1s based, at least
in part, upon selecting a threshold and providing positive
teedback for samples above that threshold and negative
teedback for samples below that threshold.

The feedback component 120 provides the feedback out-
put 1{(n) which 1s used by the adaptive filter 110 to control
filter updates. The feedback output can be based, at least 1n
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part, upon a non-linear function of the quality enhanced
output (e.g., acoustic reverberation reduced) of the adaptive
filter 110. For example, the feedback output can be based, at
least 1 part, upon the following equations:

ALE{F ()3 (n) — E{F ()} 5(n) ()

E3{3*(n)}
E{7(n)} = BE{7(n - D} + (1 = p)§*(n), and

E{* ()} = BE(T (n - DY+ (1 = B (n).

fn) =

where 3 controls the smoothness of the moment estimates.

The LP analyzer 130 analyzes an input signal and pro-
vides the LP residual output. The LP analyzer 130 can be a
filter constrained to be an all-pole linear filter that performs
a linear prediction of the next sample as a weighted sum of
past samples:

(6)

Sp =

P
diSp—1
=1

i

Thus, the LP analyzer 130 has the transier function:

1 (7)

Az) =

The LP analyzer 130 coeflicients a, can be chosen to
minimize the mean square filter prediction error summed
over the analysis window.

The LP synthesis filter 140 filters the acoustic reverbera-
tion output from the adaptive filter 110 and provides a
processed output signal. The LP synthesis filter 140 can
perform the mverse function of the LP analyzer 130.

While FIG. 1 1s a block diagram illustrating components
for the audio enhancement system 100, 1t 1s to be appreciated
that the audio enhancement system 100, the adaptive filter
110, the feedback component 120, the LP prediction ana-
lyzer 130 and/or the LP synthesis filter 140 can be 1mple-
mented as one or more computer components, as that term
1s defined herein. Thus, it 1s to be appreciated that computer
executable components operable to implement the audio
enhancement system 100, the adaptive filter 110, the feed-
back component 120, the LP prediction analyzer 130 and/or
the LP synthesis filter 140 can be stored on computer
readable media including, but not lmmited to, an ASIC
(application specific integrated circuit), CD (compact disc),
DVD (digital video disk), ROM (read only memory), floppy
disk, hard disk, EEPROM (electrically erasable program-
mable read only memory) and memory stick 1n accordance
with the present invention.

Turmning to FIG. 2, an audio enhancement system 200 1n
accordance with an aspect of the present invention 1s 1llus-
trated. For example, LP reconstruction artifacts can be
reduced utilizing the system 200 at the small price of
running two filters.

The system 200 includes a first adaptive filter 210, an LP
analyzer 220, a second adaptive filter 230 and a feedback
component 240. It 1s to be appreciated that the first adaptive
filter 210, the LP analyzer 220, the second adaptive filter 230
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and/or the feedback component 240 can be implemented as
one or more computer components, as that term 1s defined
herein.

The first adaptive filter 210 filters an input signal based,
at least 1n part, upon a plurality of adaptive coeflicients. The
first adaptive filter 210 provides a quality enhanced output
(e.g., acoustic reverberation reduced).

The LP analyzer 220 analyzes the mput signal and pro-
vides a linear prediction residual output. The LP analyzer
220 can be a filter constrained to be an all-pole linear filter
that performs a linear prediction of the next sample as a
weilghted sum of past samples employing equations (6) and
(7) above.

The second adaptive filter 230 filters the linear prediction
output received from the LP analyzer 220 based, at least 1n
part, upon the plurality of adaptive coeflicients. The second
adaptive filter 230 1s adapted to modify at least one of the
plurality of adaptive coeflicients based, at least 1n part, upon
a Teedback output from the feedback component 240.

The second adaptive filter 230 can employ a {ilter tech-
nology (e.g., reverberation measuring) based on a non-linear
function, for example, the kurtosis metric. In the instance 1n
which the second adaptive filter 230 1s adapted to maximize
the kurtosis (J(n)) of an input signal X(n), the second
adaptive filter 230 can modily the plurality of adaptive
coellicients based, at least in part, upon equations (1), (2),
(3) and (4) above. The second adaptive filter 230 further
provides an output to the feedback component 240.

The feedback component 240 provides the feedback out-
put 1{n) which 1s used by the second adaptive filter 230 to
control filter updates. The feedback output can be based, at
least 1n part, upon a non-linear function of the output of the
second adaptive filter 230. For example, the feedback output
can be based, at least 1n part, upon the equation (5) above.

A multi-channel time-domain implementation extends
directly from the system 200. As before, the objective 1s to
maximize the kurtosis of ¥(n), the LP residual of y(n). In this
case,

C
yim) = > hlmxc(n),
c=1

where C 1s the number of channels. Extending the analysis
of the system 200, the multi-channel update equations
become:

h(n+l)=h () +pf()X (1) (8)

where the feedback function 1(n) 1s computed as 1n (5) using
the multi-channel y(n). To jointly optimize the filters, each
channel can be mdependently adapted, using substantially
the same feedback function.

Direct use of the time-domain LMS-like adaptation
described above can, 1n certain circumstances lead to slow
convergence, or no convergence at all under noisy situations,
due, at least 1n part, to large variations 1n the eigenvectors of
the autocorrelation matrices of the input signals. A fre-
quency-domain implementation can reduce this problem.

Referring next to FIG. 3, a frequency domain audio
enhancement system 300 1n accordance with an aspect of the
present invention 1s illustrated. The system 300 includes a
first adaptive filter 310, an LP analyzer 320, a second
adaptive filter 330 and a feedback component 340.

The system 300 uses a subband adaptive filtering structure
based, for example, on the modulated complex lapped

10

15

20

25

30

35

40

45

50

55

60

65

10

transform (MCLT). Since the subband signal has an approxi-
mately flat spectrum, faster convergence and/or reduced
sensitivity to noise, for example, can be achieved.

The first adaptive filter 310 includes a frequency trans-
form 312, a plurality of adaptive coethicients 314 and an
inverse frequency transform 316. The frequency transiorm
312 performs a frequency domain transform of an input
signal. In one example, the frequency transform 312
employs an MCLT that decomposes the input signal into M
complex subbands. However, it 1s to be appreciated that any
suitable frequency domain transiform can be employed by
the frequency transiform 312 1n accordance with the present
invention.

The plurality of adaptive coeflicients 314 are used by the
first adaptive filter to filter the mput signal. The inverse
frequency transform 316 performs an inverse Irequency
domain transform of the filtered frequency transformed
input signal. For example, the inverse frequency transform
316 can perform an mmverse MCLT.

The LP analyzer 320 analyzes the imput signal and pro-
vides a linear prediction residual output. The LP analyzer
320 can be a filter constrained to be an all-pole linear filter
that performs a linear prediction of the next sample as a
weilghted sum of past samples employing equations (6) and

(7) above.

The second adaptive filter 330 includes a frequency
transform 332, a plurality of adaptive coellicients 334 and an
inverse Irequency transform 336. The frequency transiorm
332 performs a frequency domain transform of the linear
prediction output. The second adaptive filter 330 filters the
frequency domain transformed linear prediction output
based, at least 1n part, upon the plurality of adaptive coet-
ficients 334. The second adaptive filter 330 modifies at least
one of the plurality of adaptive coetlicients 334 based, at
least 1n part, upon a feedback output from the feedback
component 340. The second adaptive filter 334 further
provides an output.

In one example, the frequency transform 332 employs an
MCLT that decomposes the mput signal into M complex
subbands. However, 1t 1s to be appreciated that any suitable
frequency domain transform can be employed by the fre-
quency transform 332 1n accordance with the present inven-
tion.

In another example, the frequency transform 312 employs
an MCLT that decompose the mput signal into M complex
subbands. To determine M, the tradeofl that larger M are
desired to whiten the subband spectra, whereas smaller M
are desired to reduce processing delay 1s considered. For
example, a good compromise can be to set M such that the
frame length 1s about 20—40 ms. A subband s of a channel
¢ 1s processed by a complex FIR adaptive filter with L taps
314, H. (s,m), where m 1s the MCLT frame index. By
considering that the MCLT approximately satisfies the con-
volution properties of the FFI, the update equations
described above can be mapped to the frequency domain,
generating the following update equation:

H (s, m+1)=H (s,m)+.1F (s,m)X_*(s,m) (9)

where the superscript * denotes complex conjugation.

The feedback component 340 provides the feedback out-
put based, at least 1n part, upon a non-linear function of the
output of the second adaptive filter 330. Unlike 1n a standard

LMS formulation, the appropniate feedback function F(s, m)

cannot be computed in the frequency domain. To compute
the MCLT-domain feedback function F(s, m), the recon-
structed signal ¥(n) 1s generated and 1(n) 1s computed from
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equation (5). F(s, m) 1s then computed from 1(n), for
example, using the MCLT. The overlapping nature of the
MCLT introduces a one-frame delay in the computation of
F(s, m). Thus, to maintain an appropriate approximation of
the gradient, the previous input block 1s used 1n the update
equation (9), generating the final update equation:

H (s, m+1)— (s, m)+ul(s,m-1)
X *(s,m-1). (10)
Assuming the learning gain p 1s small enough, the extra
delay in the update equation above will introduce a very
small error 1n the final convergence of the filter. As before,
the updated plurality of adaptive coeflicients 334 of the
second adaptive filter 330 are then copied to the plurality of
adaptive coeflicients 314 of the first adaptive filter 310.

It 1s to be appreciated that the first adaptive filter 310, the
LP analyzer 320, the second adaptive filter 330 and/or the
teedback component 340 can be implemented as one or
more computer components, as that term 1s defined herein.

Turning next to FIG. 4, a multi-channel audio enhance-
ment system 400 1n accordance with an aspect of the present
invention 1s illustrated. The system 400 includes a first
channel frequency domain audio enhancement system 410,
through a Gth channel frequency domain audio enhance-
ment system 410, G being an integer greater to or equal to
two. The first channel frequency domain audio enhancement
system 410, through the Gth channel frequency domain
audio enhancement system 410, can be referred to collec-
tively as the frequency domain audio enhancement systems
410. The system 400 further includes a first summing
component 420, a second summing component 430 and a
teedback component 440.

The frequency domain audio enhancement systems 410
include a first adaptive filter 310, an LP analyzer 320 and a
second adaptive filter 330.

The first summing component 420 sums the outputs of the
first adaptive filters 310 of the frequency domain audio
enhancement system 410 and provides a reverberation
reduced output y(n).

The second summing component 430 sums the outputs of
the second adaptive filters 330 of the frequency domain
audio enhancement system 410 and provides an output to the
teedback component 440.

The feedback component 440 provides a feedback output
based, at least 1 part, upon a non-linear function of the
output of the second summing component 430. Operation of
the teedback component 440 can be similar to the feedback
component 340 above.

It 1s to be appreciated that the channel frequency domain
audio enhancement systems 410, the first summing compo-
nent 420, the second summing component 430 and/or the
teedback component 440 can be implemented as one or
more computer components, as that term 1s defined herein.

Referring next to FIG. 5, a noise reduction system 500 in
accordance with an aspect of the present invention 1s 1llus-
trated. The system 500 1ncludes a first statistics component
510, a second statistics component 520 and a spatial filter
530. Optionally, the system 500 can include a voice activity
detector 540.

The system 300 recerves a plurality of input signals (e.g.,
from microphones). FIG. 5 includes four input signals (MIC
1, MIC 2, MIC 3 and MIC 4) for purposes of 1illustration;
howeverj it 1s to be appreciated that the present invention 1s
not intended to be limited to any specific number of input
signals.
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The first statistics component 510 stores statistics asso-
ciated with a first portion or type of an mnput signal (e.g.,
noise statistics associated with a noise portion of an input
signal). The second statistics component 520 (e.g., second
signal statistics component) stores statistics associated with
a second portion or type of the mnput signal (e.g., signal+
noise statistics associated with a signal and noise portion of
the input signal). The spatial filter 530 provides an output
signal, the output signal being based, at least 1n part, upon
a liltered 1nput signal, the filtering being based, at least 1n
part, upon a weighted error calculation of the first statistics
(e.g., noise statistics) and the second statistics (e.g., signal+
noise statistics). As described below, 1t 1s to be appreciated
that the spatial filter 330 of the system 300 can be a fixed
filter or an adaptive filter.

The voice activity detector 540 provides information to
the first statistic component 510 and/or the second statistics
component 520 based, at least 1n part, upon the output signal
of the spatial filter 530. The voice activity detector 540
detects when substantially only the first portion or type of
the input signal (e.g., noise) 1s present (e.g., silent period(s))
and provides the imput signal to the first statistics component
510. When, for example, speech 1s present, possibly with
noise, the mput signal can be provided to the second
statistics component 520 by the voice activity detector 340.

To simplity the notation, an mput vector x(n) 1s formed by
replicating the mput samples as many times as {ilter taps that
will use that sample, the input vector x(n), contains samples
from substantially all input channels, and from current and
past (or “future”) sample of each of those channels. So, for
example, 11 one microphone signal 1s denoted as x,(n), and
another microphone signal as x,(n), an 1nput vector x(n) for
a 3-tap per channel array can be composed as:

x(mn)=[x(n=1)x (m)x, (n+1)x5(1=1) X5(n)x>(n)] (11)

Therefore, at a time 1nstant n, x(n) 1s a Tx1 vector, where T
1s the number of total taps in the filter (e.g., generally the
number of channels multiplied by the number of taps used
for each channel). Furthermore, for simplification of expla-
nation, the time mdex n will be dropped, x will be used to
denote the mput vector. A similar notation will be employed
for other vectors and variables.

It can be assumed that noise 1s linearly added to the
desired signal. In other words, the input signal can be written
as:

X=S5+7 (12)
where s 1s the speech component of the signal and n 1s the
additive ambient or interfering noise. Furthermore, i1t can be
assumed that the noise 1s statistically independent from the
desired signal, although it might be correlated between
different microphones.

The basic hypothesis 1s that the desired signal 1s essen-
tially the same on substantially all channels, possibly with
the exception of a delay, or maybe diflerent room-transier
functions. It 1s desired to compute a filter w, which will
produce a single-channel output y, given by:

(13)

V=W.X

where w 1s the 1xT filter vector, and which minimizes an
appropriate error measure between v and a desired signal d.

The spatial filter 530 can utilize a Wiener filter. In a
Wiener filter, the received signal 1s filtered by a filter
computed as:

pr (R +Rnn) (E{SI}) (14)
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where R __ 1s the autocorrelation matrix for the desired s, for
example, stored 1n the second statistics component 520, R
1s the correlation matrix for the noise component n stored 1n
the first statistics component 510, and E{sx} is the cross
correlation between the desired signal s and the received
signal x.

The above can be directly generalized to a multi-channel
situation, by simply forming a vector containing samples
from several of the channels. Wiener filtering can be shown
to be optimum 1n minimizing MSE between the desired
signal and the output of the filter.

For example, in most practical situations, the filter output
will not be the same as the desired signal, but a distorted
version ol the desired signal. The distortion mntroduced by
the Wiener {iltering can be separated 1nto two parts: residual
noise (e.g., remaining noise that was not removed by the
filter), and signal distortion (e.g., modifications in the origi-
nal signal introduced by the filter in trying to remove the
noise). The human ear 1s more sensitive to 1ndependent
noise. Therefore, Wiener filtering 1s not “human” optimum,
in that 1t gives the same weight to these two kinds of
distortion. Thus, the spatial filter 530 can utilize an improved
filter, which accounts for these two differently. Given an
error criteria, defined as:

e=E{(w.s—dy’ +p(w.n)*}.

(15)

where 3 1s a weighting parameter for the independent noise
component. Thus, 1t can be shown that an improved filter 1s:

wapr:(Rss-l_l?)Rnn)_l(E{dx}}' (1 6)

This modification in the Wiener filter produces a sub-
optimal filter 1n terms of MSE, but it can produce signifi-
cantly better results, when judged on the subjective criteria
of perceived quality, or when using the error criteria defined
above.

In many situations, statistics for the desired signal are not
available. In that case, the above equation can be modified:

Wop=(RooctPR )~ (E{x X J=E{n 1)) (17)
where p=p-1. In this case the signal component received in
one of the microphones (e.g., x ) 1s selected as the desired
signal. The subtracted term E{n_n} makes sure the noise
present 1n that same microphone 1s not incorporated into the
desired signal. Note the formulation in Equation (17) 1s
appropriate for use with the system 3500, as the statistics are
based on the first portion of the input signal (e.g., noise) and
the second portion of the input signal (e.g., noise+signal).

In one example, the signal and the noise have character-
istics that are known beforehand. Accordingly, the spatial
filter 530 can be computed a priori, and therefore be a fixed
filter, with the advantage of reduced computational com-
plexity.

In another example, advance knowledge of the signal and
noise characteristics 1s minimal and/or may be time-varying.
In this case, the noise statistic and the signal+noise statistics
are estimated and the filter 1s computed in an adaptive way.
This can be accomplished by including the voice activity
detector 540, and re-estimating the statistic(s) periodically.
The spatial filter 530 1s then updated periodically, at the
same or lower frequency than the statistics update. In one
example, the spatial filter 530 1s updated less frequently 1n
order to reduce computational overhead. In another
example, the filters are adapted in an LMS-like fashion, as
it will be explained later 1n association with FIG. 7.

It 1s to be appreciated that the first statistics component
510, the second statistics component 520, the spatial filter
530 and/or the voice activity detector 5340 can be imple-
mented as one or more computer components, as that term
1s defined herein.
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Turming to FIG. 6, a frequency domain noise reduction
system 600 in accordance with an aspect of the present
invention 1s 1llustrated. The system 600 1includes a plurality
of frequency transforms 610, a voice activity detector 620,
a filter component 630 and an inverse {frequency transform
640.

It 1s often beneficial for computational and/or perfor-
mance reasons to compute and process the filters above
described 1n the frequency domain. Several methods can be
used to that end, in particular a modulated complex lapped
transform (MCLT). In this example, the plurality of fre-
quency transform 610 implement an MCLT of input signals.
The filter component 630 may employ the filtering described
with respect to FIG. 5 or 7, except that the filtering 1s
performed, for example, for each band. In other words, a
filter 1s computed for each band, and that filter 1s used to
process the samples for that band coming out from the
microphones.

It 1s to be appreciated that the plurality of frequency
transforms 610, the voice activity detector 620, the filter
component 630 and/or the inverse frequency transform 640
can be implemented as one or more computer components,
as that term 1s defined herein.

The matrix mversion implied in Equation (17) can be
computationally demanding, even 1f one uses the properties
of the correlation matrix. One possibility to reduce com-
plexity 1s to use an LMS adaptive filter.

An LMS adaptive filter converges to the optimum filter w,
which minimizes the traditional mean squared error (MSE)
between the output of the filter, and the desired signal. For
example, given an input signal z, and a desired signal d, this
adaptive filter will converge to the optimum filter, which 1s:

(18)

w=(R,) E{dz).

where R, 1s the autocorrelation matrix for the signal z.

This equation 1s similar to Equation (17), with two
exceptions: first, the desired signal 1s not utilized; and,
second, 1t 1s minimizing the wrong error criteria. A LMS
formulation cannot, therefore, be used directly. According,
“artificial” signals are created that will make the LMS filter
converge to our desired filter. In other words, mput and
desired signals are synthesized that will generally make the
LMS filter converge to the filter in Equation (17).

Since the signal and noise are independent, the first term
can be made the same by adding some noise to the signal,
for example, by making z=x+An, where n 1s noise obtained
from the “noise buller”, and A 1s a scalar gain. Using the fact
that x and n are independent, by making A=sqrt(p), results in
R_=R,_ +pR, . Theretore, this choice for z makes the first
part of equations (17) and (18) be substantially the same.

In order to make the second part of equations (17) and
(18) match, the input signal x, cannot be used as the desired
signal, because the term —-E{n_n} would not be present. To
correct for that term, the desired signal d=x,—A"'n, is used
instead. This choice yields:

E{dz} =E{(xq=N"'15) (x+hn) }=E{x -\ nx+x M-
A gh}

(19)

Since n and x are independent, the expected value of cross
products are zero, thus leading to:

E{dz}=E{(xo~h"'no)(x+hn) }=E{xx }~E{non} (20)
And therefore this makes the second part of equation (17)
and (18) match. Accordingly, this particular choice of mput
and desired signals will make the LMS filter converge to the
desired filter.

Turming next to FIG. 7, an LMS-based noise reduction
system 700 in accordance with an aspect of the present
invention 1s illustrated. The system 700 includes a signal+
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noise bufler 710, a noise bufler 720, a signal composer 730,
a lilter 740, an LMS filter 750 and differential component
760.

The algorithm described with respect to FIGS. 5 and 6
works based on the diflerences between the statistics of the
signal and noise. These statistics are computed 1 a two-
phase process (“noise only” and “signal+noise”), and stored
as 1nternal states in the system, represented by the two
matrices (e.g., one for each phase). The adaptation 1s there-
fore based on using the imncoming signal to update one of
these matrices at a time, according to the presence (or
absence) of the desired signal. In contrast, an LMS-based
filter doesn’t have the same two separate internal states
matrices. It usually incorporates input data directly into the
filter coetlicients, and therefore does not allow for this
two-phase process.

To circumvent this problem, 1t 1s first noted note that the
data contamned 1n the statistics matrices 1s essentially a
subset of the mformation contained 1n the corresponding
signals, from which the matrices were computed. So, instead
ol storing the two statistics matrices, the data itself 1s stored
in two separate bullers (e.g, circular), the signal+noise buller
710 and the noise bufler 720, which are used to directly
adapt the LMS filter 750. More precisely, the incoming data
1s classified, for example, by a voice activity detector (not
shown) as eirther “signal+noise” or “noise,” and stored in the
appropriate bufler, signal+noise bufller 710 and noise buller
720, respectively, for later usage. For example, a signal
presence tlag or other signal can be received from the voice
activity detector.

A synthetic mput signal z and 1ts associated desired signal
dare generated by the signal composer 730 by adding data
from the signal+noise butler 710 and/or the noise bufler 720
to the input data. This synthetic signal 1s used to adapt the
LMS filter 750. The filter coeflicients are copied (e.g.,
continuously) to the filter 740, which directly processes the
input signal.

This approach reduces the need for calibration signal(s) as
with conventional system(s), thus making the overall system
more robust to changes 1n the environment, the speaker, the
noise, and/or the microphones. Also, the careful choice of
1 described below—avoids the need to
acquire a “clean” signal. FIG. 7 illustrates an LMS-based

noise reduction system for a single frequency band.

A Tactor 1n achieving the desired results 1s, of course, how
to compose the signals that are used to adapt the LMS filter.
In one example, the composed signals are based on the
optimization criteria discussed belfore, and assuming the
signal+noise builer 710 and/or the noise buller 720 are short
enough so that the signals contained 1n each are represen-
tative of the two classes. A two-phase composition can be
employed: 1f speech 1s detected 1n the mmcoming signal x,
more noise 1s added (from the noise buller 720), to facilitate
achieving the desired extra noise attenuation. In other words,
the mput signal z to the adaptive filter 1s computed as:

Z=X+pH, (21)

and the desired signal 1s set to:

1 22
d:X(}——HU. ( )

Note the negative term added to the desired noise which
1s used, for example, to prevent the small amount of noise
present 1n X, from being preserved. Instead, the filter waill
converge to an unbiased estimate of the filter. On the other
hand, when substantially no speech 1s detected in the incom-
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ing signal, a small amount of signal 1s added, to avoid
converging to a signal-canceling filter:

Z=Px+sS, (23)
and set the associated desired signal to:
1 24
d=— — X + 5. ( )
Je

Note again the negative term 1n the desired signal, which
has substantially the same purpose as described before. Note
also that the input signal 1s scaled 1n such a way that the
energy at the input of the filter does not vary significantly
between speech and silence periods.

Finally, the signal presence flag provided by the voice
activity detector (not shown) 1s used, for example, for two
purposes. A first use 1s to decide between using equations
(21) and (22) or equations (23) and (24) to synthesize the
mgnals While the algorithm adds different signals—depend-
ing on the signal presence flag—this 1s not actually critical.
An eventual misclassification may slow down convergence,
but will not have significant consequences otherwise. A
second use of the signal presence flag 1s to decide 1n which
bufler to store the signal. In contrast with the first case, a
misclassification in the second use may degrade perfor-
mance significantly. Including part(s) of the desired signal in
the noise bufler may lead to signal cancellation. To alleviate
this problem, two distinct speech activity detectors can be
used, one for each of these uses. Since the second use of the
signal presence flag 1s not in the direct signal path, a more
robust, long-delay voice activity detector can be used to
decide 1 which bufler to store the incoming signal. This
volce activity detector can have a “not-sure” region, where
the signal 1s not stored 1n either buftler. Thus, adaptation can
be based, at least in part upon, data stored 1n the system 700
in a different order than the time-of-arrival order.

It 1s to be appreciated that the signal+noise builer 710, the
noise buller 720, the signal composer 730, the filter 740, the
LMS filter 750 and/or the diflerential component 760 can be
implemented as one or more computer components, as that

term 1s defined herein.

Referring next to FIG. 8, a signal enhancement system
800 1n accordance with an aspect of the present invention 1s
illustrated. The system 800 includes a frequency transform
810, a voice activity detector 820, a noise builer 830, a
signal+noise buller 840, a filter 850, a noise adaptive filter
860, a reverberation adaptive filter 870, an inverse frequency
transform 872, a noise feedback component 874 and a
reverberation feedback component 888.

The {frequency transform 810 performs a frequency
domain transform of an mnput signal. In one example, the
frequency transform 810 employs an MCLT that decom-
poses the mput signal into M complex subbands. However,
it 1s to be appreciated that any suitable frequency domain
transiform can be employed by the frequency transform 810
in accordance with the present invention.

The voice activity detector 820 provides information to
the noise bufler 830 and/or the signal+noise bufller 840
based, at least in part, upon the imput signal. The voice
activity detector 820 detects when substantially only noise 1s
present (e.g., silent period(s)) and provides the input signal
to the noise bufler 830. When speech 1s present, possibly
with noise, the put signal can be provided to the noise+
signal bufler 840 by the voice activity detector 820. In one
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example, the voice activity 820 discards sample(s) of the
input signal which 1t 1s unable to classify as noise or
“s1ignal+noise”.

The signals stored in the noise bufler 830 are used to train
the noise adaptive filter 860 while the signal stored in the
noise+signal buller 840 are used train the reverberation
adaptive filter 870. By using signals from the noise builer
830 and/or the noise+signal builer 840, the noise adaptive
filter 860 and/or the reverberation adaptive filter are trained
on a signal that 1s slightly older. In most cases, the signal and
noise characteristics do not change too abruptly, and this
delay does not constitute a problem. Note also that the rate
ol adaptation can be the same, higher or lower than the data
rate. By same data rate 1t 1s meant that one sample from each
butler 1s processed for each sample that 1s received as mput.
A lower adaptation rate reduces complexity, while a higher
rate can 1mprove convergence and/or tracking of the envi-
ronment change(s).

The filter 850 filters the frequency transform 1nput signal
received from the frequency transform 810 based, at least in
part, upon a plurality of adaptive coeflicients. The filter 850
provides a filtered output to the mnverse frequency transform
872 which performs an inverse frequency transform (e.g.,
iverse MCLT) and provides an acoustic enhancement sig-
nal output. The plurality of adaptive coellicients utilized by
the filter 850 are modified by the noise adaptive filter 860
and/or the reverberation adaptive filter 870.

The noise adaptive filter 860 filters the signals stored in
the noise buller 830 based, at least 1n part, upon the plurality
of adaptive coeflicients. The noise adaptive filter 860 1is
adapted to modify at least one of the plurality of adaptive
coellicients based, at least 1n part, upon a feedback output
from the noise feedback component 874.

The noise adaptive filter 860 can employ the improved
Wiener filter technique(s) described above. In the imstance 1n
which the noise adaptive filter 860 1s adapted to modity the
plurality of adaptive coeflicients based, at least 1 part, upon
equations (16) and (17) above. The noise adaptive filter 860
turther provides an output to the noise feedback component
874.

The noise feedback component 874 provides the noise
reduction feedback output based, at least in part, upon a
weighted error calculation of the output of the noise reduc-
tion adaptive filter.

The reverberation adaptive filter 870 filters the signals
stored 1n the noise+signal buller 840 based, at least in part,
upon the plurality of adaptive coellicients. The reverberation
adaptive filter 870 1s adapted to modily at least one of the

plurality of adaptive coeflicients based, at least 1n part, upon
a feedback output from the reverberation feedback compo-

nent 888.

The reverberation adaptive filter 870 employs a rever-
beration measuring filter technology based on a non-linear
function, for example, the kurtosis metric. In the mstance 1n
which the reverberation adaptive filter 870 1s adapted to
maximize the kurtosis (J(n)) of an mnput signal X(n), the
reverberation adaptive filter 870 can modify the plurality of
adaptive coeflicients based, at least 1n part, upon equations
(1), (2), (3) and (4) above. The reverberation adaptive filter
870 further provides an output to the reverberation feedback
component 888.

The reverberation feedback component 888 provides the
teedback output 1{(n) which 1s used by the reverberation
adaptive filter 870 to control filter updates. The feedback
output can be based, at least in part, upon a non-linear
function of the output of the reverberation adaptive filter
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870. For example, the feedback component 894 can employ,
at least 1n part, equation (35) above.

It 1s to be appreciated that the frequency transform 810,
the voice activity detector 820, the noise builer 830, the
signal+noise builer 840, the filter 850, the noise adaptive
filter 860, the reverberation adaptive filter 870, the inverse
frequency transform 872, the noise feedback component 874
and/or the reverberation feedback component 888 can be
implemented as one or more computer components, as that
term 1s defined herein.

In the examples previously described, the mput to the
noise adaptive filter 860 and/or the reverberation adaptive
filter 870 filter 1s the LPC residual of the corresponding
signal. This can have, for example, two main objectives;
first, 1t equalizes the signal, improving convergence. Second,
it provides the output of the filter 1s already in the LPC
residual of the filtered signal. This second attribute 1s
necessary because the (reverberation reducing) nonlinear
feedback function 1s based on maximizing the “impulse
train-like” characteristics of this LPC residual. An alterna-
tive to filtering the input signal, which may be advantageous
in some situations 1s provided below.

In one example, to reduce computational complexity, the
training data 1s not filtered by an LPC filter. Instead, the
(single channel) output of the filter 1s filtered twice by the
LPC filter. The second filter uses the symmetric retflection of
the LPC filter. Not does only this reduces complexity, but 1t
also allows the LPC filter to be computed on the noise
reduced signal, improving performance 1n noisy situations.
This can be seen as incorporating the LPC filtering within
the feedback function.

In view of the exemplary systems shown and described
above, methodologies that may be implemented 1n accor-
dance with the present invention will be better appreciated
with reference to the flow charts of FIGS. 9, 10, 11, 12, 13
and 14. While, for purposes of simplicity of explanation, the
methodologies are shown and described as a series of
blocks, 1t 1s to be understood and appreciated that the present
invention 1s not limited by the order of the blocks, as some
blocks may, 1n accordance with the present mvention, occur
in different orders and/or concurrently with other blocks
from that shown and described herein. Moreover, not all
illustrated blocks may be required to implement the meth-
odologies 1n accordance with the present invention.

The invention may be described 1n the general context of
computer-executable instructions, such as program modules,
executed by one or more components. Generally, program
modules include routines, programs, objects, data structures,
etc. that perform particular tasks or implement particular
abstract data types. Typically the functionality of the pro-
gram modules may be combined or distributed as desired 1n
various embodiments.

Turning to FIG. 9, a method 900 for reducing acoustic
reverberation in accordance with an aspect of the present
imnvention 1s illustrated. At 910, an acoustic reverberation
reduced output based, at least 1n part, upon a plurality of
adaptive coellicients 1s provided. At 920, a coeflicient adap-
tation feedback output 1s provided based, at least in part,
upon a non-linear function of the acoustic reverberation
reduced output. For example, the non-linear function can be
based, at least in part, upon maximization of kurtosis. At
930, at least one of the plurality of adaptive coetlicient 1s
modified based, at least 1n part, upon a feedback output.

Next, referring to FIG. 10, a method 1000 for reducing
acoustic reverberation in accordance with an aspect of the
present mvention 1s illustrated. At 1010, an input signal 1s
filtered based, at least in part, upon a plurality of adaptive
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coeflicients. At 1020, an acoustic reverberation reduced
output 1s provided based, at least 1n part, upon the filtered
mput signal. Next, at 1030, a linear prediction residual
output 1s provided based on the mput signal. At 1040, the
linear prediction residual output 1s filtered based, at least 1n
part, upon the plurality of adaptive coeflicients. At 1050, a
teedback output (e.g., for adapting at least one of the
plurality of adaptive coetlicients) i1s provided based, at least
in part, upon a non-linear function (e.g., based, at least 1n
part, upon maximization ol kurtosis) of the filtered linear
prediction residual output. At 1060, at least one of the
plurality of adaptive coeflicients 1s modified based, at least
in part, upon the feedback output.

Turning next to FIG. 11, a method 1100 for reducing
acoustic noise 1n accordance with an aspect of the present
imnvention 1s illustrated. At 1010, noise statistics associated
with a noise portion of an input signal are computed. At
1020, signal+noise statistics with a signal and noise portion
of the mput signal are computed. At 1030, the mput signal
1s filtered based, at least in part, upon a filter computed based
on optimizing a weighted error criteria, based on calculation
of the noise statistics and the signal+noise statistics.

Referring next to FIG. 12, a method 1200 for reducing
acoustic noise in accordance with an aspect of the present
invention 1s 1llustrated. At 1210, a noise portion of an 1mput
signal 1s stored. At 1220, a signal+noise portion of the input
signal 1s stored. Next, at 1230, the input signal 1s filtered
based, at least in part, upon a plurality of adaptive coetli-
cients. At 1240, a synthetic mput signal and a synthetic
desired signal are generated based, at least in part, upon at
least one of the stored noise portion of the input signal and
the stored signal+noise portion of the mput signal. For
example, the synthetic signals can be chosen, at least 1n part,
to optimize a weighted error criteria of residual noise and
signal distortion.

At 1250, an LMS filter output 1s provided based, at least
in part, upon the plurality of adaptive coetlicients. At 1260,
a feedback output 1s provided based, at least 1n part, upon a
difference between the LMS filter output and the synthetic
desired signal. At 1270, at least one of the plurality of
adaptive coetlicients 1s modified based, at least in part, upon
the feedback output.

Turning to FIGS. 13 and 14, a method 1300 for enhancing,
an acoustic signal 1n accordance with an aspect of the
present mvention 1s 1llustrated. At 1310, noise information
associated with a noise portion of an mnput signal 1s stored.
At 1320, signal+noise information with a signal and noise
portion of the input signal 1s stored. At 1330, the input signal
1s filtered based, at least in part, upon a plurality of adaptive
coellicients.

At 1340, a noise adaptive filter output signal 1s provided
based, at least 1n part, upon the stored noise information and
the plurality of adaptive coeflicients. At 1350, a noise
teedback output 1s provided based, at least in part, upon a
measure of the residual noise. At 1360, at least one of the
plurality of adaptive coeflicients 1s modified based, at least
in part, upon the noise feedback output.

At 1370, a reverberation filter output 1s provided based, at
least in part, upon the stored signal+noise mformation and
the plurality of adaptive coeflicients. At 1380, a reverbera-
tion feedback output 1s provided based, at least 1n part, upon
a non-linear function of the output of the reverberation
adaptive filter. At 1390, at least one of the plurality of
adaptive coeflicients 1s modified based, at least 1n part, upon
the reverberation feedback output.

It 1s to be appreciated that the system and/or method of the
present mvention can be utilized in an overall signal
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enhancement system. Further, those skilled in the art will
recognize that the system and/or method of the present
invention can be employed in a vast array of acoustic
applications, including, but not limited to, teleconierencing
and/or speech recognition. It 1s also to be appreciated that
the system and/or method of the present invention can be
applied to handle multi-channel 1inputs (based on a plurality
of mput devices, for example, microphones).

In order to provide additional context for various aspects
of the present mnvention, FIG. 15 and the following discus-
s10on are intended to provide a brief, general description of a
suitable operating environment 1510 in which various
aspects of the present invention may be implemented. While
the mvention 1s described in the general context of com-
puter-executable 1nstructions, such as program modules,
executed by one or more computers or other devices, those
skilled 1n the art will recognize that the invention can also be
implemented in combination with other program modules
and/or as a combination of hardware and software. Gener-
ally, however, program modules include routines, programs,
objects, components, data structures, etc. that perform par-
ticular tasks or implement particular data types. The oper-
ating environment 1510 1s only one example of a suitable
operating environment and 1s not intended to suggest any
limitation as to the scope of use or functionality of the
invention. Other well known computer systems, environ-
ments, and/or configurations that may be suitable for use
with the invention include but are not limited to, personal
computers, hand-held or laptop devices, multiprocessor sys-
tems, microprocessor-based systems, programmable con-
sumer electronics, network PCs, minicomputers, mainirame
computers, distributed computing environments that include
the above systems or devices, and the like.

With reference to FIG. 15, an exemplary environment
1510 for implementing various aspects ol the invention
includes a computer 1512. The computer 1512 includes a
processing unit 1514, a system memory 13516, and a system
bus 1518. The system bus 1518 couples system components
including, but not limited to, the system memory 1516 to the
processing unit 1514. The processing unit 1514 can be any
ol various available processors. Dual microprocessors and
other multiprocessor architectures also can be employed as
the processing unit 1514.

The system bus 1518 can be any of several types of bus
structure(s) including the memory bus or memory controller,
a peripheral bus or external bus, and/or a local bus using any
variety ol available bus architectures including, but not
limited to, 15-bit bus, Industrial Standard Architecture
(ISA), Micro-Channel Architecture (MSA), Extended ISA
(EISA), Intelligent Drive Electronics (IDE), VESA Local
Bus (VLB), Peripheral Component Interconnect (PCI), Uni-
versal Serial Bus (USB), Advanced Graphics Port (AGP),
Personal Computer Memory Card International Association
bus (PCMCIA), and Small Computer Systems Interface
(SCSI).

The system memory 1516 includes volatile memory 1520
and nonvolatile memory 1522. The basic input/output sys-
tem (BIOS), containing the basic routines to transfer infor-
mation between elements within the computer 1512, such as
during start-up, i1s stored in nonvolatile memory 1522. By
way ol illustration, and not limitation, nonvolatile memory

1522 can include read only memory (ROM), programmable
ROM (PROM), electrically programmable ROM (EPROM),

clectrically erasable ROM (EEPROM), or flash memory.
Volatile memory 1520 includes random access memory
(RAM), which acts as external cache memory. By way of
illustration and not limitation, RAM 1s available in many
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forms such as synchronous RAM (SRAM), dynamic RAM
(DRAM), synchronous DRAM (SDRAM), double data rate
SDRAM (DDR SDRAM), enhanced SDRAM (ESDRAM),
Synchlink DRAM (SLDRAM), and direct Rambus RAM
(DRRAM).

Computer 1512 also includes removable/nonremovable,
volatile/nonvolatile computer storage media. FIG. 15 illus-
trates, for example a disk storage 1524. Disk storage 1524
includes, but 1s not limited to, devices like a magnetic disk
drive, tloppy disk drive, tape drive, Jaz drive, Zip drive,
L.S-100 drive, flash memory card, or memory stick. In
addition, disk storage 1524 can include storage media sepa-
rately or 1n combination with other storage media including,
but not limited to, an optical disk drive such as a compact
disk ROM device (CD-ROM), CD recordable drive (CD-R
Drive), CD rewrnitable drive (CD-RW Drnve) or a digital
versatile disk ROM drive (DVD-ROM). To facilitate con-
nection of the disk storage devices 1524 to the system bus
1518, a removable or non-removable interface 1s typically
used such as interface 1526.

It 1s to be appreciated that FIG. 15 describes software that
acts as an mtermediary between users and the basic com-
puter resources described in suitable operating environment
1510. Such software includes an operating system 1328.
Operating system 1528, which can be stored on disk storage
1524, acts to control and allocate resources of the computer
system 1512. System applications 1530 take advantage of
the management ol resources by operating system 1528
through program modules 1532 and program data 1534
stored eirther 1n system memory 1516 or on disk storage
1524. It 1s to be appreciated that the present invention can be
implemented with various operating systems or combina-
tions of operating systems.

A user enters commands or information nto the computer
1512 through imput device(s) 1536. Input devices 13536
include, but are not limited to, a poimnting device such as a
mouse, trackball, stylus, touch pad, keyboard, microphone,
joystick, game pad, satellite dish, scanner, TV tuner card,
digital camera, digital video camera, web camera, and the
like. These and other input devices connect to the processing
unit 1514 through the system bus 1518 via interface port(s)
1538. Interface port(s) 1538 include, for example, a serial
port, a parallel port, a game port, and a universal serial bus
(USB). Output device(s) 1540 use some of the same type of
ports as input device(s) 1536. Thus, for example, a USB port
may be used to provide mput to computer 1512, and to
output information from computer 1512 to an output device
1540. Output adapter 1542 1s provided to illustrate that there
are some output devices 1540 like monitors, speakers, and
printers among other output devices 1540 that require spe-
cial adapters. The output adapters 1542 include, by way of
illustration and not limitation, video and sound cards that
provide a means of connection between the output device
1540 and the system bus 1518. It should be noted that other
devices and/or systems of devices provide both mput and
output capabilities such as remote computer(s) 1544.

Computer 1512 can operate 1n a networked environment
using logical connections to one or more remote computers,
such as remote computer(s) 1544. The remote computer(s)
1544 can be a personal computer, a server, a router, a
network PC, a workstation, a microprocessor based appli-
ance, a peer device or other common network node and the
like, and typically includes many or all of the elements
described relative to computer 1512. For purposes of brev-
ity, only a memory storage device 1546 i1s illustrated with
remote computer(s) 1544. Remote computer(s) 1544 1s
logically connected to computer 1512 through a network
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interface 1548 and then physically connected via commu-
nication connection 1550. Network interface 1548 encom-
passes communication networks such as local-area networks
(LAN) and wide-area networks (WAN). LAN technologies
include Fiber Distributed Data Interface (FDDI), Copper
Distributed Data Interface (CDDI), Ethernet/IEEE 1502.3,
Token Ring/IEEE 1502.5 and the like. WAN technologies
include, but are not limited to, point-to-point links, circuit
switching networks like Integrated Services Digital Net-
works (ISDN) and variations thereon, packet switching
networks, and Digital Subscriber Lines (DSL).

Communication connection(s) 1550 refers to the hard-
ware/solftware employed to connect the network interface
1548 to the bus 1518. While communication connection
1550 1s shown for illustrative clarity iside computer 1512,
it can also be external to computer 1512. The hardware/
soltware necessary for connection to the network interface
1548 includes, for exemplary purposes only, nternal and
external technologies such as, modems including regular
telephone grade modems, cable modems and DSL modems,
ISDN adapters, and Ethernet cards.

What has been described above includes examples of the
present mvention. It 1s, of course, not possible to describe
every concervable combination of components or method-
ologies for purposes of describing the present invention, but
one of ordinary skill in the art may recognize that many
turther combinations and permutations of the present inven-
tion are possible. Accordingly, the present invention 1s
intended to embrace all such alterations, modifications and
variations that fall within the spirit and scope of the
appended claims. Furthermore, to the extent that the term
“includes™ 1s used 1n either the detailed description or the
claims, such term i1s intended to be inclusive 1n a manner
similar to the term “comprising” as “comprising’ 1s inter-
preted when employed as a transitional word 1n a claim.

What 1s claimed 1s:

1. An audio enhancement system, comprising:

an adaptive filter that filters an 1nput signal, at least 1n part,
upon a plurality of adaptive coeflicients, the adaptive
filter modifying at least one of the plurality of adaptive
coellicients based, at least 1n part, upon a feedback
output, the adaptive filter providing a quality enhanced
output; and,

a feedback component that provides the feedback output
based, at least in part, upon a non-linear function of the
quality enhanced output, the non-linear function being,
based, at least 1n part, upon the following equation:

E{7* (n)}

.7 -3
EX{3"(n)}

J(n) =

where J(n) 1s the kurtosis metric,
y-tilda(n) 1s the quality enhanced output, and
E{} are expectations.

2. The audio enhancement system of claim 1, the non-
linear function being based on increasing a non-linear mea-
sure ol speechness.

3. The audio enhancement system of claim 2, the non-
linear measure of speediness being based on maximizing
kurtosis of a linear predictive coding (LPC) residual of the
quality enhanced output.

4. The audio enhancement system of claim 2, the non-
linear measure of speechness being based on maximizing the
impulse-train like characteristic of a linear predictive coding
(LPC) residual of the quality enhanced output.
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5. The audio enhancement system of claim 1, the mput

signal being based on one microphone.

6. The audio enhancement system of claim 1, the mput

signal being based on at least two microphones.

7. An audio enhancement system, comprising:

a first adaptive filter that filters an 1nput signal based, at
least 1in part, upon a plurality of adaptive coetlicients,
the first adaptive filter providing a quality enhanced
output;

a second adaptive filter that filters the input signal based,
at least 1n part, upon the plurality of adaptive coetl-
cients, the second adaptive filter moditying at least one
of the plurality of adaptive coellicients based, at least 1n
part, upon a feedback output, the second adaptive filter
further providing an output; and,

a feedback component that provides the feedback output
based, at least 1n part, upon a non-linear function of the
output of the second adaptive filter, the non-linear
function being based, at least 1n part, upon the follow-
ing equation:

where I(n) 1s the kurtosis metric,
y-tilda(n) 1s the output of the second adaptive filter, and
E{} are expectations.

8. The audio enhancement system of claim 7, the second
adaptive filter being adapted based on a delayed version of
the mput signal.

9. The audio enhancement system of claim 7, the second
adaptive filter being adapted based on a modified version of
the mput signal.

10. The audio enhancement system of claim 7, the second
adaptive filter being adapted based on an equalized version
of the mput signal.

11. The audio enhancement system of claim 7, the second
adaptive filter running at a different data rate than the first
adaptive filter.

12. The audio enhancement system of claim 11, the
second adaptive filter running at a lower data rate than the
first adaptive filter.

13. The audio enhancement system of claim 11, the
second adaptive filter running at a higher data rate than the
first adaptive filter.

14. The audio enhancement system of claim 7, the second
adaptive filter using data stored in the system.

15. The audio enhancement system of claim 14, the
second adaptive filter using the data stored in the system
more than once.

16. The audio enhancement system of claim 14, the
second adaptive filter using the data stored in the system 1n
a diflerent order than the time-of-arrival to a microphone
order.

17. The audio enhancement system of claim 7, the adap-
tive filter using data modified to edit out non-voiced parts of
the mput signal.

18. The audio enhancement system of claim 7, further
comprising a plurality of second adaptive filters.

19. The audio enhancement system of claim 18, the first
adaptive filter and the plurality of second adaptive filters
employing the same plurality of adaptive coeflicients, the
plurality of adaptive coellicients being modified, at least in
part, based on an output of at least one of the second
adaptive filters.
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20. The audio enhancement system of claim 19, adapta-
tion feedback provided by at least one of the second adaptive
filters being based on a non-linear function.

21. An acoustic reverberation reduction system, compris-
ng:

an adaptive filter that filters a linear prediction output

based, at least in part, upon a plurality of adaptive
coellicients, the adaptive filter moditying at least one of
the plurality of adaptive coetlicients based, at least in
part, upon a feedback output, the adaptive filter pro-
viding an acoustic reverberation reduced output; and,

a feedback component that provides the feedback output

based, at least in part, upon a non-linear function of the
acoustic reverberation reduced output, the non-linear
function being based, at least 1n part, upon the follow-
Ing equation:

where J(n) 1s the kurtosis metric,
y-tilda(n) 1s the acoustic reverberation reduced output, and
E{} are expectations.

22. The acoustic reverberation system of claim 21, further
comprising a linear prediction analyzer that analyzes an
mput signal and provides the linear prediction residual
output.

23. The acoustic reverberation system of claim 22, further
comprising a linear prediction synthesis filter that filters the
acoustic reverberation reduced output and provides a pro-
cessed output signal.

24. The acoustic reverberation reduction system of claim
21, the non-linear function being based, at least 1n part, upon
maximization of kurtosis.

25. The acoustic reverberation reduction system of claim
24, the non-linear function being based, at least 1n part, upon
selecting a threshold, and providing positive feedback for
samples above that threshold and negative feedback for
samples below that threshold.

26. The acoustic reverberation system of claim 21, the
teedback component employing linear predictive coding
(LPC) filtering of the acoustic reverberation reduced output,
the feedback output being based, at least in part, upon a
non-linear function based on a LPC residual.

27. The acoustic reverberation system of claim 21, the
teedback component employing linear predictive coding
(LPC) filtering of the acoustic reverberation reduced output,
the feedback output being based, at least in part, upon a
non-linear function based on a LPC residual which increases
the impulse-train characteristics of the LPC residual.

28. The acoustic reverberation system of claim 21, the
feedback component employing linear predictive coding
(LPC) filtering of the acoustic reverberation reduced output,
the feedback output being based, at least in part, upon a
non-linear function based on a LPC residual which increases
the kurtosis of the LPC residual.

29. An acoustic reverberation reduction system, compris-
ng:

a first adaptive filter that filters an input signal based, at
least 1n part, upon a plurality of adaptive coeflicients,
the first adaptive filter providing an acoustic reverbera-
tion reduced output;

a second adaptive filter that filters a linear prediction
output based, at least in part, upon the plurality of
adaptive coellicients, the second adaptive filter modi-
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fying at least one of the plurality of adaptive coefli-
cients based, at least 1n part, upon a feedback output,
the second adaptive filter further providing an output;
and,

a feedback component that provides the feedback output
based, at least 1n part, upon a non-linear function of the
output of the second adaptive filter, the non-linear
function being based, at least 1n part, upon the follow-
ing equation:

where I(n) 1s the kurtosis metric,
y-tilda(n) 1s to output of the second adaptive filter, and
E{} are expectations.

30. The acoustic reverberation reduction system of claim
29, further comprising a linear prediction analyzer that
analyzes the mput signal and provides the linear prediction
residual output.

31. The acoustic reverberation reduction system of claim
29, the non-linear function being based, at least 1n part, upon
maximization ol kurtosis.

32. The acoustic reverberation reduction system of claim
29, the first adaptive filter further comprising a frequency
transform component that performs a frequency domain
transiform of the input signal, filtering of the first adaptive
filter being performed on the frequency transformed 1nput
signal, the first adaptive filter further comprising an inverse
frequency transform component that performs an inverse
frequency domain transform of the filtered frequency trans-
formed mput signal.

33. The acoustic reverberation reduction system of claim
32, the frequency domain transform being a Modulated
Complex Lapped Transiorm.

34. The acoustic reverberation reduction system of claim
32, the second adaptive filter further comprising a frequency
transform component that performs a frequency domain
transform of the input signal, filtering of the second adaptive
filter being performed on the frequency transformed 1nput
signal, the second adaptive filter further comprising an
iverse Irequency transiform component that performs an
inverse frequency domain transform of the filtered fre-
quency transformed mput signal.

35. The acoustic reverberation reduction system of claim
34, the frequency domain transiform of the second adaptive
filter being a Modulated Complex Lapped Transiorm.

36. An acoustic reverberation reduction system, compris-
ng:

a plurality of reverberation reduction channel compo-
nents, at least some of the reverberation reduction
channel components comprising a first adaptive filter
comprising a frequency transform component that per-
forms a frequency domain transform of an 1nput signal
of the channel, the first adaptive filter filtering the
frequency transformed input signal based, at least 1n
part, upon a plurality of adaptive coeflicients, the first
adaptive filter further comprising an inverse ifrequency
transform component that performs an inverse 1ire-
quency domain transform of the filtered frequency
transformed 1input signal and provides an acoustic
reverberation reduced output; a linear prediction ana-
lyzer that analyzes the mput signal of the channel and
provides a linear prediction residual output; a second
adaptive filter comprising a frequency transform com-
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ponent that performs a frequency domain transform of
the linear prediction residual output, the second adap-
tive filter filtering the linear prediction residual output
based, at least 1n part, upon a plurality of adaptive
coellicients, the second adaptive filter further compris-
ing an inverse Irequency transform component that
performs an inverse frequency domain transformed of
the filtered frequency transformed linear prediction
residual output and provides an output; and

a summing component that sums the plurality of outputs
of the second adaptive filters; and,

a feedback component that modifies at least one of the
plurality of adaptive coeflicients based, at least 1n part,
upon a non-linear function of the output of summing
component, the non-linear function being based, at
least in part, upon the following equation:

E{7* (n)}

-7 -3
EX{5"(n)}

J(n) =

where J(n) 1s the kurtosis metric.
y-tilda(n) 1s the output of the summing component, and
E{} are expectations.

377. The acoustic reverberation reduction system of claim
36, the non-linear function being based, at least 1n part, upon
maximization ol kurtosis.

38. The acoustic reverberation reduction system of claim
36, the frequency domain transform of at least one of the first
adaptive filter and the second adaptive filter being a Modu-
lated Complex Lapped Transform.

39. The acoustic reverberation reduction system of claim
36, data used to drive the second adaptive filter being stared
in the system.

40. The acoustic reverberation reduction system of claim
39, the data used to drive the second adaptive filter not being
synchronized with the mput signal.

41. The acoustic reverberation reduction system of claim
36, the data used to drive the second adaptive filter being
based, at least 1n part, upon the presence of voiced speech.

42. The acoustic reverberation reduction system of claim
36, a data rate of the first and second adaptive filters being
different.

43. The acoustic reverberation reduction system of claim
36, the data on each channel corresponding to a signal from
different microphones.

44. An acoustic signal enhancement system, comprising:

a voice activity noise detector that provides information to
a noise bufler and a signal+noise bufler;

a filter that filters the 1nput signal based, at least 1n part,
upon a plurality of adaptive coetlicients, the filter
providing an acoustic enhanced signal output;

a noise adaptive filter that that filters information stored 1n
the noise buller based, at least in part, upon the plurality
of adaptive coetlicients, the noise reduction adaptive
filter moditying at least one of the plurality of adaptive
coellicients based, at least in part, upon a noise reduc-
tion feedback output, the noise reduction adaptive filter
further providing an output;

a noise lfeedback component that provides the noise
reduction feedback output based, at least 1n part, upon
a weighted error calculation of the output of the noise
reduction adaptive filter;

a reverberation reduction adaptive filter that filters at least
a part of the speech signal based, at least 1n part, upon
the plurality of adaptive coetlicients, the reverberation
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reduction adaptive filter modifying at least one of the
plurality of adaptive coeflicients based, at least 1n part,
upon a reverberation feedback output, the reverberation
reduction adaptive filter further providing an output;
and,

a reverberation feedback component that provides the
reverberation feedback output based, at least 1n part,
upon a non-linear function of the output of the rever-
beration reduction adaptive filter, the non-linear func-
tion being based, at least in part, upon the following
equation:

where I(n) 1s the kurtosis metric,
y-tilda(n) 1s the output of the reverberation reduction
adaptive filter, and
E{} are expectations.
45. A method for reducing acoustic reverberation, com-
prising:
providing an acoustic reverberation reduced output based,
at least 1n part, upon a plurality of adaptive coeflicients;
modilying at least one of the plurality of adaptive coel-
ficient based, at least in part, upon a feedback output;
and,
providing the feedback output based, at least in part, upon
a non-linear function of the acoustic reverberation
reduced output, the non-linear function being based, at
least 1 part, upon the following equation:

where J(n) 1s the kurtosis metric,

y-tilda(n) 1s the acoustic reverberation reduced output,
and

E{} are expectations.

46. The method of claim 45, the non-linear function being,

based, at least 1n part, upon maximization of kurtosis.
47. A method for enhancing an acoustic signal, compris-
ng:

storing noise mformation associated with a noise portion
of an 1nput signal;

storing signal+noise mformation with a signal and noise
portion of the input signal;

filtering the 1put signal based, at least in part, upon a
plurality of adaptive coetlicients;

providing a noise adaptive filter output signal based, at
least 1n part, upon the stored noise information and the
plurality of adaptive coetlicients;

moditying at least one of the plurality of adaptive coel-
ficients based, at least 1n part, upon a noise feedback
output;

providing the noise feedback output based, at least in part,
upon a weighted error of the noise statistics and the
signal+noise statistics;

providing a reverberation {ilter output based, at least in
part, upon the stored signal-noise information and the
plurality of adaptive coethicients;
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modifying at least one of the plurality of adaptive coet-
ficients based, at least in part, upon a reverberation
feedback output; and,

providing the reverberation feedback output based, at
least 1n part, upon a non-linear function of the output of
the reverberation adaptive filter, the non-linear function
being based, at least 1n part, upon the following equa-
tion:

where J(n) 1s the kurtosis metric,

y-tilda(n) 1s the output of the reverberation adaptive filter,
and

E{} are expectations.

48. A computer readable medium storing computer
executable components of a system facilitating acoustic
reverberation reduction, comprising;

an adaptive filter component that filters a linear prediction
output based, at least in part, upon a plurality of
adaptive coellicients, the adaptive filter component
moditying at least one of the plurality of adaptive
coellicients based, at least 1n part, upon a feedback
output the adaptive filter component providing an
acoustic reverberation reduced output; and,

a feedback component that provides the feedback output
based, at least 1n part, upon a non-linear function of the
acoustic reverberation reduced output, the non-linear
function being based, at least 1n part, upon the follow-
ing equation:

where I(n) 1s the kurtosis metric,
y-tilda(n) 1s the acoustic reverberation reduced output, and
E{} are expectations.
49. An acoustic reverberation reduction system, compris-
ng:
means for providing an acoustic reverberation reduced
output based, at least in part, upon a plurality of
adaptive coellicients;
means for moditying at least one of the plurality of
adaptive coellicient based, at least in part, upon a
feedback output; and,
means for providing the feedback output based, at least 1n
part, upon a non-linear function of the acoustic rever-
beration reduced output, the non-linear function being
based, at least in part, upon the following equation:

where I(n) 1s the kurtosis metric,
y-tilda(n) 1s the acoustic reverberation reduced output, and
E{} are expectations.
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