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COMPUTER-IMPLEMENTED SYSTEM AND
METHOD FOR BUILDING CONTEXT
MODELS IN REAL TIME

FIELD

This application relates 1n general to determining context,
and 1n particular to a computer-implemented system and
method for building context models 1n real time.

BACKGROUND

Understanding customer routines in particular situations
can help businesses anticipate the needs of their customers.
Specifically, the ability to anticipate a customer’s needs
allows businesses to provide personalized recommenda-
tions, which can help businesses increase revenue, as well as
customer satisfaction and customer base. For instance, a
customer that tends to grocery shop for produce first and
meat next, can be provided with produce specials upon
entering a grocery store since mformation or coupons pro-
vided at a relevant time are more useful than when provided
at other times.

Generally, each customer routine can be represented by a
model for the specific situation. Thus, for the shopping
example, the situation of the customer can be 1dentified as
entering ABC Grocery store. A search for a model associated
with ABC Grocery store 1s conducted for the user. If found,
the model 1s used to help anticipate the user’s next action or
movement with respect to the store. However, 11 no model
1s 1dentified for the situation, recommendations for the
customer can be based on other users associated with ABC
Grocery store, randomly provided, or no recommendations
are sent. Further, i a model doesn’t exist for the identified
situation, building a new model requires time to collect
actions performed by the user during the situation and thus,
cannot be used. Failing to provide recommendations or
providing general recommendations, rather than customized
recommendations, at random times can result in a loss of
potential opportunities to increase revenue and customer
satisfaction.

Therefore, there 1s a need for an approach to generating
models for new situations in real time. Preferably, the
approach will merge models from similar situations to
identily recommendations for a user in a new situation
across a number of different dimensions, not currently
considered.

SUMMARY

Conventionally, context models are used to represent user
routines and provide relevant information to a user based on
the associated context. However, 1n situations for which no
context model exists, information 1s generally less accurate
due to commonly being provided to the user randomly or
based on a population related to the user. To ensure that
information or recommendations provided to a user are
contextually relevant to the new situation, a new model can
be generated in real time. The new model can be generated
by 1dentifying the new situation, 1dentifying models repre-
senting situations related to the new situation, and merging
the 1dentified models. Subsequently, information or actions
can be selected from the merged model and provided to the
user as a recommendation that 1s contextually relevant to the
new situation.

An embodiment provides a computer-implemented sys-
tem and method for building context models 1n real time. A
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2

database of models for a user 1s maintained. Each model
represents a contextual situation and includes one or more
actions. Contextual data 1s collected for the user and a
contextual situation 1s i1dentified for that user based on the
collected contextual information. Models related to the
identified situation are selected and merged. One or more
actions from the merged model are then selected.

Still other embodiments of the present invention will
become readily apparent to those skilled 1n the art from the
following detailed description, wherein 1s described embodi-
ments of the mvention by way of 1llustrating the best mode
contemplated for carrying out the invention. As will be
realized, the invention 1s capable of other and different
embodiments and 1ts several details are capable of modifi-
cations 1n various obvious respects, all without departing
from the spirit and the scope of the present invention.
Accordingly, the drawings and detailed description are to be
regarded as 1illustrative in nature and not as restrictive.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 1s a block diagram showing a computer-imple-
mented system for building context models 1n real time, 1n
accordance with one embodiment.

FIG. 2 1s a flow diagram showing a computer-imple-
mented method for building context models 1n real time, 1n
accordance with one embodiment.

FIG. 3 1s a tlow diagram showing, by way of example, a
process for selecting similar context models.

FIG. 4 1s a graphical representation showing, by way of
example, context models for similar contextual situations.

FIG. 5 1s a graphical representation showing, by way of
example, a merged context model for a new contextual
situation.

DETAILED DESCRIPTION

Providing useful information to a user at relevant times
can 1ncrease revenue and customer satisfaction for a busi-
ness. However, using conventional methods, a model must
first be established for each user situation or scenario to be
able to 1dentify and provide useful recommendations. Unfor-
tunately, 1 no model exists for a particular contextual
situation, 1dentifying helpiul information for the user 1s
difficult and often 1naccurate due to relying on routines of a
related population or providing information randomly. To
ensure that user specific data 1s provided and relied upon 1n
unknown contextual situations, models for related situations
can be 1dentified and merged to identily information or
actions relevant to the individual, which can be provided as
a recommendation.

Merging models for related contextual situations can
provide actions or information relevant to a new contextual
situation experienced by a user. FIG. 1 1s a block diagram
showing a computer-implemented system 10 for building
context models 1n real time, 1n accordance with one embodi-
ment. An individual user 1s associated with one or more
mobile computing devices, including a cell phone 11, smart
watch 12, head-mounted computing device 13, such as
Google Glass manufactured by Google Inc., and tablet 14.
However, other types of mobile computing devices are
possible. Each of the computing devices 11-14 can collect
contextual data 19 for the user, including one or more of
location, time, temperature, acceleration, vital statistics,
movement tracking, inventory, and other types of data
related to the user’s current surroundings. The contextual
data 19 can be collected via sensors or sound or video
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recording devices within the mobile computing devices
11-14. For example, contextual data 19 can include a loca-
tion of the user, which 1s obtained via GPS on a smart phone,
a location of the user with respect to a particular piece of
equipment, as 1identified via Bluetooth, time collected from
a clock on the smart phone, and a video of the user obtained
via a camera, such as on the mobile headset.

Once collected, the contextual data 19 can be stored 1n a
database 18 associated with each mobile computing device
11-14. Each mobile computing device 11-14 can also be
assoclated with a device server 15, which includes a data
module 16 and a context module 17. The data module 16
accesses the contextual data 19 from the database 18 for
processing. The contextual data 19 collected by each device
can then be transmitted to a single mobile computing device
for processing via the context module 17 associated with
that device to determine a contextual situation of the user.
However, in a further embodiment, each mobile computing
device 11-14 can transmit the contextual data 19 to a context
server 20, via an iternetwork 27, such as the Internet, for
identifying the contextual situation based on the contextual
data 19. The contextual situation can be i1dentified using a
combination of activity recognition and semantic modeling,
or based directly on one or more 1tems of contextual data.

Upon determiming a current contextual situation, a context
model 25 can be selected for the situation. However, 1 the
situation 1s new and no model exists, the context server 20
can generate a new model 1n real time. The context server 20
includes a model selector 21, a model merger 22, and a
recommender 23. The model selector 21 1dentifies existing
models 25 for contextual situations that are related to the
new 1dentified situation. The existing models 25 can be
stored 1n a database 24 iterconnected to the context server
20. The model merger 22 then merges the models of the
related contextual situations into a single model, which can
be assigned to represent the new contextual situation.
Finally, the recommender 23 can identily one or more
actions from the merged model for recommending to the
user for performance with respect to the new situation.

The mobile computing devices 11-14 and servers 15, 20
can each include one or more modules for carrying out the
embodiments disclosed herein. The modules can be 1imple-
mented as a computer program or procedure written as
source code 1n a conventional programming language and 1s
presented for execution by the central processing unit as
object or byte code. Alternatively, the modules could also be
implemented in hardware, either as integrated circuitry or
burned into read-only memory components, and each of the
client and server can act as a specialized computer. For
instance, when the modules are implemented as hardware,
that particular hardware 1s specialized to perform the data
quality assessment and other computers cannot be used.
Additionally, when the modules are burned into read-only
memory components, the computer storing the read-only
memory becomes specialized to perform the data quality
assessment that other computers cannot. The various imple-
mentations of the source code and object and byte codes can
be held on a computer-readable storage medium, such as a
floppy disk, hard drnive, digital video disk (DVD), random
access memory (RAM), read-only memory (ROM) and
similar storage mediums. Other types of modules and mod-
ule functions are possible, as well as other physical hardware
components.

Model merging allows models for a new contextual
situation to be generated 1n real-time to provide users with
information and recommendations relevant to the new con-
textual situation. FIG. 2 1s a flow diagram showing a
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4

computer-implemented method 30 for building context
models 1n real time, in accordance with one embodiment.
Contextual data 1s collected (block 31) for a user. The
contextual data can include location, time, vital statistics,
acceleration and movement data, email, text messages,
video, and voice recordings. Other types of contextual data
are possible. The contextual data can be collected continu-
ously, periodically, or randomly.

Next, at least a portion of the contextual data can be used
to determine (block 32) a contextual situation. For instance,
coordinates determined by GPS can be used to identily the
contextual situation as one that 1s occurring at a location
associated with the coordinates. In one example, a user’s
location 1dentifies his presence at Northgate Mall in Seattle,
Wash. In another example, time and date can be used to
determine a contextual situation, such as by determining a
time for a user experiencing a contextual situation. For
instance, on a Monday night at 8 p.m., the user routinely
goes attends Spanish class. Also, vital statistics and accel-
cration can be used to identily a contextual situation 1n
which the user 1s running, which can be determined based on
a level of acceleration and heart rate. Other contextual
situations can be determined based on the same or different
items of contextual data.

Once determined, the current contextual situation can be
compared (block 33) with a set of existing context models,
which each represent a contextual situation and common
actions performed by the user with respect to that contextual
situation. If a model 1s i1dentified (block 34), one or more
actions can be selected (block 37) from the model and
provided (block 38) to the user as a recommendation.
Additionally, or alternatively, further actions can be 1denti-
fied from the actions 1n the model and provided to the user.

However, 11 no model 1s 1dentified (block 34) for the
current contextual situation, the contextual situation 1s 1den-

tified as new and two or more of the existing models for
similar contextual situations are identified (block 35). FIG.
3 1s a flow diagram showing, by way of example, a process
40 for selecting models for similar contextual situations.
One or more 1tems ol contextual data collected for a new
situation 1s compared (block 41) to each existing model for
previous contextual situations. A similarity value for each
comparison 1s determined (block 42) and in one embodi-
ment, a threshold 1s applied (block 43) to each similarity
value. If a similarity value fails to satisiy (block 44) the
threshold, the model associated with the similarity value 1s
not selected (block 435) as representative of a previous
contextual situation that 1s similar to the current contextual
situation. However, 11 the similarity value satisfies (block
44) the threshold, the model for the previous contextual
situation 1s selected (block 46) as similar to the current
contextual situation.

Returning to the discussion with respect to FIG. 2, once
identified, the models of the similar contextual situations are
merged (block 36) to generate a new model for the new
contextual situation. In one embodiment, merging of the
models can occur by combiming the actions of the similar
contextual situations. Specifically, 1t the actions for each
contextual situation are stored in a table, the tables for the
similar contextual situations can be combined to generate a
single table representative of the new contextual situation.
Each of the tables can be represented as a graph, such as with
nodes and edges, as further described below with reference
to FIGS. 4 and 5.

The combined table can then be used to i1dentify those
actions most popular or consistent across all of the merged
models, as well as to generate a single display. For 1nstance,
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in one example, each action 1n a model can be associated
with a significance value, such as a populanty value or
probability of occurrence. Upon combining the tables of the
similar contextual situations, values for the same or related
actions can be combined by adding the popularity values, or
by determining a mean or median value. In a further
embodiment, each of the similar contextual models can be
associated with a weight, which may carry over to each
action in that model, and the weights are considered upon
merging of the models, including when adding the signifi-
cance values, or determining a mean or median value. Other
methods for merging the models are possible.

Using the merged model, one or more actions can be
directly selected (block 37) from the model for providing
(block 38) to the user as recommendations or helpful infor-
mation. Additionally, another action or information, related
to the actions 1n the model, can be selected (block 37) for
providing with the recommendation. The actions selected
can be those most consistently performed by the user during
the associated contextual situation.

In one example, a user 1s determined to be at the Moda
Center 1 Portland, Oreg. to watch a Portland Trailblazers
basketball game on a Friday night. Identification of the
contextual situation can occur based on the contextual data
collected, including location coordinates, time, date, and
event schedule. A search for a model representing a contex-
tual situation at the Moda Center, such as for a basketball
game, 1s conducted, but no model 1s 1dentified. Accordingly,
a search for models of similar contextual situations 1is
conducted and three models are identified. However, other
numbers of identified models are possible. FIG. 4 15 a
graphical representation showing, by way of example, mod-
cls 50 for similar contextual situations. In this example, the
contextual situations similar to the Moda Center are 1denti-
fied as attendance at a Seahawks game at CenturyLink Field
51 1n Seattle, Wash., Friday night activities 53, and Portland,
Oreg. 32.

The football game at CenturyLink Field model 351
includes actions, such as using the bathroom, locating and
sitting 1n an assigned seat, and obtaining concessions. Each
of the actions can be associated with metadata providing
additional detail of the actions, such as purchasing a beer
and a hotdog at the concession stand. Alternatively, the
metadata can be included in the model itself, such as via a
hierarchical graph. For instance, the purchase of the hotdog
and beer can be represented as nodes extending from the
concession node. The Portland, Oreg. model 52 includes
actions for visiting downtown Portland, staying in a hotel,
visiting a museum, dining at one or more restaurants, and
attending a sports event. The Friday night model 53 includes
actions for having drinks, eating dinner, attending sports
events, and staying at home.

Each of the actions provided for each model are actions
that have been performed by the user over time with respect
to each contextual situation. In one embodiment, the number
ol actions associated with each model can be limited to
remove actions that are unlikely to occur again for that
contextual situation. The actions can be limited by time,
frequency of occurrence, or a combination of time and
frequency. For instance, using a combination of frequency
and time, the user may have attended a ballet performance
once on a Friday night three years ago, but has not since
attend a single ballet performance. Thus, as more frequent
activities are performed and more time passes, the less
frequent activities that occurred longer ago can be removed.

Once 1dentified, the models for each of the similar con-
textual situations identified are merged to generate a new
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model representing the new contextual situation. FIG. 5 1s a
graphical representation showing, by way of example, a
merged model 60 for a new contextual situation 51. The
merged model 60 includes actions 62 from each of the
models for the similar contextual situations. Each of the
actions can be associated with a significance value, such as
a popularity value or probability of occurrence to i1dentily
the most consistent actions, which will have a highest
significance value. As described above, when the models of
the stmilar contextual situations are merged, the significance
values for the same or related actions can be combined by
adding the significance values, or determining a mean or
median value.

Returning to the above example regarding the Moda
Center, the models for the similar contextual situations of
football at CenturyLink Field, Friday night, and Portland,
Oreg. are merged to generate a model for the Moda Center
since this 1s the first time that the user has attended an event
at the Moda Center. During merging, the same or related
actions are combined, such as by adding the significance
values for those actions, or determining a mean or median
value. Also, those actions unrelated to any other action in the
similar models can be listed 1n the merged model. In a
further embodiment, a threshold can be applied to the
significance value of each action, including individual
actions or merged actions. If satisfied, the action can be
included 1n the new model for the new contextual situation.
However, 1f not satisfied, the action 1s not included 1n the
new model.

Actions most consistently performed or most popular
across the merged model, as determined by their significance
values, can then be identified for providing to the user for the
current situation, which 1s new. For instance, when the user
enters the Moda Center, a recommendation can be delivered
to the user to take a left to get to a concession stand to buy
a hot dog and a soda belfore proceeding to his seat. This
recommendation can be based on the actions of the merged
model, which identifies obtaining food as having a high
significance value across each of the merged models and
thus, 1s a highly consistent action.

As described above with reference to FIG. 4, each of the
three 1dentified models for similar contextual situations
includes eating. The football CenturyLink Field model 51
includes concessions, the Friday night model 53 includes
dinner and drinks, and the Portland, Oreg. model 52 includes
dining. The recommendation for hot dogs and beer can be
identified based on prior actions of the user at similar
contextual situations during which the user purchased beer
and hot dogs. Further, the directions to the concession stand
can be determined via a map of the Moda Center. The
recommendation can also include other types of external
data, such as a menu for the concession stand, food and drink
costs, other restaurants or concessions, weather, game sta-
tistics, and game schedule. Other types of external data for
recommendations are possible.

In a further embodiment, the context models built 1n real
time can be used to dynamically generate documents for
providing to a user based on that user’s particular level of
knowledge or context, as described in further detail in
commonly-owned U.S. patent application Ser. No. 15/233,
861, entitled “Computer-Implemented System and Method
For Dynamically Generating Documents Based on User
Context,” filed on Aug. 10, 2016, pending, the disclosure of
which 1s incorporated by reference.

While the invention has been particularly shown and
described as referenced to the embodiments thereof, those
skilled 1n the art will understand that the foregoing and other
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changes 1n form and detail may be made therein without
departing from the spirit and scope of the invention.

What 1s claimed 1s:

1. A computer-implemented system for building context

models 1n real time, comprising:

a database of models for a user, wherein each model
represents a contextual situation and comprises one or
more actions of the user;

at least one mobile device comprising one of a mobile
phone, smart watch, head-mounted computing device,
and tablet and configured to collect contextual data of
the user comprising interfacing to a global positioning,
system and obtaining through the global positioning
system the user’s location, wherein the user’s location
1s one ol a plurality of 1tems comprised 1n the contex-
tual data;

a server comprising a central processing unit, memory, an
input port to recerve the models from the database, and
an output port, wherein the central processing unit is

configured to:
identily a contextual situation for the user based on the
collected contextual data from the at least one mobile
device;
first, compare the contextual situation to a set of
models:
determine that none of the models from the set matches
the contextual situation;
identifying the contextual situation as new and not
associated with the user;
second, compare at least one 1tem of the contextual data
to each of the models that does not match the
contextual situation after the comparison of the con-
textual situation to the set of models;
select at least two models associated with contextual
situations related to the identified contextual situa-
tion determined from the user’s contextual data,
wherein the contextual situations of the at least two
models are related to the contextual situation of the
user and the selected models each comprise signifi-
cance values of the actions associated with the
contextual situation of that model;
merging the selected models for the 1dentified contex-
tual situation of the user as a merged model, wherein
merging the selected models comprises adding, aver-
aging, or determining a median of the significance
values of common actions of the selected models to
generate new significance values for the common
actions;
designate the merged model as a new model for the
1dentified contextual situation of the user;
identifying actions from the merged model that are
most performed by the user for one or more of the
contextual situations associated with the selected
models of the merged model, wherein the most
performed actions are determined based on the sig-
nificance values of the actions for the merged model;
automatically select one or more of the most performed
actions from the merged model for the contextual
situation; and
provide the one or more selected actions to the user,
wherein the user performs one of the selected actions
during the contextual situation; and
the at least one mobile device configured to display the
one or more selected actions.
2. The system according to claim 1, wherein the central
processing unit assigns the merged model to the 1dentified
contextual situation.
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3. The system according to claim 1, wherein the models
are selected based on a similarity to the 1dentified contextual
situation.

4. The system according to claim 3, wherein the central
processing unit determines the similarity between each
model and the identified contextual situation based on one or

more of location, time, goal, action, and recommendation.

5. The system according to claim 1, wherein the contex-
tual data comprises one or more of time, location, date, day,
temperature, vital sign, and acceleration.

6. The system according to claim 1, wherein the central
processing unit delivers one or more of the selected actions
from the merged model to the user as a recommendation.

7. The system according to claim 6, wherein each recom-
mendation comprises one or more of a link, directions,
location, and instructions.

8. The system according to claim 1, wherein the central
processing unit i1dentifies as the most performed actions
those actions with higher significance values.

9. The system according to claim 1, wherein the central
processing unit identifies the selected actions by counting an
occurrence of each action and choosing as the selected
actions those actions with higher occurrences.

10. The system according to claim 1, wherein the merged
model covers the contextual situations associated with the
selected models of the merged model across different times
and locations.

11. A computer-implemented method for building context
models 1n real time, comprising:

maintaining a database of models for a user, wherein each

model represents a contextual situation and comprises
one or more actions;
collecting contextual data for the user via a mobile device
comprising one or more ol a mobile phone, smart
watch, head-mounted computing device, and tablet, the
mobile device configured to collect contextual data of
the user comprising interfacing to a global positioning
system and obtaining through the global positioning
system the user’s location, wherein the user’s location
1s one of many items comprised 1n the contextual data;

identifying a contextual situation for the user based on the
collected contextual data;

first, comparing the contextual situation to a set of mod-

els:

determining none of the models from the set matches the

contextual situation;

identifying the contextual situation as new and not asso-

ciated with the user;

second, comparing at least one item of the contextual data

to each of the models that does not match the contextual
situation after the comparison of the contextual situa-
tion to the set of models;

selecting two or more models associated with contextual

situations related to the i1dentified contextual situation
determined from the user’s contextual data, wherein the
contextual situations of the at least two models are
related to the contextual situation of the user and the
selected models each comprise significance values of
the actions associated with the contextual situation of
that model;

merging the selected models for the identified contextual

situation of the user, wherein merging the selected
models comprises adding, averaging, or determining a
median of the significance values of common actions of
the selected models to generate new significance values
for the common actions:




US 11,455,545 B2

9

designating the merged model as a new model for the

identified contextual situation of the user;
identifying actions from the merged model that are most
performed by the user for one or more of the contextual
situations associated with the selected models of the
merged model, wherein the most performed actions are
determined based on the sigmificance values of the
actions for the merged model;
selecting one or more actions of the most performed from
the merged model for the contextual situation;

providing the one or more selected actions to the user,
wherein the user performs one of the selected actions
during the contextual situation; and

displaying on the at least one mobile device the one or

more selected actions.

12. The method according to claim 11, further compris-
ng:

assigning the merged model to the identified contextual

situation.

13. The method according to claim 11, wherein the
models are selected based on a similarity to the i1dentified
contextual situation.

14. The method according to claim 13, further compris-
ng:

determining the similarity between each model and the
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15. The method according to claim 11, wherein the
contextual data comprises one or more of time, location,
date, day, temperature, vital sign, and acceleration.

16. The method according to claim 11, further compris-
ng:

delivering one or more of the selected actions from the

merged model to the user as a recommendation.

17. The method according to claim 16, wherein each
recommendation comprises one or more of a link, directions,
location, and 1nstructions.

18. The method according to claim 11, further compris-
ng:

identitying as the most performed actions those actions

with higher significance values.

19. The method according to claim 11, further compris-
ng:

identitying the selected actions, comprising:

counting an occurrence ol each action; and
choosing as the selected actions those actions with
higher occurrences.

20. The method according to claim 11, wherein the
merged model covers the contextual situations associated
with the selected models of the merged model across dii-
terent times and locations.
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