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(57) ABSTRACT

Devices, systems and methods are disclosed for validating
an electronic publication and determining a source of 1den-
tified errors 1n a rendering of the electronic publication. The
rendering may be captured as a rendered image and rendered
data may be extracted from the rendering. The rendered data
may be compared to actual input data to the renderer used to
generate the rendered image. If errors are visible 1n the
rendering, a source of the errors may be identified based on
the comparison between the extracted rendered data to the

actual mput data. If errors are not visible in the rendering,
the rendering may be validated.

21 Claims, 10 Drawing Sheets

System
100

/

Rendered Display 110
I

Eight o'clock. Break time. A~
short break spent staring at the
sky, reminded of days and clouds
that don't move, like butterflies
run through with a pin, affixed to
a paint for all time. Michael leans
against the barn’'s weathered
boards, chin down, eyes open
and unseeing. There is no wind

gray crust of snow come and
gone. Fossilized snow. Steam
rises from the coffee cup in his
hand, thin and nearly translucent.

“| can stay a week,” his
daughter had said, fixing him in
her eyes, watching him. He'd
managed a nod, and finally, “I'd
like that.”

77
\

[

l
Device 102 ~'SPlay

104



US 10,242,277 Bl

Sheet 1 of 10

Mar. 26, 2019

U.S. Patent

142"

fedsiq SOV SoMea

[

\\\\

0l | Aejdsig palepusy

/

001
Wa)SAS

I

N

]

« 1€} 83
5 1, ‘Alfeut) pue ‘pou e pabeuew
D 8&H “wiy buiyojem ‘seAs Jsy
ut wiy buixiy ‘pres pey sejybnep
Sy ‘MYeam e Aejs ued |,
JUSON|ISURA AldEBU pue Uiyl ‘puey
SIY ul dno 9800 8Y) WO} S8si
LWESIS "MOUS PazZi|Isso- ‘auob
DUE 80D MOUS JO 1shio Aeub
-AJIUM pIBy B AJUO ‘MOUS OU pue
pUIM OU s alay | Bumessun pue
uado $8As ‘UMOP UIYD ‘SpIRog
Dalsyiesm s uieq syl Jsulebe
sues| [aeyoljp “awi jje Jojjuiod e
0} paxijje ‘uid e yum ybnoiyy uniy
S9l|J8)Ing 8)i| ‘8AoW J.uop jey)
SPNO pue sABD JO paptiwal ‘AYS
ay] 1e buuels Juads yesiq Jous

| 8w} yealg H00(0,0 1ybig

L Old

Bulispual Jndino ajepljeA

PIOYS8IY) B SPB9IXe
9100S 82USPILLOD BUIULIB)a(]

9J00S 92USPLU0D sUIWLBa(

1X9] 1ndul 0] 1X8) patspusl sirdwo

elep abeuw

1SJ1} WOJJ 1X8) PaJopual 1oBAXT

Buuapuas 1ndino yim

PB)RIDOSSE BlEp abewl 1841} ainyden

0Ct

8¢

9Cl

£1

el

0Zl



US 10,242,277 Bl

Sheet 2 of 10

Mar. 26, 2019

U.S. Patent

Gez bulspusy a1eplep GZZ UOISIBAUOD) d)epl|eA G g Indu| mey s1eptep

_ JaJspusy 191oAUOD)

0C ¢0c

¢ Old



U.S. Patent Mar. 26,2019  Sheet 3 of 10 US 10,242,277 B1

FIG. 3

310 Capture first image of output rendering
319 Receive second image of reference
rendering
314 Determine differences between images
1 Determine comparison score between output
316 rendering and reference rendering
Determine comparison score exceeds a
318
threshold
320 Validate output rendering
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F1G. 6

Capture first image data associated with
output rendering

Determine text characters from first image
data

Determine character styles from first
Image data

Determine paragraph styles from first
Image data

Compare rendered text characters to
Input text characters

Compare rendered character styles to
Input character styles
Compare rendered paragraph styles to
Input paragraph styles
Determine confidence score

Determine confidence score exceeds a
threshold
Validate output rendering
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FIG. 7A

710 Determine font family
712

Determine text characters with OCR
engine

Generate multiple OCR outputs with

4 individual confidence scores
790 Recelve text characters from output
rendering
[22 Receive input text characters
794 ' ldentify error between rendered and
input text characters
796 Determine alternate OCR output
corrects error

798 Determine confidence score
associated with alternate OCR output

790 Determine confidence score exceeds

a threshold

732 Substitute alternate OCR output
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FIG. 7C

Recelve text characters from
output rendering

Recelve input text characters

ldentify anchor words in input
text characters

ldentify corresponding anchor
words In rendered text
characters

Compare input text characters to
rendered text characters using
locations of anchor words

Determine confidence score
Determine confidence score
exceeds a threshold
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VALIDATING DIGITAL CONTENT
RENDERING

BACKGROUND

With the advancement of technology, the use and popu-
larity of electronic devices has increased considerably. Elec-
tronic devices are commonly used to display digital content.

BRIEF DESCRIPTION OF DRAWINGS

For a more complete understanding of the present disclo-
sure, reference 1s now made to the following description
taken 1n conjunction with the accompanying drawings.

FIG. 1 illustrates an overview of a system for validating
digital content according to embodiments of the present
disclosure.

FI1G. 2 illustrates an example system for ensuring a quality
of an electronic publication.

FIG. 3 illustrates an example flowchart for validating
rendering using a bitmap comparison.

FIGS. 4A-4B 1illustrate examples of bitmap comparisons.

FIG. 5 illustrates an example of determining rendered text
from a rendering according to embodiments of the present
disclosure.

FI1G. 6 1s a flowchart conceptually 1llustrating an example
method for validating a rendering by determining rendered
test according to embodiments of the present disclosure.

FIGS. TA-7C are flowcharts conceptually illustrating
example methods for determining rendered character text
and comparing the rendered character text to input character
text according to embodiments of the present disclosure.

FIG. 8 1s a block diagram conceptually illustrating
example components of a system according to embodiments
of the present disclosure.

DETAILED DESCRIPTION

Electronic devices are increasingly used to display con-
tent, such as an electronic publication (e.g., a book, comic
book, manga, graphic novel, magazine, fashion magazine,
printed map(s) or the like 1n an electronic format). A key
aspect to ensure a quality of an electronic publication or
other digital document 1s a fidelity of device rendering.
Typically, a raw 1nput (e.g., mformation including text
strings, font family, styles, etc.) 1s converted to the electronic
publication and the electronic publication 1s rendered on a
display. However, due to 1ssues with one or more of the raw
input, the conversion to the electronic publication and/or the
rendering of the electronic publication, the rendered elec-
tronic publication may appear diflerently than intended and
may include errors.

To validate that the electronic publication 1s rendered
properly, a first image of the rendered electronic publication
may be captured and compared to a reference 1mage show-
ing the intended rendering. Parity analysis may then be
performed using 1mage comparator techniques, for example
by comparing bits between the images. For example, a
camera may capture the first image using a new renderer and
the reference 1mage using a previously validated renderer,
and the first image may be compared to the reference image
using a bitmap comparison to detect diflferences between the
first image and the reference image. However, this technique
requires that the electronic publication be rendered using the
previously validated renderer, which may prevent improve-
ments to the rendering. In addition, due to a large number of
clectronic publications available, only a {fraction of the
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2

overall renderings to be displayed may be validated using a
reference image. Finally, while this technique identifies
differences between the first image and the reference 1mage,
it 1s dithicult to 1dentify a source of the error without human
intervention.

To validate renderings and determine a source of i1denti-
fied errors, devices, systems and methods are disclosed for
extracting rendered data from a rendered display and com-
paring the rendered data to actual input data to the renderer
and/or converter. For example, an electronic publication
may be displayed as a series of rendered 1mages and each
rendered 1mage may be analyzed to determine the rendered
data being displayed. The rendered data may be compared to
the actual mput data used to generate the rendered 1mage.
Thus, accurate renderings may be validated without using a
reference rendering, while a number of location of errors in
inaccurate renderings may be determined without human
intervention. For example, text characters, character styles
and paragraph styles may be verified and locations of
individual discrepancies determined autonomously.

FIG. 1 1illustrates an overview of a system 100 for
implementing embodiments of the disclosure. The system
100 includes a device 102, such as an electronic reader,
having a display 104. However, the present disclosure 1s not
limited thereto and the device 102 may be any electronic
device including a processor, for example a “headless”
device without a built in display that receives 1image signals
and sends them to a separate device for display. As 1llus-
trated 1n FIG. 1, the device 102 may display a rendered
display 110 on a display 104. The rendered display 110 may
be generated from an electronic publication (e.g., a book,
comic book, manga, graphic novel, magazine, fashion maga-
zine, printed map(s) or the like in an electronic format).

The device 102 may capture (120) first image data asso-
ciated with an output rendering and may extract (122)
rendered input data from the first image data. The first image
data may be taken from the output of the renderer, where the
first image data 1s rendered data intended for display on the
device 102. For example, the device 102 may duplicate first
image data sent to the display 104, such as first image data
used to generate the rendered display 110, similar to taking
a screenshot of the display 104. In contrast to 1image data
captured using an external camera, the first image data may
have a higher fidelity and reduced distortion or other deg-
radations caused by the external camera. The first image data
may then be analyzed, for example using Optical Character
Recognition (OCR) or similar techniques, to extract ren-
dered text. For example, the OCR engine may determine text
attribute values, which may include first text characters, first
character styles and/or first paragraph styles from the first
image data (and thereby may infer those values that were
input to the renderer that resulted in the rendered display
110). Examples of text characters may include a string of
characters, such as words, numbers and/or punctuation,
which makes up a body of text displayed in the rendered
display 110. Examples of character styles may include font,
formatting, size, style or the like. For example, the text
characters may be displayed using a particular font (e.g., a
specific font from a font family), a size of the font (e.g., a
s1ze of text, such as 12 point font), and/or a style of font (e.g.,
italic, bold, superscript, subscript, etc.). Examples of para-
graph styles may include line spacing, margins, alignment or
the like. For example, the text characters may be displayed
using line spacing (e.g., 1.5 line spacing), margins (e.g., 0.2"
margins), and an alignment (e.g., left aligned).

In some examples, the device 102 may receive second
image data from the renderer and may modity the second
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image data to generate the first image data. For example, the
input data may include iput text and graphical content and
the renderer may render the mnput text and the graphical
content as the second 1mage data. The second image data
may be stored in a matrix bufler 1n the renderer and the
device 102 may retrieve the second image data from the
matrix builer to display the second image data on the display
104. The matrix buller may store a two-dimensional matrix
of data including pixel values for each pixel in the second
image data.

The renderer may include a text layout engine configured
to layout the mput text and a graphic layout engine config-
ured to layout the graphical content. While determining the
layout for the mput text, the text layout engine may deter-
mine pixels associated with the input text. For example, the
text layout engine may layout each word included in the
mput text and may determine a group of pixels associated
with the layout for each word. The group of pixels associated
with the layout for an individual word may form a block of
pixels having a height of y pixels and a width of x pixels,
such that the group of pixels may be identified from a
beginning pixel (e.g., 0, v) associated with a top-left pixel to
an end pixel (e.g., X, 0) associated with a bottom-right pixel.
The text layout engine may i1dentily a paragraph of words 1n
the mput text and may determine a paragraph boundary
identifyving pixels associated with the layout for words
included 1n the paragraph. For example, the input text may
include a first paragraph and a second paragraph and the text
layout engine may determine a first paragraph boundary and
a second paragraph boundary.

To generate the first image data, the device 102 may
retrieve the second 1mage data from the matrix buffer and
may determine a text boundary based on the paragraph
boundaries associated with the second image data. For
example, the device 102 may determine the text boundary to
include the first paragraph boundary and the second para-
graph boundary, such that that text boundary includes pixels
associated with the layout of words included in the first
paragraph and the second paragraph. The device 102 may
generate the first image data by including portions of the
second 1mage data included 1n the text boundary. Thus, the
device 102 may exclude the graphical content included 1n
the second 1mage data outside of the text boundary from the
first image data. The device 102 may format the first image
data using various formats, such as portable network graph-
ics (PNG) format or the like and may mnput the first image
data to the OCR engine to extract the rendered mnput data.

The device 102 may compare (124) the rendered text data
to the mput text used to create the rendering. The input data
may include second text characters, second character styles
and/or second paragraph styles that were input to the ren-
derer to generate the rendered display 110. Therefore, the
device 102 may compare the first text characters to the
second text characters, the first character styles to the second
character styles and/or the first paragraph styles to the
second paragraph styles. The device 102 may 1dentify dif-
ferences (e.g., errors) between the rendered text and the
input text and may determine the source of the differences
(¢.g., the first text characters being different than the second
text characters 1n a first paragraph, or the like). The device
102 may use tags or other flags to 1dentily a source of the

errors, such as by generating a tag associated with a {first
character from the first text characters that 1s different from
a second character from the second text characters.

The device 102 may determine (126) confidence score(s).
For example, the device 102 may determine an overall
confidence score based on a number of errors detected after
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4

comparing the rendered input text to the mput text, or a
matching percentage calculated using the number of errors.
Alternatively or additionally, the device 102 may determine
multiple confidence scores, such as a first confidence score
based on a number of errors detected comparing the first text
characters to the second text characters, a second confidence
score based on a number of errors detected comparing the
first character styles to the second character styles and/or a
third confidence score based on a number of errors detected
comparing the first paragraph styles to the second paragraph
styles. In some examples, the device 102 may perform the
comparison on multiple pages, or every page, or some other
portion of the electronic publication. The confidence score
(s) may be part of a report listing the number of errors and
potentially additional information associated with each of
the number of errors. The report may 1dentify specific errors,
including a location of each error and whether the error
involves text characters, character styles and/or paragraph
styles. For example, the report may include an error i1den-
tifying a margin as being an incorrect size on a specific page
of the electronic publication. Therefore, debugging and
troubleshooting may be enhanced with the additional 1nfor-
mation available in the report.

Finally, the device 102 may determine (128) that the
confidence score(s) exceeds a threshold and may validate
(130) the output rendering. Validating the output rendering,
indicates that the output rendering 1s substantially accurate
based on the input data, with a margin of error allowing for
minor variations or mistakes in the rendered output.

Various machine learning techniques may be used to
compare characteristics between rendered data, to determine
confidence score(s) as a result of such comparisons, or other
determinations discussed heremn. Such techniques may
include, for example neural networks, inference engines,
trained classifiers, etc. Examples of trained classifiers
include Support Vector Machines (SVMs), neural networks,
decision trees, AdaBoost (short for “Adaptive Boosting™)
combined with decision trees, and random forests.

In order to apply the machine learning techniques, the
machine learning processes themselves need to be trained.
Training a machine learning component such as, 1n this case,
one of the first or second models, requires establishing a
“oround truth” for the training examples. In machine learn-
ing, the term “ground truth” refers to the accuracy of a
training set’s classification for supervised learning tech-
niques. Various techniques may be used to train the models
including back propagation, statistical learning, supervised
learning, semi-supervised learning, stochastic learning, or
other known techniques. Many diflerent training example
utterances may be used during training.

Training examples of sample mput data and rendered
data, along with labeled ground truths about how examples
compare, etc. may be used to training machine learning
models for use at runtime to make such determinations.

FIG. 2 1llustrates an example of ensuring a quality of an
clectronic publication. As 1illustrated in FIG. 2, an electronic
publication 220 may be generated from raw input data 210
and may be displayed as a rendered output 230. For
example, the raw mput data 210 may be converted to the
clectronic publication 220 by a converter 202 and the
clectronic publication 220 may be rendered as the rendered
output 230 by a renderer 204. To ensure the quality of the
clectronic publication, a system may validate (215) the raw
input data 210, may validate (225) the conversion and may
validate (235) the rendering. The system 100 1llustrated in
FIG. 1 1s directed to validating the rendering in step 235,
although the disclosure 1s not limited thereto. For example,
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validating the rendering may identily errors originating in
the raw 1mput data or the conversion. Traditionally, rendered
output 230 may be sent to a display, and current comparison
techniques may involve actually displaying the rendered
output 230 and taking a picture of the display for use during
comparing. The present system, however, does not require a
display, and may not mnvolve capturing image data with a
camera (or similar image capture device) 1n order to perform
the described comparing/validating.

To ensure a quality of a rendering for an electronic
publication having a fixed layout, an output of the renderer
204 may be directly compared to an input to the renderer 204
and differences between the iput and the output may be
determined using image comparison techniques. However,
some electronic publications have dynamic layouts that
include retlowable content where the actual rendered data
may vary based on a number of factors, including magni-
fication, font size, margin size or the like. Therefore, the
output of the renderer 204 cannot be compared to the mput
to the renderer 204 for situations involving dynamic layouts,
as the layout 1tself changes. Thus, to ensure a quality of an
clectronic publication having a dynamic layout, the output
of the renderer 204 may be captured using a camera or other
imaging device and compared to an expected output, such as
an output of a verified renderer or other techniques used to
generate a reference rendering.

FIG. 3 illustrates an example tflowchart of validating a
rendering using a bitmap comparison. Typically, a prospec-
tive rendering 1s compared to a reference rendering using
parity analysis or a bitmap comparison. This compares a
single rendered image to a single reference image and
determines if the rendered image 1s identical, or substan-
tially similar, to the reference image. Thus, a device may
capture (310) a first image of an output rendering, may
receive (312) a second 1mage of a reference rendering and
may determine (314) diflerences between the first image and
the second image. The device may determine (316) a com-
parison score between the output rendering and the reference
rendering, may determine (318) that the comparison score
exceeds a threshold and may wvalidate (320) the output
rendering. However, i1 errors exist and the device does not
validate the output rendering, 1s 1t diflicult to i1dentify the
errors without human involvement.

FIGS. 4A-4B 1illustrate examples of bitmap comparisons.
As 1llustrated 1n FIG. 4A, a rendered display 400 may be
compared to a reference display 402 to generate a {irst
comparison 404. In this example, the first comparison 404 1s
aligned, meaning that the rendered display 400 matches the
reference display 402 and the rendered display 400 1s
therefore validated. Similarly, as illustrated 1n FIG. 4B, a
rendered display 410 may be compared to the reference
display 402 to generate a second comparison 414. In this
example, because the reference display 410 has a larger lett
margin, the second comparison 414 1s not aligned, meaning,
that the rendered display 410 does not match the reference
display 402. While the device may determine that the
rendered display 410 does not match the reference display
402, the device cannot determine which errors resulted 1n the
second comparison 414. For example, the system may not be
able to determine 1f the bitmap error was cause by an
increased margin, by actual errors in text conversion with
one of the rendered displays, or due to some other reason.

In contrast to comparing images 1 order to validate a
rendering, the device 102 may generate an 1image (e.g., take
a screenshot) of a rendered display, may extract rendered
data from the rendered display, and may compare the
rendered data to actual mput data to the renderer. FIG. 5
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illustrates an example of determining rendered data from a
rendering according to embodiments of the present disclo-
sure. As 1llustrated in FIG. 5, the rendered display 502 may
be separated 1nto various text attribute values, such as text
characters 512, character styles 514 and paragraph styles
516. Examples of the text characters 512 may include a
string of words displayed 1n the rendered display 502, such
as the paragraph beginming with “Eight o’clock™ 1illustrated
in FIG. 5. Examples of character styles 514 may include
font, formatting, size, bold, italic or the like, such as “Anal,”
“10 point” and “Normal” as illustrated 1n FIG. 5. Examples
ol paragraph styles 516 may include line spacing, margin,
alignment or the like, such as “1.5 line spacing,” “0.2 inch
margin” and “Left-aligned™ as illustrated in FIG. 5.

The device 102 may extract the rendered data from the
rendered display using an Optical Character Recognition
(OCR) engine (or similar technique) to determine the text
characters 512, the character styles 514 and the paragraph
styles 516. Typically, OCR engines are imprecise due to

poor 1nputs, such as low quality images generated by cap-
turing the rendering displayed on a device or scanning a
printed page of a book. However, in the present system the
device 102 may acquire high quality data by capturing the
directly from an internal component configured to render
data for the display 104. Thus the system may know certain
information, such as a font family of the rendered data, prior
to the OCR process. Thus, the OCR engine receives a high
quality 1image, without distortion typically associated with
scanning or image captures, and may also have access to
other a priori data, such as a font for the rendered data from
a limited font family, resulting 1n greater precision for the
OCR output.

FIG. 6 1s a flowchart conceptually 1llustrating an example
method for validating a rendering by determining rendered
data according to embodiments of the present disclosure.
The device 102 may capture (610) first image data associ-
ated with an output rendering. For example, the device 102
may extract the rendered display 502 displayed on the
display 104 of the device 102.

In some examples, the device 102 may receive second
image data from the renderer and may modify the second
image data to generate the first image data. For example, the
input data may include input text and graphical content and
the renderer may render the input text and graphical content
as the second image data. The second image data may be
stored 1n a matrix buller in the renderer and the device 102
may retrieve the second 1mage data from the matrix bufler
to display the second image data on the display 104. The
matrix bulfler may be a two-dimensional matrix of data
including pixel values for each pixel in the second image
data. The device 102 may not send the rendered data to a
display. Thus, while rendered data prepared by the device
102 may be configured similarly to data that would be send
to a display, the device 102/system 100 does require dis-
playing of rendered data 1n order to perform the comparisons
described herein.

The renderer may include a text layout engine and a
graphic layout engine and the text layout engine may
determine pixels associated with the input text. For example,
the text layout engine may layout each word included 1n the
iput text and may determine a group of pixels associated
with the layout for each word. The group of pixels associated
with the layout for an individual word may form a block of
pixels having a height of y pixels and a width of x pixels,
such that the group of pixels may be i1dentified from a
beginning pixel (e.g., 0, y) associated with a top-left pixel to
an end pixel (e.g., X, 0) associated with a bottom-right pixel.
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The text layout engine may identily a paragraph of words 1n
the mput text and may determine a paragraph boundary
identifying pixels associated with the layout for words
included 1n the paragraph. For example, the input text may
include a first paragraph and a second paragraph and the text
layout engine may determine a {irst paragraph boundary and
a second paragraph boundary.

To generate the first image data, the device 102 may
retrieve the second 1mage data from the matrix buffer and
may determine a text boundary based on the paragraph
boundaries associated with the second image data. For
example, the device 102 may determine the text boundary to
include the first paragraph boundary and the second para-
graph boundary, such that that text boundary includes pixels
associated with the layout of words included in the first
paragraph and the second paragraph. The device 102 may
generate the first image data by including portions of the
second 1mage data included 1n the text boundary. Thus, the
device 102 may exclude graphical content imncluded in the
second 1mage data outside of the text boundary from the first
image data. The device 102 may format the first image data
using various formats, such as portable network graphics
(PNG) format or the like and may input the first image data
to the OCR engine to extract the rendered mput data. While
the device 102 determines a resolution of the second 1mage
data based on a resolution of the display 104 in some
examples, the present disclosure 1s not limited thereto.
Instead, the device 102 may determine the resolution of the
second 1mage data based on a common resolution or may
generate multiple outputs for multiple resolutions. In some
examples, the display 104 may have a first resolution and the
device 102 may generate rendered image data having a
second resolution. In other examples, the display 104 may
have the first resolution and the device 102 may generate
rendered 1mage data having a first resolution, a second
resolution, a third resolution, etc. Thus, the device 102 may
generate rendered image data associated with common reso-
lutions, resolutions associated with popular mobile devices,
and/or the like. For example, the device 102 may generate
rendered 1mage data for a plurality of displays at a plurality
of resolutions without departing from the present disclosure.
Therefore, the device 102 may validate rendering for mul-
tiple devices, operating at various resolutions and on various
operating system (OS) platforms, such as FireOS®, Apple®
10OS®, Android® OS, etc.

The device 102 may determine (612) text characters from
the first 1image data using an OCR engine. Thus, the OCR
engine may analyze the first image data and determine a
string of characters, such as words, numbers and/or punc-
tuation, which makes up a body of text displayed in the first
image data (and therefore output rendering). For example,
the OCR engine may analyze the rendered display 504 and
determine text characters 512, as illustrated in FIG. 5.

The device 102 may determine (614) character styles
from the first image data using the OCR engine. Thus, the
OCR engine may analyze the first image data and determine
font, formatting, size, style or the like. For example, the text
characters may be displayed using a particular font (e.g., a
specific font from a font family), a size of the font (e.g., a
s1ze of text, such as 12 point font), and/or a style of font (e.g.,
italic, bold, superscript, subscript, etc.), and the OCR engine
may analyze the rendered display 504 and determine the
character styles 514 as illustrated in FIG. 5.

The device 102 may determine (616) paragraph styles
from the first image data using the OCR engine. Thus, the
OCR engine may analyze the first image data and determine
line spacing, margins, alignment or the like. For example,
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the text characters may be displayed using line spacing (e.g.,
1.5 line spacing), margins (e.g., 0.2" margins), and an
alignment (e.g., left aligned), and the OCR engine may
analyze the rendered display 504 and determine the para-
graph styles 516 as illustrated 1n FIG. 5.

The device 102 may compare (618) the rendered text
characters to mput text characters. For example, the device
102 may compare the text characters 512 to the mput text
characters used to generate the rendered display 502. The
device 102 may detect a diflerence between the rendered text
characters and the input text characters, determine a location
associated with the difference and save the difference and the
location as an error. The location may be determined from a
beginning of the rendered text characters and/or the input
text characters based on a number of characters, words,
sentences or the like. For example, the location in the
rendered text characters may be a number of characters from
the beginning of the rendered text characters. The device
102 may compare (620) the rendered character styles to
input character styles. For example, the device 102 may
compare the character styles 514 to the input character styles
used to generate the rendered display 502. The device 102
may detect a difference between the rendered character
styles and the input character styles, determine a location
associated with the difference and save the difference and the
location as an error. The device 102 may compare (622) the
rendered paragraph styles to input paragraph styles. For
example, the device 102 may compare the paragraph styles
516 to the mnput paragraph styles used to generate the
rendered display 502. The device 102 may detect a differ-
ence between the rendered paragraph styles and the mput
paragraph styles, determine a location associated with the
difference and save the difference and the location as an
CITOr.

The device 102 may determine (624) confidence score(s)
based on the previous comparisons. For example, the device
102 may determine an overall confidence score based on a
number ol errors detected comparing the rendered text
characters to the input text characters, the rendered character
styles to the mput character styles and the rendered para-
graph styles to the input paragraph styles. Alternatively or
additionally, the device 102 may determine an overall con-
fidence score based on a percentage of matching, such as a
percentage of the rendered text characters, rendered char-
acter styles and/or the rendered paragraph styles matching
the mput text characters, the mnput character styles and/or the
input paragraph styles. The device 102 may instead deter-
mine individual confidence scores, such as a first confidence
score based on a number of errors detected comparing the
rendered text characters to the input text characters, a second
confidence score based on a number of errors detected
comparing the rendered character styles to the mput char-
acter styles and/or a third confidence score based on a
number of errors detected comparing the rendered paragraph
styles to the mput paragraph styles. In some examples, the
device 102 may perform the comparison on multiple pages,
or every page, of the electronic publication. The confidence
score(s) may be part of a report listing the number of errors
and potentially additional information associated with each
of the number of errors. For example, the report may list an
error and a location of the error, along with supplemental
information such as the corresponding rendered data and the
corresponding 1mput data. The report may identify specific
errors, including a location of each error and whether the
error mnvolves text characters, character styles and/or para-
graph styles. For example, the report may include an error
identifying a margin as being an mcorrect size on a specific
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page of the electronic publication. Therefore, debugging and
troubleshooting may be enhanced with the additional 1nfor-
mation available in the report.

The device 102 may determine (626) that the confidence
score(s) exceed a threshold and may validate (628) the
output rendering. Validating the output rendering indicates
that the output rendering 1s substantially accurate based on
the input data, with a margin of error allowing for minor
variations or mistakes in the rendered output. The margin of
error may be based on the threshold used to validate the
rendering, with a lower threshold corresponding to a larger
margin of error and a higher threshold corresponding to a
lower margin of error. In some examples, individual thresh-
olds may be used for each comparison to generate the
confldence score(s). For example, a first comparison asso-
ciated with text characters may have a first threshold, a
second comparison associated with character styles may
have a second threshold, and a third comparison associated
with paragraph styles may have a third threshold.

Instead of or 1n addition to having a first confidence score
grouping comparisons involving text characters, a second
confidence score grouping comparisons involving character
styles and a third confidence score grouping comparisons
involving paragraph styles, the device 102 may generate
additional confidence scores to provide additional detail
and/or quality assurance. For example, the device 102 may
generate multiple confidence scores for comparisons involv-
ing text characters (e.g., substitutions, deletions and inser-
tions, resulting 1n three separate confidence scores), multiple
confidence scores for comparisons involving character
styles (e.g., font type, font size, font style, or the like,
resulting 1n three or more separate confidence scores) and
multiple confidence scores for comparisons mvolving para-
graph styles (e.g., line spacing, margin size, paragraph
configuration or the like, resulting 1n three or more separate
confidence scores). As discussed above, each confidence
score may have a unique threshold depending on the com-
parisons involved.

If the first comparison has a number of errors below the
first threshold, a first confidence score may be a value of “1”
to signify that the first comparison passes. If the first
comparison has a number of errors above the first threshold,
the first confidence score may be a value of “0” to signily
that the first comparison fails. An overall confidence score
may have a value of “1” if each of the confidence score(s)
have a value of “1,” signifying that the overall rendering
passes 1nspection, and may have a value of “0” if any of the
confidence score(s) have a value of “0,” signifying that one
of the comparisons failed the inspection.

Thresholds may be determined autonomously based on
fixed percentages of accuracy (e.g., within a 5% margin of
error) or may be determined based on a continuous accu-
mulation of data from user input. For example, user(s) may
provide feedback to adjust the thresholds 1n order to train the
system. As an example of providing feedback, a user may
review a list of errors to determine whether each of the errors
aflect an overall quality or readability of the rendering. Thus,
small errors that may be easily 1gnored by a reader (e.g.,
minor character substitution or minute differences in mar-
gins) may have a higher threshold for “passing inspection,”
whereas large errors that aflect readability (e.g., incorrect
margins showing a single word on each line) may have a
lower threshold for “passing inspection.” Therefore, a qual-
ity ol rendering may be maintained without rejecting the
rendering for minor mistakes that are not noticeable to a
reader.
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The device 102 may detect three types of errors; substi-
tution, 1nsertion and deletion. Substitution errors occur when
the OCR engine predicts an incorrect mput instead of the
actual 1nput, such as predicting “on” 1n place of “an” in the
actual mput. Insertion errors occur when the OCR engine
predicts an incorrect mput that 1s not present 1n the actual
input, such as predicting “an” 1n place of “a” in the actual
input. Deletion errors occur when the OCR engine fails to
predlct the actual mput, such as predicting “a” 1n place of
“an” 1n the actual mput. While these examples 1llustrate
errors 1ncluding a single character, the OCR engine may
substitute, 1nsert or delete entire words or strings of words.
However, as the device 102 may know a font family used for
the electronic publication, the OCR engine may be more
reliable with a high accuracy.

To further make the comparison robust, the device 102
may allow for minor diflerences in the property values, such
as values for the text characters, character styles or para-
graph styles. Thus, the device 102 may smooth the property
values over a running sample of the content. For example,
when comparing against font size for a particular word, the
device 102 may use data from neighboring words to smooth
out the values (e.g., font sizes) and maintain uniform pre-
dictions. Neighboring words may include adjacent words or
words 1n proximity within a sentence and/or paragraph. In
addition, the device 102 may compare font size between
neighboring characters (e.g., adjacent characters within a
word, characters 1n proximity within a sentence and/or
paragraph or the like) using similar techniques as 1llustrated
with respect to neighboring words.

The device 102 may make an assumption that neighboring
words have 1dentical character styles, such as the same font,
font si1ze or the like. Thus, the device 102 may determine the
character styles for every word or character and smooth
using the running sample of the content. For example, the
device 102 may determine a {irst character style value for a
first character, a second character style value for a second
character and a third character style value for a third
character and may determine an overall character style for
the first character, the second character and the third char-
acter by determining a mode of the first character style
value, the second character style value and the third char-
acter style value. Thus, minor variations 1n character values
are 1gnored and a most commonly used character style is
substituted for character styles that are substantially similar.
Alternatively or additionally, the device 102 may determine
the character styles for certain words or characters to get a
broad map of the character styles before determining the
character styles for individual words or characters. For
example, 1f the device 102 determines that each of the
certain words have the same character styles, the device 102
may assume that intervening words share the same character
styles as well. In these examples, differences within a certain
threshold, such as 10% or less, are considered to be sub-
stantially similar character styles. However, 1f the device
102 determines that character styles between each of the
certain words are substantially different, the device 102 may
determine the character styles for each of the intervening
words.

As discussed above, the accuracy of the OCR engine 1s
improved as a result of using a screenshot from the device
102 instead of capturing the rendered display using an
external camera or scanner. Therefore, the rendered 1mages
are extremely controlled with higher quality inputs to the
OCR engine. This reduces distortion or other image degra-
dation resulting from obtaining images from the camera/

scanner. In addition, an accuracy of the OCR engine 1s
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improved as a result of the OCR engine knowing the font
tamily used by the renderer to generate the rendered display.
Thus, as the OCR engine knows the font family used to
render, and 1n some cases a particular font used to render, the
OCR engine may be customized or specifically trained on
that font/Tont family.

To ensure a quality of an electronic publication, the
method corresponding to the flowchart illustrated in FIG. 6
may be performed prior to the electronic publication being,
available to the public. For example, the device 102 may be
included in a pre-publication process to validate the elec-
tronic publication during a preparation stage. However, the
disclosure 1s not limited thereto, and the method correspond-
ing to the flowchart illustrated 1n FIG. 6 may be performed
after the electronic publication 1s available to the public. For
example, the device 102 may be an electronic reader or other
consumer device that may validate each page of the elec-
tronic publication as the page 1s rendered. The device 102
may report errors or other mvalid renderings to a remote
server for further testing to improve future rendering.

In some examples, the method corresponding to FIG. 6
may be performed to validate rendering engines developed
independently. For example, an independent organization or
programmer may develop a rendering engine and may wish
to display electronic publications using the rendering
engine. To validate the rendering engine, the independent
organization may use the device 102 to determine 1if the
rendering engine renders electronic publications accurately.
In first examples, the independent organization may receive
first mnput data from the device 102, may render the first
input data to generate first rendered image data and may
transmit the first rendered 1image data to the device 102. By
comparing the first rendered image data received by the
device 102 to the first input data known to the device 102,
the device 102 may validate the rendering engine. In second
examples, the independent organization may render second
input data to generate second rendered image data and may
transmit the second input data and the second rendered
image data to the device 102. By comparing the second
rendered 1image data to the second input data the device 102
may validate the rendering engine.

FIGS. 7A-7C are flowcharts conceptually illustrating
example methods for determining rendered character text
and comparing the rendered character text to input character
text according to embodiments of the present disclosure. As
illustrated 1n FIG. 7A, the device 102 may determine (710)
a font family used in the electronic publication. For
example, the device 102 may detect the font family from the
clectronic publication or may be programmed to know the
font family of the electronic publication to improve a result
of the OCR engine.

The device 102 may determine (712) text characters using,
an OCR engine and may generate (714) multiple OCR
outputs with mdividual confidence scores. For example, the
OCR engine may generate a first OCR output (e.g., “Using
on example™) with a first confidence score and may generate
a second OCR output (e.g., “Using an example”) with a
second confidence score. Thus, the OCR engine may gen-
erate multiple OCR outputs allowing for minor variations 1n
individual letters or word substitutions without departing
from the general OCR output. An example 1s described 1n
greater detail below with regard to FIG. 7B.

As 1llustrated 1n FIG. 7B, the device 102 may receive
(720) text characters from the output rendering and may
receive (722) input text characters that were mput to the
renderer. The device 102 may i1dentify (724) an error
between the rendered text characters and the input text
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characters. For example, the device 102 may identify that
the rendered text characters include a first word string (e.g.,
“Using on example”) whereas the mput text characters
include a second word string (e.g., “Using an example”).
The device 102 may determine (726) that an alternate OCR
output corrects the error. For example, the device 102 may
determine that the second OCR output includes the second
word string (e.g., “Using an example™). The device 102 may
determine (728) a confidence score associated with the
alternate OCR output, may determine (730) that the confi-
dence score exceeds a threshold and may substitute (732) the
alternate OCR output. Thus, the device 102 may substitute
the second OCR output for the first OCR output and con-
tinue the comparison between the rendered text characters to
the mput text characters.

As part ol comparing a first rendered word string to a
second mput word string, the device 102 may identily
anchor words within the input word string, may determine
first locations of the anchor words in the rendered word
string and second locations of the anchor words 1n the 1input
word string, and may compare the first locations to the
second locations. The first locations may be determined
from a beginning of the rendered word string and the second
locations may be determined from a beginming of the mput
word string based on a number of characters, words, sen-
tences or the like. For example, one of the second locations
in the rendered word string may be a number of characters
from the beginning of the rendered word string. An “anchor”
word 1s a reference word 1n a word string that may be used
for comparing locations of other words as described herein.
The selected anchor word may be a word that occurs less
frequently 1n processed text (i.e., occurs with a frequency
less than a word frequency threshold), so that the word may
be used as a reference point in the text. Thus the anchor word
may provide a reference location 1n the text for performing
certain checks/comparisons in the rendered text. If the first
locations match the second locations above a threshold, the
device 102 may determine that the first rendered word string
matches the second mmput word string.

As 1llustrated 1n FIG. 7C, the device 102 may receive
(750) text characters from the output rendering and may
receive (752) mput text characters that were input to the
renderer. The device 102 may 1dentity (754) anchor words 1n
the 1nput text characters and i1dentify (756) the correspond-
ing anchor words in the rendered text characters. The device
102 may compare (7358) the input text characters to the
rendered text characters using locations of the anchor words.
The device 102 may determine (760) a confidence score
between the input text characters and the rendered text
characters using the comparison and determine (762) that
the confidence score exceeds a threshold.

As an alternative, the device 102 may use anchor words
for alignment, breaking a string of text characters into
smaller segments for comparison. For example, the device
102 may i1dentity anchor words as discussed above, but
instead of comparing the locations of the anchor words 1n the
input text characters and the rendered text characters, the
device 102 may use the locations of the anchor words to
segment the input text characters and the rendered text
characters. Thus, the device 102 may break a string of
characters 1nto a first segment and a second segment using
a first anchor word, and compare each character 1n the first
segment of iput text characters to each character 1n the first
segment of rendered text characters.

After a first step of segmenting using anchor words, the
device 102 may identify additional anchor words 1n each
segment and recursively break apart the segments to reduce
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a number of characters to compare at a time. For example,
the device 102 may determine three anchor words in a
paragraph, the three anchor words being most unique of the
words 1n the paragraph, and separate the paragraph 1nto four
segments of words. The device 102 may then determine an
anchor word 1n each of the four segments of words, sepa-
rating the paragraph into eight segments of words. The
device 102 may continue identifying anchor words until
cach segment 1s below a threshold of characters or the device
102 cannot 1dentily a suitable anchor word. As a result of
segmenting the word strings, the device 102 may more
accurately compare text characters between the input text
characters and the rendered text characters even 1f 1nsertion
or deletion occurs. For example, mnserting or deleting a
string of characters may result 1n a mismatch between the
input text characters and the rendered text characters, which
may result i errors for subsequent comparisons. Breaking
the string of characters into segments may reduce the
number of comparisons aflected. Therefore, segmenting the
word strings using anchor words allows the device 102 to
more easily 1dentily insertions and deletions and may
improve an accuracy ol comparing corresponding charac-
ters.

FIG. 8 1illustrates a block diagram conceptually 1llustrat-
ing example components of a system including a computing
device 102. Other components not illustrated may also be
included 1n the device 102. In operation, the system may
include computer-readable and computer-executable
instructions that reside 1n storage 808 on the device 102. The
device 102 may be an electronic device capable of display-
ing 1mages. Examples of electronic devices may include
computers (e.g., a desktop, a laptop, a server or the like),
portable devices (e.g., an electronic reader, smart phone,
tablet, smart watch or the like) or the like. The device 102
may also be a component of any of the abovementioned
devices or systems.

As 1llustrated 1n FIG. 8, the device 102 may include an
address/data bus 802 for conveying data among components
of the computing device 102. Each component within the
computing device 102 may also be directly connected to
other components 1n addition to (or instead of) being con-
nected to other components across the bus 802.

The computing device 102 may include one or more
controllers/processors 804 comprising one-or-more central
processing units (CPUs) for processing data and computer-
readable 1nstructions and a memory 806 for storing data and
instructions. The memory 806 may include volatile random
access memory (RAM), non-volatile read only memory
(ROM), non-volatile magnetoresistive (MRAM) and/or
other types of memory. The device 102 may also include a
data storage component 808 for storing data and processor-
executable instructions. The data storage component 808
may include one or more non-volatile storage types such as
magnetic storage, optical storage, solid-state storage, eftc.
The device 102 may also be connected to a removable or
external non-volatile memory and/or storage (such as a
removable memory card, memory key drive, networked
storage, etc.) through the input/output device interfaces 810.
The mput/output device interfaces 810 may be configured to
operate with a network 820, for example a wireless local
area network (WLAN) (such as WiFi1), Bluetooth, zigbee
and/or wireless networks, such as a Long Term Evolution
(LTE) network, WiMAX network, 3G network, etc. The
network 820 may include a local or private network or may
include a wide network such as the internet. Devices may be
connected to the network 820 through either wired or
wireless connections.
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The device 102 includes input/output device interfaces
810. A variety of components may be connected through the
input/output device interfaces 810, such as the display or
display screen 104, which may have a touch surface or
touchscreen. However, the disclosure 1s not limited thereto
and the device 102 may not include an integrated touch-
screen or display 104. Thus, the display 104 and other
components may be integrated into the device 102 or may be
separate without departing from the disclosure.

The display 104 may be a video output device for dis-
playing images. The display 104 may be a display of any
suitable technology, such as a liquid crystal display, an
organic light emitting diode display, electrophoretic display,
clectrowetting display, an electrochromic display, a cathode
ray tube display, a pico projector or other suitable compo-
nent(s). The display 104 may also be implemented as a
touchscreen and may 1include components such as electrodes
and/or antennae for use in detecting stylus mput events or
detecting when a stylus 1s hovering above, but not touching,
the display 104.

The mput/output device mterfaces 810 may also include
an interface for an external peripheral device connection
such as universal serial bus (USB), FireWire, Thunderbolt,
Ethernet port or other connection protocol that may connect
to networks 820. The input/output device interfaces 810 may
also include a connection to an antenna (not shown) to
connect one or more networks 820 via a wireless local area
network (WLAN) (such as WiFi1) radio, Bluetooth, and/or
wireless network radio, such as a radio capable of commu-
nication with a wireless communication network such as a
Long Term Evolution (LTE) network, WiMAX network, 3G
network, etc.

The device 102 further includes a renderer 204, an Optical
Character Recognition (OCR) engine 826 and a validation
module 828, which may comprise processor-executable
instructions stored in storage 808 to be executed by con-
troller(s)/processor(s) 804 (e.g., software, firmware), hard-
ware, or some combination thereof. For example, compo-
nents of the renderer 204, the OCR engine 826 and/or the
validation module 828 may be part of a software application
running in the foreground and/or background on the device
102. The renderer 204, the OCR engine 826 and/or the
validation module 828 may control the device 102 as
discussed above, for example with regard to FIGS. 1, 6,
and/or 7A-7C. The renderer 204 may include a text layout
engine 822 and a graphic layout engine 824 and may be used
to generate display data. For example, the renderer 204 may
receive mput data including mput text and mput graphical
content and may generate an output image using the text
layout engine 822 to generate a layout for the input text and
the graphic layout engine 824 to generate a layout for the
graphical content. The output image may be configured for
display on a display of the device 102, although the present
disclosure 1s not limited thereto and the output image may be
configured for external displays or for desired resolutions.
The OCR engine 826 may be used to determine text char-
acters, character styles and paragraph styles included 1n an
image. Some or all of the controllers/modules of the renderer
204, the OCR engine 826 and/or the validation module 828
may be executable instructions that may be embedded in
hardware or firmware 1n addition to, or 1nstead of, software.
In one embodiment, the computing device 102 may operate
using an operating system, such as Amazon’s FireOS®
operating system.

Executable instructions for operating the device 102 and
its various components may be executed by the controller
(s)processor(s) 804, using the memory 806 as temporary
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“working” storage at runtime. The executable instructions
may be stored in a non-transitory manner in non-volatile
memory 806, storage 808, or an external device. Alterna-
tively, some or all of the executable instructions may be
embedded 1n hardware or firmware 1n addition to or instead
ol software.

The above embodiments of the present disclosure are
meant to be illustrative. They were chosen to explain the
principles and application of the disclosure and are not

intended to be exhaustive or to limit the disclosure. Many
modifications and variations of the disclosed embodiments
may be apparent to those of skill in the art. Persons having,
ordinary skill 1n the field of computers and/or digital 1mag-
ing should recognize that components and process steps
described herein may be interchangeable with other com-
ponents or steps, or combinations of components or steps,
and still achieve the benefits and advantages of the present
disclosure. Moreover, 1t should be apparent to one skilled 1n
the art, that the disclosure may be practiced without some or
all of the specific details and steps disclosed herein.

The concepts disclosed herein may be applied within a
number of different devices and computer systems, includ-
ing, for example, general-purpose computing systems, tele-
visions, stereos, radios, server-client computing systems,
mainframe computing systems, telephone computing sys-
tems, laptop computers, cellular phones, personal digital
assistants (PDAs), tablet computers, wearable computing
devices (watches, glasses, etc.), other mobile devices, eftc.

Embodiments of the disclosed system may be imple-
mented as a computer method or as an article of manufacture
such as a memory device or non-transitory computer read-
able storage medium. The computer readable storage
medium may be readable by a computer and may comprise
instructions for causing a computer or other device to
perform processes described in the present disclosure. The
computer readable storage medium may be implemented by
a volatile computer memory, non-volatile computer
memory, hard drive, solid-state memory, tflash drive, remov-
able disk and/or other media.

Embodiments of the present disclosure may be performed
in different forms of software, firmware and/or hardware.
Further, the teachings of the disclosure may be performed by
an application specific mtegrated circuit (ASIC), field pro-
grammable gate array (FPGA), or other component, for
example.

As used 1n this disclosure, the term ““a” or “one” may
include one or more 1tems unless specifically stated other-
wise. Further, the phrase “based on 1s intended to mean
“based at least 1n part on” unless specifically stated other-
wise.

What 1s claimed 1s:

1. A computer-implemented method of determining errors
in the output of a rendering component for an electronic
device, the method comprising:

receiving input data to be displayed on an electronic

reader device, wherein the input data represents 1nput
text and graphical content;

rendering, using the mput data, first image data, wherein

the first image data includes the input text and the
graphical content;

determining a text boundary within the first image data,

wherein the text boundary include the input text;
determining second image data from the first image data,

the second image data including portions of the first

image data within the text boundary and formatted 1n
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portable network graphics format, wherein the second
image data includes the mput text and excludes the
graphical content;
determiming first rendered text from the second image
data using an optical character recognition (OCR)
engine;
generating a first comparison by comparing the first
rendered text to the input text, wherein generating the
first comparison comprises:
determining a first number of diflerences 1n text attri-
bute values between the first rendered text and the
input text, the text attribute values associated with at
least one of a text character, font type or paragraph

type,
determining that the first number of differences 1s
below a first threshold, indicating that the first ren-
dered text 1s similar to the mput text, and
determining a first confidence value that the first image
data corresponds to the mput text;
determiming that the first confidence value 1s above a text
similarity threshold; and
validating the first image data based on the first confi-
dence value exceeding the text similarity threshold.
2. The computer-implemented method of claim 1,
wherein the rendering further comprises:
determiming a first resolution associated with a display of
the electronic reader device;
generating the first image data using the first resolution;
storing the first image data in a bufler;
determining a first paragraph boundary, wherein the first
paragraph boundary includes pixels in the first image
data associated with a first paragraph of the mput text;
determining a second paragraph boundary, wherein the
second paragraph boundary includes pixels in the first
image data associated with a second paragraph of the
input text; and
displaying the first image data on the display,
wherein determining the text boundary further comprises:
determiming the text boundary within the first image data
using the first paragraph boundary and the second
paragraph boundary, wherein the text boundary
includes the pixels 1n the first 1image data associated
with the first paragraph of the input text and the second
paragraph of the mput text, and
determining the second image data further comprises:
recerving the first image data from the bufler; and
determining the second 1mage data from the first 1mage
data using the text boundary.
3. The computer-implemented method of claim 1, further
comprising;
determining a first confidence score associated with the
first rendered text;
determiming second rendered text from the second 1image
data using the OCR engine, wherein the second ren-
dered text:
1s different than the first rendered text, and
1s associated with a second confidence score above a
threshold but lower than the first confidence score;
determining a {irst error 1n the first number of differences,
wherein the first error 1s a difference 1n text attribute
values between the first rendered text and the mput text;
generating a second comparison by comparing the second
rendered text to the input text, wherein generating the
second comparison comprises determining a second
number of differences 1n text attribute values between
the second rendered text and the mnput text;

"y
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determining, using the second comparison, that the sec-
ond rendered text resolves the first error; and

substituting the second rendered text for the first rendered
text as output from the OCR engine.

4. The computer-implemented method of claim 1, further
comprising;

determining an anchor word 1n the input text, wherein the

anchor word occurs 1n the 1mput text with a frequency
below a word frequency threshold;

determining a first location of the anchor word in the input

text, wherein the first location indicates a number of
characters from a beginning of the input text to the first
location;

determining a second location of the anchor word 1n the

first rendered text, wherein the second location indi-
cates a number of characters from a beginning of the
first rendered text to the anchor word;

comparing the first location to the second location 1n a

second comparison; and

determining that a second confidence value associated

with the second comparison exceeds an anchor simi-
larity threshold.

5. A computer-implemented method, the method compris-
ng:

receiving electronic mput text data representing input

text;

rendering, using the electronic input text data, first image

data associated with an electronic publication having a
dynamic layout;

determining a text boundary associated with the first

image data, wherein the text boundary includes pixels
associated with the input text;

determining second 1mage data from the first image data

using the text boundary, the second 1image data includ-
ing portions of the first image data within the text
boundary;

determining electronic rendered text data from the second

image data using an optical character recognition
(OCR) engine, wherein the electronic rendered text
data represents rendered text that corresponds to the
input text;

determining a diflerence between the electronic rendered

text data and the electronic iput text data; and
determining the difference 1s below a threshold.

6. The computer-implemented method of claim 5,
wherein the determining the electronic rendered text data
turther comprises:

determining a first character style value of a first character

included 1n the second image data, the first character
style output by the OCR engine;

determining a second character style value of a second

character following the first character;

determining a third character style value of a third char-

acter following the second character;

determining a fourth character style value using the first

character style value, the second character style value
and the third character style value; and

determining the rendered text, wherein the electronic

rendered text data includes the fourth character style
value for the first character, the second character, and
the third character.

7. The computer-implemented method of claim 5, further
comprising;

determining first rendered text characters from the image

data using the OCR engine;

determining a {first confidence score associated with the

first rendered text characters:
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determiming second rendered text characters from the
image data using the OCR engine, wherein the second
rendered text characters are different than the first
rendered text characters;
determiming a second confidence score associated with the
second rendered text characters, the second confidence
score being lower than the first confidence score;

determiming a first error, wherein the first error 1s a text
character value difference between the first rendered
text characters and the input text;

generating a second comparison by comparing the second

rendered text characters to the mput text; and
determining, using the second comparison, that the sec-
ond rendered text characters resolves the first error,
wherein the determining the electronic rendered text data
further comprises:
determining the electronic rendered text data, wherein the
clectronic rendered text data includes the second ren-
dered text characters.

8. The computer-implemented method of claim 5,
wherein determining that the electronic rendered text data 1s
similar to the electronic iput text data further comprises:

determining a first error between rendered text characters

from the electronic rendered text data to input text

characters from the electronic mput text data,
determining a second error between rendered character

styles from the electronic rendered text data to input

character styles from the electronic input text data, and
determining a third error between rendered paragraph

styles from the electronic rendered text data to input

paragraph styles from the electronic input text data, and
wherein the method further comprises:

generating an error report, the error report including at

least one of the first error and a location of the first
error, the second error and a location of the second error
and the third error and a location of the third error,
wherein the location of the first error indicates a
number of characters from a beginning of the electronic
input text data to the first error.

9. The computer-implemented method of claim 3, further
comprising:

determinming an anchor word 1n the input text;

determining a {irst location of the anchor word 1n the 1nput

text, wherein the first location indicates a number of
characters from a beginning of the input text to the first
location;
determining a second location of the anchor word in the
rendered text, wherein the second location indicates a
number of characters from a beginning of the electronic
rendered text data to the second location; and

comparing the first location to the second location,

wherein determining that the electronic rendered text data
1s similar to the electronic input text data turther
COMPrises:

determiming that the electronic rendered text data 1s
similar to the electronic input text data based on the
comparison of the first location to the second location.

10. The computer-implemented method of claim 5,
wherein the rendering further comprises:

determining a first resolution associated with a display;

generating the first image data using the first resolution;

storing the first 1mage data in a bufler;

determining a first paragraph boundary, wherein the first

paragraph boundary includes pixels in the first image
data associated with a first paragraph of the mput text;
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determining a second paragraph boundary, wherein the
second paragraph boundary includes pixels in the first
image data associated with a second paragraph of the
input text; and

displaying the first image data on the display,

wherein determining the text boundary further comprises:

determining the text boundary within the first image
data using the first paragraph boundary and the
second paragraph boundary, wherein the text bound-
ary includes the pixels 1n the first 1mage data asso-
ciated with the first paragraph of the input text and
the second paragraph of the mnput text, and

determining the second 1image data further comprises:

receiving the first image data from the bufler; and

determining the second image data from the first image
data using the text boundary.

11. The computer-implemented method of claim 5,
wherein recerving the electronic mput text data further
COmMprises:

receiving the electronic input text data, wherein the elec-

tronic mput text data comprises an input character style
including at least one of an input font type, an mnput font
size and an nput font style,

wherein determining the electronic rendered text data

further comprises:

determining the electronic rendered text data from the
second 1mage data using the OCR engine, wherein
the electronic rendered text data comprises a ren-
dered character style including at least one of a
rendered font type, a rendered font size and a ren-
dered font style, and

wherein determining that the electronic rendered text data

1s similar to the electronic mput text data further
COMprises:
generating a first comparison, the first comparison
comparing at least one of:
the mput font type to the rendered font type,
the mput font size to the rendered font size, or
the mput font style to the rendered font style; and
determining that the electronic rendered text data is
similar to the electronic 1input text data based on the
first comparison.

12. The computer-implemented method of claim 5, fur-
ther comprising:

determining a {irst resolution associated with a first

device;
generating the first image data using the first resolution;
determining a first paragraph boundary, wherein the first
paragraph boundary includes pixels 1n the first image
data associated with a first paragraph of the input text;

determining a second paragraph boundary, wherein the
second paragraph boundary includes pixels 1n the first
image data associated with a second paragraph of the
input text;

determining a second resolution associated with a second

device;

generating third image data using the second resolution;

determining a third paragraph boundary, wherein the third

paragraph boundary includes pixels in the third 1image
data associated with the first paragraph of the input
text; and

determining a fourth paragraph boundary, wherein the

fourth paragraph boundary includes pixels in the third
image data associated with the second paragraph of the
input text.
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13. The computer-implemented method of claim 5,
wherein the memory further comprises instructions that,
when executed by the at least one processor, further cause
the device to:

recerve the electronic mput text data, wherein the elec-

tronic mput text data comprises an input character style
including at least one of an input font type, an input font
size and an mput font style;

determine the electronic rendered text data from the

second 1mage data using the OCR engine, wherein the

clectronic rendered text data comprises a rendered

character style including at least one of a rendered font

type, a rendered font size and a rendered font style;
generate a first comparison, the first comparison compar-

ing at least one of:

the input font type to the rendered font type,

the mput font size to the rendered font size, or

the mput font style to the rendered font style; and
determine that the electronic rendered text data 1s similar

to the electronic mput text data based on the first

comparison.

14. The computer-implemented method of claim 3,
wherein the memory further comprises instructions that,
when executed by the at least one processor, further cause
the device to:

determine a first resolution associated with a first device;

generate the first image data using the first resolution;

determine a first paragraph boundary, wherein the first
paragraph boundary includes pixels in the first image
data associated with a first paragraph of the mput text;

determine a second paragraph boundary, wherein the
second paragraph boundary includes pixels in the first
image data associated with a second paragraph of the
iput text;

determine a second resolution associated with a second

device;

generate third image data using the second resolution;

determine a third paragraph boundary, wherein the third

paragraph boundary includes pixels in the third 1image
data associated with the first paragraph of the input
text; and

determine a fourth paragraph boundary, wherein the

fourth paragraph boundary includes pixels in the third
image data associated with the second paragraph of the
input text.

15. The computer-implemented method of claim 5,
wherein:

the electronic input text data comprises an input character

style including at least one of an input font type, an

input font size and an mnput font style, and

the electronic rendered text data comprises a rendered
character style including at least one of a rendered
font type, a rendered font size and a rendered font
style.

16. A device, comprising:

at least one processor;

memory including instructions operable to be executed by

the at least one processor to perform a set of actions to

cause the device to:

receive electronic mput text data representing input
text;

render, using the electronic input text data, first image
data associated with an electronic publication having
a dynamic layout;

determine a text boundary associated with the first
image data, wherein the text boundary includes
pixels associated with the input text;
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determine second 1mage data from the first image data
using the text boundary, the second image data
including portions of the first image data within the
text boundary;

determine electronic rendered text data from the second
image data using an optical character recognition
(OCR) engine, wherein the electronic rendered text
data represents rendered text that corresponds to the
input text;

determine a difference between the electronic rendered
text data and the electronic input text data; and

determine the difference 1s below a threshold.

17. The device of claim 16, wherein the memory further
comprises instructions that, when executed by the at least
one processor, further cause the device to:

determine a {first character style value of a first character

included in the second 1mage data, the first character
style output by the OCR engine;

determine a second character style value of a second

character following the first character;

determine a third character style value of a third character

following the second character;

determine a fourth character style value using the first

character style value, the second character style value
and the third character style value; and

determine the electronic rendered text data, wherein the

electronic rendered text data includes the fourth char-
acter style for the first character, the second character,
and the third character.

18. The device of claim 16, wherein the memory further
comprises instructions that, when executed by the at least
one processor, further cause the device to:

determine first rendered text characters from the image

data using the OCR engine;

determine a first confidence score associated with the first

rendered text characters;

determine second rendered text characters from the image

data using the OCR engine, wherein the second ren-
dered text characters are diflerent than the first rendered
text characters;
determine a second confidence score associated with the
second rendered text characters, the second confidence
score being lower than the first confidence score;

determine a first error, wherein the first error 1s a text
character value difference between the first rendered
text characters and the input text;

generate a second comparison by comparing the second

rendered text characters to the input text;

determine, using the second comparison, that the second

rendered text characters resolves the first error; and

determine the electronic rendered text data, wherein the
clectronic rendered text data includes the second
rendered text characters.

19. The device of claim 16, wherein the memory further
comprises instructions that, when executed by the at least
one processor, Iurther cause the device to:
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determine a {first error between rendered text characters
from the electromic rendered text data to input text
characters from the electronic mput text data;

determine a second error between rendered character
styles from the electronic rendered text data to input
character styles from the electronic input text data;

determine a third error between rendered paragraph styles
from the electronic rendered text data to input para-
graph styles from the electronic input text data; and

generate an error report, the error report including at least
one of the first error and a location of the first error, the
second error and a location of the second error and the
third error and a location of the third error, wherein the
location of the first error indicates a number of char-
acters from a beginning of the electronic input text data
to the first error.

20. The device of claim 16, wherein the memory further
comprises instructions that, when executed by the at least
one processor, further cause the device to:

determine an anchor word in the mput text;

determine a first location of the anchor word 1n the input

text, wherein the first location indicates a number of
characters from a beginning of the input text to the first
location;

determine a second location of the anchor word in the

rendered text, wherein the second location indicates a
number of characters from a beginning of the electronic
rendered text data to the second location;

compare the first location to the second location; and

determine that the electronic rendered text data 1s similar

to the electronic mput text data based on the compari-
son of the first location to the second location.

21. The device of claim 16, wherein the memory further
comprises instructions that, when executed by the at least
one processor, further cause the device to:

determine a first resolution associated with a display;

generate the first image data using the first resolution;

store the first image data 1n a butler;
determine a first paragraph boundary, wherein the first
paragraph boundary includes pixels in the first image
data associated with a first paragraph of the mput text;

determine a second paragraph boundary, wherein the
second paragraph boundary includes pixels in the first
image data associated with a second paragraph of the
iput text;

display the first image data on the display;

determine the text boundary within the first image data

using the first paragraph boundary and the second
paragraph boundary, wherein the text boundary
includes the pixels 1n the first image data associated
with the first paragraph of the input text and the second
paragraph of the mput text;

recerve the first image data from the bufler; and

determine the second 1image data from the first image data

using the text boundary.
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