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1300

é\ Layer #s % Variation Power (W)  Speed (mmys}  Distance (mm} GED (J/mm?)
0-150 L0 195 1200 009 | 181
150226 | 55 88 1200 0.09 0.81
295-300 {45 107 1200 0.09 0.99
300-375 | -35 127 1200 | 009 147
375450 | 25 | 146 1200 0.09 135
o525 | 45 | 186 | 1200 | o009 | 183

525-675 5§ 0 195 1200 0.09 181
| 675750 15 | 224 | 1200 | 009 | 208
750-825 | 25 244 1200 0.09 2.26
a0 ___________ 35; ___________ e ___________ 1200 ___________ ——— __________ TR
900-975 {45 283 1200 0.09 2.62

FiIG. 134

FIG. I13B
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SYSTEMS AND METHODS FOR ADDITIVE
MANUFACTURING OPERATIONS

BACKGROUND OF THE INVENTION

Additive manufacturing, or the sequential assembly or
construction of a part through the combination of material
addition and applied energy, takes on many forms and
currently exists in many specific implementations and
embodiments. Additive manufacturing can be carried out by
using any of a number of various processes that involve the
formation of a three dimensional part of virtually any shape.
The various processes have in common the sintering, curing
or melting of liquid, powdered or granular raw material,
layer by layer using ultraviolet light, high powered laser, or
clectron beam, respectively. Unfortunately, established pro-
cesses for determining a quality of a resulting part manu-
factured 1n this way are limited. Conventional quality assur-
ance testing generally involves post-process measurements
of mechanical, geometrical, or metallurgical properties of
the part, which frequently results 1n destruction of the part.
While destructive testing 1s an accepted way of validating a
part’s quality, as 1t allows for close scrutiny of various
internal features of the part, such tests cannot for obvious
reasons be applied to a production part. Consequently, ways
ol non-destructively and accurately veritying the mechani-
cal, geometrical and metallurgical properties of a production
part produced by additive manufacturing are desired.

SUMMARY OF THE INVENTION

An overall object of this invention 1s to apply optical
sensing techmques to additive manufacturing processes
involving the addition of thermal energy with a scanning
heat source for the purpose of quality inference, process
control, or both. Optical sensors can be used to track the
evolution of in-process physical phenomena by tracking the
evolution of their associated in-process physical variables.
Herein optical can include that portion of the electromag-
netic spectrum which include near infrared and well as near
ultraviolet. Generally, the optical spectrum 1s considered to
g0 from 380 nm to 740 nm 1n terms of wavelength. However
near UV and near IR could extend as low as 1 nm and as high
as 1000 nm 1n terms ol wavelength respectively.

Another object of this mvention to enable an optical
sensing system to 1dentily, examine, and analyze features
associated with a heat source from two different process
conditions and determine if they are largely similar or very
different. The optical sensing system can be used to 1dentity,
examine, and analyze features associated with the material
response to a heat input associated with two diflerent process
conditions to determine 1f they are largely similar or very
different. The optical sensors can be used to interrogate a
wide range ol properties of the process including but not
limited to in-process physical behaviors that will impact the
metallurgical integrity, the mechanical properties, or the
geometric shape of the article thus manufactured.

It 1s a further object of this invention to enable an optical
sensing process together with suitable feature extraction to
discern and distinguish various process conditions based on
their associated characteristic times, for example, to the
extent that the characteristic times and other dimensional or
dimensionless parameters delineate diflerent regimes of
behavior, the optical sensing system and associated feature
extraction methods will have suflicient resolution and accu-
racy to distinguish these same regimes of behavior.
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Another object of this mvention 1s to determine if process
teatures from the slower material response to the heat mnput
and associated with a given process condition are largely
similar to those associated with a known baseline process
condition and therefore considered nominal or very difierent
from that baseline condition and therefore considered ofl-
nominal.

It 1s a turther object of this mvention to derive process

features from these thermal data gathered on these two very
different timescales.

It 1s still a further object of this invention to apply such
optical sensing and feature extraction methodologies to
instances in which there are multiple beams, or where a
single beam has been divided 1nto several heat sources.

BRIEF DESCRIPTION OF THE DRAWINGS

The disclosure will be readily understood by the follow-
ing detailed description 1n conjunction with the accompa-
nying drawings, wherein like reference numerals designate
like structural elements.

FIGS. 1-5 show flow charts describing methods and
properties associated with the described embodiments.

FIGS. 6-9 illustrate a number of views ol exemplary
machinery and sensors associated with additive manufac-
turing processes.

FIGS. 10-12 show scan patterns and graphs related to
accounting for scan pattern variations using measurements
from an optical sensor.

FIG. 13A shows a chart that includes machine settings
suitable for use with a test pattern;

FIG. 13B shows a test pattern suitable for use with the
machine settings of FIG. 13A; and

FIGS. 14A-14F show various graphs illustrating features
extracted from sensors monitoring an additive manufactur-
ing operation using the machine settings of FIG. 13 A and the
test pattern of FIG. 13B.

DETAILED DESCRIPTION OF TH.
INVENTION

(Ll

It should be first recognized that additive manufacturing,
1s directly dependent on three sets of properties. These
properties are interrelated and they interact in a highly
non-linear manner to either result in an acceptable part with
acceptable metallurgical and geometric properties, or alter-
natively result 1n a part which 1s deficient in some manner
with respect to metallurgical properties, geometric proper-
ties, or some combination of both. These specific three sets

of properties are now delineated: (1) INTRINSIC MATE-
RIAL PROPERTIES. These are the properties of the alloy
that comprises the powders being used in the additive
manufacturing process. Examples of such properties include
melting range, vaporization range, specific heat, thermal

conductivity, density, composition, latent heats of melting
and vaporization, etc.; (2) EXTRINSIC POWDER BED

PROPERTIES. Although the alloy has i1ts own intrinsic
properties as outlined above, the powder bed will have
additional extrinsic properties which could vary from run to
run or from one batch of powder to another, even 11 the alloy
composition and all other intrinsic properties are identical.
Examples of such extrinsic properties include particle size
distribution, particle shape and morphology, particle surface

area, particle contamination and thickness of oxide layer,
packing density/powder bed density, etc.; and (3) PROCESS
PROPERTIES. These are the myriad of properties that

characterize the physical manufacturing process irrespective
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ol intrinsic alloy properties and extrinsic powder properties.
Examples of these properties include spatial beam power
distribution, beam spot size, temporal variations 1n the beam
iI any, the environment in the processing chamber (gas or
vacuum), beam travel speed and scan strategy of the beam
rastering, properties of the beam optics (optical or magnetic/
clectrostatic), the method for application of sequential layers
of powder, also known as recoating, the preheat of the
powder bed 11 any, the macro level cooling and heat sinking,
to remove thermal energy from the processing chamber, etc.

It should be noted that there are critical in-process physi-
cal behaviors which occur during the additive manufacturing
process which together with the three sets of properties
listed above determine elements of the outcome of the
process. These categories of physical behaviors may be
separated 1nto behaviors occurring on-heating and on-cool-
ng.

For material heating, the various physical mechanisms or
behaviors mmvolved include: (1) Physics and attributes of
beam and process conditions including: beam size, spatial
beam power distribution (Gaussian, tophat, etc), temporal
beam power distribution (continuous, pulsed, modulated,
etc), and translational velocity of beam with respect to
material; (2) Beam-material interaction including: Preheat-
ing, done intentionally as 1s the case of electron beam or
occurs dynamically as the beam moves over the powder bed
and material directly in front of the beam heats and expands
before the beam actually gets there due to thermal conduc-
tion “wave’ 1n front of beam, But for most cases of interest,
the moving heat source 1n additive manufacturing is “super-
sonic” with respect to the heat conduction time, 1.¢. the heat
source 1s moving faster than the speed of heat conduction,
Absorption of energy at an atomistic level, For photons
energy absorption depends on micro and macro optical
properties of the material such as reflectivity and absorptiv-
ity, as well as non-imaging concentration effects due to the
surface 1rregularities of the powder bed, as well as interac-
tions between the incoming photons and the vapor or plasma
generated by previous heating events, For electrons, the
energy absorption depends on the atomic number of the
material absorbing the energy, its density, and the kinetic
energy of the incident electrons;

(3) Rapid heating and melting involving: The powders
thus irradiated are rapidly heated and they undergo phase
transformation as they melt, Particle size distribution dic-
tates rates which the top surface particles vaporize,
Unmelted or small droplets of melted maternial could be
¢jected as well from the irradiated region—this 1s exten-
sively observed 1n practice, and Melting will most likely
occur at local, incipient sites such as tops of particles, 1n the
crevices between particles where photons get optically con-
centrated through non-imaging concentration, etc.; (4)
Material consolidation—a very complex phenomenon
which depends on many factors including: Layer thickness
of material to be consolidated—the amount of material to be
consolidated vs. the amount of joules deposited by the
moving heat source during the beam interaction time; Par-
ticle size distribution, which can be used to determine both
thermal conductivity of the powder bed as well as the
possible occurrence of porosity; Packing density—this
physical attribute determines the thermal conductivity of the
power bed; Surface energy characteristics and wetting of
unmelted powders below the weld pool by incipient liquid;
Capillary forces—this 1s mainly characterized by the inter-
play between surface tension and viscosity; Rayleigh-type
consolidation mechanisms, 1.€. assuming a low viscosity
fluid, looking only at the interplay of inertial and surface
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tension eflects to restore equilibrium liquid shape/consoli-
date particles; and Larger scale hydrodynamic forces—if a
tully developed weld pool emerges then there could be
several forces that could come mto play including inertial,
surface tension, and temperature coeflicient of surface ten-
sion (Marangoni effects); (5) On-cooling physical behaviors
could include the following: rapid solidification—generally
the solidification behavior of melts in an AM process will be
very Tast and will not necessarily follow the phase equilibria
as outlined in an equilibrium phase diagram. In other words,
the contour lines delineating phase boundaries such as the
liquidus or solidus lines could have different locations 1n a
temperature vs. composition space, for example, Residual
stress—any time when there 1s a non-linear cooling profile
as there will be 1n the case of additive manufacturing, there
will arise thermal stresses. As the material cools and the
strength of the maternial gradually increases, some of these
thermal stresses could be “locked 1n” and result in residual
stresses, Distortion—a closely related concept to residual
stress, distortion 1s the elastic or plastic deformation of
material under the action of thermal and residual stresses. It
can result 1n 1rrecoverable displacement and bulk movement
of matenial thereby changing the final shape of the compo-
nent and creating deviations from the intended shape.

It should be still further recogmized that for additive
manufacturing processes there are process mnputs that are
controllable or are otherwise user-selectable. Many of these
are 1dentical to the process properties discussed above.
Examples of such user controllable mputs include the fol-
lowing: Power, Travel speed, Focal and spatial energy
distribution characteristics, BAM-—beam active param-
cter—or how 1focal characteristics change with depth,
Deflection and scan methods by lasers and electron beams.
Laser deflection and scan methods include: Details and
construction of the scan head, Galvanometer controls,
F-theta lens or other focal lenses or strategies, Other mirrors
or filters, and Dichroic mirrors or coatings, 1f any. Electron
beam detlection and scan methods include: Detlection fre-
quency, Magnetic deflection and focusing, Electrostatic
deflection and focusing, Anode—cathode geometry, Elec-
tron gun type and design, Thermionic filament, type and
geometry; Temporal energy distribution that include CW—
continuous wave, Pulsed, Q-switched and otherwise modu-
lated over time. Beam control can also include scan strate-
gies that include choices of hatch spacing, hatch pattern and
interlayer hatch pattern rotation angle. In some embodi-
ments, multiple beams can be controlled. When multiple
independently controlled lasers are being controlled, each
with its own scan head, acting either completely indepen-
dently or in coordination with other independent laser heads.
In some cases, a very fast scan head with low inertia
galvanometers can be used to create multiple “hot spots™
with the same laser beam by “multiplexing™ or fractionally
and proportionally dividing the laser amongst the various
hot spots. When multiple electron beams are being con-
trolled, the ability to deflect charged particles at very high
rates allows the creation of multiple hot spots from a single
higher power electron beam and to modulate these precisely
over any arbitrary temporal pattern as well as a controllable
spatial pattern.

Powder distribution
Layer thickness
Recoating arm method and frequency of recoating
Powder feeding and dispensing methodology and appa-

ratus
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Preheating
Preheating using platen heaters for baseplate

Preheating using beam scan patterns under very defo-
cused conditions and at low power
Other forms of preheating
Build strategy
Number of components 1n a build
Orientation of individual components within a build
Ability to deal with given lengths of unsupported
overhangs
Scatlold and support structure construction and design
Optimization of support structure for a given part
geometry, part configuration within a build
For the physical phenomena associated with additive
manufacturing, 1t 1s useful to consider various characteristic
times which could be associated with the various physical
phenomena. There are many examples of manufacturing
processes involving the addition of heat on a relatively rapid
timescale and the response of the material over a relatively
slower timescale. For example, consider the autogenous
welding of a part (1.e. no addition of material) comprising a
scanning heat source moving rapidly over the joint between
the two metal surfaces to be joined. Assume that the diam-
eter of the heat source 1s D and the travel speed of the heat
source 1s V. Therefore, the characteristic time of interaction
between the heat source and the pieces of metal to be jomned
1s described by the following equation:

D (1)

Ihfﬂf SOHFCE — ?

It 1s seen that for very small D and very large V, this
characteristic time of interaction of the heat source with the
workpiece can be very small. For example, 1n laser powder
bed additive manufacturing processes like direct metal laser
sintering (DMLS) and SLS (selective laser sintering), the
diameter of the heat source could be 0.1 mm or smaller, and
the scanning speed of the heat source could be 1000 mm/s
or faster, and theretfore the characteristic interaction time of
the heat source with the workpiece could be much less than
1 ms and could be close to 100 microseconds.

With respect to the matenal response, for the aloremen-
tioned laser powder bed processes, the material response
will be dominated by heat conduction. The characteristic
time for heat conduction 1s given by the following equation:

X* (2)

Linaterial response = H

Where X 1s a characteristic length over which heat
conduction occurs, and a 1s the thermal diffusivity of the
material. For many metals, the thermal diffusivity 1s on the
order of 107° to 10™® m*/s. The appropriate characteristic
distance to assume would be the powder layer thickness. But
in general 1t 1s experimentally observed that the material
below the powder layer 1s also re-melted, and therefore a
larger characteristic distance 1s not unwarranted. IT we take
the characteristic distance to be the same as the beam
diameter which 1s assumed to be 100 microns, and 1f we
examine the range of thermal diflusivities, then the charac-
teristic times for the material response 1s on the order of 2.5
milliseconds on the fast end to 0.25 seconds on the slow end.
Theretfore, 1t 1s seen that the characteristic time for the heat
source—material interaction 1s 25 to 2500 times faster than
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the time required for the heat to diffuse away from the hot
region 1nto the surrounding material.

This 1s a universally observed phenomenon for rapid
thermal processes such as laser welding, electron beam
welding, and even many arc welding processes where the
travel speed of the arc 1s high or the energy density of the arc
1s high. This 1s also a prevalent process condition for many
additive manufacturing processes that arte based on lasers
and electron beams and involve the addition of material
either through a sequentially layered and melted or sintered
powder bed or the direct addition of material through wire
ted by a mechanical wire feeder or powder being fed by a
nozzle where the powder may by fluidized, carnied, or
otherwise entrained in an inert gas stream.

There are also other characteristic times which will influ-
ence the consolidation of the powder bed and the possible
occurrence of defects. The two most important such times-
cales relating to various fluid phenomenon are those gov-
ermed by capillary effects and those governed by inertial
cllects. The capillary or viscous timescale associated with
the breakup or consolidation of a Newtonian Fluid 1s given

by:

n-L (3)

Lcapitlary = =

Where 1 the dynamic viscosity, L 1s a characteristic length
for the process, and o 1s the surface tension of the liquid
metal. For a characteristic length of 100 microns and assum-
ing representative values of viscosity and surface tension for
metals, we find that the capillary time 1s generally less than
1 microsecond.

Another important time scale 1s associated with the Ray-
leigh time, or the time scale associated with a low viscosity
fluid being acted upon by 1nertial and surface tension forces.
For example, this time scale governs the breakup or con-
solidation of droplets, or the time scale associated with the
return of a fluid surface to equilibrium after a disturbance,
assuming viscosity 1s a negligible eflect as compared to
inertial and surface tension forces.

The equation for the
Rayleigh time 1s given by:

[Ravleigh = -

Where p 1s the fluid density, o 1s the surface tension, and
L. 1s a characteristic length scale. Again taking L to be 100
microns and assuming typical physical properties for molten
metals, we get that the Rayleigh time 1s on the order of tens
to hundreds of microseconds. This 1s a lot longer than the
capillary time, but still shorter than the heat conduction time.
So generally for the conditions which could be expected 1n
additive manufacturing, 1t 1s found that:

(3)

Im aterial response = rRﬂyf eigh = rCﬂp illary

(3)

This means that generally the consolidation mechanisms
ol the molten material are faster than the heat conduction
time, and therefore the process 1s dominated even on heating
by heat conduction and not fluid effects. This also means that
the width of the molten region at a given power level and
beam diameter 1s also dominated by the heat conduction
time.

Other thermal—related times of interest and significance
are the adiabatic melting time and the adiabatic vaporization
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time. These are measures of how long 1t would take to melt
and to vaporize a quantity of material 1 the absence of all
thermal losses such as heat conduction. The adiabatic heat-
ing time 1s given by:

7. D2 (6)

4

-d - Lpowder * [CP,Sﬂ.fid - ATmeh‘ + meff]

lodiabatic melt = - P
"I heam

Where D 1s the beam diameter, d 1s the material layer
thickness of powder to be sintered, p,,,,.., 18 the powder bed
density, Cp ;7 18 the average specific heat capacity of the
solid powder, AT _ . 1s the temperature difference between
room temperature and the melting point of the material (in
deg. K), L .. 1s the latent heat of melting, € 1s the coupling
elliciency of the beam to the material, and P,__, 1s the beam
power. In an entirely analogous manner, the adiabatic vapor-
ization time 1s given by the following expression:

7. D* (7)

A -d ' Ppowder”

" Crsotid " AT e + Lipetr +

| CP,H-:;HE-:! ] &Tvapﬂr + Lvapor |

c- beam

ladiabatic vapor —

Where D 1s the beam diameter, d 1s the material layer
thickness of powder to be sintered, p 4., 1S the powder bed
density, Cp .., 18 the average specific heat capacity of the
solid powder, AT, _,. 1s the temperature diflerence between
room temperature and the melting point of the material (in
deg. K), L,,.;, 1s the latent heat of melting, Cp,, ., 1s the
average specific heat capacity of the liquid, AT, 1s the
temperature difference between the melting point of the
maternial and the vaporization point of the material (1in deg.
K), L, ..o, 18 the latent heat of vaporization, € 1s the coupling
clliciency of the beam to the matenal, and P, 1s the beam
power. Assuming thermophysical properties of nickel as an
example, these various times are 3 microseconds for the
adiabatic melting time, and 30 microseconds for the adia-
batic vaporization time respectively.

Yet another time which 1s associated with cooling 1n the
immediate vicinity of the molten region. This characteristic
time 1s the local solidification time. It 1s given by:

&Tmf.& &Tmfff

Isolidification = (@T) ~ y (5T]
Ot X dx X

Where AT, 1s the temperature diflerence between room
temperature and the melting point of the material (1n deg

(8)

1s the maximum cooling rate which could be measured for
an 1ndividual scan by a stationary sensor, for example, V 1s
the beam travel velocity, and
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(3)
dx X

1s the maximum thermal gradient at the liquid solid bound-
ary, which could be measured through sensors looking down
or 1n parallel with the optical train 1n a laser-based system,
for example. For many of the cases of interest for metal AM,
this local solidification time could be less than 1 millisecond
but greater than 100 microseconds.

Yet still another time which could have relevance to the
evolution of distortion and residual stress within the process
1s the thermal relaxation time for the part, which 1s given by:

I (9)

Lrelaxation = A

Where L 1s a characteristic length for the part being
printed and « 1s the thermal diffusivity of the material. For
example 11 the characteristic length 1s a millimeter to a
centimeter then this characteristic relaxation time could be
on the order of 2.5 to 250 seconds. This 1s the timeframe
over which thermal relaxation occurs over macroscopic
lengths.

For manufacturing processes such as those discussed
above that add heat and that achieve significant temperatures
such that there are radiative emissions coming from the
process, another mode of sensing 1s spectroscopy. The
radiation that 1s thus emitted 1s both blackbody radiation as
well as characteristic radiation. The blackbody radiation 1s a
function of the temperature of the process and 1s governed
by Planck’s Equation:

(10)

Where I 1s the intensity of radiation emitted per unit time
per unit area normal to the emitting surface, T 1s the absolute
temperature of the surface in degrees Kelvin, h 1s the Planck
constant, k 1s the Boltzmann Constant, ¢ 1s the Speed of
Light, and v 1s the frequency of the radiation emitted. The
relationship between the absolute temperature and the wave-
length of the maximum emitted radiation 1s given by Wien’s
Displacement Law:

Where b 1s a constant.

b (11)

~3]

Furthermore there are several physical phenomena that
can be considered as the radiated energy leaves the hot
region, propagates through space, arrives at the sensor, 1s
collected by the sensor, and 1s converted 1nto an electrical
signal. These physical phenomena include, but are not
limited to: spectral response of the sensor, frequency of the
sensor, field of view of the sensor, distance between the
sensor and heat source/material interaction, characteristics
ol optical components in optical path of the sensor.

In addition to the blackbody radiation which 1s a function
of temperature, there are characteristic radiation peaks 1n the
spectral data which are due to photons emitted as a result of
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specific electronic transitions between quantum states of
atoms excited by multi-photon processes or by direct elec-
tron collisions. These are called characteristic because they
are characteristic to a particular atom and 1onization state(s).
These will manifest 1n the spectral data as specific peaks at
specific wavelengths. There will often be multiple peaks
assoclated with various elements and electronic transitions,
and as a result this spectral data can quickly get very
complex.

If the integration times of the spectrometer as well as the
incident beam time of the laser were absolutely 1dentical and
the spectrometer always saw optical emissions for a given
fixed time when the laser was within the field of view of the
spectrometer, and 1f the same chemical species were present
in the vaporized plume 1n the same atomic percentages, then
the absolute value of the intensity of the optical emission at
a given characteristic spectral line could be used as an
indicator of energy coupling to the powder bed. However the
following intervening factors prevent the use of the absolute
value of spectral peaks as a feature that could be used to gage
the extent of energy coupling between the incident energy
beam and the powder bed during an additive manufacturing,
Process:

1) The spectrometer will have a certain finite field of view
over a certain region of the powder bed. Depending on
the scan pattern of the laser or electron beam, the beam
will 1ntersect this fixed field of view for different
periods of time. Thus, during a fixed shutter open time
(also equal to the spectrometer integration time), the
laser or electron beam will not intersect the spectrom-
cter field of view 1n the same way or the same number
of times. This will result 1n variations in the intensity
signal

2) The atomic concentration of species that are either
excited neutral species or ionized and are giving oif
characteristic radiation will vary as a function of the
power level. Also, 1n a multi-element, multi-component
alloy, there could be several elements contributing to
the spectral lines and several of these elements may
have closely spaced lines, especially for transition
metals found 1n most common engineering alloys that
have complex electronic transition states and hence
complex associated spectra. This complex variation of
atomic species that are responsible for the characteristic
emissions—both 1n terms of atomic composition and
relative atomic percent—results 1n variations in the
absolute value of the spectral intensity at any given
wavelength which makes 1t diflicult to utilize this
absolute value as a feature.

As a result of these and possibly other intervening factors,
it 1s desirable to select another feature that could allow the
characteristic spectral data to be used as a discriminator to
see when the energy coupling between the laser or electron
beam and the powder bed may be optimal. The FFT—Fast
Fourier Transform—of the spectral data will indicate where
any given spectrum 1s undergoing more rapid change in
value. When there 1s a greater atomic concentration of a
given excited neutral or 10onized species 1n the plume above
the energy beam/powder bed interaction zone and these
species are emitting characteristic radiation, it 1s expected
that the corresponding spectral peaks will be sharper and
will therefore have higher values of FFT intensity at a given
inverse wavelength. Conversely, when the characteristic
emissions are lower due to the fact that there are relatively
tewer excited species due to a more optimal energy cou-
pling, then the relative peak at a given wavelength will be
broader and the background blackbody radiation will play a
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more dominant role in the spectral intensity at that given
wavelength. Therefore the FFT intensity peak under such
conditions at the same inverse wavelength would be lower
than that observed otherwise. Theretfore the FFT intensity at
some intermediate inverse wavelength (which will depend
on the alloy composition) could serve as an indicator of the
relative coupling efliciency of the incident energy beam to
the workpiece.

Additive manufacturing processes may be symbolically

represented as a logical operator which acts on four distinct
Sets:

(12)

{outcomes of AM process} =

{intrinsic material properties}, {extrinsic powder properties},

v {process properties}, {in — process physical behaviors}

FIG. 1 shows a flow chart that further elaborates the
meaning of Equation 12. The process mputs 100 are the
“knob settings” or controllable process inputs that are pro-
grammable or otherwise user-selectable The intrinsic mate-
rial properties 101 of the alloy may also be viewed as
process inputs which are independent of any other properties
of the powders or the process. The process properties 102 are
determined by the process mputs 100 to the largest extent,
but have a slight influence from the intrinsic material
properties 101. The process properties 102 and the extrinsic
powder properties 103 influence each other. For example,
the method of application of the next layer of powder, also
known as recoating, 1s a process property 103. But 1t
influences extrinsic powder properties 103 such as powder
bed density and layer thickness. Conversely, extrinsic pow-
der properties 103 such as particle size distribution, particle
size and shape, etc influence how the recoating process
works, which 1s a process property 102. There will 1n general
also exist environmental disturbances 104 which could be
viewed as erther uncontrolled process mputs which were not
detected or regulated by any other engineering or adminis-
trative controls, or they could represent unmodeled dynam-
ics 1n the additive manufacturing process itself. In the former
case ol uncontrolled process mputs which were not quanti-
fied or controlled, these could be categorized as “known
unknowns” because their category or type 1s known, but the
level or magnitude of the mputs was unknown or otherwise
did not meet a specification. In the latter case of unmodeled
dynamics, these represent “unknown unknowns” because
we do not have any a prior1 knowledge of their type or
category. We can only see their eflects a posterior: as they
influence the set of additive manufacturing process out-
comes 106. The process properties 102, the extrinsic powder
properties 103, and the environmental disturbances 104 all
influence the additive manutacturing process 105. The addi-
tive manufacturing process 105 then produces a set of
process outcomes 106 which could range from nominal,
ofl-nominal, or could mvolve a wide array of specifically
classified and categorized off-nominal conditions.

When 1t comes to process sensing of any kind, whether it
1s optical or non-optical, the sensor data tells us something
about the in-process physical behaviors and their current
state, state of evolution, or the cumulative results of past
states. However these physical behaviors cannot be mea-
sured directly; they can be characterized by their associated
set of m-process variables. This reality 1s further illustrated
in FIG. 2. The set of in-process physical behaviors 200
comprises all physical behaviors which occur during the
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additive manufacturing process which could influence 1its
outcome and the quality of the resultant deposit. There will
be an associated set ol in-process variables 201 which
directly track the evolution or characterize the current state
of these mn-process physical behaviors 200. However not all
of the m-process physical behaviors 201 may be directly
observable. For example, consider the i-process behavior
200 of wetting of unmelted powders by ncipient liquid
metal which i1s formed 1n the very early stages of 1rradiation
by the moving heat source. The in-process variable 201
which most directly characterizes this process 1s the
dynamic contact angle between the liquid metal and the
solid powder. However this variable 1s not directly observ-
able. Therefore 1t 1s found that 1n general there will also exist
a set of physically measurable manifestations 202 of the
in-process variables 201 which correspond to quantities
which could be measured by one or more sensor modalities.
So 1n the example discussed above, when enough powders
are wetted and a resulting weld pool 1s formed, there will be
optical emissions from this weld pool, which 1s a physical
manifestation 202 that tracks the evolution of how big the
weld pool 1s at any given time, but now does not directly or
unambiguously point back to the specific in-process variable
201 of wetting angle between liquid and solid.

Associated with each physically measurable manifesta-
tion 202 of the in-process variables 201, there could be both
direct sensor measurements 203 as well as indirect sensor
measurements 204 which characterize the specific physical
manifestation 202 for each in-process variables 201. It 1s
therefore seen that there are two levels of uncertainty and
potential lack of either measurement resolution or accuracy.
The -process variables 201 cannot be directly measured
but only the physical manifestations 202 of these variables
can be measured. At the next level of uncertainty, there may
not always exist direct sensor measurements 203 of these
physical manifestations 202, and a series of indirect sensor
measurements 204 may have to be used instead. In either
event, the set of direct sensor measurements 203 and indirect
sensor measurements 204 1n turn comprise the aggregated
set ol 1n-process raw sensor data 205.

From this raw sensor data 203, 1t 1s possible to extract a
multitude of reduced order process features 206 using a
multiplicity of feature extraction techmiques. For the pur-
poses of this discussion “reduced order” refers to one or
more of the following aspects: data compression, 1.e. less
data 1n the features as compared to the raw data; data
reduction, 1.e. a systematic analysis of the raw data which
yields process metrics or other figures of mernit; data aggre-
gation, 1.¢. the clustering of data into discrete groupings and
a smaller set of variables that characterize the clustering as
opposed to the raw data 1itself; data transformation, 1.e. the
mathematical manipulation of data to linearly or non-lin-
carly map the raw data into another variable space of lower
dimensionality using a transformation law or algorithm; or
any other related such techniques which will have the net
ellect of reducing data density, reducing data dimensionality,
reducing data size, transforming data into another reduced
space, or all of these either eflected simultaneously.

Once these feature extraction methods 206 have been
applied to the raw sensor data 205, the results could be sent
to a classifier 207 which 1s capable of grouping the results
as being either nominal 208 or off-nominal 209. The clas-
sifier 207 could use a plurality of classification methods
including, but not limited to: statistical classification, both
single and multivariable; heuristic based classifiers; expert
system based classifiers; lookup table based classifiers;
classifiers based simply on upper or lower control limaits;
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classifiers which work in conjunction with one or more
statistical distributions which could establish nominal vs
oil-nominal thresholds based on confidence intervals and/or
a consideration I the degrees of freedom; or any other
classification scheme 207 whether implicit or explicit which
1s capable of discerning whether a set of feature data 206 1s
nominal 208 or off-nominal 209. For the purposes of this
discussion, “nominal” will mean a set of process outcomes
which were within a pre-defined specification, which result
in post-process measured attributes of the parts thus manu-
factured falling within a regime of values which are deemed
acceptable, or any other quantitative, semi-quantitative,
objective, or subjective methodology for establishing an
“acceptable” component.

It 1s seen that the critical utility of any n-process data,
features, and associated classification lies 1n the ability to
discern nominal vs. ofl-nominal conditions. It 1s useful
however to more closely examine precisely what 1t means to
declare a set of process outcomes as “nominal” based on the
results of in-process data and associated analysis by exam-
ining the tlowchart as described in FIG. 3. The additive
manufacturing process 300 has associated with 1t a set of
in-process physical behaviors 301. As the nature of these
behaviors has been previously discussed this discussion will
not be repeated herein. Also as discussed before, the in-
process physical behaviors 301 have a set of associated
in-process physical variables 303 that 1n turn have associ-
ated with them physically measurable manifestations 304.
The manifestations 304 are measured by a set of direct or
indirect sensor measurement 304 to generate an aggregated
set or sets of raw sensor data 305. In turn through the
application of a wide array of possible feature extraction
methods a set of reduced order features 306 1s derived from
the raw data sets 305. These features are then in turn
provided for additional analysis to the in-process classifier,
1.¢. the classifier which acts on the set of features 306 which
have been derived through the chain of events described
above and may be said therefore to track the evolution or
characterize the current or past states of the in-process
physical behaviors 301.

Alternatively, another series of steps could be undertaken
to assess the results of the in-process physical behaviors 301.
For example, post-process inspection data 308 could be
collected using a wide variety of non-destructive or destruc-
tive post-process mspection techniques. As a critical and
closely associated step with collecting such post-process
ispection data 308, there could be calibration steps and data
309 or setup artifacts and associated data 310. These are two
ecnabling sets of data or physical objects which help to
improve the accuracy or resolution of the post-process data
set 308. Then in an exactly analogous manner to the in-
process case, data reduction or feature extraction 311 can
take place so that the raw post-process data 308 can be
turned into sets of reduced order post-process features 311.
These features are provided to a post-process classifier 312
in exactly the same manner that the in-process features 306
were provided to the in-process classifier 307.

For both post-process and in-process classifiers (312 and
307 respectively) 1t 1s generally not possible a prion to
separate the set of process outcomes 314 into nominal 315
or oifl-nominal 316 subsets. In general, there can exist some
a posteriori data, expert knowledge, or some other historical
and/or training data set or set 313 which would enable the
classifiers 312 and 307 to act upon their respective feature
sets 311 and 306 so as to separate the set of process
outcomes 314 1nto nominal 315 and off-nominal 316 sub-
sets.
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In the context of this present invention, one of the main
objectives and aims 1s to establish how 1n-process metrics
could be used to classily process outcomes as nominal or
ofl-nominal. Currently in manufacturing processes includ-
ing additive manufacturing, only post process part accep-
tance methods are used. The overall methodology of post-
process nspection 1s explained in greater detail in FIG. 4
The Design Intent 400 1s quantified by one of three general
categories. First, the metallurgical properties 401 specily
such quantities as grain size, composition precipitate struc-
ture, defect structure, and other microstructural features and
attributes which characterize the structure of the matenial
which comprises the manufactured article. The second cat-
egory of properties 1s the set of mechanical properties 402.
These could 1nclude, but are not limited to, such quantities
as elastic properties and moduli, static yield strength, elon-
gation and ductility, low cycle fatigue life, high cycle fatigue
life, thermo-mechanical fatigue life, crack growth rates
under various loading conditions, creep and rupture prop-
erties, and other mechanical performance criteria under
specialized loading conditions. The third category of prop-
erties 1s the set of geometric properties 403. These could
include shape, size, and texture among other geometric
properties.

Now coming to the various methods of measuring, vali-
dating and vernifying the three categories of properties
described above, there are destructive and non-destructive
methods, as well as mn-process and post-process methods.
For example 1n the evaluation of metallurgical properties
401, the most common methods 1involve the use of destruc-
tive evaluation techniques based on Metallography 404, or
the microscope analysis of material structure. Alternatively,
it 1s possible to use an in-process approach 405. In this
in-process approach 405, data from the Additive Manufac-
turing Process 1s collected 1n-situ either continuously, inter-
mittently, or at specific discrete intermediate states during
the manufacture of the Article. Then features are extracted
from this mm-process data. The extracted features are then
turther correlated to microstructural features, and the ability
of the in-process features to predict the corresponding
microstructural features 1s validated and verified. Once this
validation and verification 1s completed, then the 1n-process
approach 4035 can become predictive of metallurgical prop-
erties 401. The methods for testing and evaluating Mechani-
cal Properties 402 usually mvolve destructive methods of
Post Process Destructive Mechamical Testing 406. Such
methods involve a wide variety of testing methods and
equipment at a wide range of strain rates, loading rates, and
thermal conditions.

Finally coming to the methods and techniques for evalu-
ating the Geometric Properties 403, the most common 1s the
use of Post Process Dimensional Inspection 407. This could
be accomplished using a variety of measurement instru-
ments which could be simple gages, contact geometrical
measurement machines such as CMMs—coordinate mea-
surement machines, or non-destructive geometric measure-
ment methods such as CAT scanning—Computer Aided
Tomography, or various optical scanning techniques which
are also non-contact. Alternatively there 1s a body of tech-
niques which 1s the subject of this present invention, namely
in-process characterization of geometric properties 408. In
such in-process characterization 408, first data 1s collected
from a variety of sensors. Then features are extracted from
this data which can be correlated to the Geometric Properties
403 of the Article. The data collected and the associated
features extracted may be collected continuously, intermait-
tently, or at specific discrete intermediate states occurring,
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during the manufacture of the Article. Lastly, there 1s a
verification and validation step in which in-process data 408
are compared to post process mspection data 407 to verily
that the in-process data 408 1s capable of verifying the
Geometric Properties 403 correspond to Design Intent 400.

Therefore 1mn order to be used in a quality inference or
process control scheme, in-process metrics and features
derived from 1n-process data can correlate 1n some fashion
to metrics and features derived from post-process inspection
and evaluation methods. So to integrate and expand upon all
of the concepts shown in previous figures and discussed
above, some embodiments of the present invention utilize a
correlative classifier that combines in-process classifiers and
post-process classifiers into a unified classifier that enables
in-process data to be predictive of post-process measured
properties or attributes of a component. This 1s schemati-
cally shown 1n FIG. 5 which integrates materials from the
previous discussions and figures.

In FIG. 5 the additive manufacturing process has nputs
500 that comprise user selectable values for various machine
settings or other user selectable features within the machine
or process. Examples would be the programmed beam
power, travel speed, etc. In addition the material that 1s to be
used 1n the additive mig. process has certain intrinsic
material properties 501. These properties include melting
point, specific heat, thermal conductivity, etc. In addition to
these, there are process properties 502 which are properties
that are dependent on the inputs 500 and the intrinsic
matenal properties 501. Examples of such properties could
include the actual spatial distribution of heat from the
moving heat source i Watts per square cm as a function of
position. Additionally the powder bed has extrinsic proper-
ties 503 that are not a function of the alloy but rather the
powder form as well as how the powder 1s distributed 1n the
additive manufacturing process. Examples of such proper-
ties include particle size distribution and powder density in
the powder bed. There will invarniably be environmental
disturbances 3504 that are eirther uncertainties 1 known
quantities such as laser power or may be unknown dynamics
such as variations 1n the laser absorptivity by the powders
for unknown reasons.

All of these factors 500-504 are collectively the inputs for
the additive manufacturing process 505 which could also
include post-processes such as heat treatment or hot 1sostatic
pressing (HIP). Therefore the definition of manufacturing
process herein 1s not just limited to the additive manufac-
turing process itsellf but could include additional post-
process steps. The manufacturing process 505 1s character-
ized by 1n-process behaviors 306. These in-process
behaviors 506 have associated with them in-process vari-
ables 507. As previously discussed these variables 507 may
not be directly observable but their physically observable
manifestations 508 will be detectable by direct or indirect
sensor measurements 509. These measurements 509 waill
generate a large volume of raw in-process data 510. Then
through a variety of algorithmic methods, a set or multiple
sets of 1n-process features 511 are derived.

The manufacturing process 5035 1itself will produce pro-
cess outcomes 512 which could be for example acceptable
part, unacceptable part, excessive porosity, etc. These pro-
cess outcomes 512 can be characterized by the in-process
features 511 but can also be characterized by post-process
ispection and evaluation techniques 513-515. These tech-
niques include metallurgical inspections 513, mechanical
ispections 514 which examine mechanical properties, and
geometric mspections 523 which aim to measure part geom-
etry. The results of all of these post-process measurements
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can be stored 1n a post-process database 316 that correlates
the post-process results to the controllable process inputs
500. This 1s typically what constitutes expert process knowl-
edge 1n the way additive manufacturing or any other manu-
facturing process 1s conducted at present. Similarly, a data-
base of m-process features 517 could be established which
correlates the in-process features 511 to the controllable
process puts 500 which resulted 1n the process outcomes
512 which generated the in-process features 511.

Some embodiments of the present invention then estab-
lish a correlative classifier and a logical model 518 which
utilizes the data from both the post-process 516 and the
in-process 517 databases. This classifier and logic model
518 has four principal functions:

It assembles JOINT feature vectors of in-process AND

post-process features

It establishes a baseline based on historical expert data

PLUS knowledge of in-process features associated
with given process mputs KNOWN to produce certain
process outcomes

SENSOR
CATEGORY

Force and
vibration

Contact
thermal

Non-contact
thermal

Non-contact
thermal

Optical

Optical

Other

10
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SENSORS

Accelerometers
vibration sensors
mechanical shock
SENSOrS

strain gauges
plezoelectric sensors
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The LOGIC MODEL tests 1f in-process features imply
post-process features and conversely

IF these conditions are met, THEN CORRELATIVE
CLASSIFIER becomes predictive of future process
outcomes WITHOUT {further reliance on historical data

As a result of step 4 described above, the correlative
classifier 518 can become predictive of process outcomes
512 based on in-process feature data 511. Thais state 1s shown
in 519. The method by which in-process data and associated
in-process leatures could become predictive of process
outcomes as well as part quality has been described in detail
above. Now 1t 1s mstructive to examine the types and
categories of sensor data which could be possible within the
context of additive manufacturing. At the highest level of
consideration, the following sensors are possible and the

physical behaviors they could measure are listed in the table
below.

PHYSICAL BEHAVIORS I'T COULD
MEASURE

The uniformity of the powder addition process
which typically involves a mechanical arm that
spreads the powders. Any irregularities 1n the

arm, the mechanical motion, the spreading action,
or the arm hitting previously deposited layers
could be important to indicate possible non-
uniformities in the powder bed as a result of errors
in this mechanical spreading action.

thermocouples
thermistors
resistance thermal

detectors (RTDs)

single color
pyrometer
two or multi-color

pyrometer
thermal 1imaging
camera

ratio pyrometers
fiber optic
pyrometers
photodiode

spectrometer

high speed camera
camera

linear camera

other optical imaging
systems

laser ultrasonic
eddy current
ultrasonic
acoustic emission

The powder bed temperature as well as other
temperatures 1n the equipment, the processing
chamber, or other aspects of the manufacturing
process could be sensed and detected with these
sensors. This kind of data 1s valuable to know the
macro thermal state of the process, including
preheating, as well as for machine diagnostics and
preventative maintenance for the machine itself
These sensors measure both process as well as
ambient powder bed temperatures and could do so
in the frame of reference of the laser or in a
stationary reference frame. They can measure
very fast thermal transients associated with
heating, melting and cooling as well as slower
thermal transients at longer timescales as was
discussed previously.

These sensors could again be in a moving or a
fixed reference frame. Photodiodes measure
intensity of light emissions over a given range of
wavelengths and could be correlated to such
features as weld pool size and/or temperature.
They could also detect anomalies such as regions
where the laser power absorption suddenly
changes, or areas where the power absorbed
otherwise fluctuates. Spectrometers can also
perform chemical analysis of the vaporized and
either 1onized or unionized plasmas or vapors
associated with the additive manufacturing
Process

These types of sensors could be used again in the
frame of reference of the beam or 1n a stationary
frame. They could measure such things as weld
pool size and shape, the shape and precise
metrology of the layer just deposited, irregularities
in the manufacturing process, the integrity of the
powder bed as new powder layers are applied, as
well as other nominal and off-nominal process
conditions

This category of sensors involves other or
multiple physical phenomena. For example the
laser ultrasonic could involve a laser
interferometer which could directly interrogate the
manufacturing process, or in conjunction with an
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excitation source could be used to directly
measure mechanical properties of the deposit as
the process build i1s occurring. Eddy current
sensors can similarly measure the mtegrity of the
build if they are swept over the bult up part.
Similarly 1t may be possible to perform in-situ
ultrasonic measurements. Acoustic emission
measurements may be sensitive to high speed
metallurgical phenomena such as dislocation
motion and cracking and would be attached to the

base of the part being built up

These sensors and some of their possible configurations
are shown 1n FIG. 6. Consider for the time being the instance
of an additive manufacturing process that utilizes lasers as
the heat source. The laser 600 emits the laser beam 601
which passes through a partially retlective mirror 602 and
enters a scanning and focusing system 603 which then
projects the beam to a small region 604 on the work platform
or the part being built up 605. Optical energy 606 1s emitted
from the beam interaction region 604 on account of high
material temperatures. Some of this energy goes back
through the scanning an focusing system 603 and 1s retlected
by the partially retlective mirror 602 resulting 1n an optical
signal 607 which may be mterrogated by multiple optical
sensors 609 each receiving a portion of the optical signals
607 through a series of additional partially reflective mirrors
608. It should be noted that the collected optical signal 607
will not generally have the same spectral content as the
emitted radiation 606 because the signal 607 has gone
through multiple optical elements such as 603, 602, and 608
which each have their own transmission and absorption
characteristics and thus would limit or other eliminate
certain portions of the spectrum of energy radiated by the
process 606. Examples of the optical sensors 609 include but
are not limited to photo to electrical signal transducers such
as pyrometers and photodiodes. The optical sensors 609 can
also include spectrometers, and low or high speed cameras
that operate in the visible, ultraviolet, or the inirared fre-
quency spectrum. The sensors 609 are 1n a frame of refer-
ence which moves with the beam, 1.e. they see all regions
that are touched by the laser beam and are able to collect
optical signals 607 from all regions of the build 605 touched
by the laser beam 601. There can also be sensors 610 that are
in a stationary frame of reference with respect to the laser
beam 601. These stationary sensors 610 will have a given
field of view 611 which could be very narrow or it could
encompass the entire build area 605. Examples of these
sensors could include but are not limited to pyrometers,
photodiodes, spectrometers, high or low speed cameras
operating in visible, ultraviolet, or IR spectral ranges, etc.
The sensors 610 could also be sensors which combine a
series ol physical measurement modalities such as a laser
ultrasonic sensor which could actively excite or “ping” the
deposit with one laser beam and then use a laser interfer-
ometer to measure the resultant ultrasonic waves or “ring-
ing”” of the structure 1n order to measure or predict mechani-
cal properties or mechanical integrity of the deposit as 1t 1s
being built. The laser ultrasonic sensor/interferometer sys-
tem can be used to measure the elastic properties of the
material, which can provide insight into, for example, the
porosity ol the material and other materials properties.
Additionally, the surface movement or other fluctuations of
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the weld pool can be measured based on the displacement of
the weld pool surface. Additionally, the weld pool depth can
be determined using the interferometry processes described
herein. Components of the laser ultrasonic sensor/interier-
ometer system can follow the weld pool or can be provided
on their own scanning axis as appropriate to the particular
implementation. As an example, n-line coherent 1maging
can be performed using embodiments of the present inven-
tion. Modulation of the laser beam used to melt the material
can be used to provide one of the optical signals used 1n the
interferometry process. Additionally, defect formation that
results 1n maternial vibration can be measured suing the laser
ultrasonic sensor/interferometer system.

Additionally, there could be contact sensors 613 on the
mechanical device 612 which spreads the powders. These
sensors could be accelerometers, vibration sensors, etc.
Lastly there could be other types of sensors 614. These could
include contact sensors such as thermocouples to measure
macro thermal fields or could include acoustic emission
sensors which could detect cracking and other metallurgical
phenomena occurring in the deposit as 1t 1s being built.
These contact sensors can be utilized during the powder
addition process characterize the operation of the mechani-
cal device 612, which can also be referred to as a recoater
arm. Accordingly, non-uniformities in the surface of the
spread powder can be detected and addressed by the system.
Rough surfaces resulting from the powder spreading process
can be characterized in order to repeat the powder spreading
process 1n order to reduce or eliminate non-uniformities in
the surface of the spread powder. In one implementation, a
peak 1n the spread powder can be fused by the heat source,
resulting 1n the subsequent layer of powder having a corre-
sponding peak. At some point, the peak could contact the
recoater arm, potentially damaging the recoater arm and
resulting 1n additional spread powder non-uniformaity.
Accordingly, embodiments of the present invention can
detect the non-uniformities 1n the spread powder before they
result in non-uniformaities in the manufactured part. One of
ordinary skill in the art would recognize many varations,
modifications, and alternatives.

Acoustic emission sensors operating, for example, in the
range of 100 kHz to 400 kHz, can detect material properties
that produce these high frequency acoustic emissions, for
example, cracking of the sample. In-process acoustic emis-
sion thus provides insight into material properties that are
not available using conventional techniques. As another
example, heating and cooling rates can be measured using
acoustic emission sensors based on material changes that
produce high frequency acoustic emissions. Accordingly,
embodiments of the present invention can measure defects
being created in the material 1n real time using 1n-process
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measurements. In some embodiments, the acoustic emission
sensors can be coupled to the build plate whereas in other
embodiments, the sensors can be moved to contact solidified
clements of the manufactured part to measure portions of the
manufactured part as the powder bed moves away from the
build plate. This method would also be applicable to ther-
mocouples, thermistors, RTDs, and other sensors repre-
sented by 614.

In the case of an electron beam system, FIG. 7 shows
possible configurations and arrangements of sensors. The
clectron gun 700 generates an electron beam 701 that is
focused by the electromagnetic focusing system 702 and 1s
then detlected by the electromagnetic deflection system 703
resulting 1n a finely focused and deflected electron beam 704
which creates a hot beam-material interaction zone 705 on
the workpiece 706. Optical energy 1s emitted 708 which
could be collected by a series of sensors 709 each with their
own respective field of view 710 which again could be
locally 1solated to the interaction region 705 or could
encompass the entire build area 706. Additionally, the sen-
sors 709 could have their own optical tracking and scanning
system which could follow the electron beam 704 as it
moves across the build area 706. Whether or not these
sensors 709 have optical tracking or not, the sensors 709
could consist of pyrometers, photodiodes, spectrometers,
and high or low speed cameras operating in the visible, UV,
or IR spectral regions. The sensors 709 could also be sensors
which combine a series of physical measurement modalities
such as a laser ultrasonic sensor which could actively excite
or “ping” the deposit with one laser beam and then use a
laser interferometer to measure the resultant ultrasonic
waves or “ringing’”’ of the structure 1n order to measure or
predict mechanical properties or mechanical integrity of the
deposit as 1t 1s being built. Additionally, there could be
contact sensors 712 on the mechanical device which spreads
the powders 711. These sensors could be accelerometers,
vibration sensors, etc. Lastly there could be other types of
sensors 713. These could include contact sensors such as
thermocouples to measure macro thermal fields or could
include acoustic emission sensors which could detect crack-
ing and other metallurgical phenomena occurring i the
deposit as it 1s being buailt.

One specific sensor configuration which could be usetul
in practice 1s shown 1 FIG. 8. The electron beam or laser
beam 800 generates a finely focused and deflected beam
801. This beam 801 creates a hot interaction zone 802 on the
workpiece and build area 803 which again generates optical
emissions 804. Two stationary sensors which could be any
optical sensor but could specifically be photodiodes that are
positioned 180 degrees apart. The first sensor 803 has a field
of view 806 and the sensor 807 has a field of view 808.
These fields of view could be narrow or broad, or in one
specific mstance they could cover the entire build area 803
thereby providing complete coverage and the ability to
always see the hot interaction region 802 created by the
focused detlected beam 801. In the case where the energy
beam 800 1s a laser beam, there 1s the additional potential of
collecting an optical signal 810 that could go mto a series of
optical sensors 811 that could generally consist of pyrom-
cters, photodiodes, spectrometers or cameras, but could
specifically consist of a photodiode. Additionally, there
could be a stationary sensor 809 that could be any optical
sensor 1n general but that specifically be a pyrometer.
Pyrometer 809 has a very narrow field of view and 1is
specifically looking at a witness region 812 on the build area
803 and 1s making very precise and rapid thermal measure-
ments at the witness area 812. The data from the stationary
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pyrometer 809 1s correlated to the data from the stationary
photodiodes 805 and 807 as well as the in-line photodiode
811 1n the event that the process 1s a laser based process.
Additionally, there 1s an optical sensor 813 with a very large
field of view 814 which encompasses the entire build area
803. This sensor 813 specifically could be a camera, either
high speed or low speed, visible, UV, or IR, or a camera with
a very large pixel density and therefore high spatial resolu-
tion. Even more specifically this camera could take pictures
of the object being built layer by layer after every layer 1s
deposited, and then could utilize this data to create a
representation of the as-built part geometry by superimpos-
ing and concatenating or otherwise combining the individual
2-dimensional pictures mto a fully 3-dimensional represen-
tation of the part and the as-built part geometry. In some
embodiments, this configuration can be extended so that
there are multiple photodiodes in addition to 805 and 807: as
shown two photodiodes or other sensors distributed 180
degrees apart; three photodiodes or other sensors distributed
120 degrees apart, four photodiodes or other sensors dis-
tributed 90 degrees apart, etc. Also the pyrometer 809 could
have a scanning capability which 1n the case of an electron
beam based process would allow 1t to follow the beam 801
as 1t moves across the build area 803. This 1s also possible
in the case that the energy source 800 1s a laser.

To increase the productivity of an additive manufacturing,
process, 1t may be desirable to have multiple heat sources.
One possible configuration 1s shown 1 FIG. 9. In FIG. 9 the
workpieces or total build area 900 1s divided along a plane
of symmetry 901. The operations to either side o1 901 could
be viewed as occurring completely independently. Of course
some embodiments have some overlap across 901 1n the
cvent that the part being built on the build area 900 1s a large,
single part. Alternatively, there could be many smaller parts
that are being built on the build area 900 and there might be
no cross talk or communication across this symmetry plane
901 required whatsoever. In either event, the two heat

sources 902 and 903 project finely focused and deflected
beams 904 and 905 which create hot beam material inter-
action regions 906 and 907. Optical emissions, 908 and 909
from the regions 906 and 907 respectively can be collected
by a series of sensors. In the embodiment illustrated 1n FIG.
9, 1t 1s shown that two sets of 1dentical sensors act indepen-
dently 1n each region of the build area 900 separated by the
symmetry plane 901. However this 1s not a requirement and
sensors could see all regions of the build area 900 as well.
Stationary optical sensors 910 and 911 interrogate the hot
regions 906 and 907. They have associated fields of view
912 and 913 which could be local or could encompass the
entire area of the build 900. Additionally, 1n the event that
the heat sources 902 and 903 are lasers, there 1s the potential
to collect additional sensor data 914 and 915 through the
laser scanning systems and these signals could then be
measured by in-line sensors 916 and 917. Lastly there are
two stationary sensors 918 and 919 which have fields of
view 920 and 921 which cover at least their respective
portions of the build area 900 as separated by the symmetry
plane 901. These sensors 918 and 919 could for example be
cameras which are measuring the as-built geometry in the
two regions ol the build area 900 divided by the symmetry
plane 901. It 1s also noted that one extension of this concept
1s that the symmetry plane 901 could be just a simple diving
plane, 1.¢. the areas to the leit and to the right of 901 need
not be equal. Also this concept 1s extensible to situations
where there could be N heat sources acting on M different
overlapping or separate regions. The sensors could have
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overlapping or separate fields of view. This concept can be
extended, for example, to include:
N heat sources acting on M areas, 1.e. there need not be
a one to one correspondence between heat sources and
separate build areas
Situations 1 which the multiple heat sources are gener-
ated from the same single beam. For example 1n
clectron beam additive manufacturing, 1t 1s possible to
clectromagnetically move the beam so fast that it
cllectively forms two or more heat sources on the
workpiece area 900 by virtue of the fact that it spends
a given amount of dwell time at each heat source
location, and 1f the scan frequency 1s fast enough the
beam can move from hot region to hot region without
extinguishing the melt pool 1n between these transitions
and jumps
P stationary sensors like 910 and 911 that interrogate any
of the M build areas, 1.e. any combination of the
(1, 2, , M) areas iterrogated by (1, 2, , P)
stationary sensors
Q stationary sensors like 918 and 919 that interrogate any
part of the M build areas, 1.e. any combination of the (1,
2, ..., M) areas mterrogated by (1, 2, ... ,Q) stationary
sensors. Furthermore since the QQ sensors of type 918
and 919 could be used to create in-process geometric
measurements of as-built part geometry, these Q sen-
sors acting over M areas could be combined 1n many
ways to produce the overall geometry of the all the
parts or part being built 1n the build area 900.
Irrespective of the sensor configurations and 1rrespective
of whether or not there are multiple or single heat sources or
energy beams, all of the m-process raw data can be pro-
cessed such that features could be extracted from this raw
data. The table below outlines the possible categories of
feature extraction methods and techniques. The overall
purpose ol a feature extraction method 1s to reduce the size
or dimensionality of a time-based raw data set by assigning
teatures represent key physical characteristics and attributes
of the original signal but by using reduced order represen-
tations.

CATEGORY EXAMPLES AND DESCRIPTION

Time based methods
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a powder bed either with a laser or an electron beam, there
are specific patterns. For example 1n FIG. 10, we see several
different hatch patterns for a laser based process. In 1000, a
region of the build area 1s processed by the laser beam
scanning along very long path lengths that alternate 1n
direction. In 1001, this same area i1s broken into smaller
checkerboards which are scanned sequentially left to right
and top to bottom. In 1002 the same checkboard pattern 1s
shown, but now the scan order for the individual checker-
boards 1s randomized. Irrespective of the specific scanming,
pattern or scanning strategy ivolved, 1t 1s seen that the laser
based process involves short, many short, discrete scan
lengths with a start and a stop and a path length.

If such a process were being monitored by a stationary
photodiode, the data coming back to the photodiode would
have many, many individual signals each representing a
grven specific scan over a speciiic path length. It would be
usetul to separate out all of these signals according to their
path length, as the apparent intensity of the signal as
observed by the photodiode will be a function of this path
length. This 1s because at the start of the scan, the photodiode
intensity 1s zero or very small because the laser has just
turned on. As the scan proceeds the scan generally becomes
hotter and emits more light, so the photodiode intensity
would increase slightly. There would of course be a natural
range and scatter in the photodiode raw signal as the light
intensity varies throughout the process due to the very
chaotic nature of the laser/powder interactions as well as the
chaotic motion of the molten metal and the changing view
factor from this small hot spot to the photodiode.

FIG. 11 shows a raw photodiode signal for a given scan
length. 1100 1s the laser drive signal, or the command signal
which tells the laser to turn on and off for a specific scan
length. The signal 1101 i1s the photodiode raw voltage
superimposed over the laser drive signal. The rise and fall of
1101 can be clearly seen as well as the scatter and variation
in the signal during the time that the laser 1s on. The data 1s
collected a given number of samples per second. 1103 1s a
line representing the average signal value during the time
that the laser was on for that specific scan length. The

These are techniques that look at the attributes of a signal as a

function of time or over time. Simple control limits are examples, as
are moving averages, other statistical moment functions acting
directly on time-based data, or a many possible feature descriptors
which could describe the envelope of the signal intensity vs. time

curve
Frequency based
methods

These involve the mathematical transformation of time-based data
into a frequency domain using such transformation techniques as the

Fourier Transform or numerical variants of that such as the Fast
Fourler Transform or FFT. The essential premise here is that time
based data could be represented as a summation of different
sinusoidal or otherwise oscillatory signals with different weighting

factors.
Time-frequency
methods

Examples of these methods are the broad category of Wavelet
transforms. The fundamental premise of these techniques is to

examine the frequency content of a signal as it evolves over time. Q

Heuristic methods

Various figures of merit, dimensionless numbers, or any other

manner of analysis that could result in sets of features that are
reduced order and that represent the original time-based signal in

some alternate space.
Other
manufacturing process 1n question.

As an example of this last category of feature extraction
methods, consider the following case which 1s specific to
additive manufacturing and 1ts unique peculiarities. In addi-

tive manufacturing that mnvolves a scanning heat source on

65

Hybrid or ad hoc techniques which could be very specific to the

variation 1n 1101 can be caused by vanations 1 powder
being melted on the powder bed. For example, one of the
minor troughs of 1101 can be caused by energy being

absorbed by a larger particle in the particle bed transitioning
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from a solid state to a liquid state. In general, the number of
data points 1 a given segment of the photodiode signal
between rise and fall events can be related to the scan
duration and the sampling rate. Furthermore, 11 the scan
velocity of the laser 1s known, then the scan length can be
similarly related to the number of points in a given photo-
diode segment between a rise and fall of the signal by the
tollowing relationship:

(13)

(number of points 1n a given photodiode segment) =

(scan length 1n mm)

(sampling rate 1n Hz)-
(scan velocity in mmy/ s)

So 1t 1s seen that the number of data points 1n a given
segment ol photodiode data between a rise and fall event
(1.e. time laser was on for a scan) 1s directly proportional to
the scan length. It 1s possible therefore to plot all the
photodiode data for all scan segments 1n the build as a
function of the scan length, or correspondingly as a function
of the number of data points 1n a given photodiode segment
representing the data collected during a specific scan. In
practice, there are not an mnfimte number of scan lengths
used, and the same scan length may be used at many
different locations 1n the part. Smaller scan lengths may be
used for smaller geometrical features, and for larger features
a larger scan length may be possible to speed up the build
process. Embodiments of the present invention are, there-
fore, scan strategy agnostic. In other words, the effect of scan
length 1s accounted for by the measurement of the number
of data points collected. Machine to machine variations 1n
scan strategy can be addressed using embodiments of the
present invention since the scan length associated with each
scan strategy 1s accounted for by the conversion to the
number of samples 1n a scan illustrated 1n FIG. 12. Typically,
the scan strategy 1s not accessible to the user. The system
described herein thus enables machine to machine compari-
sons based on the measured data.

FIG. 12 shows the result of plotting the photodiode data
in this manner, namely the raw photodiode voltage signal as
a function of the number of data points 1in the mdividual
sample. Also, the average of the data for a given length has
been taken. This would correspond to 1103 1 FIG. 11 as
discussed above. In other words, each data point in FIG. 13
represents an average over the small segment of photodiode
data corresponding to a specific scan. Along the abscissa of
FIG. 12 1s the number of samples or data points 1n a given
scan 1200. Along the ordinate of FIG. 12 1s the average raw
photodiode voltage value for that corresponding scan length
1201. Each individual point again 1s the average for a given
scan. The entire body of point clouds of such average data
1202 1s not random but does exhibit a distinct order and has
a characteristic shape. This point cloud shape 1202 can be
fitted with a best-fit line 1203. This line 1203 1s a FEATURE
which 1s very useful for characterizing this process condition
since 1203 1s unique to the process mputs and the scan
strategy. Therefore 1t 1s a feature extraction technique that
can deflne processes as equivalent (e.g., machine to
machine) i the same best-fit line 1203 1s produced. Using,
the line 1203 from a first machine, the process input settings
and scan strategy (which can both be different) for a second
machine can be modified until the same line 1203 is pro-
duced (within predetermined tolerances), indicating that the
process outcome 1s the same for both machines. The tech-
nique 1s summarized below.
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1) GIVEN a beam power, a beam travel speed, and all
other process conditions and mnputs fixed

2) GIVEN a scan strategy for a particular component (e.g.
scan strategy as 1illustrated in FIG. 10), 1.e. a distribu-
tion of scan lengths

3) THEN perform the following steps to derive this
process feature:

a. Identily the nise and fall for each segment of pho-
todiode data, 1.e. the region 1n time over which the
laser was on and the photodiode was collecting data.

b. Count the number of points 1 this data sample

c. Calculate the average photodiode intensity over this

time segment, 1.e. take the numerical average of the
raw photodiode data between the rise and fall of the
signal, 1.e. over which time the laser was actually on

d. Plot this average as a function of the number of
points 1n the sample

¢. Repeat this process for a given number of scans,
which could be just the scans on a given layer, or
could include multiple layers, or could even be for an
entire part, or could be for multiple parts 1n a given
build, or could be for multiple builds over an
extended period of time.

f. Put a best fit curve through the center of the resultant
data cloud

g. This best fit curve 1s now a process feature derived
from raw stationary photodiode data that 1s charac-
teristic of a given operating condition—i.e. all pro-
cess mputs fixed, and 1s also characteristic of a given
scan strategy

h. When the process mputs or scan strategy changes,
this curve will change and therefore changes in this
curve are reflective and predictive of changes 1n the
underlying processing conditions for the additive
manufacturing process in question

Lastly 1s should be observed that there 1s no fundamental
reason why this technique cannot be applied to processes
that utilize electron beam heat sources, provided that they
also employ scan strategies 1n which smaller regions of the
build are scanned by a large number of short individual scan
paths.

Referring once again to FIG. 11, the slope of the photo-
detector response line 1101 can be measured when the laser
1s turned ofl, represented by 1100. As 1llustrated 1n FIG. 11,
the slope of 1101 when the laser turns off 1s less than the
slope of 1101 when the laser turns on. These differing slopes
are evident in FIG. 11 at about 13.164 to 13.1643 (1104).
Similar behavior 1s illustrated at 13.1672 to 13.1677 (1105).
The lower slope 1105 associated with 1101 when the laser
turns ofl corresponds to the metallurgical cooling rate of the
material. The higher slope associated with 1101 when the
laser turns on corresponds to the metallurgical heating rate
of the powders. Accordingly, the systems described herein
provide 1nsight into these cooling and heating rates not
available using conventional techniques.

Measurements of heating rates and cooling rates as a
function of 3D position 1n the manufactured part can be
made and utilized to determine the microstructure of the
material during each of the scan lines. Thus, the heating and
cooling rates at each 3D location in the bwld can be
determined using embodiments of the present invention,
which are not available using conventional techniques. As a
result, using a stationary photodiode 1n some embodiments,
a 3D map of heating and cooling rates can be compiled and
then correlated with n-process and post-process material
characterization data. Referring to FIG. 9, the measurements
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of heating and cooling rates can be used to baseline opera-
tion on the illustrated two diflerent portions of the build
plane.

FIG. 13A illustrates a set of machine settings 1300
suitable for testing the performance of an additive manu-
tacturing device. In particular, the power of the laser emitted
by the additive manufacturing device 1s varied from 55%
below nominal to 45% above nominal power levels. This
variation 1n power level can be used to evaluate the perfor-
mance of the additive manufacturing device across a large
range ol operating conditions. The leftmost column shows
which layers corresponding to each set of machine settings.
Machine settings 1300 indicate that the laser travels across
the build plane at a constant speed of 1200 mm/s, a length
ol each laser actuation 1s held constant at 0.09 mm and GED
or energy density varies as a function of the varying laser
power.

FIG. 13B shows a top view of a test pattern 1302 that can
be used with machine settings 1300 depicted in FIG. 13A.
Test pattern 1302 can include a number of circular cylinders
1304 distributed across build plane 1306. While a similar
configuration was used when carrying out test runs 1in
accordance with the machine settings of FIG. 13 A other test
patterns are also possible. For example, a width of circular
cylinders 1304 can be varied over the course of a build.
Furthermore, various features could protrude radially from
cylinders 1304 1n order to more fully test the performance of
the additive manufacturing device building parts with sub-
stantial geometric variations.

FIGS. 14A-14F show various graphs 1illustrating features
extracted from sensors monitoring an additive manufactur-
ing operation using the machine settings of FIG. 13 A and the
test pattern ol FIG. 13B. In particular, FIG. 14A shows
sensor readings averaged over the build plane from two
different sensors monitoring build plane 1306 using machine
settings 1300 depicted 1n FIG. 13A. In particular, line 1402
represents the intensity in volts measured by a photodiode
positioned similarly to sensor 609 of FIG. 6 while monitor-
ing buld plane 1306. In this way, the photodiode output
represented by line 1402 can be referred to as an on-axis
measurement. The term on-axis refers to the sensor sharing,
the same optical path as the heat source, allowing the sensor
to be focused narrowly on the location undergoing heating.
Line 1404 1s associated with a photodiode positioned simi-
larly to sensor 610 of FIG. 6. The measurements taken by
this photodiode can be referred to as ofl-axis measurements
since the readings are typically recorded from one side of
build plane 1306 and include the entire build plane 1306.
Because line 1404 represents readings collected by a sensor
having a field of view encompasses all of build plane 1306,
the raw sensor readings tend to be lower than the sensor
readings generating line 1402. The sensor readings repre-
sented by lines 1402 and 1404 show that both photodiodes
are capable of distinguishing between the different laser
power levels utilized over the course of the performance test.
In particular, the dashed lines indicate which portion of the
graph utilizes nominal laser settings. While there 1s some
variation between the intensities measured for layers 0-150
and 5235-673, the numbers are generally closer to each other
than to any of the other segments of the build that use
different settings. In some cases, the slight differences can be
accounted for by heating of the build plane over the duration
of the build.

FIGS. 14B-14C show heating rates calculated using on-
axis and off-axis raw sensor data associated with laser
actuations made during a test build and recorded concur-
rently by two different photodiodes. The heating rates are
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calculated from data associated with portion 1104 of curve
1101 as shown in FIG. 11. FIGS. 14B and 14C both
demonstrate how both the on-axis and off-axis photodiodes
are able to show clear heating rate differences corresponding
to the different laser power output.

FIGS. 14D-14EF show cooling rates calculated using on-
axis and ofl-axis sensor data associated with laser actuations
made during a test build using machine settings 1300 and
recorded concurrently by two different photodiodes. The
cooling rates are calculated from sensor data corresponding
to portion 1105 of curve 1101 as shown in FIG. 11. FIGS.
14D and 14E both demonstrate how both the on-axis and
oll-axis photodiodes are able to show differences 1n cooling
rates that correspond to the different laser power outputs.
Differences 1n cooling rates between FIGS. 14D and 14E can
be caused by the smaller signal intensity received by the
ofl-axis photodiode used to collect the data displayed by
FIG. 14E. Other factors that could be considered as part of
a calibration process 1include analysis of peak power and an
amount ol deviation experienced using each different set-
ting.

FIG. 14F shows a graph in which heating rate and cooling,
rate data 1s combined. The data 1s combined to more clearly
identily variations in laser power. In FIG. 14F, the heating
and cooling rate data depicted in FIGS. 14B-14E have been
standardized using sensor data collected while nominal laser
settings are used in building layers 525-675. In particular,
the data can be standardized using a multivaniate classifier
such as a Mahalanobis Distance calculation, which indicates
how many standard deviations each heating or cooling rate
1s from a nominal distribution of heating/cooling rates. In
this case, the Mahalanobis Distance indicates how many
standard deviations away the combined cooling rate and
heating rate 1s from the mean heating rate or cooling rate
collected while building layers 525-675. The combined and
standardized heating and cooling rate data shows variation
as a Tunction of laser power as depicted in FIG. 14F. In some
embodiments, the performance of the additive manufactur-
ing device can be further verified by comparing quantitative
metallographic features (e.g. the size and shape of pores or
intermetallic particles) and/or mechanical property features
(e.g. strength, toughness or fatigue) of the metal parts
created while performing the test runs. In general, the
presence of unfused metal powder particles in the test parts
indicates not enough energy was applied while test parts that
received too much energy tend to develop internal cavities
that can both compromise the integrity of the created part.

In some embodiments, a nominal value used to generate
FIG. 14F will be taken from a preceding test. In some
embodiments, the nominal value could also be taken from a
subsequent test since the calculations do not need to be done
during the additive manufacturing operation. For example,
when attempting to compare performance of two additive
manufacturing devices, a nominal value can be 1dentified by
running a test using a first one of the additive manufacturing
devices. The performance of the second additive manufac-
turing device could then be compared to the nominal values
defined by the first additive manufacturing device. In some
embodiments, where performance of the two additive manu-
facturing devices 1s within a predetermined threshold of five
standard deviations comparable performance can be
expected from the two machines. In some embodiments, the
predetermined threshold can be a 953% statistical confidence
level derived from an inverse chi squared distribution. This
type of test methodology can also be utilized 1n identifying
performance changes over time. For example, after calibrat-
ing a machine results of a test pattern can be recorded. After
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a certain number of manufacturing operations are performed
by the device, the additive manufacturing device can be
performed again. The 1mitial test pattern performed right
after calibration can be used as a baseline to i1dentify any
changes 1n the performance of the additive manufacturing
device over time. In some embodiments, settings of the
additive manufacturing device can be adjusted to bring the
additive manufacturing device back to its post-calibration
performance.

Using a test pattern, such as the test pattern depicted 1n
FIG. 13B, that 1s distributed across the build plane allows the
various regions of an additive manufacturing device to all be
tested. Furthermore, while the exemplary changes in settings
were limited to laser power, other settings such as laser
speed and hatch pattern pitch could also be modulated to
change the power density applied to each portion of the test
pattern. Consequently, numerous features process param-
cters of a given additive manufacturing device can be
characterized by comparing performance of various test
patterns. In some embodiments, the test pattern can take the
form of a commercial part and various changes 1n machine
settings can be correlated with different features of the
commercial part. For example, this type of testing method-
ology could be used to characterize how a part’s structural
integrity changed as a function of a particular laser power.
This type of testing that involves calibrating for a specific
part could be helpful where the additive manufacturing
device 1s used to create a limited number of different parts.

The various aspects, embodiments, implementations or
features of the described embodiments can be used sepa-
rately or in any combination. Various aspects of the
described embodiments can be implemented by software,
hardware or a combination of hardware and soitware. The
described embodiments can also be embodied as computer
readable code on a computer readable medium for control-
ling manufacturing operations or as computer readable code
on a computer readable medium for controlling a manufac-
turing line. The computer readable medium i1s any data
storage device that can store data which can thereafter be
read by a computer system. Examples of the computer
readable medium include read-only memory, random-access
memory, CD-ROMs, HDDs, DVDs, magnetic tape, and
optical data storage devices. The computer readable medium
can also be distributed over network-coupled computer
systems so that the computer readable code 1s stored and
executed 1n a distributed fashion.

The foregoing description, for purposes of explanation,
used specific nomenclature to provide a thorough under-
standing of the described embodiments. However, 1t will be
apparent to one skilled 1n the art that the specific details are
not required 1n order to practice the described embodiments.
Thus, the foregoing descriptions of specific embodiments
are presented for purposes of illustration and description.
They are not mtended to be exhaustive or to limit the
described embodiments to the precise forms disclosed. It
will be apparent to one of ordinary skill 1n the art that many
modifications and vanations are possible in view of the
above teachings.

What 1s claimed 1s:
1. A method for calibrating an additive manufacturing
device, the method comprising:

monitoring photons emitted as energy impacts metal
powder spread across a build plane during a first
additive manufacturing operation performed by a first
additive manufacturing device, the monitoring being
performed using one or more optical sensors;
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recording sensor data captured by the one or more optical
SeNSOors;

identilfying one or more actuations of a heat source of the
first additive manufacturing device using changes 1n
intensity from the recorded sensor data;
counting a number of actuations of the heat source;
calculating a first best fit curve over time based on the
changes 1n intensity and counted number of actuations;

comparing the first best {it curve to a second best {it curve
based on sensor data collected during a second additive
manufacturing operation performed by a second addi-
tive manufacturing device;

determiming differences between the first and second best

fit curves; and

calibrating the second additive manufacturing device

using the determined differences.

2. The method as recited 1n claim 1, wherein at least one
optical sensor of the one or more optical sensors 1s a photon
to electrical signal transducer.

3. The method as recited 1n claim 1, further comprising:

extracting a heating rate, cooling rate and average inten-

sity associated with energy impacting the metal powder
from the sensor data.

4. The method as recited 1n claim 3, wherein comparing,
the first and second best fit curves comprises determining
whether or not the second best fit curve falls within a
predetermined threshold range of the first best fit curve.

5. The method as recited 1n claim 4, wherein the prede-
termined threshold range 1s a 95% statistical confidence
level.

6. The method as recited 1n claim 1, wherein the first
additive manufacturing device 1s different than the second
additive manufacturing device.

7. The method as recited 1in claim 1, wherein the additive
manufacturing operations comprise a test pattern.

8. The method as recited 1n claim 7, wherein an intensity
of the emitted photons varies over the course of the test
pattern.

9. The method as recited 1n claim 1, further comprising:

comparing an internal grain structure of parts produced by

both the first and second additive manufacturing opera-
tions to verily the calibration of the second additive
manufacturing device.

10. The method as recited in claim 1, wherein the one or
more optical sensors comprises an off-axis photodiode and
an on-axis photodiode.

11. A method for an additive manufacturing device,
comprising;

conducting an additive manufacturing operation to build

a test part during which operating parameters of the
additive manufacturing device are varied;

absorbing photons emitted from a build plane of the

additive manufacturing device using a photodiode;

extracting features from variations 1n a number of photons

absorbed by the photodiode, extracting features com-

prising;:

identifying one or more actuations of a heat source of
the additive manufacturing device using changes 1n
intensity recorded by the photodiode;

counting a number of actuations of the heat source; and

calculating a best fit curve over time for the number of
actuations; and

comparing the extracted features to baseline features.

12. The method as recited in claim 11, wherein the
baseline features are extracted by carrying out the same
additive manufacturing operation on another additive manu-
facturing device.
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13. The method as recited 1in claam 11, wherein the
photodiode and the heat source of the additive manufactur-
ing device use the same optical path.

14. The method as recited 1n claam 11, wherein the
extracted features are selected from a group consisting of an
average heat source intensity, a peak temperature, a cooling
rate and a heating rate.

15. The method as recited 1n claim 11, wherein a pyrom-
cter with a field of view covering a portion of the build plane
1s also used to momtor heat emitted from the build plane.

16. The method as recited in claim 11, wherein the
baseline features were extracted by carrying out the same
additive manufacturing operation on the same additive
manufacturing device at an earlier time.

17. A calibration system configured to measure pertor-
mance of an additive manufacturing device having a heat
source and a build plane, the calibration system comprising:

an optical sensor suite configured to absorb photons

emitted from the build plane during an additive manu-
facturing operation;

a data storage device configured to store readings taken by

the optical sensor suite; and
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a processor configured to:
extract features from the stored readings by 1dentifying
one or more actuations of the heat source of the
additive manufacturing device using changes 1n
intensity recorded by the optical sensor suite, count-
ing a number of actuations of the heat source, and
calculating a best fit curve over time for the counted
number of actuations;
compare the extracted features to a set of baseline
features associated with another additive manufac-
turing device or with the same additive manufactur-
ing device.

18. The calibration system as recited in claim 17, wherein
the optical sensor suite comprises an oif-axis photodiode and
an on-axis photodiode.

19. The calibration system as recited in claim 17, wherein
data associated with the extracted features 1s combined and
standardized to characterize the performance of the additive
manufacturing device.

20. The calibration system as recited in claim 17, wherein
the processor 1s further configured to generate updated

operating parameters for the additive manufacturing device.

G o e = x



	Front Page
	Drawings
	Specification
	Claims

