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S101
acquiring a first frequency value of a composite matenal to be
tested after impact damage
determimng a first frequency change rate according to an 1mtial 5102
frequency value and the first frequency value of the composite
material to be tested
inputting the first frequency change rate to a pre-constructed 5103

residual strength prediction model to predict a first residual
strength of the composite material to be tested
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METHOD, SYSTEM AND APPARATUS FOR
PREDICTING RESIDUAL STRENGTH OF

COMPOSITE MATERIAL AFTER IMPACT,
AND MEDIUM

TECHNICAL FIELD

The disclosure relates to a field of technologies for
predicting a residual strength of a composite material, and
particularly to a method, a system and an apparatus for
predicting a residual strength of a composite material after
impact, and a medium.

BACKGROUND

A fiber reinforced polymer (FRP) 1s widely applied 1n
engineering design due to its high strength, low density,
fatigue resistance and corrosion resistance. However,
medium and low speed impacts such as gravel, hail and
maintenance tool drop during service are prone to cause
damages 1nside the FRP such as matrix cracking, delami-
nation and fiber breakage. The impact damages are dithcult
to be recognized from the surface, however, they are likely
to weaken strength and bearing capacity of a structure,
which 1s a great potential safety hazard to n-service com-
ponents. Therefore, 1t 1s particularly important to perform
carly prediction and tracking monitoring on the residual
strength of a FRP after structural impact.

There are three categories of commonly used methods for
predicting a residual strength of a composite material after
impact. A first category 1s a numerical simulation method
based on a finite element method, including a soft inclusion
method, an opening method, a delamination pre-embedded
method, a damage evolution method, etc.; a second category
1s an empirical formula prediction method based on a large
number of destructive strength tests; and a third category 1s
a residual strength prediction method based on a residual
rigidity.

1) The soft inclusion method, the opening method and the
delamination pre-embedded method first determine the size
and the position of the damage through a conventional
non-destructive testing technology such as ultrasonic scan-
ning or X-ray, then consider the influences of impact damage
on the structure through simplified means of reducing mate-
rial parameters i the damage area, excavating umits 1n the
damage area and presetting delamination damage, and fur-
ther determine the residual strength of the simplified impact
damage model according to the damage criterion and the
damage evolution model. The advantage of the category of
method 1s that impact damage 1s simple 1n form, which
tacilitates subsequent residual strength analysis. The disad-
vantage of the method 1s that the position and the size of
impact damage need to be determined by a conventional
non-destructive testing means to predict a residual strength,
which 1s not applicable to a structure 1n service.

2) The damage evolution method firstly conducts a finite
clement analysis according to the failure analysis and the
damage evolution model to obtain impact damage according
to the set impact energy, shape and quality of the impact
object and then performs a residual strength analysis on the
structure containing impact damage. The advantage of the
method relies on that the impact damage 1s not required to
be simplified and the residual strength calculation error
caused by the simplification of the impact damage 1s reduced
as much as possible, and the disadvantage 1s that: @ the
impact energy, the shape and quality of the impact object
must be known to determine the impact damage and the
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residual strength after damage, however, 1n fact, the impact
energy, specific shape and quality of the impact object such
as a bird, a hail, etc. are diflicult to be tested online; @
calculation time 1s long, and the method 1s not applicable to
an online monitoring task requiring rapid evaluation of the
residual strength.

3) The empirical formula prediction method firstly needs
to conduct a large number of destructive strength tests,
determine a relationship between input parameters such as
impact energy and a residual strength after structural impact
by a fitting method, and finally propose an empirical formula
of residual strength prediction after related impact. The
advantage of the method 1s that the required parameters are
iput so as to rapidly predict a residual strength, which 1s a
method with the highest prediction efliciency 1n the above
methods. The disadvantage 1s that @ the related intforma-
tion of the impact event such as impact energy needs to be
known 1n advance, and the information 1s diflicult to be
obtained online; @ a large number of destructive tests are
needed to determine an empirical formula of residual
strength prediction, with high economic cost.

4) The residual strength prediction method based on a
residual nigidity mainly obtains a nigidity after structural
impact by performing human loading on the test piece after
impact, and determines a residual strength after impact
according to the relationship between a residual nigidity and
a residual strength. The advantage 1s that the relationship
between the residual strength and the residual rigidity may
be determined only by performing a small number of
destructive tests without detection or hypothesis of damage.
Since a rigidity test does not need to destruct a test piece, a
strength may be tested frequently by testing a rigidity. The
disadvantage 1s that a rigidity test needs manual loading and
1s still dithicult for a structure 1n service to conduct a rigidity
test.

In summary, the current method for predicting a residual
strength may not be applied to monitoring a residual strength
of the composite material 1n service.

SUMMARY

The present disclosure 1s mtended to solve one of tech-
nical problems existing in the related art to at least certain
extent.

Therefore, one purpose of embodiments of the present
disclosure 1s to provide a method for predicting a residual
strength of a composite material after impact. In the method,
a modal test may be conducted on a composite material 1n
service to obtain a real-time vibration frequency value. In
combination with the initial frequency value of the compos-
ite material, a frequency change rate of the composite
material before and after impact damage may be determined,
and then the first frequency change rate 1s mput to a
pre-constructed residual strength prediction model to predict
a residual strength of the composite material to be tested.

Another purpose of embodiments of the present disclo-
sure 1s to provide a system for predicting a residual strength
ol a composite material after impact.

In order to achieve the above purpose, the technical
solution 1n the embodiments include:

In a first aspect, the embodiments of the disclosure
provide a method for predicting a residual strength of a
composite material after impact. The method includes:

acquiring a first frequency value of a composite material
to be tested after impact damage;
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determining a first frequency change rate according to an
initial frequency value and the first frequency value of the
composite material to be tested;

inputting the first frequency change rate to a pre-con-
structed residual strength prediction model to predict a first
residual strength of the composite material to be tested;

the first frequency value and the 1mitial frequency value
being obtained by a modal test.

Further, in one embodiment of the disclosure, the method
for predicting a residual strength of a composite material
alter 1mpact further includes blocks of constructing a
residual strength prediction model. The blocks specifically
include:

acquiring a first data set including a plurality of data
groups, the data group including a second frequency change
rate and a corresponding second residual strength;

denoising and thinning the first data set to obtain a
training data set;

inputting the training data set to a deep neural network for
training to obtain a trained residual strength prediction
model.

Further, in one embodiment of the disclosure, the method
for predicting a residual strength of a composite material
after 1mpact further includes blocks of constructing a
residual strength prediction model. The blocks specifically
include:

determining a function equation of the frequency change
rate of the composite material to be tested and the residual
strength, the function equation including a plurality of
undetermined coeflicients;

acquiring a first data set including a plurality of data
groups, the data group including a second frequency change
rate and a corresponding second residual strength;

fitting the first data set by a least square method, and
determining undetermined coeflicients of the function equa-
tion, thereby constructing a residual strength prediction
model according to the function equation and the undeter-
mined coetlicients.

Further, in one embodiment of the disclosure, the function
equation 1s:

S [1-CA-(1-Af)*)"~r]-S,

S , represents the residual strength of the composite mate-
rial to be tested, A, represents the frequency change rate of
the composite material to be tested, S, represents the nitial
strength of the composite matenial to be tested, and C, w, r
are undetermined coellicients.

Further, 1n one embodiment of the disclosure, the blocks
of acquiring a first data set specifically include:

conducting a modal test on a composite test piece by a
vibration acquisition device to determine a second frequency
value of the composite test piece without impact damage;

conducting an 1mpact test of a preset strength on the
composite test piece by an impact test device, and deter-
mimng a third frequency value of the composite test piece
alter impact damage;

determining the second frequency change rate according
to the second frequency value and the third frequency value;

conducting tensile, compression and bending strength
tests on the composite test piece alter impact damage to
determine the second residual strength;

determining a data group according to the second ire-
quency change rate and the second residual strength, thereby
obtaining a first data set.

In a second aspect, the embodiments of the disclosure
provide a system for predicting a residual strength of a
composite material after impact. The system 1ncludes:
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a first frequency value acquiring module, configured to
acquire a first frequency value of a composite material to be
tested after impact damage;

a frequency change rate determining module, configured
to determine a first frequency change rate according to an
initial frequency value and the first frequency value of the
composite material to be tested;

a model prediction module, configured to 1nput the first
frequency change rate to a pre-constructed residual strength
prediction model to predict a first residual strength of the
composite material to be tested;

the first frequency value and the mitial frequency value
being obtained by a modal test.

Further, 1n one embodiment of the disclosure, the system
for predicting a residual strength of a composite material
alter impact further includes a model construction module.
The model construction module includes:

a {irst data set acquiring umt, configured to acquire a first
data set including a plurality of data groups, the data group
including a second frequency change rate and a correspond-
ing second residual strength;

a training data set determining unit, configured to denoise
and thin the first data set to obtain a training data set;

a model training unit, configured to input the training data
set to a deep neural network for training to obtain a trained
residual strength prediction model.

Further, 1n one embodiment of the disclosure, the system
for predicting a residual strength of a composite material
aiter impact further includes a model construction module.
The model construction module includes:

a Tunction equation determining unit, configured to deter-

mine a function equation of the frequency change rate of the
composite material to be tested and the residual strength, the
function equation including a plurality of undetermined
coeflicients;
a first data set acquiring umt, configured to acquire a first
data set including a plurality of data groups, the data group
including a second frequency change rate and a correspond-
ing second residual strength;

a data fitting unit, configured to fit the first data set by a
least square method and determine undetermined coetl-
cients of the function equation, thereby constructing a
residual strength prediction model according to the function
equation and the undetermined coeflicients.

In a third aspect, the embodiments of the disclosure
provide an apparatus for predicting a residual strength of a
composite material after impact. The apparatus includes:

at least one processor;

at least one memory configured to store at least one
program;

the at least one program being executed by the at least one
processor, the at least one processor being caused to execute
the method for predicting a residual strength of a composite
material after impact.

In a fourth aspect, the embodiments of the disclosure
turther provide a computer readable storage medium with
programs executable by a processor, the programs execut-
able by the processor being configured to execute the
method for predicting a residual strength of a composite
material after impact when executed by the processor.

Advantages and beneficial effects of the present disclo-
sure will be set forth 1n part in the following description, and
in part will become obvious from the following description,
or may be learned by practice of the disclosure:

In embodiments of the disclosure, a modal test may be
conducted on a composite material 1n service to obtain a
real-time vibration frequency value, and in combination
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with the 1mnitial frequency value of the composite material, a
frequency change rate of the composite material before and
alter impact damage may be determined, further the fre-
quency change rate 1s mput to a pre-constructed residual
strength prediction model to predict a residual strength of
the composite material to be tested. In embodiments of the
disclosure, a residual strength may be predicted on the
composite material 1n service without necessarily determin-
ing the position and the size of impact damage, the impact
energy, the shape and quality of the impact object, which
avoids a nigidity test on the composite material i service.
Compared with the related art, the accuracy and the efhi-
ciency of predicting the residual strength of the composite
material after impact are improved, and the application
scope 1s wider.

BRIEF DESCRIPTION OF THE DRAWINGS

In order to explain the technical solutions in embodiments
of the present disclosure more clearly, the figures described
in the embodiments will be briefly introduced below. It
should be noted that the figures described as below are only
some embodiments of the present disclosure. Those skilled
in the art may obtain other figures according to the figures
without any creative work.

FIG. 1 1s a flow diagram of blocks of a method for
predicting a residual strength of a composite material after
impact in embodiments of the disclosure;

FIG. 2 1s a block diagram of a structure of a system for
predicting a residual strength of a composite material after
impact in embodiments of the disclosure;

FIG. 3 1s a block diagram of a structure of an apparatus
for predicting a residual strength of a composite material
alter impact in embodiments of the disclosure.

DETAILED DESCRIPTION

Embodiments of the present disclosure are described in
detail below, and examples of embodiments are illustrated 1n
the accompanying drawings, the same or similar labels
representing the same or similar elements or elements with
the same or similar functions. The embodiments described
below with reference to the drawings are exemplary, and are
intended to be configured to explain the present disclosure
and are not to be construed as a limitation of the present
disclosure. The block numbers in the following embodi-
ments are set only for illustration, the sequence among
blocks 1s not limited, and the execution sequence of the
blocks 1n the embodiments may be adaptively adjusted
according to the understanding of those skilled in the art.

In descriptions of the disclosure, a plurality of means two
or more than two, and first, second are only for the purpose
of distinguishing technical features and are not to be con-
strued as indicating or implying relative importance or
implicitly indicating the number of technical features indi-
cated, or implicitly indicating the sequence of the indicated
technical features. Further, unless otherwise defined, all
technical and scientific terms used herein have the same
meaning as commonly understood by those skilled 1n the art.

Referring to FIG. 1, the, the embodiments of the disclo-
sure provide a method for predicting a residual strength of
a composite material after impact. The method includes:

at S101, a first frequency value of a composite material to
be tested 1s acquired after impact damage;

at S102, a first frequency change rate 1s determined
according to an initial frequency value and first frequency
value of the composite material to be tested;
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at S103, the first frequency change rate 1s mput to a
pre-constructed residual strength prediction model to predict
a first residual strength of the composite material to be
tested;

the first frequency value and 1initial frequency value are
obtained by a modal test.

Specifically, a vibration signal acquisition device (such as
an acceleration sensor, a laser scanning galvanometer, an
FBG sensor, etc.) 1s configured to conduct a modal test on
the composite structure in the mitial state (not subject to
impact damage) to obtain an mitial frequency value of the
composite structure; after the composite structure 1s sub-
jected to impact damage, a modal test 1s conducted again to
obtain a real-time vibration frequency value (i.e., a first
frequency value) after impact damage of the composite
material to be tested; the frequency change rate (i.e., a first
frequency change rate) before and after impact damage of
the composite material to be tested 1s obtained by calculation
as follows:

_ (fo — fa)

AP=T5

A first frequency change rate 1s 1input to a pre-constructed
residual strength prediction model to predict a residual
strength of the composite materal.

There are two implementations for constructing a residual
strength prediction model in embodiments of the disclosure
described below correspondingly.

Further, as an alternative implementation, a method for
predicting a residual strength of a composite material after
impact further includes blocks of constructing a residual
strength prediction model. The blocks specifically include:

at Al, a first data set including a plurality of data groups
1s acquired, the data group including a second frequency
change rate and a corresponding second residual strength;

at A2, the first data set 1s denoised and thinned to obtain
a training data set;

at A3, the tramning data set 1s mput to a deep neural
network for training to obtain a trained residual strength
prediction model.

Specifically, for a first implementation of constructing a
residual strength prediction model, a prediction model may
be trained by machine learning based on the “frequency
change rate-residual strength” data of the plurality of test
pieces obtained by the test, with a frequency change rate as
a prediction mput and the residual strength after impact as an
output. The trained residual strength prediction model may
quickly predict a residual strength after structural impact
according to the mput frequency change rate of the com-
posite structure.

It may be appreciated that for a residual strength predic-
tion model, the accuracy of the prediction results may be
measured by a loss function defined on single training data
configured to measure a prediction error of one training data,
specifically a loss value of the training data 1s determined by
the prediction results of the tramning data through the label
and model of the single training data. During actual training,
a training data set has a large number of training data,
therefore, a cost function 1s generally configured to measure
a global error of a tramning data set, and the cost function
defined on the entire training data set 1s configured to
calculate an average value of the prediction error of all
training data, so that the prediction effect of the model may
be better measured. For a typical machine learning model,
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the above cost function plus a regularization term that
measures the complexity of the model may be configured as
a training objective function, and a loss value of the entire
training data set may be solved based on the objective
function. There are many commonly used loss functions, for
example, a 0-1 loss function, a square loss function, an
absolute loss function, a logarithmic loss function, a cross
entropy loss function, etc. are loss functions of a machine
learning model, which will not be repeated here. In embodi-
ments of the disclosure, any one loss function may be
selected to determine a tramning loss value. Based on the
training loss value, a back propagation algorithm 1s adopted
to update parameters of a model, and a trained residual
strength prediction model may be obtained after several
iterations. The number of iterations may be preset, or
training 1s considered completed when the test set reaches
the precision requirement. In embodiments of the disclosure,
a residual strength prediction model may be trained based on
a deep learning network.

Further, as an optional implementation, a method for
predicting a residual strength of a composite material after
impact further includes blocks of constructing a residual
strength prediction model. The blocks specifically include:

at B1, a function equation of the frequency change rate of
the composite material to be tested and the residual strength
1s determined, the function equation including a plurality of
undetermined coetlicients;

at B2, a first data set including a plurality of data groups
1s acquired, the data group including a second frequency
change rate and a corresponding second residual strength;

at B3, a first data set 1s fitted by a least square method and
undetermined coeflicients of the function equation are deter-
mined, thereby constructing a residual strength prediction

model according to the function equation and the undeter-
mined coeflicients.

Further, as an optional implementation, the function equa-
tion 1s:

S [1-CA-(1-Af)*)"~r]-S,

S ; represents the residual strength of the composite mate-
rial to be tested, A, represents the frequency change rate of
the composite material to be tested, S, represents the 1nitial
strength of the composite matenal to be tested, and C, w, r
are undetermined coellicients.

Specifically, for a second implementation of constructing
a residual strength prediction model, the above function
equation of the frequency change rate aiter impact and the
residual strength may be deduced according to the relation-
ship between a rigidity and a frequency and the relationship
between a residual ngidity and a residual strength; and based
on the “frequency change rate-residual strength” data of the
plurality of sets of test pieces obtained by the test, the mnitial
strength of the composite matenal 1s determined by at least
one set of non-destructive test pieces, and based on the at
least three sets of “frequency change rate-residual strength”
data, undetermined coeflicients C, w, r of the function
equation are determined by a least square method, and then
a residual strength prediction model 1s constructed according
to the function equation and the undetermined coeflicients,
and the frequency change rate 1s input to the residual
strength prediction model, so that the residual strength may
be quickly predicted.

The above two implementations for constructing a
residual strength prediction model needs to acquire a plu-
rality of sets of “frequency change rate-residual strength”™
data (that 1s, a first data set) in advance by a test.
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Further, as an optional implementation, the blocks of
acquiring a first data set specifically includes:

at C1: a modal test 1s conducted on a composite test piece
by a vibration acquisition device to determine a second
frequency value of the composite test piece without impact
damage;

at C2: an impact test of a preset strength 1s conducted on
the composite test piece by an impact test device, and a third
frequency value of the composite test piece after impact
damage 1s determined;

at C3: the second frequency change rate 1s determined
according to the second frequency value and the third
frequency value;

at C4: tensile, compression and bending strength tests are
conducted on the composite test piece after impact damage
to determine a second residual strength;

at C3: a data group 1s determined according to the second
frequency change rate and the second residual strength,
thereby obtaining a first data set.

Specifically, the composite test piece 1s a test piece with
the same structure of a composite material to be tested. A
vibration frequency value and a residual strength are tested
after different strengths of impact tests are conducted on the
test piece to obtain a plurality of sets of “ifrequency change
rate—residual strength” data, thereby obtaining a first data
set. The impact test device may be a falling weight impact
tester, a Hopkinson bar, efc.

It may be understood that a second frequency value (an
initial frequency value of the composite test piece) in the
embodiment of the disclosure 1s theoretically equal to the
initial frequency value of the composite material to be
tested, and the measured second frequency value may also
be directly configured as an initial frequency value of the
composite material to be tested for subsequent calculation.

The blocks of the embodiments of the disclosure are
described above. In embodiments of the disclosure, a
residual strength prediction may be performed on the com-
posite material in service without necessarily determining,
the position and the size of impact damage, the impact
energy, the shape and quality of the impact object, which
avoilds a rnigidity test of the composite material 1n service.
Compared with the related art, the accuracy and the efli-
ciency ol predicting the residual strength of the composite
maternal after impact 1s improved, and the application scope
1s wider.

It should be appreciated that the embodiments of the
disclosure firstly propose that a residual strength after
impact 1s predicted based on the frequency change rate
before and after impact of the composite material, and a
modal test 1s conducted on the composite material 1n service
to acquire a frequency of the composite material without
damaging the composite material, so that the embodiments
of the disclosure may be applied to a composite material 1n
service. There are the following advantages compared with
the related art:

1) a residual strength of a composite material aiter impact
1s predicted by a frequency change rate by acquiring a
frequency only by a simple vibration acquisition device,
thereby predicting a residual strength after impact, easy to
operate;

2) a frequency may be tested when the composite struc-
ture 1s 1n a service state without interfering with the actual
use of the composite structure, the method belonging to an
advanced technology for online prediction of a residual
strength after impact;

3) compared with the conventional method for predicting
a residual strength based on the opening method, the soft
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inclusion method and the delamination pre-embedded
method, the advantage of the method 1s that the position and
the size of impact damage are not necessarily determined,
with a wider application;

4) compared with the conventional method for predicting
a residual strength based on the damage evolution method,
the advantage of the method 1s that the impact energy, the
shape and quality of the impact object are not necessarily
determined, with a wider application; in addition, a time-
consuming finite element calculation 1s not needed, with a
higher prediction efliciency.

5) compared with the conventional method for predicting
a residual strength based on the empirical formula method,
the advantage of the method is that the related information
of the impact event 1s not necessarily acquired, with a wider
application;

6) compared with the conventional method for predicting
a residual strength based on a residual rigidity, the advantage
of the method 1s that manual loading 1s not needed on the
composite material to be tested, and damage on the com-
posite material to be tested 1s avoided.

The prediction results of the embodiments of the present
disclosure are described below 1n connection with specific
tests.

Impact tests, vibration tests before and after impact and
strength tests after impact are conducted on a composite
beam test piece and a composite plate test piece respectively,
and test data 1s processed according to the blocks of embodi-
ments of the disclosure, to obtain a prediction result of a
residual strength after impact. The relevant descriptions are
as follows:

1. Test process: vibration tests are conducted first on a
composite beam and a plate test piece in an initial state
(using a laser scanning galvanometer SLLDV) to obtain an
initial frequency value, and 1mpact tests with different
energies are conducted on the composite test piece (using an
Instron 93350 falling weight impact tester), and a frequency
1s acquired by a laser scanning galvanometer aiter impact,
and finally a three-point bending strength test 1s conducted
on the beam test piece after impact to obtain a residual
bending strength of the composite beam test piece, and a
compression strength test 1s conducted on the impact com-
posite plate test piece to obtain a residual compression
strength of the plate. Thus, a series of “frequency change
rate-residual strength” data groups are obtained, and in
combination with two implementations of constructing a
residual strength prediction model, a residual strength pre-
diction model based on a function relationship and a residual
strength prediction model based on machine learning are
obtained. According to two residual strength prediction
models, residual strengths of all test pieces after impact are
predicted in combination with a frequency change rate.

2. Residual strength prediction results of a composite
beam test piece after impact:

(1) Prediction results of a residual strength prediction
model based on a function relationship: the 1st-order and
2nd-order frequency measurements in the modal test are
greatly aflected by the test environment, and the frequency
error 1s large, therefore, a residual strength may be predicted
primarily by a mode after a 3rd-order mode. 7-order ire-
quency values are measured for a composite beam test piece,
a frequency change rate from a 3rd order to a 7th order 1s
configured as an input, and an average frequency change rate
from a 3rd order to a 7th order i1s configured as a residual
strength prediction result of an mput as illustrated in Table
1 below. It can be seen that a prediction error and a standard
deviation of an average input scheme from the 3rd order to
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the 7th order (AVG 3-7) are the minimum 1n all prediction
schemes, a prediction error being 1.32%, a standard devia-
tion being 0.88%, a maximum error being 2.85%; a predic-
tion error less than 2.8% and a maximum error less than
8.5% 1n all other five schemes, indicating that a residual

strength of a composite beam test piece may be predicted by
using different frequency change rate input schemes.
TABLE 1
Scheme Prediction Standard Maximum
Name Scheme Type Error Deviation Error
Mode 3 Single Order 2.06% 1.32% 4.17%
Mode 4 Single Order 1.67% 1.25% 3.80%
Mode > Single Order 1.88% 1.69% 5.48%
Mode 6 Single Order 1.33% 1.67% 3.88%
Mode 7 Single Order 2.78% 2.54% 8.16%
AVG 3-7 Multi-Order 1.32% 0.88% 2.85%
Average

Prediction results of a residual strength prediction model
based on machine learning: in addition to taking a frequency
change rate from a 3rd order to a 7th order as an iput and
an average frequency change rate from a 3rd order to a 7th
order as a residual strength prediction result of an 1put, a
machine learning algorithm may process multiple input
problems, therefore, a residual strength prediction result in
various mput schemes are as illustrated 1n Table 2. It can be
seen that a prediction error and a standard deviation of an
average mput scheme from the 3rd order to the 7th order
(AVG 3-7) are the mmimum 1n all prediction schemes, a
prediction error being 1.03%, a standard deviation being
1.00%, a maximum error being 2.97%; a prediction error
less than 7.5% and a maximum error less than 15% 1n all
other five schemes, indicating that a residual strength of a
composite beam test piece may be predicted by using
different frequency change rate mput schemes.

TABLE 2

Scheme Prediction Standard Maximum
Name Scheme Type Error Deviation Error
Mode 3 Single Order 5.21% 5.73% 12.87%
Mode 4 Single Order 2.53% 3.18% 7.83%
Mode 5 Single Order 3.06% 3.58% 7.35%
Mode 6 Single Order 7.34% 4.98% 12.98%
Mode 7 Single Order 5.81% 6.36% 14.61%
AVQG 3-7 Multi-Order 1.03% 1.00% 2.97%

Average
Mode 3- Multi-Order 5.02% 3.01% 10.02%
Mode 7

3. Residual strength prediction results of a composite
beam test plate after impact:

(1) Prediction results of a residual strength prediction
model based on a function relationship: 6-order frequency
values are measured for a composite beam test plate. The
Ist-order and 2nd-order frequency measurements in the
modal test are greatly aflected by the test environment, and
the frequency error 1s large, therefore, a residual strength
may be predicted primarily by mode after a 3rd-order mode.
Since the frequency change rate iput to a theoretical model
must be positive, only the 3rd order, the 5th order, the 6th
order single-order input schemes and the average frequency
change rate input scheme from the 3rd-order to the 6th-order
with a positive frequency change rate are considered, and the
residual strength prediction results are illustrated in Table 3.
A prediction error and a standard deviation of an average

input scheme from the 3rd order to the 6th order (AVG 3-6)
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are the mimmum 1n all prediction schemes, a prediction
error bemng 1.50%, a standard deviation being 1.93%, a
maximuim error being 6.52%; a prediction error less than 4%
and a maximum error less than 15% 1n all other three
schemes, 1indicating that a residual strength of a composite

plate test piece may be predicted by using different fre-
quency change rate mput schemes.

TABLE 3
Scheme Prediction Standard Maximum
Name Scheme Type Error Deviation Error
Mode 3 Single Order 1.83% 1.37% 3.98%
Mode 5 Single Order 2.60% 3.96% 14.25%
Mode 6 Single Order 2.08% 1.28% 4.00%
AVG 3-6 Multi-Order 1.50% 1.93% 6.52%

Average

(2) Prediction results of a residual strength prediction
model based on machine learning: since the frequency
change rate input to a theoretical model may be negative, 1n
addition to taking the 3rd order, the 5th order, the 6th order
single-order input schemes as 1nputs, a 4th order may be
attempted to be an mput, and a multi-order input scheme and
a multi-order average mput scheme are considered, and the
residual strength prediction results are illustrated in Table 4.
A prediction error and a standard deviation of an average
input scheme from the 3rd order to the 6th order (AVG 3-6)
are the mimimum 1n all prediction schemes, an error being
1.25%, a standard deviation being 0.91%, a maximum error
being 3.01%; a prediction error less than 3% and a maxi-
mum error less than 15% 1n all other five schemes, indicat-
ing that a residual strength of a composite plate test piece
may be predicted by using different frequency change rate
input schemes.

TABLE 4
Scheme Prediction Standard Maximum
Name Scheme Type Error Deviation Error
Mode 3 Single Order 1.76% 1.48% 4.57%
Mode 4 Single Order 2.73% 1.51% 6.04%
Mode 5 Single Order 3.00% 4.19% 14.48%
Mode 6 Single Order 2.29% 1.67% 4.95%
AVQG 3-6 Multi-Order 1.25% 0.91% 3.01%
Average

Mode 3- Multi-Order 1.67% 1.90% 4.74%
Mode 6

Referring to FIG. 2, the, the embodiments of the disclo-
sure provide a system for predicting a residual strength of a
composite material after impact. The system 1ncludes:

a first frequency value acquiring module, configured to
acquire a {irst frequency value of a composite material to be
tested after impact damage;

a Irequency change rate determining module, configured
to determine a first frequency change rate according to an
iitial frequency value and first frequency value of the
composite material to be tested;

a model prediction module, configured to mput a first
frequency change rate to a pre-constructed residual strength
prediction model to predict a first residual strength of the
composite material to be tested;

the first frequency value and mnitial frequency value 1s
obtained by a modal test.

Further, 1n at least one embodiment, a system for predict-
ing a residual strength of a composite material after impact
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further includes a model construction module. The model
construction module includes:

a {irst data set acquiring umt, configured to acquire a first
data set including a plurality of data groups, the data group
including a second frequency change rate and a correspond-
ing second residual strength;

a training data set determining unit, configured to denoise
and thin the first data set to obtain a training data set;

a model training unit, configured to input the training data
set to a deep neural network for training to obtain a trained
residual strength prediction model.

Further, 1n an optional implementation, a system for
predicting a residual strength of a composite material after
impact further includes a model construction module. The
model construction module includes:

a Tunction equation determining unit, configured to deter-

mine a function equation of the frequency change rate of the
composite material to be tested and the residual strength, the
function equation including a plurality of undetermined
coeflicients:
a first data set acquiring umt, configured to acquire a first
data set including a plurality of data groups, the data group
including a second frequency change rate and a correspond-
ing second residual strength;

a data fitting unit, configured to fit the first data set by a
least square method and determine undetermined coetl-
cients of the function equation, thereby constructing a
residual strength prediction model according to function
equation and the undetermined coeflicients.

The contents of the above method embodiments are
applied to the system embodiments. The functions embodied
in the system embodiments are the same as the functions of
the above method embodiments, and the beneficial effects
achieved are the same as the beneficial effects achieved by
the above method embodiments.

Referring to FIG. 3, the embodiments of the disclosure
provide an apparatus for predicting a residual strength of a
composite material after impact. The apparatus includes:

at least one processor;

at least one memory configured to store at least one
program;

the at least one program being executed by the at least one
processor, the at least one processor being caused to execute
the method for predicting a residual strength of a composite
material after impact.

The contents of the above method embodiments are
applied to the apparatus embodiments. The functions
embodied 1n the apparatus embodiments are the same as the
functions of the above method embodiments, and the ben-
eficial eflects achieved are the same as the beneficial effects
achieved by the above method embodiments.

The embodiments of the disclosure further provide a
computer readable storage medium with programs execut-
able by a processor, the programs executable by the proces-
sor being configured to execute the method for predicting a
residual strength composite material after impact when
executed by the processor.

A computer-readable storage medium 1n embodiments of
the disclosure may execute a method for predicting a
residual strength of one composite material after impact in
the method embodiments and any combination of blocks of
the method embodiment, with corresponding functions and
benelits of the method.

Embodiments of the disclosure further disclose a com-
puter program product or a computer program including
computer instructions stored 1n a computer readable storage
medium. The processor of the computer device may read




US 11,403,446 Bl

13

computer instructions from the computer-readable storage
medium and executes the computer instructions so that the
computer device performs the method illustrated 1n FIG. 1.

In some optional embodiments, functions/operations
referred to i block diagrams may occur not 1n accordance
with sequence in the diagrams. For example, two blocks
shown 1n succession may be executed substantially concur-
rently or sometimes may be executed in the reverse
sequence, depending on functions/operations mmvolved. In
addition, the embodiments presented and described 1n the
flowcharts of the present disclosure are provided by way of
examples, and are intended to provide a more thorough
understanding of the technology. The disclosed methods are
not limited to operations and logic flows presented herein.
Alternative embodiments are predictable. The sequence of
various operations 1s changed and sub-operations described
as a part of a larger operation are independently executed.

In addition, even though the disclosure 1s described 1n the
context of a functional module, 1t should be understood that
one or more of the above functions and/or features may be
integrated 1n a single physical unit and/or software module,
or one or more functions and/or features may be imple-
mented in a separate physical device or software module,
unless otherwise indicated. It may be further understood that
the detailed discussion regarding the actual implementation
of each module 1s not necessary for understanding the
disclosure. More specifically, in consideration of attributes,
functions and internal relationships of various functional
modules 1n the apparatus disclosed herein, the actual imple-
mentation of the module may be understood by those skilled
in the art. Accordingly, the disclosure as set forth in the
claims may be implemented without undue tests by those
skilled 1n the art. It may be further understood that specific
concepts disclosed are illustrative only and are not intended
to limit the scope of the disclosure defined by the appended
claims and their entire scope of equivalents.

The above functions may be stored 1n a computer readable
memory 1f i1t 1s implemented 1n the form of a software
function unit and sold and used as an 1ndependent product,
which may be stored in a computer readable storage
medium. On the basis of such an understanding, the tech-
nical solution of the present disclosure essentially or partly
contributing to the related art, or part of the technical
solution may be embodied 1n the form of a software product.
The software product including several instructions 1s stored
in a storage medium, so that a computer device (may be a
personal computer, a server or a network device, etc.)
executes all or part of blocks of various embodiments of the
present disclosure. The medium includes a USB disk, a
mobile hard disk, a read-only memory (ROM), a random
access memory (RAM), a magnetic disk or an optical disk,
and other media that may store program codes.

The logics and/or blocks represented in the flowchart or
described 1n other ways herein, for example, may be con-
sidered as an ordered list of executable instructions config-
ured to implement logic tunctions, which may be specifi-
cally implemented 1n any computer readable medium for use
by 1nstruction execution systems, apparatuses or devices
(such as a computer-based system, a system including a
processor, or other systems that may obtain and execute
instructions from an instruction execution system, an appa-
ratus or a device) or in combination with the instruction
execution systems, apparatuses or devices. A “computer
readable medium” 1n the specification may be an apparatus
that may contain, store, communicate, propagate or transmit
a program for use by instruction execution systems, appa-
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ratuses or devices or in combination with the instruction
execution systems, apparatuses or devices.

A more specific example (a non-exhaustive list) of a
computer readable medium includes the followings: an
clectronic connector (an electronic apparatus) with one or
more cables, a portable computer disk box (a magnetic
device), a random access memory (RAM), a read-only
memory (ROM), an erasable programmable read-only
memory (an EPROM or a flash memory), an optical fiber
device, and a portable optical disk read-only memory
(CDROM). In addition, a computer readable medium even
may be paper or other suitable medium on which a program
may be printed, since paper or other medium may be
optically scanned, and then edited, interpreted or processed
in other suitable ways 1f necessary to obtain a program
clectronically and store 1t 1n a computer memory.

It should be understood that all parts of the present
disclosure may be implemented with a hardware, a software,
a firmware and their combination. In the above implemen-
tation, multiple blocks or methods may be stored in a
memory and implemented by a software or a firmware
executed by a suitable instruction execution system. For
example, i implemented with a hardware, they may be
implemented by any of the following technologies or their
combinations known 1n the art as 1n another implementation:
a discrete logic circuit with logic gate circuits configured to
achieve logic functions on data signals, a special integrated
circuit with appropriate combined logic gate circuits, a
programmable gate array (PGA), a field programmable gate
array (FPGA), etc.

In the above descriptions, descriptions with reference to
terms “one 1mplementation/embodiment”, “another 1mple-
mentation/embodiment” or “some 1implementations/embodi-
ments”, etc. mean specific features, structures, maternals or
characteristics described 1n combination with the implemen-
tation or example are included 1n at least one 1implementa-
tion or example of the present disclosure. The schematic
representations of the above terms do not have to be the
same 1mplementation or example. Moreover, specific fea-
tures, structures, materials or characteristics described may
be combined in any one or more implementations or
examples 1n a suitable manner.

Even though implementations of the disclosure have been
illustrated and described, it may be understood by those
skilled 1n the art that various changes, modifications, sub-
stitutions and alterations may be made for these implemen-
tations without departing from the principles and spirit of the
disclosure, and the scope of the disclosure 1s defined by
claims and theirr equivalents. Although the preferred
embodiments have been described in detail, the embodi-
ments are not limited in the disclosure. Those skilled 1n the
art know that various equivalent modifications or substitu-
tions may be made without departing from the spirit of the
disclosure, and all of these equivalent modifications or
substitutions are intended to be included within the scope
defined by the claims of the present disclosure.

What 1s claimed:
1. A method for predicting a residual strength of a
composite material after impact, comprising:

acquiring a first vibration frequency value of a composite
material to be tested after impact damage;

determining a first vibration Irequency change rate
according to an initial vibration frequency value and
the first vibration frequency value of the composite
material to be tested:
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inputting the first vibration frequency change rate to a
pre-constructed residual strength prediction model to
predict a first residual strength of the composite mate-
rial to be tested;

wherein, the first vibration frequency value and the nitial
vibration frequency value being obtained by a modal
test.

2. The method of claim 1, wherein, further comprising
constructing a residual strength prediction model, specifi-
cally comprising:

acquiring a first data set comprising a plurality of data
groups, the data group comprising a second vibration
frequency change rate and a corresponding second
residual strength;

denoising and thinning the first data set to obtain a
training data set;

inputting the training data set to a deep neural network for
training to obtain a trained residual strength prediction
model.

3. The method of claim 2, wherein, acquiring a first data

set, specifically comprising:

conducting a modal test on a composite test piece by a
vibration acquisition device to determine a second
vibration frequency value of the composite test piece
without impact damage;

conducting an mmpact test of a preset strength on the
composite test piece by an impact test device, and
determining a third vibration frequency value of the
composite test piece after impact damage;

determining the second vibration frequency change rate
according to the second vibration frequency value and
the third vibration frequency value;

conducting tensile, compression and bending strength
tests on the composite test piece after impact damage to
determine the second residual strength;

determining a data group according to the second vibra-
tion frequency change rate and the second residual
strength, thereby obtaiming a first data set.

4. The method of claim 1, wherein, further comprising
constructing a residual strength prediction model, specifi-
cally comprising;:

determining a function equation of the vibration fre-
quency change rate of the composite material to be
tested and the residual strength, the function equation
comprising a plurality of undetermined coeflicients;

acquiring a first data set comprising a plurality of data
groups, the data group comprising a second vibration
frequency change rate and a corresponding second
residual strength;

fitting the first data set by a least square method, and
determining undetermined coethlicients of the function
equation, thereby constructing a residual strength pre-
diction model according to the function equation and
the undetermined coeflicients.
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5. The method of claim 4, wherein, the function equation
being:
S~ [1-CA-(1-Af*)"-r]-S,

wherein, S, representing the residual strength of the
composite material to be tested, Af representing the
vibration frequency change rate of the composite mate-
rial to be tested, S, representing the 1mitial strength of
the composite material to be tested, and C, w, r being
undetermined coeflicients.

6. A system for predicting a residual strength of a com-

posite material after impact, comprising:

a first vibration frequency value acquiring module, con-
figured to acquire a {irst vibration frequency value of a
composite material to be tested after impact damage;

a vibration frequency change rate determining module,
configured to determine a first vibration Irequency
change rate according to an initial vibration frequency
value and the first vibration frequency value of the
composite material to be tested;

a model prediction module, configured to 1nput the first
vibration frequency change rate to a pre-constructed
residual strength prediction model to predict a first
residual strength of the composite material to be tested;

wherein, the first vibration frequency value and the mitial

vibration frequency value being obtained by a modal
test.

7. The system of claim 6, wherein, further comprising a
model construction module, the model construction module

comprising;

a first data set acquiring umit, configured to acquire a first
data set comprising a plurality of data groups, the data
group comprising a second vibration frequency change
rate and a corresponding second residual strength;

a training data set determining unit, configured to denoise
and thin the first data set to obtain a training data set;

a model training unit, configured to 1nput the training data
set to a deep neural network for training to obtain a
trained residual strength prediction model.

8. The system of claim 6, wherein, further comprising a
model construction module, the model construction module
comprising;

a Tunction equation determining unit, configured to deter-
mine a function equation of the vibration frequency
change rate of the composite material to be tested and
the residual strength, the function equation comprising
a plurality of undetermined coeflicients;

a {irst data set acquiring unit, configured to acquire a first
data set comprising a plurality of data groups, the data
group comprising a second vibration frequency change
rate and a corresponding second residual strength;

a data fitting unit, configured to fit the first data set by a
least square method and determine undetermined coet-
ficients of the function equation, thereby constructing a
residual strength prediction model according to the
function equation and the undetermined coeflicients.
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