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METHOD AND APPARATUS FOR
GENERATING VIRTUAL OBJECT

CROSS-REFERENCE TO RELATED
APPLICATIONS

This application claims the benefit under 35 USC § 119(a)
of Korean Patent Application No. 10-2017-01377757, filed

on Oct. 23, 2017/, 1n the Korean Intellectual Property Oflice,
the entire disclosure of which 1s 1ncorporated herein by
reference for all purposes.

BACKGROUND

1. Field

The following description relates to method and apparatus
for generating a virtual object by changing point cloud based
on an 1image acquired by capturing an object.

2. Description of Related Art

A virtual object representing a shape of a real object may
be used 1n digital content. For example, a virtual object may
be used 1n virtual reality (VR) content or augmented reality
(AR) content. Since VR content or AR content needs to
implement an environment similar to a reality and needs to
interact closely with a user, a virtual object may be useful.

SUMMARY

This Summary 1s provided to introduce a selection of
concepts 1 a sumplified form that are further described
below 1n the Detailed Description. This Summary 1s not
intended to 1dentily key features or essential features of the
claimed subject matter, nor 1s 1t intended to be used as an aid
in determining the scope of the claimed subject matter.

In one general aspect, there 1s provided a method of
generating a virtual object, the method including acquiring
a point cloud that 1s generated based on a depth map of the
object, determining shape attribute information of the object
based on an image of the object, changing a position of at
least one point 1n the point cloud based on the shape attribute
information, and generating a virtual object for the object
based on the point cloud 1n which the position of the at least
one point 1s changed.

The determining of the shape attribute information may
include determiming the shape attribute information using a
neural network that 1s trained to recognize a shape of the
object.

The shape attribute information may be a vector repre-
senting a plurality of shapes.

An element of the vector may be a binary value.

The changing of the position of the at least one point in
the point cloud may include calculating an energy field of
the point cloud based on the shape attribute information, and
changing the position of the at least one point in the point
cloud based on the energy field.

The calculating of the energy field may include calculat-
ing the energy field based on the vector.

The calculating of the energy field based on the vector
may include determining a weight of each of elements of the
vector, and calculating the energy field based on the weight
applied to the each of the elements of the vector.

The changing of the position of the at least one point in
the point cloud may i1nclude changing a position of a first
point 1n the point cloud, to correspond to a first element of
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the vector, and changing a position of a second point 1n the
point cloud, to correspond to a second element of the vector.

The acquiring of the point cloud may include generating
a depth map based on the image, and generating the point
cloud based on the depth map.

The generating of the depth map may include generating,
depth maps for multiple viewpoints of the object.

The acquiring of the point cloud may include generating,
the depth map of the object using a depth camera, and
generating the point cloud based on the generated depth
map.

The generating of the virtual object may include gener-
ating a three-dimensional (3D) mesh based on the point
cloud 1n which the position of the at least one point is
changed, and generating a texture of the 3D mesh.

The method of claim 1, wherein the virtual object 1s
included 1n any one or any combination of augmented reality
(AR) content or virtual reality (VR) content.

The generating of the texture of the 3D mesh may include
generating the texture of the 3D mesh, 1n response to the
image being a color image.

A number of times the position of the at least one point 1n
the point cloud may be changed corresponds to a number of
clements of the vector.

In another general aspect, there 1s provided an apparatus
for generating a virtual object, the apparatus including a
processor configured to acquire a point cloud that 1s gener-
ated based on a depth map of the object, determine shape
attribute information of the object based on an 1mage of the
object, change a position of at least one point in the point
cloud based on the shape attribute information, and generate
a virtual object for the object based on the point cloud 1n
which the position of the at least one point 1s changed.

The determining of the shape attribute information may
include determining the shape attribute information using a
neural network that 1s trained to recogmize a shape of the
object.

The shape attribute information may be a vector repre-
senting a plurality of shapes.

The processor may be configured to calculate an energy
field of the point cloud based on the shape attribute infor-
mation, and change the position of the at least one point in
the point cloud based on the energy field.

The processor may be configured to change a position of
a first point of the at least one point in the point cloud, to
correspond to a first element of the vector, and change a
position of a second point of the at least one point in the
point cloud, to correspond to a second element of the vector.

The processor may be configured to generate a depth map
based on the image, and acquire the point cloud based on the
generated depth map.

The apparatus may 1nclude a memory configured to store
any one or any combination of the depth map of the object,
the 1mage of the object, and the virtual object.

Other features and aspects will be apparent from the
tollowing detailed description, the drawings, and the claims.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 1llustrates an example of a point cloud and virtual
objects.

FIG. 2 1s a diagram 1illustrating an example of a configu-
ration of a virtual object generation apparatus.

FIG. 3 1s a diagram 1llustrating a virtual object generation
method.

FIG. 4 1s a diagram 1illustrating an example of acquiring
a point cloud.
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FIG. 5 1s a diagram illustrating another example of
acquiring a point cloud.

FIG. 6 illustrates an example of shape attribute informa-
tion.

FI1G. 7 1s a diagram 1llustrating an example of changing a
position of a point 1n a point cloud based on an energy field.

FIG. 8 1s a diagram 1illustrating an example of calculating
an energy field.

FIG. 9 1llustrates an example of a changed point cloud.

FIG. 10 illustrates another example of a changed point
cloud.

FI1G. 11 1s a diagram 1llustrating an example of repeatedly
changing a position of a point i a point cloud.

FI1G. 12 1s a diagram 1llustrating an example of generating
a virtual object based on a three-dimensional (3D) mesh.

Throughout the drawings and the detailed description,
unless otherwise described or provided, the same drawing
reference numerals will be understood to refer to the same
clements, features, and structures. The drawings may not be
to scale, and the relative size, proportions, and depiction of
clements 1n the drawings may be exaggerated for clarity,
illustration, and convenience.

DETAILED DESCRIPTION

The following detailed description 1s provided to assist
the reader 1n gaining a comprehensive understanding of the
methods, apparatuses, and/or systems described herein.
However, various changes, modifications, and equivalents
of the methods, apparatuses, and/or systems described
herein will be apparent after an understanding of the dis-
closure of this application. For example, the sequences of
operations described herein are merely examples, and are
not limited to those set forth herein, but may be changed as
will be apparent after an understanding of the disclosure of
this application, with the exception of operations necessarily
occurring 1n a certain order. Also, descriptions of features
that are known 1n the art may be omitted for increased clarity
and conciseness.

The features described herein may be embodied i dif-
terent forms, and are not to be construed as being limited to
the examples described herein. Rather, the examples
described herein have been provided merely to illustrate
some of the many possible ways of implementing the
methods, apparatuses, and/or systems described herein that
will be apparent after an understanding of the disclosure of
this application.

Hereinafter, examples will be described in detail with
reference to the accompanying drawings. The scope of the
present disclosure, however, should not be construed as
limited to the examples set forth herein. Like reference
numerals in the drawings refer to like elements throughout
the present disclosure.

Various modifications may be made to the examples.
However, 1t should be understood that these examples are
not construed as limited to the illustrated forms and include
all changes, equivalents or alternatives within the 1dea and
the technical scope of the present disclosure.

The terminology used herein 1s for the purpose of describ-
ing particular examples only and 1s not intended to be
limiting of the present inventive concept. As used herein, the
singular forms ““a,” “an” and “the” are intended to include
the plural forms as well, unless the context clearly indicates
otherwise.

Regarding the reference numerals assigned to the ele-
ments 1 the drawings, 1t should be noted that the same
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wherever possible, even though they are shown in different
drawings. Also, in the description of examples, detailed
description of well-known related structures or functions
will be omitted when 1t 1s deemed that such description
could cause ambiguous interpretation of the present disclo-
sure.

FIG. 1 1illustrates an example of a point cloud 110 and
virtual objects 120 and 130.

As virtual reality (VR) content or augmented reality (AR)
content 1s increasingly created and being used, a virtual
object generated based on a real object 1s being used 1n the
VR content or AR content. When a similarity between the
generated virtual object and the real object increases, a user
ol content gets absorbed in the content. The virtual object
represents appearance information of the real object.

A virtual object 1s generated based on the point cloud 110
of a real object. The point cloud 110 1s converted into
volume data, to generate a virtual object. To generate a
virtual object similar to a real object, 1t 1s advantageous to
reduce an error occurring in a process of acquiring the point
cloud 110 and a process of converting the point cloud 110
into the volume data. The volume data 1s, for example, a
three-dimensional (3D) mesh. For example, when the point
cloud 110 does not adequately represent appearance infor-
mation of a real object, different virtual objects, for example,
the virtual objects 120 and 130, are generated.

For example, a method of determining a shape of a real
object based on an 1mage acquired by capturing the real
object and reflecting the determined shape to the point cloud
110 15 used. A virtual object generated based on the point
cloud 1n which the determined shape is reflected represents
an appearance of the real object. Examples of generating a
virtual object will be further described below with reference
to FIGS. 2 through 10.

FIG. 2 1s a diagram 1illustrating an example of a configu-
ration of a virtual object generation apparatus 200.

Referring to FIG. 2, the virtual object generation appara-
tus 200 includes a communicator 210, a processor 220 and
a memory 230.

The communicator 210 1s connected to the processor 220
and the memory 230 and transmits and receives data. In an
example, the communicator 210 1s connected to an external
device and transmits and receives data. In the following
description, an expression “transmitting and receiving “A’”
refers to transmitting and receiving data or information
representing “A”.

The communicator 210 1s implemented as, for example, a
circuitry 1n the virtual object generation apparatus 200. In an
example, the communicator 210 includes an internal bus and
an external bus. In another example, the commumicator 210
1s an e¢lement configured to connect the virtual object
generation apparatus 200 to an external device. The com-
municator 210 1s, for example, an interface. The communi-
cator 210 recerves data from the external device and trans-
mits data to the processor 220 and the memory 230.

The processor 220 processes data received by the com-
municator 210 and data stored in the memory 230. The term
“processor,” as used herein, may be a hardware-imple-
mented data processing device having a circuit that 1s
physically structured to execute desired operations. In an
example, the desired operations include code or mstructions
included 1 a program. The hardware-implemented data
processing device may include, but i1s not limited to, for
example, a microprocessor, a central processing umt (CPU),
a processor core, a multi-core processor, a multiprocessor,
an application-specific integrated circuit (ASIC), and a field-
programmable gate array (FPGA).
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The processor 220 executes a computer-readable code
(stored 1n a memory (for example, the memory 230).

The memory 230 stores data received by the communi-
cator 210 and data processed by the processor 220. In an
example, the memory 230 stores a program. In an example,
the stored program 1s coded to generate a virtual object and
1s a set of syntax executable by the processor 220.

The memory 230 includes, for example, at least one
volatile memory, a nonvolatile memory, a random access
memory (RAM), a flash memory, a hard disk drive and an
optical disc drive. The memory 230 stores an instruction set
(for example, software) to operate the virtual object genera-
tion apparatus 200. The instruction set to operate the virtual
object generation apparatus 200 1s executed by the processor
220.

The communicator 210, the processor 220 and the
memory 230 1s further described below, 1n particular with
reference to FIGS. 3 through 12.

FI1G. 3 1s a diagram 1illustrating a virtual object generation
method. The operations 1n FIG. 3 may be performed in the
sequence and manner as shown, although the order of some
operations may be changed or some of the operations
omitted without departing from the spirit and scope of the
illustrative examples described. Many of the operations
shown 1n FIG. 3 may be performed 1n parallel or concur-
rently. One or more blocks of FIG. 3, and combinations of
the blocks, can be implemented by special purpose hard-
ware-based computer that perform the specified functions,
or combinations of special purpose hardware and computer
instructions. In addition to the description of FIG. 3 below,
the descriptions of FIGS. 1-2 are also applicable to FIG. 3,
and are incorporated herein by reference. Thus, the above
description may not be repeated here.

Operations 310 through 340 of FIG. 3 are performed by,
for example, the virtual object generation apparatus 200 of
FIG. 2.

In operation 310, the processor 220 acquires a point cloud
of an object. The point cloud 1s a set of points representing
an appearance of a real object (heremafter, referred to as an
“object”) 1n a virtual 3D space. The points have coordinates
in the 3D space.

In an example, the point cloud 1s generated based on a
depth map of the object. Examples of generating a point
cloud will be further described below with reference to
FIGS. 4 and 5.

In operation 320, the processor 220 determines shape
attribute information ol the object based on an image
acquired by capturing the object. In an example, the shape
attribute information 1s expressed by a vector representing a
plurality of shapes. For example, the plurality of shapes
include shapes such as, for example, a mirror symmetry, a
rotational symmetry, a thin structure, a rough surface and a
smooth surface. An example of a vector for shape attribute
information will be further described below with reference
to FIG. 6.

In an example, the processor 220 determines the shape
attribute information using a neural network that 1s trained
to recognize a shape of the object. For example, an 1mage of
the object 1s mput to the neural network, and shape attribute
information corresponding to the iput image 1s output. The
neural network 1s trained i1n advance based on a label
indicating a shape of the object and an 1mage acquired by
capturing the object. For example, the label indicates a shape
of the object among the plurality of shapes. When shape
attribute 1information of the object 1s not accurately deter-
mined using the trained neural network, the neural network
1s additionally trained. At least one parameter value of the
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6

neural network 1s changed so that the neural network deter-
mines a correct answer. For example, the neural network 1s
trained using a backpropagation. In an example, the neural
network 1s implemented as an algorithm and 1s performed
by, for example, the processor 220.

In operation 330, the processor 220 changes a position of
at least one point 1n the point cloud based on the determined
shape attribute information.

In an example, an energy field of the point cloud 1s
calculated based on the determined shape attribute informa-
tion, and a position of at least one point 1n the point cloud
1s changed based on the energy field. An example of
changing a position of a point 1n the point cloud based on an
energy field will be further described below with reference

to FI1G. 7.

In another example, a position of at least one point 1n the
point cloud 1s repeatedly changed based on elements of a
vector representing a plurality of shapes which will be
described below. An example of repeatedly changing a
position of at least one point in the point cloud based on
clements of a vector will be further described below with
reference to FIG. 11.

Examples of a point cloud in which a position of at least
one point 1s changed will be further described below with
reference to FIGS. 9 and 10. In the following description, a
point cloud 1 which a position of a point 1s changed 1s
referred to as a “changed point cloud.”

In operation 340, the processor 220 generates a virtual
object for the object based on the changed point cloud. The
generated virtual object 1s, for example, a 3D model of the
object. In an example, the virtual object does not include a
texture. In another example, when a point cloud 1s generated
based on a color image, the virtual object includes a texture.
The generated virtual object 1s included 1n AR content or VR
content. An example of generating a virtual object will be
further described below with reference to FIG. 12.

FIG. 4 1s a diagram 1illustrating an example of acquiring
a point cloud 1n operation 310 of FIG. 3. The operations 1n
FIG. 4 may be performed 1n the sequence and manner as
shown, although the order of some operations may be
changed or some of the operations omitted without departing
from the spirit and scope of the illustrative examples
described. Many of the operations shown 1n FIG. 4 may be
performed in parallel or concurrently. One or more blocks of
FIG. 4, and combinations of the blocks, can be implemented
by special purpose hardware-based computer that perform
the specified functions, or combinations of special purpose
hardware and computer instructions. In addition to the
description of FIG. 4 below, the descriptions of FIGS. 1-3
are also applicable to FIG. 4, and are incorporated herein by
reference. Thus, the above description may not be repeated
here.

Retferring to FIGS. 3 and 4, operation 310 includes
operations 410 and 420.

In operation 410, the processor 220 generates a depth map
based on i1mages acquired by capturing the object. For
example, the virtual object generation apparatus 200 further
includes a camera (not shown). In an example, a user of the
virtual object generation apparatus 200 acquires color
images of an object using the camera. In an example, the
color 1mages are images acquired by capturing the object
from different viewpoints.

In an example, the processor 220 calculates a binocular
disparity based on color images acquired from different
viewpoints. The depth map 1s generated based on the bin-
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ocular disparity. Based on a variety of capturing viewpoints
of color images, depth maps of various viewpoints are
generated.

For example, when a depth map 1s generated based on a
color 1mage, a point of the depth map includes a color value
or texture information of a pixel of the depth map. The color
value or the texture information of the pixel of the depth map
1s acquired from a pixel of the color image corresponding to
the pixel.

In operation 420, the processor 220 generates a point
cloud based on the depth map. As depth maps vary 1n
viewpoint, an occlusion region of the point cloud 1s reduced.
For example, the processor 220 detects feature points from
a plurality of depth maps, and connects or combines a
feature point of a first depth map and a feature point of a
second depth map that corresponds to the feature point, to
generate a point cloud.

FIG. § 1s a diagram illustrating another example of
acquiring a point cloud 1 operation 310 of FIG. 3. The
operations 1n FIG. 5 may be performed 1n the sequence and
manner as shown, although the order of some operations
may be changed or some of the operations omitted without
departing from the spirit and scope of the illustrative
examples described. Many of the operations shown 1n FIG.
5 may be performed 1n parallel or concurrently. One or more
blocks of FIG. 5, and combinations of the blocks, can be
implemented by special purpose hardware-based computer
that perform the specified functions, or combinations of
special purpose hardware and computer instructions. In
addition to the description of FIG. 5 below, the descriptions
of FIGS. 1-4 are also applicable to FIG. 5, and are incor-
porated herein by reference. Thus, the above description
may not be repeated here.

Referring to FIGS. 3 and 5, operation 310 includes
operations 310 and 520. The virtual object generation appa-
ratus 200 further includes a depth camera (not shown).

In operation 510, a depth map of an object 1s generated
using the depth camera. In an example, the depth camera
generates a depth map using a laser. In another example, the
depth camera generates a depth map based on a calculated
time of flight (ToF) by emitting and receiving light. A
scheme of generating a depth map using the depth camera 1s
not limited to the examples, and other schemes of generating
a depth map are considered to be well within the scope of the
present disclosure. A plurality of depth maps with diflerent
viewpoints are generated using the depth camera.

In operation 3520, the processor 220 generates a point
cloud based on the depth map. The above description of
operation 420 of FIG. 4 1s also applicable to operation 520,
and accordingly 1s not repeated herein for clarity and con-
C1seness.

FIG. 6 illustrates an example of shape attribute informa-
tion 600.

The shape attribute information 600 1includes a plurality of
shapes 610 and vectors 620 of the shapes 610. In an
example, the plurality of shapes 610 include shapes such as,
a mirror symmetry (attribute_A), a rotational symmetry
(attribute_B), a thin structure (attribute_C), a rough surface
(attribute_D), and the like.

A neural network determines which one of the shapes 610
corresponds to an object based on an iput 1mage of the
object. For example, the neural network determines a shape
of the object to correspond to a mirror symmetry and a thin
structure. Each of elements of a vector 1s, for example, a
binary value. For example, the neural network determines
the vectors 620 of the object as [1 01 0. .. ]. When an

clement of a vector has a value of “1,” the object 1is

10

15

20

25

30

35

40

45

50

55

60

65

8

determined to have a shape corresponding to the element.
When an element of a vector has a value of “0,” the object
1s determined not to have a shape corresponding to the
clement.

FIG. 7 1s a diagram 1llustrating an example of changing a
position of a point 1n a point cloud based on an energy field
in operation 330 of FIG. 3. The operations 1n FIG. 7 may be
performed 1n the sequence and manner as shown, although
the order of some operations may be changed or some of the
operations omitted without departing from the spirit and
scope of the illustrative examples described. Many of the
operations shown in FIG. 7 may be performed 1n parallel or
concurrently. One or more blocks of FIG. 7, and combina-
tions of the blocks, can be implemented by special purpose
hardware-based computer that perform the specified func-
tions, or combinations of special purpose hardware and
computer mstructions. In addition to the description of FIG.
7 below, the descriptions of FIGS. 1-6 are also applicable to
FIG. 7, and are incorporated herein by reference. Thus, the
above description may not be repeated here.

Referring to FIGS. 3 and 7, operation 330 includes
operations 710 and 720.

In operation 710, the processor 220 calculates an energy
field of the point cloud based on the determined shape
attribute information. The energy field 1s, for example, a
constraint of a position or a distribution of points in the point
cloud. The energy field includes a curved surface and a plane
that are set in a 3D space in which the point cloud 1s located,
or a combination of the plane and the curved surface.

For example, when an object 1s determined to have a
smooth surface, an energy field 1s determined so that a
surface of the point cloud i1s flat. An energy field to smooth
the surface of the point cloud 1s, for example, a Laplacian
ficld. An example of calculating an energy field will be
turther described below with reference to FIG. 8.

In operation 720, the processor 220 changes a position of
at least one point 1n the point cloud based on the calculated
energy lield.

In an example, when the energy field 1s calculated so that
the surface of the point cloud 1s flat, positions or a distri-
bution of points 1n the point cloud are changed to smooth the
surface of the point cloud. In this example, based on the
calculated energy field, a point protruding from the surface
of the point cloud moves inwards, and a recessed point 1n the
point cloud moves outwards. When the point cloud has an
occlusion region, points move to complement for the occlu-
101 region.

In another example, the processor 220 detects, as a noise
point, a point that does not correspond to the calculated
energy lield from the point cloud, and deletes the detected
point from the point cloud.

FIG. 8 1s a diagram 1llustrating an example of calculating
an energy field 1n operation 710 of FIG. 7. The operations 1n
FIG. 8 may be performed 1n the sequence and manner as
shown, although the order of some operations may be
changed or some of the operations omitted without departing
from the spirit and scope of the illustrative examples
described. Many of the operations shown 1n FIG. 8 may be
performed in parallel or concurrently. One or more blocks of
FIG. 8, and combinations of the blocks, can be implemented
by special purpose hardware-based computer that perform
the specified functions, or combinations of special purpose
hardware and computer instructions. In addition to the
description of FIG. 8 below, the descriptions of FIGS. 1-7
are also applicable to FIG. 8, and are incorporated herein by
reference. Thus, the above description may not be repeated
here.
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Referring to FIGS. 7 and 8, operation 710 1includes
operations 810 and 820.

In operation 810, the processor 220 determines a weight
of each of elements of a vector. For example, a weight of a
shape representing “1” as an element 1s determined. Refer-
ring to FIG. 6, a weight of each of the mirror symmetry
(attribute_A) and the thin structure (attribute_C) 1s deter-
mined.

In operation 820, the processor 220 calculates the energy
field based on the weight. For example, when a unique
energy field of each shape is set in advance, an energy field
ol an object calculated based on weights 1s expressed as a
weighted sum of energy fields. An energy field of the mirror
symmetry (attribute_A) 1s denoted by E ,, and a weight 1s
denoted by W ,. An energy field of the thin structure (attrib-
ute_C) 1s denoted by E -, and a weight 1s denoted by W .. A
final energy ficld E.- of the object 1s calculated using Equa-
tion 1 shown below.

E=(W Ox(E )+ Weox(E ) [Equation 1]

The processor 220 changes a distribution of points 1n the
point cloud based on the final energy field E..

FIG. 9 1llustrates an example of a changed point cloud.

A point cloud 910 generated based on a depth image does
not clearly reflect a shape of a real object. An object has a
shape of a cube with a smooth surface, however, the
generated point cloud 910 does not have a smooth surface.

A neural network determines shape attribute information
ol the object 1n response to an input of an 1image representing
the object. For example, the determined shape attribute
includes a cube and a smooth surface. A final energy field 1s
calculated based on an energy field of each of the cube and
the smooth surface.

The processor 220 generates a changed point cloud 920
by changing a position of at least one point 1n the point cloud
910 based on the final energy field. For example, a noise
point that deviates from the shape of the cube 1s deleted from
among points i1n the pomnt cloud 910 based on the final
energy field, and positions and a distribution of points 1n the
point cloud 910 are changed so that a shape of the point
cloud 920 represents the cube and the smooth surtace.

FIG. 10 illustrates another example of a changed point
cloud.

A point cloud 1010 generated based on a depth image
does not clearly reflect a shape of a real object. A body
portion of an object has a cylindrical symmetry except for a
handle portion, however, the generated point cloud 1010
does not have a cylindrical symmetry.

A neural network determines shape attribute information
of the object in response to an input of an 1mage representing
the object. For example, the determined shape attribute
includes a cylindrical symmetry. A final energy field 1is
calculated based on an energy field for the cylindrical
symmetry.

The processor 220 generates a changed point cloud 1020
by changing a position of at least one point in the point cloud
1010 based on the final energy field. For example, a noise
point that deviates from a shape of the cylindrical symmetry
1s deleted from among points 1n the point cloud 1010 based
on the final energy field, and positions and a distribution of
the points 1n the point cloud 1010 are changed so that the
point cloud 1020 represents the cylindrical symmetry.

FI1G. 11 1s a diagram 1llustrating an example of repeatedly
changing a position of a point 1n a point cloud in operation
330 of FIG. 3. The operations in FIG. 11 may be performed
in the sequence and manner as shown, although the order of
some operations may be changed or some of the operations
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omitted without departing from the spirit and scope of the
illustrative examples described. Many of the operations
shown 1n FIG. 11 may be performed 1n parallel or concur-
rently. One or more blocks of FIG. 11, and combinations of
the blocks, can be implemented by special purpose hard-
ware-based computer that perform the specified functions,
or combinations of special purpose hardware and computer
instructions. In addition to the description of FIG. 11 below,
the descriptions of FIGS. 1-10 are also applicable to FIG. 11,
and are incorporated herein by reference. Thus, the above
description may not be repeated here.

Retferring to FIGS. 3 and 11, operation 330 includes
operations 1110, 1120 and 1130. Points 1n the point cloud are
rearranged for each of determined shapes of the object. For
example, when “n” shapes of the object are determined, the

points are rearranged “n” times.

In operation 1110, the processor 220 changes a position of
at least one point 1n the point cloud to correspond to a {first
clement of a vector. For example, the first element represents
the above-described mirror symmetry, and positions of
points 1n the point cloud are changed to represent the mirror
symmetry.

In operation 1120, the processor 220 changes a position of
at least one point 1n the point cloud to correspond to a second
clement of the vector. For example, the second element
represents the above-described rotational symmetry, and
positions of points 1n the point cloud are changed to repre-
sent the rotational symmetry.

In operation 1130, the processor 220 the processor 220
changes a position of at least one point in the point cloud to
correspond to an n-th element of the vector.

FIG. 12 1s a diagram 1llustrating an example of generating,
a virtual object based on a 3D mesh 1n operation 340 of FIG.
3. The operations 1n FIG. 12 may be performed in the
sequence and manner as shown, although the order of some
operations may be changed or some of the operations
omitted without departing from the spirit and scope of the
illustrative examples described. Many of the operations
shown 1n FIG. 12 may be performed 1n parallel or concur-
rently. One or more blocks of FIG. 12, and combinations of
the blocks, can be implemented by special purpose hard-
ware-based computer that perform the specified functions,
or combinations of special purpose hardware and computer
instructions. In addition to the description of FIG. 12 below,
the descriptions of FIGS. 1-11 are also applicable to FIG. 12,
and are incorporated herein by reference. Thus, the above

description may not be repeated here.

Referring to FIGS. 3 and 12, operation 340 includes
operations 1210 and 1220.

In operation 1210, the processor 220 generates a 3D mesh
based on the changed point cloud. For example, a plurality
of vertices are generated based on the point cloud. The 3D
mesh 1s generated based on the plurality of vertices. A line
connecting two vertices 1s an edge, and a face 1s generated
by neighboring edges. The 3D mesh 1s, for example, a
polygon mesh. The 3D mesh 1s also referred to as a *““virtual
object.”

Operation 1220 1s selectively performed when informa-
tion of a color value 1s included 1n vertices of the 3D mesh.
For example, when a point cloud 1s generated based on a
color 1mage of an object, operation 1220 i1s performed.

In operation 1220, the processor 220 generates a texture
of the 3D mesh. For example, when a point cloud is
generated based on a color 1image, points of the point cloud
include texture information of pixels of the color image
corresponding to the points. Vertices of the 3D mesh are
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generated based on the points of the point cloud, and
accordingly vertices corresponding to the points have the
texture information.

When the texture of the 3D mesh 1s generated, both a
color and a shape of the virtual object are expressed simi-
larly to a real object.

The virtual object generation apparatus 200, other appa-
ratuses, devices, and other components described herein
with respect to FIG. 2 are implemented by hardware com-
ponents. Examples of hardware components that may be
used to perform the operations described 1n this application
where appropriate include controllers, sensors, generators,
drivers, memories, comparators, arithmetic logic units,
adders, subtractors, multipliers, dividers, integrators, and
any other electronic components configured to perform the
operations described 1n this application. In other examples,
one or more of the hardware components that perform the
operations described 1n this application are implemented by
computing hardware, for example, by one or more proces-
sors or computers. A processor or computer may be imple-
mented by one or more processing elements, such as an
array of logic gates, a controller and an arithmetic logic unat,
a digital signal processor, a microcomputer, a programmable
logic controller, a field-programmable gate array, a program-
mable logic array, a microprocessor, or any other device or
combination of devices that 1s configured to respond to and
execute 1mstructions 1n a defined manner to achieve a desired
result. In one example, a processor or computer includes, or
1s connected to, one or more memories storing instructions
or software that are executed by the processor or computer.
Hardware components implemented by a processor or com-
puter may execute instructions or software, such as an
operating system (OS) and one or more soltware applica-
tions that run on the OS, to perform the operations described
in this application. The hardware components may also
access, manipulate, process, create, and store data 1n
response to execution of the instructions or software. For
simplicity, the singular term “processor” or “computer” may
be used 1n the description of the examples described 1n this
application, but 1 other examples multiple processors or
computers may be used, or a processor or computer may

include multiple processing elements, or multiple types of

processing elements, or both. For example, a single hard-
ware component or two or more hardware components may
be mmplemented by a single processor, or two or more
processors, or a processor and a controller. One or more
hardware components may be implemented by one or more
processors, or a processor and a controller, and one or more
other hardware components may be implemented by one or
more other processors, or another processor and another
controller. One or more processors, or a processor and a
controller, may implement a single hardware component, or
two or more hardware components. A hardware component
may have any one or more of different processing configu-
rations, examples of which include a single processor,
independent processors, parallel processors, single-instruc-
tion single-data (SISD) multiprocessing, single-instruction
multiple-data (SIMD) multiprocessing, multiple-instruction
single-data (MISD) multiprocessing, and multiple-instruc-
tion multiple-data (MIMD) multiprocessing.

The methods illustrated in FIGS. 3, 4, 5,7, 8, 11 and 12
that perform the operations described 1n this application are
performed by computing hardware, for example, by one or
more processors or computers, implemented as described
above executing instructions or software to perform the
operations described 1n this application that are performed
by the methods. For example, a single operation or two or
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more operations may be performed by a single processor, or
two or more processors, or a processor and a controller. One
or more operations may be performed by one or more
processors, or a processor and a controller, and one or more
other operations may be performed by one or more other
processors, or another processor and another controller. One
Or more processors, or a processor and a controller, may
perform a single operation, or two or more operations.

Instructions or software to control a processor or com-
puter to implement the hardware components and perform
the methods as described above are written as computer
programs, code segments, mstructions or any combination
thereof, for individually or collectively instructing or con-
figuring the processor or computer to operate as a machine
or special-purpose computer to perform the operations per-
formed by the hardware components and the methods as
described above. In one example, the instructions or sofit-
ware includes at least one of an applet, a dynamic link
library (DLL), middleware, firmware, a device driver, an
application program storing the method of preventing the
collision. In one example, the instructions or soltware
include machine code that 1s directly executed by the
processor or computer, such as machine code produced by a
compiler. In another example, the instructions or software
include higher-level code that 1s executed by the processor
or computer using an interpreter. Programmers of ordinary
skill can readily write the instructions or software based on
the block diagrams and the flow charts illustrated in the
drawings and the corresponding descriptions in the specifi-
cation, which disclose algorithms for performing the opera-
tions performed by the hardware components and the meth-
ods as described above.

The instructions or software to control a processor or
computer to implement the hardware components and per-
form the methods as described above, and any associated
data, data files, and data structures, are recorded, stored, or
fixed 1n or on one or more non-transitory computer-readable
storage media. Examples of a non-transitory computer-
readable storage medium include read-only memory
(ROM), random-access programmable read only memory
(PROM), electrically erasable programmable read-only
memory (EEPROM), random-access memory (RAM),
dynamic random access memory (DRAM), static random

access memory (SRAM), flash memory, non-volatile
memory, CD-ROMs, CD-Rs, CD+Rs, CD-RWs, CD+RWs,

DVD-ROMSs, DVD-Rs, DVD+Rs, DVD-RWs, DVD+RWs,
DVD-RAMs, BD-ROMs, BD-Rs, BD-R LTHs, BD-REs,
blue-ray or optical disk storage, hard disk drive (HDD),
solid state drive (SSD), tlash memory, a card type memory
such as multimedia card micro or a card (for example, secure
digital (SD) or extreme digital (XD)), magnetic tapes, floppy
disks, magneto-optical data storage devices, optical data
storage devices, hard disks, solid-state disks, and any other
device that 1s configured to store the instructions or software
and any associated data, data files, and data structures 1n a
non-transitory manner and providing the instructions or
soltware and any associated data, data files, and data struc-
tures to a processor or computer so that the processor or
computer can execute the instructions. In one example, the
istructions or soitware and any associated data, data files,
and data structures are distributed over network-coupled
computer systems so that the instructions and software and
any associated data, data files, and data structures are stored,
accessed, and executed 1n a distributed fashion by the one or
more processors or computers.

While this disclosure includes specific examples, 1t will
be apparent after gaining a thorough understanding of the
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disclosure of this application that various changes 1n form
and details may be made 1n these examples without depart-
ing from the spirit and scope of the claims and their
equivalents. The examples described herein are to be con-

sidered 1n a descriptive sense only, and not for purposes of 5

limitation. Descriptions of features or aspects in each
example are to be considered as being applicable to similar
features or aspects 1n other examples. Suitable results may
be achieved 1f the described techniques are performed 1n a
different order, and/or 1f components 1n a described system,
architecture, device, or circuit are combined 1n a different
manner, and/or replaced or supplemented by other compo-
nents or their equivalents. Therelore, the scope of the
disclosure 1s defined not by the detailed description, but by
the claims and their equivalents, and all variations within the
scope of the claims and their equivalents are to be construed
as beimng included 1n the disclosure.
What 1s claimed 1s:
1. A method of generating a virtual object, the method
comprising;
acquiring a point cloud that 1s generated based on a depth
map of an object;
determining shape attribute information of the object
based on an 1image of the object using a neural network
trained to recognize a shape of the object by generating
the shape attribute information as respective informa-
tion with respect to a plurality of shape attributes
comprising at least two of a mirror symmetry, a rota-
tional symmetry, a thin structure, a rough surface, or a
smooth surface, wherein an element, corresponding to
a vector having the respective information as respective
clements of the vector, 1s a binary value;
changing a position of at least one point 1n the point cloud,
based on the shape attribute information, comprising;
changing a position of a first point 1n the point cloud,
to correspond to a first element of the vector; and
changing a position of a second point 1n the point cloud,
to correspond to a second element of the vector;

and
generating a virtual object for the object based on the
pomnt cloud i which the position of the at least one
point 1s changed.

2. The method of claim 1, wherein the acquiring of the
point cloud comprises:

generating a depth map based on the 1image; and

generating the point cloud based on the depth map.

3. The method of claim 2, wherein the generating of the
depth map comprises generating depth maps for multiple
viewpoints of the object.

4. The method of claim 1, wherein the acquiring of the
point cloud comprises:

generating the depth map of the object using a depth

camera; and

generating the point cloud based on the generated depth

map.

5. The method of claim 1, wherein the generating of the
virtual object comprises:

generating a three-dimensional (3D) mesh based on the

point cloud 1 which the position of the at least one
point 1s changed; and

generating a texture of the 3D mesh.
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6. The method of claim 5, wherein the generating of the
texture of the 3D mesh comprises generating the texture of
the 3D mesh, 1n response to the 1mage being a color image.

7. The method of claim 1, wherein the virtual object 1s
included 1n any one or any combination of augmented reality
(AR) content or virtual reality (VR) content.

8. The method of claim 1, wherein a number of times the
position of the at least one point in the point cloud 1s changed
corresponds to a number of elements of a vector having the
respective mformation as respective elements of the vector.

9. The method of claim 1, wherein the determining of the
shape attribute imformation includes applying image infor-
mation of the image to a machine learning trained multi-
attribute classification model that outputs respective infor-
mation that indicate which of plural attributes in the image
are resultatively classified as being attributes of the object.

10. A non-transitory computer-readable storage medium
storing 1nstructions that, when executed by a processor,
cause the processor to perform the method of claim 1.

11. An apparatus for generating a virtual object, the
apparatus comprising:

a processor; and

a memory storing instructions that when executed by the

processor configure the processor to:

acquire a point cloud that 1s generated based on a depth
map of an object;

determine shape attribute information of the object
based on an i1mage of the object using a neural
network trained to recognize a shape of the object by
generating the shape attribute information as respec-
tive information with respect to a plurality of shape
attributes comprising at least two of a mirror sym-
metry, a rotational symmetry, a thin structure, a
rough surface, or a smooth surface;

change a position of at least one point in the point cloud
based on the shape attribute information;

change a position of a first point of the at least one point
in the point cloud, to correspond to a first element of
the vector;

change a position of a second point of the at least one
point 1n the point cloud, to correspond to a second
element of the vector; and

generate a virtual object for the object based on the
point cloud 1n which the position of the at least one
point 1s changed.

12. The apparatus of claim 11, wherein the processor 1s
further configured to:

generate a depth map based on the image; and

acquire the point cloud based on the generated depth map.

13. The apparatus of claim 11, further comprising a
memory configured to store any one or any combination of
the depth map of the object, the image of the object, and the
virtual object.

14. The apparatus of claim 11, wherein the neural network
1s a trained multi-attribute classification model that outputs
a vector, where respective elements of the vector correspond
to the respective information to indicate which of the plural
attributes 1n the 1image are resultatively classified as being
attributes of the object.
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