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SMART SENSOR IMPLEMENTATIONS OF
REGION OF INTEREST OPERATING
MODES

BACKGROUND

An 1mage sensor includes a plurality of light-sensing
pixels that measure an intensity of light incident thereon and
thereby collectively capture an 1image of an environment. A
frame rate may be applied to the image sensor to allow the
image sensor to generate 1images ol the environment. Image
sensors may be used in a plurality of applications such as
photography, robotics, and autonomous vehicles.

SUMMARY

An 1mage sensor may contain a plurality of regions of
interest (ROIs), each of which may be read out indepen-
dently of the other ROIs. The image sensor may be used to
capture a full-resolution 1mage that includes each of the
ROIs. Based on the content of the full-resolution 1mage, an
ROI may be selected from which ROI images are to be
acquired. These ROI 1images may be acquired at a higher
frame rate than the full-resolution 1mage. The 1image sensor
may be configured to operate at a frame rate higher than a
threshold rate, and a corresponding number of frames can be
processed during a given duty cycle. Upon detection of
objects of interest, frames that comprise ROI images of the
objects of interest can be processed during one or more next
duty cycles, thereby increasing a processing speed for
1mages.

In a first example embodiment, a system 1s provided that
includes an 1mage sensor having a plurality of pixels that
form a plurality of regions of interest (ROIs). The image
sensor 1s configured to operate at a frame rate higher than a
threshold rate. The system also includes an 1image processing,
resource. The system further includes control circuitry con-
figured to perform operations that include obtaining, from
the 1mage sensor, a full-resolution 1mage of an environment.
The full-resolution 1mage contains each respective ROI of
the plurality of ROIs. The operations also include selecting
a particular ROI based on the full-resolution 1mage. The
operations further include detecting at least one object of
interest 1n the particular ROI. The operations also include
determining a mode of operation by which subsequent
image data generated by the particular ROI 1s to be pro-
cessed. The operations further include processing, based on
the mode of operation and the frame rate, the image data
comprising a plurality of ROI images of the at least one
object of interest.

In a second example embodiment, a method 1s provided
that 1includes obtaining, by control circuitry and from an
image sensor comprising a plurality of pixels that form a
plurality of regions of interest (ROIs), a tull-resolution
image ol an environment. The full-resolution image contains
cach respective ROI of the plurality of ROIs. The image
sensor 1s configured to operate at a frame rate higher than a
threshold rate. The method also includes selecting a particu-
lar ROI based on the full-resolution 1mage. The method
turther includes detecting at least one object of interest in the
particular ROI. The method also includes determining a
mode of operation by which subsequent 1mage data gener-
ated by the particular ROI 1s to be processed. The method
turther includes processing, based on the mode of operation
and the frame rate, the 1mage data comprising a plurality of
ROI 1mages of the at least one object of interest.
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In a third example embodiment a non-transitory computer

readable storage medium 1s provided having stored thereon
instructions that, when executed by a computing device,
cause the computing device to perform operations. The
operations include obtaining, from an 1mage sensor com-
prising a plurality of pixels that form a plurality of ROlIs, a
tull-resolution 1mage of an environment. The full-resolution
image contains each respective ROI of the plurality of ROls.
The 1mage sensor 1s configured to operate at a frame rate
higher than a threshold rate. The operations also include
selecting a particular ROI based on the full-resolution
image. The operations further include detecting at least one
object of interest 1n the particular ROI. The operations also
include determining a mode of operation by which subse-
quent 1mage data generated by the particular ROI 1s to be
processed. The operations further include processing, based
on the mode of operation and the frame rate, the 1mage data
comprising a plurality of ROI images of the at least one
object of interest.
These, as well as other embodiments, aspects, advantages,
and alternatives, will become apparent to those of ordinary
skill 1n the art by reading the following detailed description,
with reference where appropriate to the accompanying
drawings. Further, this summary and other descriptions and
figures provided herein are mtended to illustrate embodi-
ments by way of example only and, as such, that numerous
variations are possible. For instance, structural elements and
process steps can be rearranged, combined, distributed,
climinated, or otherwise changed, while remaining within
the scope of the embodiments as claimed.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 illustrates a block diagram of an image sensor with
three integrated circuit layers, 1n accordance with example
embodiments.

FIG. 2 illustrates an arrangement of regions of interest, 1n
accordance with example embodiments.

FIG. 3 1llustrates an example architecture of an ROI mode
processor for an 1mage sensor, 1 accordance with example
embodiments.

FIG. 4 illustrates an example ROI mode processor, 1n
accordance with example embodiments.

FIG. 5 1s a conceptual illustration of wireless communi-
cation between various computing systems related to an
autonomous vehicle, in according to example embodiments.

FIG. 6 1llustrates an example sensor architecture in which
various types of sensors are configured to share one or more
of ROI imformation with one another via a peer-to-peer
network, 1 accordance with example embodiments.

FIG. 7 illustrates a flow chart, 1n accordance with example
embodiments.

DETAILED DESCRIPTION

Example methods, devices, and systems are described
herein. It should be understood that the words “example”
and “exemplary” are used herein to mean “serving as an
example, instance, or illustration.” Any embodiment or
feature described herein as being an “example,” “exem-
plary,” and/or “illustrative” 1s not necessarily to be construed
as preferred or advantageous over other embodiments or
features unless stated as such. Thus, other embodiments can
be utilized and other changes can be made without departing
from the scope of the subject matter presented herein.

Accordingly, the example embodiments described herein

are not meant to be limiting. It will be readily understood
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that the aspects ol the present disclosure, as generally
described herein, and illustrated in the figures, can be

arranged, substituted, combined, separated, and designed 1n
a wide variety of different configurations.

Further, unless context suggests otherwise, the features
illustrated in each of the figures may be used 1n combination
with one another. Thus, the figures should be generally
viewed as component aspects of one or more overall
embodiments, with the understanding that not all 1llustrated
features are necessary for each embodiment.

Additionally, any enumeration of elements, blocks, or
steps 1n this specification or the claims 1s for purposes of
clanity. Thus, such enumeration should not be interpreted to
require or imply that these elements, blocks, or steps adhere
to a particular arrangement or are carried out 1n a particular
order. Unless otherwise noted, figures are not drawn to scale.

I. OVERVIEW

Image sensors may be provided on an autonomous vehicle
to assist with perception of and navigation through the
environment. In some cases, these 1mage sensors may be
capable of generating more data than can be timely pro-
cessed by the control system of the autonomous vehicle.
This may be the case, for example, when a large number of
image sensors 1s provided on the vehicle and/or when the
resolution of each image sensor 1s high, resulting 1n gen-
eration of a large amount of 1mage data. In some cases, the
amount of data transfer bandwidth available on the autono-
mous vehicle and/or the desired data transfer latency may
limit the amount of 1mage data that can be utilized by the
control system. In other cases, the amount of processing
power provided by the control system may limit the amount
of 1mage data that can be processed.

Generating and processing a larger amount of 1image data
may, in general, be desirable as 1t may allow for detection,
tracking, classification, and other analysis of objects within
the environment. For example, capturing images at a high
frame rate may allow for analysis of fast-moving objects by
representing such objects without motion blur. In some
implementations, the frame rate may be set to be higher than
a threshold rate. For example, the threshold rate may be 50
frames per second (Ips), and the frame rate may be 50 Ips or
higher. Similarly, capturing high-resolution 1images may
allow for analysis of far-away objects, or for analysis of
objects 1n a low light intensity environment. Notably, 1n
some cases, such objects might be represented in a portion
of the entire image generated by an 1mage sensor, rather than
taking up the entirety of the image.

Accordingly, an image sensor and corresponding circuitry
may be configured to operate at one or more modes of
operation. For example, the image sensor may be configured
to generate full-resolution 1mages (1.e., 1mages containing,
cach of the ROIs) and ROI images that contain therein some
object of interest, but not all the ROIs. Also, for example, the
image sensor may be configured to generate ROI images that
contain therein some object of interest and not generate a
tull-resolution 1mage. In one example, one or more ROI
images may be used to determine a speed of at least one
object of interest.

For example, an image sensor may be configured to
operate at a high frame rate of 30 frames per second (ips).
Generally, the frame rate may determine a number of the
plurality of ROI mmages of the object of interest. For
example, a configuration at a frame rate of 50 {ps may result
in a generation of 5 frames per millisecond (msec). These 5
frames can be used to perform 1image processing tasks such
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4

as, for example, reducing noise, image enhancement, 1mage
sharpening, object detection, object tracking, and so forth.
Upon detecting objects of interest, ROI images of detected
objects may be generated and processed further. For
example, a full-resolution 1mage may be processed 1 100
msec, then a full-resolution 1image and one or more ROI
images may be processed during the next 100 msec. This
may be followed with only ROI images being processed
during the next 100 msec, and so on. Such a processing cycle
may be repeated.

To that end, the 1mage sensor and corresponding circuitry
may be provided that divide the image sensor into a plurality
of ROIs and allow for selective readout of 1image data from
individual ROIs. These ROIs may allow the image sensor to
accommodate high frame rate and/or high resolution 1imag-
ing while at the same time reducing the total amount of
image data that 1s generated, transmitted, and analyzed. That
1s, the 1mage sensor may generate image data 1n some ROIs
(c.g., those that contain therein some object of interest)
while other ROIs (e.g., those that do not contain at least one
object of interest) are not used to generate 1image data. The
tull-resolution 1mages may be analyzed to detect therein at
least one object of interest, and the ROI in which the at least
one object of interest 1s represented may subsequently be
used to generate a plurality of ROI mmages for further
analysis.

In another example, a full-resolution 1mage may be used
to determine a distance between the image sensor and at
least one object of interest. When this distance crosses a
threshold distance (e.g., exceeds the threshold distance or
falls below the threshold distance), the ROI containing the
object may be selected and used to acquire a plurality of ROI
images of the object. For example, when pedestrians are
determined, based on the full-resolution 1mage, to be within
the threshold distance of an autonomous vehicle, a plurality
of ROI images of the pedestrians may be acquired. An ROI
may additionally or alternatively be selected based on a
classification of the object 1n the full-resolution 1mage or
other properties of the object or the full-resolution 1mage.
For example, ROI images of traflic lights or signals may be
acquired based on a classification thereof. These and other
attributes of at least one object of interest 1n a full-resolution
image may be used independently or in combination to
select a particular ROI.

In another example, a full-resolution 1image may be used
to determine a speed of at least one object of interest
represented within the full-resolution 1mage. When this
speed crosses a threshold speed (e.g., exceeds the threshold
speed or falls below the threshold speed), the ROI contain-
ing the object may be selected and used to acquire a plurality
of ROI images of the object. For example, when oncoming
vehicles are determined, based on the full-resolution image,
to be within the threshold speed, a plurality of ROI images
of the pedestrians may be acquired. An ROI may addition-
ally or alternatively be selected based on a classification of
the at least one object of iterest in the full-resolution 1image
or other properties of the object or the full-resolution 1mage.

In some aspects, detection of the at least one object of
interest can nclude determining one or more of geometric
properties of the at least one object of interest, position of the
at least one object of interest within the environment,
changes 1n position of the at least one object of interest
overtime (e.g., velocity, acceleration, trajectory), an optical
flow associated with the at least one object of interest, a
classification of the at least one object of interest (e.g., car,
pedestrian, vegetation, road, sidewalk, etc.), or one or more
confidence values associated with results of the analyzing of
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the plurality of ROI images (e.g., confidence level that the
object 1s another car), among other possibilities. The ROI
used to generate the ROI 1mages may change over time as
new objects of interest are detected within different portions
of new full-resolution 1images.

Due to their smaller size, the ROI 1images may be gener-
ated, transferred, and analyzed at a higher rate than full-
resolution 1mages, thus allowing, for example, the high-
speed object and/or the far-away object to be more
accurately analyzed (e.g., due to absence of motion blur and
availability of redundant high-resolution data). Specifically,
in order to capture the ROI images at the higher frame rate,
analog-to-digital converters (ADCs) may be reassigned, by
way ol multiplexers, to the selected ROI from the other
ROIs. Thus, ADCs that would otherwise be used to digitize
pixels of the other ROIs may be used 1n combination with
the ADC assigned to the selected ROI to digitize pixels of
the selected ROI. Each of these ADCs may operate to
digitize multiple rows or columns of the ROI in parallel. For
example, four different ADC banks may, 1n parallel, read out
four different columns of the selected ROIL.

The 1mage sensor and at least a portion of the accompa-
nying circuitry may be implemented as layers of an inte-
grated circuit. This integrated circuit may be communica-
tively connected to a central control system of the
autonomous vehicle. For example, a first layer of the inte-
grated circuit may implement the pixels of the 1image sensor,
a second layer of the mtegrated circuit may implement
1mage processing circuitry (e.g., high dynamic range (HDR)
algorithms, ADCs, pixel memories, etc.) that 1s configured to
process the signals generated by the pixels, and a third layer
of the integrated circuit may implement neural network
circuitry that 1s configured to analyze signals generated by
the 1mage processing circuitry in the second layer for object
detection, classification, and other attributes.

Accordingly, 1n some implementations, the generation
and analysis of both the full-resolution and ROI images, as
well as selection of the ROI representing the at least one
object of iterest, may be performed by this integrated
circuit. Once the full-resolution 1image and the ROI images
are processed and the attributes of the at least one object of
interest are determined, the attributes of the at least one
object of 1interest may be transmitted to the control system of
the autonomous vehicle. That 1s, the full-resolution 1mage
and/or the ROI 1mages might not be transmitted to the
control system, thus reducing the amount of bandwidth
utilized and necessitated by commumication between the
integrated circuit and the control system. Notably, 1n some
cases, a portion of the generated image data (e.g., the
tull-resolution 1mage) may be transmitted along with the
attributes of the at least one object of interest.

In other implementations, the analysis of the full-resolu-
tion 1mage and the ROI images, as well as selection of the
ROI representing the at least one object of interest, may be
performed by the control system. The control system may
thus cause the integrated circuit to generate the ROI images
using the selected region of interest. While this approach
may utilize more bandwidth, 1t may nevertheless allow the
control system to obtain more 1images (i.e., ROI images) that
represent portions of the environment that are of interest,
rather than obtaining fewer full-resolution 1mages that rep-
resent portions of the environment lacking features of inter-
est.

The 1mage sensor and 1ts circuitry may additionally be
configured to generate a stacked full-resolution 1mage based
on a plurality of full-resolution images. The stacked full-
resolution 1mage may be an HDR image, an image that
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represents a plurality of objects in-focus even though these
objects are located at different depths, or an i1mage that
represents some other combination or processing of the
plurality of full-resolution 1mages. Notably, the plurality of
full-resolution 1mages may be combined by the circuitry,
rather than by the control system of the vehicle. Accordingly,
the plurality of full-resolution 1mages may be generated at a
higher frame rate than these images would otherwise be
generated 11 they were each to be provided to the control
system. The stacked image may contain more information
than an individual full-resolution 1image due to the fact that
information from multiple such full-resolution 1mages 1is
represented in the stacked 1mage.

II. EXAMPLE SMART SENSOR

FIG. 1 1s a block diagram of an example image sensor 100
with three integrated circuit layers. Image sensor 100 may
use the three integrated circuit layers to detect objects. For
example, 1mage sensor 100 may capture an i1mage that
includes a person and output an indication of “person
detected.” In another example, 1image sensor 100 may cap-
ture an 1image and output a portion of the image that includes
a vehicle that was detected by image sensor 100.

The three integrated circuit layers include a first inte-
grated circuit layer 110, a second integrated circuit layer
120, and a third itegrated circuit layer 130. First integrated
circuit layer 110 1s stacked on second integrated circuit layer
120, and second integrated circuit layer 120 1s stacked on
third integrated circuit layer 130. First integrated circuit
layer 110 may be 1n electrical communication with second
integrated circuit layer 120. For example, first integrated
circuit layer 110 and second integrated circuit layer 120 may
be physically connected to one another with interconnects.
Second integrated circuit layer 120 may be in electrical
communication with third integrated circuit layer 130. For
example, second integrated circuit layer 120 and third inte-
grated circuit layer 130 may be physically connected to one
another with interconnects.

First integrated circuit layer 110 may have a same area as
second 1ntegrated circuit layer 120. For example, the length
and width of first integrated circuit layer 110 and second
integrated circuit layer 120 may be the same while the
heights may be different. Third mtegrated circuit layer 130
may have a larger area than first and second integrated
circuit layers 110, 120. For example, third integrated circuit
layer 130 may have a length and width that are both twenty
percent greater than the length and the width of first and
second integrated circuit layers 110, 120.

First integrated circuit layer 110 may include an array of

pixel sensors that are grouped by position into pixel sensor
groups (each pixel sensor group referred to as “pixel group”
in FIG. 1) 112A-112C (collectively referred to by 112). For
example, first integrated circuit layer 110 may include a
6400x4800 array of pixel sensors grouped into three hun-
dred twenty by two hundred forty pixel sensor groups, where
cach pixel sensor group includes an array of 20x20 pixel
sensors. Pixel sensor groups 112 may be further grouped to
define ROlIs.

Each of pixel sensor groups 112 may include 2x2 pixel
sensor sub-groups. For example, each of the pixel sensor
groups ol 20x20 pixel sensors may include ten by ten pixel
sensor sub-groups, where each pixel sensor sub-group
includes a red pixel sensor 1n an upper left, a green pixel
sensor 1n a lower right, a first clear pixel sensor 1n a lower
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left, and a second clear pixel sensor 1n an upper right, each
sub-group also referred to as Red-Clear-Clear-Green
(RCCG) sub-groups.

In some implementations, the size of the pixel sensor
groups may be selected to increase silicon utilization. For
example, the si1ze of the pixel sensor groups may be such that
more of the silicon 1s covered by pixel sensor groups with
the same pattern of pixel sensors.

Second integrated circuit layer 120 may include image
processing circuitry groups (each image processing circuitry
group referred to as “process group” in FIG. 1) 122A-122C
(collectively referred to by 122). For example, second
integrated circuit layer 120 may include three hundred
twenty by two hundred forty image processing circuitry
groups. Image processing circuitry groups 122 may be
configured to each receive pixel information from a corre-
sponding pixel sensor group and further configured to per-
form 1mage processing operations on the pixel information
to provide processed pixel information during operation of
image sensor 100.

In some 1implementations, each image processing circuitry
group 122 may receive pixel mformation from a single
corresponding pixel sensor group 112. For example, image
processing circuitry group 122A may recerve pixel informa-
tion from pixel sensor group 112A and not from any other
pixel group, and 1mage circuitry processing group 122B may
receive pixel information from pixel sensor group 112B and
not from any other pixel group.

In some implementations, each 1mage processing circuitry
group 122 may receive pixel mformation from multiple
corresponding pixel sensor groups 112. For example, image
processing circuitry group 122A may receive pixel informa-
tion from both pixel sensor groups 112A and 112B and no
other pixel groups, and 1mage processing circuitry group
1228 may receive pixel information from pixel group 112C
and another pixel group, and no other pixel groups.

Having 1image processing circuitry groups 122 receive
pixel information from corresponding pixel groups may
result i fast transfer of the pixel mnformation from first
integrated circuit layer 110 to second layer 120 as image
processing circuitry groups 122 may physically be close to
the corresponding pixel sensor groups 112. The longer the
distance over which information i1s transferred, the longer
the transier may take. For example, pixel sensor group 112A
may be directly above image processing circuitry group
122 A and pixel sensor group 112 A may not be directly above
the 1mage processing circuitry group 122C, so transierring,
pixel information from pixel sensor group 112A to the image
processing circuitry group 122A may be faster than trans-
ferring pixel information from the pixel sensor group 112A
to 1mage processing circuitry group 122C, if there were
interconnects between pixel sensor group 112A and image
processing circuitry group 122C.

Image processing circuitry groups 122 may be configured
to perform 1mage processing operations on pixel information
that image processing circuitry groups 122 receives from the
pixel groups. For example, image processing circuitry group
122A may perform high dynamic range fusion on pixel
information from pixel sensor group 112A and image pro-
cessing circuitry group 122B may perform high dynamic
range fusion on pixel information from pixel sensor group
112B. Other image processing operations may include, for
example, analog to digital signal conversion and demosaic-
ng.

Having 1mage processing circuitry groups 122 perform
image processing operations on pixel information from
corresponding pixel sensor groups 112 may enable image

10

15

20

25

30

35

40

45

50

55

60

65

8

processing operations to be performed 1n a distributed
fashion 1n parallel by image processing circuitry groups 122.
For example, image processing circuitry group 122A may
perform 1mage processing operations on pixel information
from pixel sensor group 112A at the same time as 1mage
processing circuitry group 122B performs 1mage processing
operations on pixel mformation from pixel group 122B.
Third integrated circuit layer 130 may include neural
network circuitry groups 132A-132C (each neural network

circuitry group referred to as “NN group” i FIG. 1)
132A-132C (collectively referred to by 132) and full image

neural network circuitry 134. For example, third integrated
circuit layer 130 may include three hundred twenty by two
hundred forty neural network circuitry groups.

Neural network circuitry groups 132 may be configured to
cach recerve processed pixel information from a correspond-
Ing 1mage processing circuitry group and further configured
to perform analysis for object detection on the processed
pixel information during operation of 1image sensor 100. In
some 1implementations, neural network circuitry groups 132
may each implement a convolutional neural network (CNN).

In some 1mplementations, each neural network circuitry
group 132 may receive processed pixel information from a
single corresponding image processing circuitry group 122.
For example, neural network circuitry group 132A may
receive processed pixel information from 1mage processing,
circuitry group 122A and not from any other image pro-
cessing circuitry group, and neural network circuitry group
132B may receive processed pixel information from image
processing circuitry group 122B and not from any other
1mage processing circuitry group.

In some 1mplementations, each neural network circuitry
group 132 may receive processed pixel information from
multiple corresponding 1mage processing circuitry groups
122. For example, neural network circuitry group 132A may
receive processed pixel information from both 1mage pro-
cessing circuitry groups 122A and 122B and no other image
processing circuitry groups, and neural network circuitry
group 132B may receive processed pixel information from
both 1mage processing circuitry group 122C and another
pixel group, and no other pixel groups.

Having the neural network circuitry groups 132 receive
processed pixel information from corresponding image pro-
cessing circultry groups may result in fast transfer of the
processed pixel information from second integrated circuit
layer 120 to third integrated circuit layer 130 as neural
network circuitry groups 132 may physically be close to the
corresponding 1mage processing circuitry groups 122.
Again, the longer the distance over which information 1s
transierred, the longer the transier may take. For example,
image processing circuitry group 122A may be directly
above neural network circuitry group 132A so transferring
processed pixel information from 1mage processing circuitry
group 122A to neural network circuitry group 132A may be
faster than transferring processed pixel information from
image processing circuitry group 122A to neural network
circuitry group 132C, 1t there were interconnects between
image processing circuitry group 122A and neural network
circuitry group 132C.

Neural network circuitry groups 132 may be configured to
detect objects from the processed pixel imformation that
neural network circuitry groups 132 receive from image
processing circuitry groups 122. For example, neural net-
work circuitry group 132A may detect objects from the
processed pixel information from 1mage processing circuitry
group 122A, and neural network circuitry group 132B may
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detect objects from the processed pixel information from
image processing circuitry group 122B.

Having neural network circuitry groups 132 detect objects
from the processed pixel information from corresponding

10

EXAMPLE ROl ARRANGEMENT AND
HARDWARE

I11.

FIG. 2 1llustrates an example arrangement of ROIs on an

image processing circuitry group 122 enables detectionto be 5 image sensor. Namely, image sensor 200 may include pixels

performed 1n a distributed fashion in parallel by each of
neural network circuitry groups 132. For example, neural
network circuitry group 132A may detect objects from
processed pixel information from 1mage processing circuitry
group 122A at the same time as neural network circuitry
group 132B may detect objects from processed pixel infor-
mation from 1mage processing circuitry group 122B.

In some implementations, neural network circuitry groups
132 may perform intermediate processing. Accordingly,
image sensor 100 may use the three integrated circuit layers
110, 120, and 130 to perform some mtermediate processing
and output just an intermediate result. For example, image
sensor 100 may capture an image that includes a person and
output an indication of “area of iterest in some region of the
image,” without classiiying the at least one object of interest
(the person). Other processing, performed outside 1mage
sensor 100 may classity the region of interest as a person.

Accordingly, the output from image sensor 100 may
include some data representing the output of some convo-
lutional neural network. This data 1n itself may be hard to
decipher, but once 1t continues to be processed outside image
sensor 100, the data may be used to classily the region as
including a person. This hybrid approach may have an
advantage of reducing required bandwidth. Accordingly,
output from neural network circuitry groups 132 may
include one or more of selected regions of 1nterest for pixels
representing detections, metadata containing temporal and
geometrical location information, intermediate computa-
tional results prior to object detection, statistical information
regarding network certainty level, and classifications of
detected objects.

In some 1implementations, neural network circuitry groups
132 may be configured to implement CNNs with high recall
and low precisions. Neural network circuitry groups 132
may each output a list of objects detected, where the object
was detected, and timing of detection of the object.

Full image neural network circuitry 134 may be config-
ured to receive, from each of neural network circuitry groups
132, data that indicates objects that neural network circuitry
groups 132 detected and detect objects from the data. For
example, neural network circuitry groups 132 may be unable
to detect objects that are captured by multiple pixel groups,
as each individual neural network circuitry group may only
receive a portion of processed pixel information correspond-
ing to the object. But, full image neural network circuitry
134 may recerve data from multiple neural network circuitry
groups 132 and may thus be able to detect objects sensed by
multiple pixel groups. In some implementations, full image
neural network circuitry 134 may implement a recurrent
neural network (RNN). The neural networks may be con-
figurable, both 1n regard to their architecture (number and
type of layers, activation functions, etc.) as well as in regard
to the actual values of neural network components (e.g.
weights, biases, etc.)

In some implementations, having 1mage sensor 100 per-
form processing may simplily a processing pipeline archi-
tecture, provide higher bandwidth and lower latency, allow
for selective frame rate operations, reduce costs with the
stacked architecture, provide higher system reliability as an
integrated circuit may have fewer potential points of failure,
and provide significant cost and power savings on compu-
tational resources.
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forming C columns and R rows. Image sensor 200 may
correspond to the first integrated circuit layer 110. Image
sensor may be divided mto eight ROIs, including ROI 0,
ROI 1, ROI 2, ROI 3, ROI 4, ROI 5, ROI 6, and ROI 7 (1.e.,
ROIs 0-7), each of which comprises m columns of pixels
and n rows of pixels. Thus, C=2m and R=4n. In some
implementations, each ROI may include therein multiple
pixel groups 112. Alternatively, pixel groups 112 may be
s1zed and arranged such that each pixel group 1s also an ROI.
In some 1mplementations, the ROIs may be arranged such
that they do not collectively span the entire area of 1mage
sensor 200. Thus, a union of the ROIs may be smaller than
an area of image sensor 200. Accordingly, the tull-resolution
image may have a higher pixel count than a union of the
ROls.

FIG. 2 illustrates the ROIs arranged into two columns,
with even-numbered ROIs on the left and odd-numbered
ROIs on the right. In other implementations, however, the
ROIs and their numbering may be arranged in different
ways. For example, ROIs 0-3 may be in the left column
while ROIs 4-7 may be in the right column. In another
example, the ROIs may divide image sensor 200 into 8
columns organized into a single row, with the ROIs num-
bered from 0-7 arranged from leit to right along the 8
columns of the single row. In some 1mplementations, the
ROIs may be fixed in a given arrangement. Alternatively, the
ROIs may be reconfigurable. Namely, the number of ROIs,
position of each ROI, and the shape of each ROI may be
reconiigurable.

IV. EXAMPLE ARCHITECTURE FOR MOD!
OF OPERATION

L]
p

FIG. 3 illustrates an example architecture of an ROI mode
processor for image sensor 200. Specifically, image sensor
200 may include ROI mode processor 302, pixel groups 310
and 312 through 314 (1.e., pixel groups 310-314) defining
ROIs 0-7, respectively, and a plurality of image processing
resources. The 1image processing resources include pixel-
level processing circuitry 320, 322, and 324 through 330
(1.e., pixel-level processing circuitry 320-330), machine
learning circuitry 340, 342, and 344 through 350 (i.e.,
machine learning circuitry 340-350), and communicative
connections 316, 332, and 352. Image sensor 200 may be
configured to provide image data to control system 360,
which may also be considered a part of the 1mage processing
resources. Control system 360 may represent a combination
of hardware and software configured to generate operations
for a robotic device or an autonomous vehicle, among other
possibilities.

Pixel groups 310-314 represent groupings of the pixels
that make up 1image sensor 200. In some 1mplementations,
cach of pixel groups 310-314 may correspond to one or more
of pixel sensor groups 112. Pixel groups 310-314 may
represent circuitry disposed in the first integrated circuit
layer 110. The number of pixel sensor groups represented by
cach of pixel groups 310-314 may depend on the si1ze of each
of ROIs 0-7. In implementations where the number, size,
and/or shape of ROIs are reconfigurable, the subset of pixel
sensor groups 112 making up each of pixel groups 310-314
may vary over time based on the number, size, and/or shape
of the ROIs.
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Pixel-level processing circuitry 320-330 represent cir-
cuitry configured to perform pixel-level image processing
operations. Pixel-level processing circuitry 320-330 may
operate on outputs generated by pixel groups 310-314. The
pixel-level operations may include analog-to-digital conver-
s1on, demosaicing, high dynamic range fusion, image sharp-
ening, filtering, edge detection, and/or thresholding. Pixel-
level operations may also include other types of operations
that are not carried out by way of machine learning models
(e.g., neural networks) provided on 1mage sensor 200 or by
control system 360. In some implementations, each of
pixel-level processing circuitry 320-330 may include one or
more of process groups 122, among other circuitry config-
ured to perform pixel-level 1image processing operations.
Thus, pixel-level circuitry 320-330 may represent circuitry
disposed 1n the second integrated circuit layer 120.

Machine learning circuitry 340-350 may include circuitry
configured to execute operations associated with one or
more machine learning models. Machine learning circuitry
340-350 may operate on outputs generated by pixel groups
310-314 and/or pixel-level processing circuitry 320-330. In
some 1mplementations, each of machine learning circuitry
340-350 may correspond to one or more of neural network
groups 132 and/or tull image neural network circuitry 132,
among other circuitry that implements machine learning
models. Thus, machine learning circuitry 340-350 may
represent circuitry disposed in third integrated circuit layer
130.

Communicative connections 316 may represent electrical
interconnections between pixel-level processing circuitry
320-330 and pixel groups 310-314. Similarly, communica-
tive connections 332 may represent electrical interconnec-
tions between (1) machine learning circuitry 340-350 and (11)
pixel-level processing circuitry 320-330 and/or pixel groups
310-314. Further, communicative connections 3352 may rep-
resent electrical interconnections between machine learning,
circuitry 340-350 and control system 360. Communicative
connections 316, 332, and 352 may be considered a subset
of the 1mage processing resources at least because these
connections (1) facilitate the transfer of data between cir-
cuitry configured to process the image data and (11) may be
modified over time to transfer data between different com-
binations of the circuitry configured to process the image
data.

In some mmplementations, communicative connections
316 may represent electrical interconnections between {first
integrated circuit layer 110 and second integrated circuit
layer 120, and communicative connections 332 may repre-
sent electrical interconnections between second integrated
circuit layer 120 and third integrated circuit layer 130.
Communicative connections 352 may represent electrical
interconnections between third integrated circuit layer 130
and one or more circuit boards by way of which image
sensor 200 1s connected to control system 360. Fach of
communicative connections 316, 332, and 352 may be
associated with a corresponding maximum bandwidth.

Processing a full-resolution image may generally require
more computing resources than processing ROIs. At a
higher frame rate, a number of Iframes available to be
processed are likely to be high. Increase 1n a number of
frames results 1 an increased capacity to process the
images. For example, with an increase in the number of
frames available for processing, there 1s a higher likelihood
that ROIs that include objects of interest will be detected.
Accordingly, once these particular ROIs are determined,
focus may be directed to the objects of interest. For example,
ROIs that include these objects of interest may be further
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determined, and the higher frame rate can be leveraged to
obtain additional ROIs that include these objects of interest.
In some implementations, these additional ROIs that include
objects of interest may be obtained at 150 frames per second.

Processing images at a higher frame rate may result in
some associated resource cost considerations. For example,
processing a large number of frames may result in greater
allocation of memory resources to store the frames and/or
results of the processing. This may result 1n higher latencies,
and more computing power 1s likely to be dissipated. Focus-
ing on additional ROIs that include objects of interest allows
the sensor to mitigate some of these resource allocation
factors and enable smart utilization of available resources.

Accordingly, ROI mode processor 302 may be configured
to dynamically utilize image processing resources 316,
320-330, 340-350, 332, 352, and/or 360 (i.e., 1mage pro-
cessing resources 316-360) available to 1image sensor 200.
Specifically, some 1mage sensors may be configured with a
fixed ROI mode processor 302. For example, in some image
sensors 200, ROI mode processor 302 can be configured 1n
a first mode of operation to process ROIs that include objects
of interest, and not process a full-resolution 1image. Also, for
example, in some other image sensors 200, ROI mode
processor 302 can be configured in a second mode of
operation to process ROIs that include objects of interest
along with a full-resolution 1image. However, in some 1image
sensors 200, ROI mode processor 302 can be configured to
dynamically switch between one or more modes of opera-
tion (e.g., the first mode of operation and the second mode
ol operation).

Configuration of ROI mode processor 302 can depend on
several factors. For example, the configuration can depend
on a type of image capturing device 1n 1mage sensor 200. In
some 1mplementations, the configuration can depend on a
field of view of the image capturing device. For example,
when 1mage sensor 200 1s 1nstalled on a vehicle, the image
capturing device may have a forward view, a side view, a
rear view, and so forth. In some aspects, for an 1image sensor
200 with an 1mage capturing device with a forward view, the
ROI mode processor 302 can be configured to operate at the
second mode of operation to continue to capture and process
tull-resolution 1mages to detect ROIs and objects of interest.
However, for an image sensor 200 with an 1mage capturing
device with a side view and/or a rear view, the ROI mode
processor 302 can be configured to operate at the first mode
of operation to continue to capture and process ROI images
ol detected objects, and enable object tracking features.

In some implementations, the configuration of ROI mode
processor 302 can depend on a time of day and/or an
intensity of environmental lighting. For example, during
daylight hours when object detection may be less challeng-
ing, the ROI mode processor 302 can be configured to
operate 1n a mode to process a large number of {full-
resolution 1mages. However, during night-time, foggy con-
ditions, rainy conditions, and so forth, when the intensity of
environmental lighting can be low, and there may be a
greater challenge to detecting ROIs and/or objects of inter-
est, the ROI mode processor 302 can be configured to
operate 1n a mode to process a large number of ROIs that
include objects of interest along, and itermittently process
a full-resolution 1mage.

In some implementations, the configuration of ROI mode
processor 302 can depend on a type of object of interest. For
example, a size, type, and/or speed of at least one object of
interest may require different sets of 1mages to be processed.
For example, different modes of operation may be utilized to
detect a sport utility vehicle traveling at a first speed and a
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motorcycle traveling at a second speed. Generally, a smaller
object, and/or an object traveling at a higher speed can

require faster processing, and ROI mode processor 302 can
be configured to process a large number of ROIs that include
objects of interest only.

ROI mode processor 302 can also be configured to
determine a number and/or type of ROI images and/or
tull-resolution 1mages. For example, ROI mode processor
302 can be configured to determine if a single full-resolution
image with 10 ROIs needs to be processed, or 3 single
tull-resolution 1mages and 3 ROIs that include objects of
interest. For example, when the at least one object of interest
1s a pedestrian crossing a street, ROI mode processor 302
can intelligently decide to process a larger number of ROIs
that include the at least one object of interest so that object
tracking can be enhanced. Although processing more 1images
may result in a higher number of false positives, this 1s
desirable to minimize an error 1 detecting and/or tracking
the pedestrian.

As described herein, additional factors, including traflic
conditions, weather conditions, road conditions, road con-
struction sites, speed limits, type of roadway, a type of
landscape (e.g., urban, rural), a number of sensors posi-
tioned on a vehicle, availability of memory allocation,
processing power of 1image sensors, and so forth, may cause
ROI mode processor 302 to dynamically switch between one
or more modes of operation.

ROI mode processor 302 may be communicatively con-
nected to each of 1mage processing resources 316-360, and
may be aware of (e.g., may receive, access, and/or store a
representation of) the capabilities of, workloads assigned to,
and/or features detected by each of i1mage processing
resources 316-360. Thus, in some implementations, ROI
mode processor 302 may be configured to distribute 1image
data among 1mage processing resources 316-360 1n a man-
ner that improves or mimimizes a latency between obtaining,
and processing 1mage data, improves or maximizes a utili-
zation ol 1mage processing resources 316-360, and/or
improves or maximizes a throughput of 1mage data through
image processing resources 316-360. These objectives may
be quantified by one or more objective functions, each of
which may be minimized or maximized (e.g., globally or
locally) to achieve the corresponding objective.

V. EXAMPLE MODES OF OPERATION

FI1G. 4 1llustrates an example ROI mode processor 402. As
indicated by heading column 402, the first (top-most) row of
diagram 400 indicates a first mode of operation of an 1image
processor, the second row indicates a second mode of
operation ol the image processor, the third row indicates a
third mode of operation of the image processor, and the
fourth (bottom-most) row indicates an amount of time
dedicated to each operation 1n a duty cycle. In some 1imple-
mentations, a duty cycle may last 100 milliseconds (ms).
The 1mage processor may collectively represent operations
carried out by second integrated circuit layer 120, third
integrated circuit layer 130, and any other control systems
communicatively connected to image sensor 100 or 200.

At interval 404, which may last 100 ms, an 1mage
processor operating in the first mode of operation may
process a plurality of ROIs and a full-resolution 1image. At
intervals 406 and 408, each of which may last 100 ms, the
image processor may process ROIs ol objects of interest
only, and not process a full-resolution 1image. At intervals
410, 412, and 414, each of which may last 100 ms, the image
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404, 406, and 408. Processing of the plurality of ROIs may
allow the 1mage processor to determine various attributes of
the contents of the environment represented by these
1mages.

At iterval 404, which may last 100 ms, an image
processor operating i1n the second mode of operation may
process a plurality of ROIs and a full-resolution 1image. At
interval 406, which may last 100 ms, the 1image processor
may process ROIs of objects of interest only, and not process
a full-resolution 1image. At intervals 406 and 410, each of
which may last 100 ms, the image processor may repeat the
operations performed at intervals 404 and 406. Likewise, at
intervals 412 and 414, each of which may last 100 ms, the
image processor may repeat the operations performed at

intervals 404 and 406, and then at 408 and 410. Processing
the full-resolution 1mage at frequent intervals may allow the
image processor to determine various attributes of the con-
tents of the environment represented by these 1mages, espe-
cially when object detection from the full-resolution 1image
may be somewhat challenging.

At iterval 404, which may last 100 ms, an image
processor operating in the third mode of operation may
again acquire a full-resolution image. At interval 406, which
may last 100 ms, the 1mage processor may process the
full-resolution 1mage. In some aspects, the full-resolution
image may be a stacked image that includes one or more
detected objects. At interval 408, which may last 100 ms, the
image processor may obtain ROIs, and at interval 410,
which may last 100 ms, the image processor may detect
objects of interest. At intervals 406 and 408, each of which
may last 100 ms, the image processor may process ROIs of
objects of interest only, and not process a full-resolution
image.

Notably, at interval 404 the image processor may be
configured to process ROI 1mages captured during a pre-
ceding cycle (not shown). Notably, the amount of time for
cach interval and the number of ROI 1mages captured for
cach full-resolution 1mage may vary. For example, some
tasks may involve the capture of more ROI images than
shown (e.g., 16 ROI images per full-resolution image), or
fewer ROI mmages (e.g. 4 ROI images per full-resolution
image). Further, the size of each ROI and/or the amount of
ADCs provided for the image sensor, among other factors,
may be used to determine the length of the intervals during
which ROI images are captured

Generally, a plurality of 1mages are generated, and the
image processor may be configured to perform temporal
processing on the plurality of 1mages to track objects of
interest. For example, the image processor can detect at least
one object of interest moving along a trajectory, and neural
network circuitry groups 132A-132C can oversample
another ROI on that trajectory. There may be multiple ways
to predict where the at least one object of interest may be at
a given time, so the 1mage processor may focus the pro-
cessing along those expected trajectories. A larger number of
images results 1 more nformation about ROIs and/or
objects of interest. In some 1implementations, the plurality of
images allow the neural network circuitry groups 132A-
132C to correlate the information to make more accurate
predictions. For example, temporal events that may be
outside an expected norm can be processed, and the certainty
that there 1s an object, and subsequent identification of the
object, can be enhanced.

VI. EXAMPLE VEHICLE SYSTEMS

FIG. 5 1s a conceptual illustration of wireless communi-
cation between various computing systems related to an
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autonomous vehicle, according to example embodiments. In
particular, wireless communication may occur between
remote computing system 502 and vehicle 508 via network
504. Wireless communication may also occur between
server computing system 306 and remote computing system
502, and between server computing system 506 and vehicle
508.

The example vehicle 508 includes an 1mage sensor 510.
The image sensor 510 1s mounted atop the vehicle 508 and
includes one or more 1mage capturing devices configured to
detect information about an environment surrounding the
vehicle 508, and output indications of the information. For
example, 1mage sensor 510 can include one or more cam-
eras. The image sensor 310 can include one or more movable
mounts that could be operable to adjust the orientation of
one or more cameras in the 1mage sensor 510. In one
embodiment, the movable mount could include a rotating
platform that could scan cameras so as to obtain information
from each direction around the vehicle 508. In another
embodiment, the movable mount of the image sensor 510
could be movable 1n a scanming fashion within a particular
range of angles and/or azimuths. The i1mage sensor 510
could be mounted atop the roof of a car, although other
mounting locations are possible.

Additionally, the cameras of 1mage sensor 310 could be
distributed 1n different locations and need not be collocated
in a single location. Furthermore, each camera of image
sensor 510 can be configured to be moved or scanned
independently of other cameras of 1mage sensor 510.

Remote computing system 502 may represent any type of
device related to remote assistance techniques, including but
not limited to those described herein. Within examples,
remote computing system 502 may represent any type of
device configured to (1) receive information related to
vehicle 508, (11) provide an interface through which a human
operator can in turn perceive the mformation and mput a
response related to the iformation, and (111) transmit the
response to vehicle 5308 or to other devices. Remote com-
puting system 502 may take various forms, such as a
workstation, a desktop computer, a laptop, a tablet, a mobile
phone (e.g., a smart phone), and/or a server. In some
examples, remote computing system 502 may include mul-
tiple computing devices operating together in a network
configuration.

Remote computing system 302 may include a processor
configured for performing various operations described
heremn. In some embodiments, remote computing system
502 may also include a user interface that includes mput/
output devices, such as a touchscreen and a speaker. Other
examples are possible as well.

Network 504 represents inirastructure that enables wire-
less commumnication between remote computing system 502
and vehicle 508. Network 504 also enables wireless com-
munication between server computing system 506 and
remote computing system 502, and between server comput-
ing system 306 and vehicle 508.

The position of remote computing system 502 can vary
within examples. For instance, remote computing system
502 may have a remote position from vehicle 508 that has
a wireless communication via network 504. In another
example, remote computing system 502 may correspond to
a computing device within vehicle 508 that 1s separate from
vehicle 508, but with which a human operator can interact
while a passenger or driver of vehicle 508. In some
examples, remote computing system 502 may be a comput-
ing device with a touchscreen operable by the passenger of

vehicle 508.
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In some embodiments, operations described herein that
are performed by remote computing system 502 may be
additionally or alternatively performed by vehicle 508 (i.e.,
by any system(s) or subsystem(s) of vehicle 508). In other
words, vehicle 508 may be configured to provide a remote
assistance mechanism with which a driver or passenger of
the vehicle can interact.

Server computing system 306 may be configured to
wirelessly communicate with remote computing system 502
and vehicle 508 via network 504 (or perhaps directly with
remote computing system 502 and/or vehicle 508). Server
computing system 506 may represent any computing device
configured to receirve, store, determine, and/or send infor-
mation relating to vehicle 508 and the remote assistance
thereof. As such, server computing system 506 may be
configured to perform any operation(s), or portions of such
operation(s), that 1s/are described herein as performed by
remote computing system 502 and/or vehicle 508. Some
embodiments of wireless communication related to remote
assistance may utilize server computing system 506, while
others may not.

Server computing system 506 may include one or more
subsystems and components similar or identical to the
subsystems and components of remote computing system
502 and/or vehicle 508, such as a processor configured for
performing various operations described herein, and a wire-
less communication interface for receiving information
from, and providing information to, remote computing sys-
tem 3502 and vehicle 508.

In line with the discussion above, a computing system
(e.g., remote computing system 302, server computing sys-
tem 506, or a computing system local to vehicle 508) may
operate to use a camera to capture 1images ol the environ-
ment of an autonomous vehicle. In general, at least one
computing system will be able to analyze the images and
possibly control the autonomous vehicle.

In some embodiments, to facilitate autonomous operation,
a vehicle (e.g., vehicle 508) may receirve data representing
objects 1n an environment in which the vehicle operates
(also referred to herein as “environment data™) in a variety
of ways. A sensor system on the vehicle may provide the
environment data representing objects of the environment.
For example, the vehicle may have various sensors, includ-
ing a camera. Each of these sensors may communicate
environment data to a processor 1n the vehicle about infor-
mation each respective sensor receives.

While operating 1n an autonomous mode, the vehicle may
control 1ts operation with little-to-no human iput. For
example, a human-operator may enter an address into the
vehicle and the vehicle may then be able to drive, without
turther input from the human (e.g., the human does not have
to steer or touch the brake/gas pedals), to the specified
destination. Further, while the vehicle 1s operating autono-
mously, the sensor system may be receirving environment
data. The processing system of the vehicle may alter the
control of the vehicle based on environment data received
from the various sensors. In some examples, the vehicle may
alter a velocity of the vehicle 1n response to environment
data from the various sensors. The vehicle may change
velocity 1n order to avoid obstacles, obey traflic laws, efc.
When a processing system 1n the vehicle identifies objects
near the vehicle, the vehicle may be able to change velocity,
or alter the movement in another way.

To facilitate this, the vehicle may analyze the environment
data representing objects of the environment to determine at
least one object having a detection confidence below a
threshold. A processor 1n the vehicle may be configured to
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detect various objects of the environment based on environ-
ment data from wvarious sensors. For example, mn one
embodiment, the processor may be configured to detect
objects that may be important for the vehicle to recognize.
Such objects may include pedestrians, street signs, other
vehicles, indicator signals on other vehicles, activities and/or
objects at long distances on a freeway, flashing school bus
stop signs, flashing lights on emergency vehicles, and other
various objects detected 1n the captured environment data.

The processor may be configured to determine a detection
confidence. The detection confidence may be indicative of a
likelihood that the determined object i1s correctly identified
in the environment, or 1s present in the environment. For
example, the processor may perform object detection of
objects within 1mage data 1n the received environment data,
and determine that the at least one object has the detection
confidence below the threshold based on being unable to
identify the object with a detection confidence above the
threshold. If a result of an object detection or object recog-
nition of the object i1s inconclusive, then the detection
confidence may be low or below the threshold.

The processor may be configured to determine a mode of
operation for the image sensor 310 based on the detection
confidence. For example, when the at least one object has the
detection confidence below the threshold based on being
unable to identity the object with a detection confidence
above the threshold, the 1image sensor may process addi-
tional ROIs that include the at least one object, along with
a full-resolution image of the environment. Also, for
example, a number of successive duty cycles when the
additional ROIs that include the at least one object are
processed may vary with the detection confidence. A higher
detection confidence may be associated with processing
tewer ROIs 1n successive duty cycles, while a lower detec-
tion confidence may be associated with processing more

ROIs and more tfull-resolution 1mages in successive duty
cycles.

VII. EXAMPLE PEER-TO-PEER SENSOR
ARCHITECTURE

FIG. 6 1llustrates an example sensor architecture in which
various two or more sensors are configured to share one or
more of ROI information with one another via a peer-to-peer
network. In some cases, such sharing by way of the peer-
to-peer network may be performed independently and/or
without mvolvement of a central control system. Specifi-
cally, FIG. 6 includes vehicle 600, which may represent an
autonomous vehicle (e.g., vehicle 500) or a robotic device,
among other possibilities. Vehicle 600 may include vehicle
control system 620, first image sensor(s) 602, and second
image sensor(s) 604.

Vehicle control system 620 may represent hardware and/
or software configured to control operations of vehicle 600
based on data from the first image sensor(s) 602, and second
image sensor(s) 604. Thus, vehicle control system 620 may
be communicatively connected to first image sensor(s) 602
by way of connection 610, and to second 1mage sensor(s)
604 by way of connection 612. Fach of the first image
sensor(s) 602 and second 1mage sensor(s) 604 may include
corresponding first control circuitry 606, and second control
circuitry 608, respectively, configured to process sensor data
from the corresponding sensor and handle communications
with vehicle control system 620 and the other sensors. In
some 1mplementations, first control circuitry 606, and sec-
ond control circuitry 608 may be implemented as one or
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more layers of a respective integrated circuit that forms the
respective sensor (e.g., as shown 1n FIG. 3).

Further, each of first image sensor(s) 602, and second
image sensor(s) 604 may be interconnected with one another
by way of a peer-to-peer network of connections. Specifi-
cally, the first image sensor(s) 602 may be communicatively
connected to the second image sensor(s) 604 by way of
peer-to-peer connection 614.

Each of first image sensor(s) 602 and second image
sensor(s) 604 may be configured to communicate with one
another independently of vehicle control system 620, for
example, by way of peer-to-peer connection 614. Accord-
ingly, the first image sensor(s) 602 and second image
sensor(s) 604 may share ROI information with one another
without mnvolvement by vehicle control system 620. For
example, the first control circuitry 606 can be configured to:
(1) obtain the full-resolution 1image, (11) determine 1nforma-
tion associated with the at least one object of interest, (111)
select the second 1mage sensor from a plurality of image
sensors based on a pose of the second 1mage sensor with
respect to the environment and the expected position of the
at least one object of interest within the environment at the
second time, (1v) determine the particular ROI further base
on selection of the second 1mage sensor, and (v) transmit an
indication of the particular ROI to the second control
circuitry 608 by way of a peer-to-peer connection 614
between {irst image sensor(s) 602 and second 1mage sensor
(s) 604. The second control circuitry 608 can be configured
to recerve the indication of the particular ROI from the first
control circuitry 606 and obtain the plurality of ROI sensor
data 1n response to reception of the indication.

As another example, the first control circuitry 606 can be
configured to: (1) obtain the full-resolution 1image, (1) deter-
mine information associated with the at least one object of
interest, and (111) broadcast the expected position of the at
least one object of interest to second 1mage sensor(s) 604 by
way ol peer-to-peer connection 614 between first 1mage
sensor(s) 602 and second image sensor(s) 604. The second
control circuitry 608 can be configured to determine, 1n
response to reception of the broadcast and based on a pose
of the second i1mage sensor(s) 604 with respect to the
environment and the expected position of the at least one
object of interest within the environment, the particular ROI
of the second 1mage sensor(s) 604 expected to view the at
least one object of interest at the second time and obtain the
plurality of ROI sensor data in response to determiming the
particular ROI. In some implementations, first control cir-
cuitry 606 may detect at least one object of interest that 1s
moving within the environment. Accordingly, first control
circuitry 606 may generate an ROI that includes the detected
object of interest, and transmit the ROI to the second image
sensor(s) 604 with a request to capture a larger temporal
image of the environment. In some implementations, one or
more cameras may have a wider field of view, and such a
wide view of the environment may not be desirable for
image processing. Accordingly, the image from a camera
having a wider field of view can be cropped to include ROIs.

Although first 1mage sensor(s) 602 and second image
sensor(s) 604 may be 1n communication with a server (e.g.,
server computing system 506), it may be desirable to con-
figure first image sensor(s) 602 and second 1mage sensor(s)
604 to make some decisions related to object detection and
object tracking. For example, 11 first image sensor(s) 602 and
second 1mage sensor(s) 604 were to transmit each full-
resolution 1image and/or ROIs to the server, there would be
latencies 1n performing the 1mage processing tasks, and a
position of the at least one object of interest may not be
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predicted with high accuracy. Accordingly, when at least one
object of interest 1s determined to be in motion within the
environment, first image sensor(s) 602 can be configured to
detect the at least one object of interest 1n a first frame,
sample the next frame, and generate a trajectory for the
motion ol the object within the environment. This informa-
tion, mcluded in relevant ROI 1mages, can then be trans-
mitted to the second 1mage sensor(s) 604 for further track-
ing. For example, second image sensor(s) 604 may receive
the information related to the trajectory, capture an image of
the environment where the at least one object of 1nterest 1s
predicted to be located based on the trajectory, and process
only the pixels 1n the image that correspond to the ROI that
includes the predicted location, instead of a full-resolution
1mage.

Such direct, peer-to-peer communication of ROI images
among sensors may allow these sensors to quickly react to
changes 1n the environment and capture high-quality sensor
data that 1s useful for determinming how to operate vehicle
600. By avoiding communicating by way of vehicle control
system 620, the transmission path of the information may be
shortened, thus reducing communication delay. Further, by
selecting the ROI, detecting at least one object of interest,
and/or determining one or more ROIs that include the at
least one object of interest using first control circuitry 606,
and second control circuitry 608, the speed with which the
ROI 1s selected, at least one object of interest 1s detected,
additional ROIs are processed, and/or the mode of operation
1s determined, may be independent of the processing load on
vehicle control system, thereby further reducing the delay.

Although first image sensor(s) 602 and second image
sensor(s) 604 may be configured to communicate directly
with one another to directly share certain information, these
sensors may also share information with vehicle control
system 620. For example, each sensor may share with
vehicle control system 620 the results of various sensor data
processing operations executed on the captured sensor data,
along with at least portions of the sensor data itself. In
general, first 1mage sensor(s) 602, and second image
sensor(s) 604 may share with vehicle control system 620
information usetul 1n operating vehicle 600, and may share
directly with one another information regarding where and
how to capture sensor data. Thus, the peer-to-peer sensor
network may allow vehicle 600 to avoid using vehicle
control system 620 as a communication mntermediary for
communication of a certain type between {irst image
sensor(s) 602, and second 1mage sensor(s) 604.

In some 1mplementations, the first 1mage sensor(s) 602
may be configured to capture image data of an environment.
Based on or in response to capturing the image data, first
image sensor(s) 602 may be configured to transmit the
image data to vehicle control system 620. This transmission
may be executed by way of connection 610.

Based on or in response to reception of the image data,
vehicle control system 620 may be configured to select a
mode of operation for the first image sensor(s) 602. The
selected mode of operation may be based on the 1nitial image
data captured, and may be selected to improve the quality of
future 1mages captured in the environment represented by
the mitial 1mage data. Based on or in response to selection
of the mode of operation, vehicle control system 620 may be
configured to transmit the mode of operation to the first
image sensor(s) 602. Again, this transmission may be
executed by way of connection 610. In alternative imple-
mentation, rather than relying on vehicle control system 620
to select the mode of operation, this operation may be
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performed by the first control circuitry 606 provided as part
of the first image sensor(s) 602.

Based on or in response to selection and/or reception of
the mode of operation, first 1mage sensor(s) 602 may be
configured to adjust a number of ROIs and full-resolution
images to be processed. By doing so, the first image
sensor(s) 602 may capture additional image data, which may
have higher quality (e.g., has a better exposure, magnifica-
tion, white balance, etc.) than the initial image data captured.
Thus, based on or in response to adjusting the mode of
operation, the first image sensor(s) 602 may be configured to
capture the additional 1image data.

Based on or in response to capturing the additional 1mage
data, first image sensor(s) 602 may be configured to detect
at least one object of interest within the additional image
data. This detection may be performed by the first control
circuitry 606 that 1s provided as part of the first image
sensor(s) 602. Based on or in response to detecting at least
one object of interest, first image sensor(s) 602 may be
configured to select another sensor and/or an ROI of that
sensor expected to view the at least one object of interest at
a future time.

To that end, the first control circuitry 606 of the first image
sensor(s) 602 may be configured to predict, based on attri-
butes of the objects of interest, a future location relative to
vehicle 600 at which the at least one object of interest will
be observed. The control circuitry may also determine which
of the sensors on vehicle 600 will view (e.g., 1n the case of
fixed sensors) and/or may be repositioned to view (e.g., 1n
the case of sensors having adjustable poses) the at least one
object of interest at the future time. Further, the first control
circuitry 606 may determine a particular ROI of the deter-
mined sensor 1n which the at least one object of interest will
appear.

Based on selection of the sensor and/or the ROI thereof,
first image sensor(s) 602 may be configured to transmit, to
second 1mage sensor(s) 604, the ROI selection, the attributes
of the at least one object of interest, and/or the mode of
operation used by first image sensor(s) 602. Based on or 1n
response to reception of the ROI selection, the attributes of
the at least one object of interest, and/or the mode of
operation, second 1mage sensor(s) 604 may be configured to
determine a mode of operation to be used by second 1mage
sensor(s) 604 for scanning the at least one object of interest
and adjust the mode of operation thereof accordingly. Based
on or in response to adjustment of the mode of operation, a
second 1mage sensor(s) 604 may be configured to capture

ROI 1mage data of the selected ROI.

VIII. ADDITIONAL EXAMPLE OPERATIONS

FIG. 7 illustrates a flow chart of operations related to
processing ROI images. The operations may be carried out
by 1image sensor 100, image sensor 200, the components
thereof, and/or the circuitry associated therewith, among
other possibilities. However, the operations can also be
carried out by other types of devices or device subsystems.
For example, the process could be carried out by a server
device, an autonomous vehicle, and/or a robotic device.

The embodiments of FIG. 7 may be simplified by the
removal of any one or more of the features shown therein.
Further, these embodiments may be combined with features,
aspects, and/or implementations of any of the previous
figures or otherwise described herein.

Block 700 may involve obtaining, by control circuitry and
from an 1mage sensor comprising a plurality of pixels that
form a plurality of regions of interest (ROIs), wherein the
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image sensor 1s configured to operate at a frame rate higher
than a threshold rate, a full-resolution 1mage of an environ-
ment, wherein the full-resolution 1mage contains each
respective ROI of the plurality of ROIs.

Block 702 may involve selecting, by the control circuitry,
a particular ROI based on the full-resolution 1mage.

Block 704 may involve detecting, by the control circuitry,
at least one object of interest 1n the particular ROI.

Block 706 may mvolve determining, by the control cir-
cuitry, a mode of operation by which subsequent image data
generated by the particular ROI 1s to be processed.

Block 708 may involve processing, by the control cir-
cuitry and based on the mode of operation and the frame
rate, the image data comprising a plurality of ROI images of
the detected object of interest.

In some embodiments, the processing, based on the mode
of operation and the frame rate, of the image data, may
include generating, during one or more next duty cycles, the
plurality of ROI images of the at least one object of interest
instead of obtaining an additional full-resolution 1mage.

In some embodiments, the processing, based on the mode
of operation and the frame rate, of the image data, may
include generating, during one or more next duty cycles, the
plurality of ROIs and an additional full-resolution image
comprising one or more objects of interest.

In some embodiments, the processing, based on the mode
of operation and the frame rate, of the image data, may
include generating, during one or more next duty cycles, a
plurality of additional full-resolution images comprising one
or more objects of interest.

In some embodiments, the system may include a vehicle,
and the mode of operation may be based on a position of the
image sensor on the vehicle.

In some embodiments, a number of the plurality of ROI
images of the at least one object of iterest may be based on
the frame rate.

In some embodiments, the image sensor may be config-
ured with a predetermined mode of operation.

In some embodiments, the processing of the image data
may include performing one or more 1mage processing tasks
on the plurality of ROI images of the at least one object of
interest.

In some embodiments, the operations may further include
comparing a distance between the 1mage sensor and the at
least one object of interest represented within the full-
resolution 1mage to a threshold distance. The operations also
include, based on results of comparing the distance to the
threshold distance, obtaining the plurality of ROI images of
the at least one object of interest instead of obtaining an
additional tull-resolution 1image.

In some embodiments, the operations may further include
comparing a speed of the at least one object of interest
represented within the full-resolution 1mage to a threshold
speed. The operations also include, based on results of
comparing the speed to the threshold speed, obtaining the
plurality of ROI images of the at least one object of interest
instead of obtaining an additional full-resolution 1mage.

In some embodiments, the operations may further include
providing, to a server, the plurality of ROI images of the at
least one object of interest and a full-resolution i1mage
comprising the at least one object of interest.

In some embodiments, the full-resolution 1mage may be
obtained at a first time, and the operations may further
include transmitting, to a second 1mage sensor, the image
data of the at least one object of interest within the envi-
ronment. The operations also include determiming the par-
ticular ROI from a plurality of ROIs of the second image
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sensor. The particular ROI may correspond to an expected
position of the at least one object of interest within the
environment at a second time later than the first time. The
operations also include obtaiming, from the second sensor, a
plurality of ROI sensor data from the particular ROI instead
of obtaining full-resolution sensor data that contains each

respective ROI of the plurality of ROIs.

In some embodiments, a first subset of the control cir-
cuitry may form part of the image sensor. A second subset
of the control circuitry may form part of the second image
sensor. The first subset of the control circuitry may be
configured to: (1) obtain the full-resolution 1mage, (i1) deter-
mine imnformation associated with the at least one object of
interest, (111) select the second 1image sensor from a plurality
ol image sensors based on a pose of the second 1mage sensor
with respect to the environment and the expected position of
the at least one object of 1nterest within the environment at
the second time, (1v) determine the particular ROI further
based on selection of the second image sensor, and (v)
transmit an indication of the particular ROI to the second
subset of the control circuitry by way of a peer-to-peer
connection between the image sensor and the second 1mage
sensor. The second subset of the control circuitry may be
configured to receive the indication of the particular ROI
from the first subset of the control circuitry and obtain the
plurality of ROI sensor data in response to reception of the
indication.

In some embodiments, a first subset of the control cir-
cuitry may form part of the image sensor. A second subset
of the control circuitry may form part of the second image
sensor. The first subset of the control circuitry may be
configured to: (1) obtain the full-resolution 1image, (1) deter-
mine information associated with the at least one object of
interest, and (111) broadcast the expected position of the at
least one object of interest to a plurality of 1image sensors
that includes the second 1image sensor by way of a plurality
ol peer-to-peer connections between the image sensor and
the plurality of image sensors. The second subset of the
control circuitry may be configured to determine, 1n
response to reception of the broadcast and based on a pose
of the second 1mage sensor with respect to the environment
and the expected position of the at least one object of interest
within the environment, the particular ROI of the second
image sensor expected to view the at least one object of
interest at the second time and obtain the plurality of ROI
sensor data 1n response to determining the particular ROI.

In some embodiments, the system may include a vehicle.
The system may further include a control system configured
to control the vehicle based on data generated by the image
sensor. The transmitting of the image data, the determining
of the particular ROI, and the obtaining of the plurality of
ROI sensor data may be performed independently of the
control system.

In some embodiments, the detecting of the at least one
object of interest may include determining one or more of:
(1) geometric properties of the at least one object of interest,
(11) an actual position of the at least one object of interest
within the environment, (111) a speed of the at least one object
of interest, (1v) an optical tlow associated with the at least
one object of 1nterest, (v) a classification of the at least one
object of interest, or (vi) one or more confidence values
associated with results of the processing of the image data.

In some embodiments, the control circuitry may imple-
ment an artificial neural network configured to process the
image data by (1) analyzing the image data using the neural
network circuitry and (1) generating, by way of the neural
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network circuitry, neural network output data related to
results of the processing of the image data.

In some embodiments, the control circuitry may be con-
figured to switch between operating 1n one of three different
modes based on conditions within the environment. A first
mode of the three different modes may involve obtaining a
first plurality of full-resolution 1mages at a first frame rate.
A second mode of the three different modes may mvolve
alternating between obtaining the full-resolution 1mage at
the first frame rate and obtaining the plurality of ROI images
at a second frame rate higher than the first frame rate. A third
mode of the three different modes may involve (1) obtaining
a second plurality of full-resolution 1images at a third frame
rate higher than the first frame rate and (11) combining the
second plurality of full-resolution 1mages to generate a
stacked full-resolution 1mage.

IX. CONCLUSION

The present disclosure 1s not to be limited 1n terms of the
particular embodiments described in this application, which
are mntended as 1llustrations of various aspects. Many modi-
fications and variations can be made without departing from
its scope, as will be apparent to those skilled in the art.
Functionally equivalent methods and apparatuses within the
scope of the disclosure, 1n addition to those described herein,
will be apparent to those skilled in the art from the foregoing,
descriptions. Such modifications and variations are intended
to fall within the scope of the appended claims.

The above detailed description describes various features
and operations of the disclosed systems, devices, and meth-
ods with reference to the accompanying figures. In the
figures, similar symbols typically identity similar compo-
nents, unless context dictates otherwise. The example
embodiments described herein and 1n the figures are not
meant to be limiting. Other embodiments can be utilized,
and other changes can be made, without departing from the
scope ol the subject matter presented herein. It will be
readily understood that the aspects of the present disclosure,
as generally described herein, and illustrated in the figures,
can be arranged, substituted, combined, separated, and
designed 1n a wide variety of diflerent configurations.

With respect to any or all of the message flow diagrams,
scenarios, and flow charts in the figures and as discussed
herein, each step, block, and/or communication can repre-
sent a processing of mformation and/or a transmission of
information in accordance with example embodiments.
Alternative embodiments are included within the scope of
these example embodiments. In these alternative embodi-
ments, for example, operations described as steps, blocks,
transmissions, communications, requests, responses, and/or
messages can be executed out of order from that shown or
discussed, including substantially concurrently or in reverse
order, depending on the functionality involved. Further,
more or fewer blocks and/or operations can be used with any
of the message flow diagrams, scenarios, and flow charts
discussed herein, and these message flow diagrams, sce-
narios, and flow charts can be combined with one another,
in part or in whole.

A step or block that represents a processing of information
may correspond to circuitry that can be configured to
perform the specific logical functions of a herein-described
method or technique. Alternatively or additionally, a block
that represents a processing of information may correspond
to a module, a segment, or a portion of program code
(including related data). The program code may include one
or more 1nstructions executable by a processor for imple-

10

15

20

25

30

35

40

45

50

55

60

65

24

menting specific logical operations or actions 1n the method
or technique. The program code and/or related data may be
stored on any type of computer readable medium such as a
storage device including random access memory (RAM), a
disk drive, a solid state drive, or another storage medium.

The computer readable medium may also include non-
transitory computer readable media such as computer read-
able media that store data for short periods of time like
register memory, processor cache, and RAM. The computer
readable media may also include non-transitory computer
readable media that store program code and/or data for
longer periods of time. Thus, the computer readable media
may include secondary or persistent long term storage, like
read only memory (ROM), optical or magnetic disks, solid
state drives, compact-disc read only memory (CD-ROM),
for example. The computer readable media may also be any
other volatile or non-volatile storage systems. A computer
readable medium may be considered a computer readable
storage medium, for example, or a tangible storage device.

Moreover, a step or block that represents one or more
information transmissions may correspond to information
transmissions between software and/or hardware modules in
the same physical device. However, other information trans-
missions may be between software modules and/or hardware
modules 1n different physical devices.

The particular arrangements shown 1n the figures should
not be viewed as limiting. It should be understood that other
embodiments can include more or less of each element
shown 1n a given figure. Further, some of the illustrated
elements can be combined or omitted. Yet further, an
example embodiment can include elements that are not
illustrated in the figures.

While various aspects and embodiments have been dis-
closed herein, other aspects and embodiments will be appar-
ent to those skilled in the art. The various aspects and
embodiments disclosed herein are for the purpose of 1llus-
tration and are not intended to be limiting, with the true
scope being indicated by the following claims.

What 1s claimed 1s:

1. A system comprising:

an 1mage sensor comprising a plurality of pixels that form

a plurality of regions of interest (ROIs), wherein the
image sensor 1s configured to operate at a frame rate
higher than a threshold rate;

an 1mage processing resource; and

control circuitry configured to perform operations com-

prising:

obtaining, from the image sensor, a full-resolution
image ol an environment, wherein the full-resolution
image contains each respective ROI of the plurality
of ROIs:

selecting a particular ROI based on the full-resolution
1mage;

detecting at least one object of interest 1n the particular
ROI;

determining a mode of operation by which subsequent
image data generated by the particular ROI 1s to be
processed, and

processing, based on the mode of operation and the
frame rate, the 1mage data comprising a plurality of
ROI 1mages of the at least one object of interest.

2. The system of claim 1, wherein the processing, based
on the mode of operation and the frame rate, of the image
data, comprises generating, during one or more next duty
cycles, the plurality of ROI images of the at least one object
of interest mnstead of obtaining an additional full-resolution
image.
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3. The system of claim 1, wherein the processing, based
on the mode of operation and the frame rate, of the 1image
data, comprises generating, during one or more next duty
cycles the plurahty of ROIs and an additional full-resolu-
tion 1mage comprising one or more objects of interest.
4. The system of claim 1, wherein the processing, based
on the mode of operation and the frame rate, of the image
data, comprises generating, during one or more next duty
cycles, a plurality of additional full-resolution images com-
prising one or more objects of interest.
5. The system of claim 1, further comprising a vehicle,
and wherein the mode of operation 1s based on a position of
the 1mage sensor on the vehicle.
6. The system of claim 1, wherein a number of the
plurality of ROI images of the at least one object of interest
1s based on the frame rate.
7. The system of claim 1, wherein the 1mage sensor 1s
configured with a predetermined mode of operation.
8. The system of claim 1, wherein the processing of the
image data comprises performing one or more 1mage pro-
cessing tasks on the plurality of ROI images of the at least
one object of interest.
9. The system of claim 1, wherein the operations further
comprise:
comparing a distance between the 1mage sensor and the at
least one object of interest represented within the
full-resolution 1mage to a threshold distance; and

based on results of comparing the distance to the thresh-
old distance, obtaiming the plurality of ROI 1mages of
the at least one object of interest instead of obtaining an
additional full-resolution 1image.

10. The system of claim 1, wherein the operations further
comprise:

comparing a speed of the at least one object of interest

represented within the full-resolution 1mage to a thresh-
old speed; and

based on results of comparing the speed to the threshold

speed, obtaining the plurality of ROI images of the at
least one object of interest instead of obtaining an
additional full-resolution 1mage.

11. The system of claim 1, wherein the operations further
comprise:

providing, to a server, the plurality of ROI images of the

at least one object of mterest and a full-resolution
image comprising the at least one object of 1nterest.

12. The system of claim 1, wherein the full-resolution
image 1s obtained at a {irst time, and wherein processing the
image data comprises:

transmitting, to a second 1image sensor, the image data of

the at least one object of interest within the environ-
ment;

determining the particular ROI from a plurality of ROIs of

the second image sensor, wherein the particular ROI
corresponds to an expected position of the at least one
object of interest within the environment at a second
time later than the first time; and

obtaining, from the second sensor, a plurality of ROI

sensor data from the particular ROI instead of obtaining,
full-resolution sensor data that contains each respective
ROI of the plurality of ROlIs.

13. The system of claim 12, wherein a first subset of the
control circuitry forms part of the 1image sensor, wherein a
second subset of the control circuitry forms part of the
second 1mage sensor, wherein the first subset of the control
circuitry 1s configured to: (1) obtain the full-resolution
image, (11) determine information associated with the at least
one object of interest, (111) select the second 1mage sensor
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from a plurality of image sensors based on a pose of the
second 1mage sensor with respect to the environment and the
expected position of the at least one object of interest within
the environment at the second time, (1v) determine the
particular ROI further based on selection of the second
image sensor, and (v) transmit an 1indication of the particular
ROI to the second subset of the control circuitry by way of
a peer-to-peer connection between the image sensor and the
second 1mage sensor, and wherein the second subset of the
control circuitry 1s configured to receive the indication of the
particular ROI from the first subset of the control circuitry
and obtain the plurality of ROI sensor data in response to
reception of the indication.

14. The system of claim 12, wherein a first subset of the
control circuitry forms part of the 1image sensor, wherein a
second subset of the control circuitry forms part of the
second 1mage sensor, wherein the first subset of the control
circuitry 1s configured to: (1) obtain the full-resolution
image, (11) determine information associated with the at least
one object of interest, and (111) broadcast the expected
position of the at least one object of interest to a plurality of
image sensors that includes the second image sensor by way
of a plurality of peer-to-peer connections between the image
sensor and the plurality of image sensors, wherein the
second subset of the control circuitry i1s configured to
determine, in response to reception of the broadcast and
based on a pose of the second 1image sensor with respect to
the environment and the expected position of the at least one
object of interest within the environment, the particular ROI
of the second 1mage sensor expected to view the at least one
object of 1nterest at the second time and obtain the plurality
of ROI sensor data in response to determining the particular
ROL.

15. The system of claim 12, further comprising:

a vehicle; and

a control system configured to control the vehicle based

on data generated by the 1mage sensor, wherein the
transmitting of the image data, the determining of the
particular ROI, and the obtaiming of the plurality of
ROI sensor data are performed independently of the
control system.

16. The system of claim 1, wherein the detecting of the at
least one object of interest comprises determining one or
more of: (1) geometric properties of the at least one object of
interest, (11) an actual position of the at least one object of
interest within the environment, (i111) a speed of the at least
one object of interest, (1v) an optical flow associated with the
at least one object of interest, (v) a classification of the at
least one object of interest, or (v1) one or more confidence
values associated with results of the processing of the image
data.

17. The system of claim 1, wherein the control circuitry
comprises neural network circuitry, and wherein processing
of the image data comprises:

analyzing the image data using the neural network cir-

cuitry; and

generating, by way of the neural network circuitry, neural

network output data related to results of the processing
of the 1mage data.

18. The system of claim 1, wherein the full-resolution
image 1s obtained at a first frame rate, and wherein the
plurality of ROI 1mages of the detected object are obtained
at a second frame rate higher than the first frame rate.

19. A method comprising:

obtaining, by control circuitry and from an image sensor

comprising a plurality of pixels that form a plurality of
regions of interest (ROIs), wherein the 1image sensor 1s
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configured to operate at a frame rate higher than a
threshold rate, a full-resolution 1mage of an environ-
ment, wherein the full-resolution 1mage contains each

respective ROI of the plurality of ROlIs;

selecting, by the control circuitry, a particular ROI based

on the full-resolution 1mage;

detecting, by the control circuitry, at least one object of

interest 1 the particular ROI;

determining, by the control circuitry, a mode of operation

by which subsequent image data generated by the
particular ROI 1s to be processed; and

processing, by the control circuitry and based on the mode

of operation and the frame rate, the 1mage data com-
prising a plurality of ROI images of the detected object
ol interest.

20. A non-transitory computer readable storage medium
having stored thereon instructions that, when executed by a
computing device, cause the computing device to perform
operations comprising:

5

10

15

28

obtaining, from an 1mage sensor comprising a plurality of
pixels that form a plurality of regions of interest
(ROIs), wherein the image sensor 1s configured to
operate at a frame rate higher than a threshold rate, a
full-resolution 1mage of an environment, wherein the
full-resolution 1mage contains each respective ROI of
the plurality of ROIs;

selecting a particular ROI based on the tull-resolution
image,

detecting at least one object of interest in the particular
ROI;

determining a mode of operation by which subsequent
image data generated by the particular ROI 1s to be
processed; and

processing, based on the mode of operation and the frame
rate, the 1mage data comprising a plurality of ROI
images ol the detected object of interest.
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